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Accelerated by Coupling Randomized Coordinate Descent
(ACRCD)
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After K = 4ny /% time steps

Convergence rate
(expectation):




Markov inequality
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Then with the probability P> 1—o

at least one of trajectories will achieve f(Z) — f(2+) < B
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Accelerated by Coupling Randomized Coordinate Descent
(ACRCD)
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EXAMPLE:

Coordinate: O =Vs, () = ‘”5‘7*”2 ZL Ly

(Gradient:

1 2 2 2
Lz~ = 5 Llleal3 = 5 3 La’




EXAMPLE:

o(nfBh(2)n(=2)

Coordinate: O =V, (@) = ‘”5’7 I* = ZL g
. 1
(GGradient: 5 Lllzo — 5= §LII$*H2 =3 ZL%
T
f(z) =z Sz S=S, (1,2}

L=n
maxLi g 2\/5




Conclusion

The new philosophy shows primal-dual nature of Accelerated
Coordinate Method and allows to receive Accelerated Coordinate
Method from non-accelerated methods.

Also, it can be simply extended on the case of other non-
Euclidean norms.
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