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3Tanbl moaennMposaHua Bayesian TM ARTM

AHanus tpebosaHuin Ananus tpeboBaHunin
BeposATHOCTHasA nopoxaatowan CraHgapTHble Csou
Gdopmanuzayus: ¥ R RELP
MoAe/Nb faHHbIX KpuUTepumn KpUTepumn
Baitecosckuii BbIBOA, AN1A O6wwmi perynsapnsoBaHHbIN
Anzopummu3sayus: OaHHOW MoposKaatoLLen EM-anroputm g1 nobbix
mogenu (VI, GS, EP) mogaenen
NccnepoBaTtenbCkui KO4 MpoMbIWNEHHbIN KO,
Peanuszayus: X
(Matlab, Python, R) BigARTM (C++, Python API)
WccnepoBsatenbckne MeTpuKM, CraHgapTHble Csou
OyeHusaHue: .
vccne0BaTeIbCKUM Kog, MEeTPUKMU MEeTPUKMU
BHeapeHue BHeapeHue
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