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A dog is standing on a hardwood floor. A stop sign is on a road with a
- mountain in the background.

A little girl sitting on a bed with A group of Eeoele sitting on a boat A giraffe standing in a forest with
a teddy bear. in the water. trees in the background.
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Sparks of Artificial General Intelligence:
Early experiments with GPT-4

Sébastien Bubeck Varun Chandrasekaran Ronen Eldan Johannes Gehrke
Eric Horvitz Ece Kamar Peter Lee Yin Tat Lee Yuanzhi Li Scott Lundberg
Harsha Nori Hamid Palangi Marco Tulio Ribeiro Yi Zhang

Microsoft Research (27 March 2023)
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0 HeoBXOANMOCTM 3aLUMThI MPUPOAbI.
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ZeTekuua NPUEMOB MaHUMNYIMPOBaHNUA

AeTeKuna samanymeaHua

BbIfiIB/IeHWE KOHCTPYKTOB KapTUHbI MUpa: ugeonorem, mudosnorem
OLEHMBaHNE BO3MOMXHbIX MCUXO-3MOLMOHA/IbHbIX peaKLuii

BbIfiBNEHUWE LieNeBblX ayAUTOpUii Bo3aeincTeus

BaHuWe eAcKasaHue c T pacnpocTpaHerus (virality predictio

BaHue [

AEeTeKUMa Npamoit arpeccum (yrposbl, NpusbiBbl, MPOBOKaLLMK, BEPBOBKA, SKCTPEMU3M)




1. Knaccudmkaumsa Tekcra (coobueHuna/npeanoxeHuns) uenmkom

2. Knaccudumkauma napbl TEKCTOB

* BblABNEHUE HpOTMBOpeHMﬁ, paBHOF}'IaCVIl‘;I, 3amanymBaHuUA

3. Pa3smeTka TekcTa (BblaeneHue u knaccupukauma ¢parmeHToB)

* feTeKuma NPUEMOB MaHMMyIMPOBaHUA
* BbifiB/IeHWE KOHCTPYKTOB KapTUHbI MM1pa: Mudonorem, naeonorem
* BbifiB/IEHWE NCUXO-IMOLMOHA/bHBIX PeaKLUA U LLeNeBbIX ayauTopuid

4. Knacrepusauua uam Tematmyeckoe mogenmposaHue

* BblfiB/IeHWE MHEHUI KaK coYeTaHUM CNnoB, CeMaHTU4YeCKnx pOﬂel;'I M TOHasbHOCTeN
* BblAB/IEHNE KKAPTUH MUpa» — yCTOl7I‘-IVIBbIX coyeTaHuM Cy)K,D,eHMﬁ nungeonorem



Gallia est omnis divisa in partes tres, guarum unam incolunt Belgae,
aliam Aquitani, tertiam qui ipsorum lingua Celtae, nostra Galli
appellantur. Hi omnes lingua, institutis, legibus inter se differunt.
Gallos ab Aquitanis Garumna flumen, a Belgis Matrona et Sequana
dividit. Horum omnium fortissimi sunt Belgae, propterea quod a cultu
atque humanitate provinciae longissime absunt, minimeque ad eos
mercatores saepe commeant atque ea quae ad effeminandos
animos pertinent impartant, proximique sunt Germanis, qui trans
Rhenum incolunt, quibuscum continenter bellum gerunt. Qua de
causa Helvetii quogue religuos Gallos virtute praecedunt, quod fere
cotidianis proeliis cum Germanis contendunt, cum aut suis finibus
eos prohibent aut ipsi in eorum finibus bellum gerunt. Eorum una
pars, quam Gallos obtinere dictum est, initium capit a flumine
Rhodano, continetur Garumna flumine, Oceano, finibus Belgarum,
attingit etiam ab Sequanis et Helvetiis flumen Rhenum, vergit ad
septentriones. Belgae ab extremis Galliae finibus oriuntur, pertinent

Manipulative Wording: Loaded Language
Attack on Reputation: Smears
Manipulative Wording: Exaggeration
Justification: Appeal to Values

Commissio
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Pa3meTKa COCTOUT U3 3/1IeMEHTOB

dnemeHT pPa3smMeTKn MOXKeT cogepKaTb
noboe yncno d)parmeHToa, 3aTEKCTOB U Teros

Terun (knaccel) BbIBMpatoTCA U3 cNOBapA TEros

®parmeHT 3a43ETCA HAaYa/lOM U KOHLLOM,
MOXKET MUMETb OAMH UM HECKO/IbKO TEFOB:

Beina nocTasnena sanasa

NPUTOPMOSUTE HAYUHO-TEXHUIECKMI NPOTPECC NYTEM BHEADEHNA OnpeaeneH

3aTeKCcT MOXKeT Bbl6UpaTbCa U3 cnosaps ¢pas
nnm ceob604HO reHepMPOBaTLCA MO KOHTEKCTY,
MOKET MMETb OAMUH UM HECKO/IbKO TEros
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Sentence 1 Sentence 2 Single Sentence Question Paragraph Single Sentence.

(a) Sentence Pair Classification Tasks: (b) Single Sentence Classification Tasks: (c) Question Answering Tasks: (d) Single Sentence Tagging Tasks:
MNLI, QQP, QNLI, STS-B, MRPC, SST-2, ColA SQUAD V1.1 CoNLL-2003 NER
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