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A Search target D Information space

Q Result sets (larger = more results, intersection = overlap, # = iteration)
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Cymmapusauma «BigARTM»

— omous

HANPABAEHI CTATMCTIMMECKOTD AHAAMA TEKCTOS, AKTUBHO
paseusanueecs nocneasme 10-15 ner. Tematnueckue moaenn
BLIABANIOT AATCHTHSIE TEMbI B KOANEKUIAAX TEKCTOBLIX AOKYMENTOD
V1 MCTONL3YIOTCA /Y15 CO3AaHMA CHCTEM CEMAHTHNECKOTO NOWCKa,

OcHOSHLIE TPEBOBAHUA K TEMATUUECKUM MOAENAM: OHU AOMKHLI

GbiTb XOPOLLO MHTEPMPRTApYEM B (aBTOMATHHECKH CTRONTS
TeMb, NOHATHBIC KOHEUHBIM NONBI0BATCATM),

I5TUMOQNbHEIMY (YUUTLIEATS PAIHOPOAHBIE METaAaHHbIE
[AOKYMCITOB), AUIAMUYCCKMNM (BHIABTS AVHAMUAKY TCM BO
Bpemeni), VepapxItiecknvIA (aBTOMATI IeCKy DaZARAATS TeMbl Ha
HOI MBI}, MY/ A1 DAMMHEIMI (MCHO/BIOUATS HE 10/IBKG
GraensHbie cnosa, HO U Knioueabie dpazn), .4, BrBaMaTexa ¢

OTHPHITHIM KOOM BIgARTM npe/asHatiena ana nocrpoesus
per

mopeneii
BOMbIMX TEACTOBbIX KOANEKIMT
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