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BBenenmne

TemaTuueckoe MmogenupoBaHue — 0071aCTh MaIlIMHHOT'O 00yUeHMsI, CBSI-
3aHHas C aHAJIM30M KOJIJIEKLMU TeKCTOBbIX IOKYMEHTOB, 11€JIb}0 KOTOPOTO $IB-
JISIeTCSI BbISIBJIEHME meM, KOTOpble 3aTparuMBalOTCs B KOJJIEKLVM B LI€JIOM U B
Ka>K,0M KOHKPETHOM JOKYMEHTE KOJIJIEKIMM B YaCTHOCTU. TeMbI CKPbIThI M 3a-
paHee He u3BecTHHI. (bojee TOro, He M3BECTHO, YTO TaKOe BOOOIIE ecTh TeMa.
TouHee, MOHSATHME TeMbl B 3aBUCUMOCTM OT 3a7lauM MOXKET OIpeessiThCs I10-
pasHomy.) Takum ob6pa3oM, TeMaTHuecKasi MOJe/ib IIPMHMMAET Ha BXOZ, KOJI-
JIeKIIMIO TeKCTOBBIX TOKYMEHTOB, ¥ Ha BbIXOJIe BbITAET HAOOP TeM, IIe Kaskaas
TeMa XapaKTepu3yeTcs CJIOBaMM, [0 KOTOPbIM MOXXKHO ITOHSITh CMBICJ/I TEMbI; U
MHPOpMALMIO O TOM, B KAKMX JOKYMEHTax Kakue TeMbl BCTpeualoTcs. B Ha-
CTOSIIIIEe BpeMsl TeEMATUUYECKOe MOAEIMPOBaHMe MPUMEHSIETCSI B Pa3/IMUHbIX
061acTsIX, HATIpUMep B KaTeropmsaluy J0KyMeHTOB [1], pa3aBeqouHOM ITOMCKe
[2], 6uonorum [3].

Vneu m rumoresbl, IpMHUMMAaeMble B TeMaTUUYECKOM MOAEJIMPOBAHMUMN,
MO3BOJISIIOT B KOHEYHOM MUTOTe CBeCTYU 3a/1auy HaXOKIeHMs TeM B IOKYMEHTax
K 3a7laye MaTPMUYHOI'O Pa3jIOoKeHMs, KOTOpas pellaeTcs UTepalOHHbIM Me-
TogoM. ITpob6iemMa B TOM, UTO 3aJaua MaTPUUHOI'O pa3jIOKeHUS HEKOPPEKIMHO
nocmaseJieHd: MHOXECTBO e€ pellleHnii 6ecCKOHeUHO. Pe3ynbTaT paboThl UTepa-
IIMOHHOTO aJITOPUTMAa 3aBUCUT OT HauaJIbHOI'O IIPUOIVKEeHMSI MaTPULL — pellie-
HIe ellé U HeyCToumBO [4]. Eciu HeCcKonmbko pa3 o6yuaTh TeMmaTuyeckue Mo-
e Ha OOHOM U TOM Ke KOJUIeKUMU JOKYMEHTOB, HO IIPpU pa3sHOM HavyaJIbHOM
MHUIIMAIN3AlUA, TO UTOTOBbIE TEMbI MOTYT ObITb Pa3HBIMMU B 3aBMCUMOCTH OT
MO/IeJIN.

B pabore [5] npenjoxkeH Moaxona K oOydeHMI0 TeMaTUdeCKuxX Mojiesei,
Ha3BaHHbIN aIAUTUBHON peryaspusaiyueii TeMatTuueckmux mogeneii (Additive
Regularization of Topic Models, ARTM). Perynsipu3aTopbl II03BOJISIIOT COKpa-
11aTh AOMYCTMMOE MHOKECTBO pelleHNN 3a1auy MAaTPUUYHOTO pa3JIOKeHUS 1,0
TeX pelleHNli, KOTOpble yI0BIEeTBOPSIIOT OIpeaeéHHbIM CBOVicTBaM. Harpu-
Mep, C TOMOIIbIO PEryasipu3aTOPOB MOXXHO HaK/IaIbIBaTh OrpaHMYEHME HAa MO-
IeJib, TAKOe YTOOBI TeMbI MOMEeIM ObUIM pasJanMuHbIMK. HoO mOMMMO TOro, UTO
peryasipusanus UCIONb3yeTCs OIS TOIyYeHMsl pelleHns ¢ 3aJaHHbIMU CBO-



CTBaMM, OHA CJIY>KUT TaKsKe U [115 TIOBBILIEHUS YCTOMUYNBOCTU TeM Mozenn. Tem
He MeHee, Jake He CMOTpS Ha IIPUMeHeHNe peryasipu3alym, HeyCTOMYMBOCTh
M HEIIOJIHOTA BCE PABHO IMPUCYIIY TeEMATUUYECKUM MOJIEJISIM.

OTuacTy BbITEKAET U3 MOJHOTHI M HEYCTOMUMBOCTH, HO M caM II0 cebe
BaykeH BOIIPOC 00 aBTOMAaTUUYECKO MM ITOJIyaBTOMAaTHUUYECKOi OIleHKe Kaue-
CTBa TeMaTuuyeckux mogesei. CyiecTByolye MogX0Abl: epIviekCus, paspe-
’KEHHOCTb, YMCTOTAa, KOTePEHTHOCTh — He MM03BOJISIOT JO/KHBIM 00pa3oMm olle-
HUTbh MUHTEPITEPUPYEMOCTDb T€M TeMaTuuecKoit mogenu. Takum o6pa3oM, Ipu
paboTe ¢ TeMaTUUYECKMMM MOIEISIMU MCCIeIOBaTe/I0 YaCTO IIPUXOAUTCS IJ1a-
3aMM IPOCMaTpUBaTh TEMBI, UTO JOJITO U He ymobHo. HeroaHoTa 1 HeyCTOo-
YMBOCTDb IPUBOIAT K TOMY, UTO IIPM MHOTOKPATHOM OOyYeHUM Mojeneii (Ha-
rpuMep, Ipu IMOUCKe JIYUIIMX TUIlepIliapaMeTpPoOB) HEKOTOPbIE€ TEMbI MOI'YT C
HeOOJIbIIMMM U3MEeHEeHUSIMM BO3HMUKATh B pa3HbIX MOJIEISIX, HEKOTOPbIE MOI'YT
IIPUCYTCTBOBATh B OJHOI MOJENN, HO OTCYTCTBOBATh B APyrux. Takum obpa-
30M, KpoMe (T10J1y-)aBTOMAaTUYECKOI OLIEHKM KayecTBa TeM, ITpU [IpOBeIeHUN
9KCIIEPMMEHTOB €CTh HEOOXOAMMOCTh B TOM, UTOOBI (I10JTy-)aBTOMATUUECKU
BbISIBJISITh, COXPAHSITh U B JaJ/IbHENIIEM UCIIOJIb30BAaTh MHTEPIIPETUPYEMbIE Te-
Mbl. McI10/1b30BaTh MO0 MpM aHaaMu3e TeEM BHOBb 0O0yUeHHO MOoAeu (UTOObI
TIOBTOPHO He IPOCMaTPUBATh ITOXOXKME TeMBbI), MO0 TPy 00yUeHMM HOBO MO-
ey (UTOOBI ysKe HaleHHbIe MHTEePIIPETUPYeMbIe TeMbI TOUHO B HEW ITPUCYT-
CTBOBAJIN).

Ilenbio maHHOV paboOThI SBsIETCS pa3paboTKa KOMILJIeKCa MpPOorpamMM,
M03BOJIsIIONIEero B pamkax APTM moaxoia ¢ moMOIIbI0 MHOXEeCTBEHHOI'0 00Y-
YeHMS TeMaTUYeCKMUX MOesiei IoayJyaThb MOJIHbIe M YCTOYMBbLIE TeMaTuue-
CKMe MOZesn.

1T JOCTVKeHMSI TIOCTaBJIeHHO 1LIeI HeoOX0IMO ObIIO PeIIuThb Cie-
Oyolye 3agaun:

1. ITpenyiosKUTh HOBBINM BUJI KOT€PEHTHOCTM KaK CIIOcoOa aBTOMaTuue-

CKOJ OLIeHKM KaueCTBa TeEMaTUUYEeCKUX MOJesei, yYUThIBAIOIUIA pac-
rpenejieHe TeMbl 110 BCeEMY TEKCTY; ITPOBECTU 3KCIIePUMEHTHI I10
CpaBHEHMUIO C KOT€PEHTHOCTbBIO 110 COBCTPEUAEMOCTSIM CaMbIX YaCThIX
CJIOB T€MBI.



. PaszpaboTaTh KOMIIJIEKC IIPOTPaMM JJIsI aBTOMaTUUeCKOJi OIleHK! Ka-

yecTBa TeMaTUUYeCKUX MOJeeii Mo psiiy BHYTPEeHHUX KPUTEpPUEB,
BKJIIOYasl HOBYIO KOT€PEeHTHOCTb.

. MccnemoBaTh BOSMOXKHOCTh ITOJIYy4eHHI ITOJTHOT'O Ha6opa TeM C IIOMO-

IIbI0 MHOKECTBEHHOTI'O OOyUeHMST TEMaTUUECKIUX MOJIeIein.

. PaspaboTaTth perynsipu3aTopsl B paMKax MOAX0Aa K TEMAaTUUECKOMY

MmopenvpoBanuio APTM, npenHasHaueHHbIe [JIS YIy4YllleHUsI TeMaTu-
YyeCKoil MOZey B MpOoLiecce MHOXECTBEHHOTO 00yueHus.

. CpaBHUTb IIO POy BHYTPEHHUX KpUTEpUEB KaueCcTBa MOJeb, IOJTy-

YeHHYIO C TOMOIIIbI0 MHOXXECTBEHHOI'0O 00yUeHMsI, C IPYTUMM TeMaTH -
YeCKMMU MOJIEeISIMUA.

OcHOBHBbIE ITOJIOK€HMSI, BBIHOCMMBbI€ Ha 3allINUTYVY:

1.

[IpenjioskeHa BHYTPUTEKCTOBASI KOI€PEHTHOCTbh KaK METOH OLIeHKU
MHTEPIIPETUPYEMOCTY TEMBI [0 pacpeneIeHNIo e€ CJIOB B TEKCTE.

. Peann3soBaHbI AJITOPUTMbI BbIUNCIIEHVSA KOI'€PpEHTHOCTU U O6YIIEHI/I${

MHTEPIIPETUPYEMBIX TEMATUUECKMUX MOJIe/Ieil B paMKaxX OMOIMOTEeKN
TopicNet.

. Paspaborana Oubmmoreka OptimalNumberOfTopics [IJIsI OIEH-

KM KauyecTBa TeMaTUYeCKUX Mopejieil 10 BHYTPEHHMM KPUTepPUSIM,
MIPeoCTaBIISIONIAs IS MCIIOIb30BaHMs HauOOoJIbIllee UMCIo KpuTe-
pMEB IO CPAaBHEHUIO C aHAJIOTMUYHBIMM OMOIMOTEKaMIA.
IIpencraBieH meTop, TopicBank OIEHKM KadyecTBa TeMaTUUECKUX
MoOJieJieil C Y4ETOM X HEYCTOMUYMBOCTU U HETIOTHOTHI.

. IIpeniokeH MHOTOIIPOXOAHOM aJITOPUTM YIy4dllIeHUSI TeMaTUuecKoi

Mogenu ITAR, MOBBIMAKIIUA YCTOMYUBOCTD U IIOJHOTY UTOTOBOM
MOZ,eJIN 110 CPaBHEHUIO C OLMHOYHBIMU MOJEISIMN.

HayuHas HOBU3HA:

1.
2.

BriepBbie 1CIOIb30BaHA BHYTPUTEKCTOBASI KOT€PEHTHOCTb.
[TpenioskeH OpUTMHAIbHbIN CITOCO0 CpaBHEHMS pa3HbIX QYHKIMI KO-
TePEeHTHOCTU C MOMOIIbIO IMOJYCUHTETUUECKUX CEerMEeHTUPOBAHHbBIX
IaHHBIX.

[ToaroTOB/IEHbI M OITYOJMKOBAaHbI OPUTMHAJIbHbIE JaTaceThl JOKYMEH-
TOB HA €CTeCTBEHHOM SI3bIKe IJisl 00yUeHMS U OILleHKM KayecTBa TeMa-
TUYECKUX MOJE/IEeI.



4. BriepBble B paMKax OJIHOV OMOIMOTEKM IPUBEIEHbI peannsaluin
OOJIBIIOr0 UMC/IAa BHYTPEHHUX KPUTEPMEB KauecTBa TeMaTUUeCKUX
Mofeiei, BKJIIoUass BHYTPUTEKCTOBYIO KOT€PEHTHOCTD.

5. Brepsbie B pamkax APTM ucrionb30BaH peryaspusaTop, pegHasHa-
YeHHBIN OJ1 UCIIOIb30BaHMsI TPM MHOKECTBEHHOM O0y4eHUM MOJe-
JIe.

TeopeTuueckasi 3HaUMMOCTbD 3aKJIIOUAETCS B Pa3BUTUM METO0I0TUMN
OLIEHKM KaueCTBa TeMaTuueckux Mmozeseit u APTM nmoaxona K TeMaTu4eCKOMyY
MO eIUPOBAHMIO.

HayuHasi M npakTuuyecKasi 3HaYMMOCTbD 3aK/II0UaeTCsl B peaan3alum
M IyOJIMKALIMM B OTKPBITOM JIOCTYIIE BCEX ITPEIJIOKEHHBIX aITOPUTMOB, KOTO-
pble MOT'YT ObITh MCIIOJIb30BAHBI B PA3IMUYHbIX 00/1aCTSIX, BKIIOUAIOIIMX aHAJINU3
TEKCTOBOI MHpOopMalu (Takue KaK KaTeropusaiius JOKyMeHTOB, MHdopMa-
IIMOHHBIN TTOMCK, aHa/IN3 OAHKOBCKMUX TPAaH3aKLU U IPyTrue).

CrerneHb JOCTOBEPHOCTU ITOJIYUYEHHBIX Pe3y/JabTaTOB 0OecreunBaeTcs
IIPOBEIEHHBIMM SKCIIEPUMEHTAMM U ITyOIMKALIVSIMMA.

MeToposiorust 1 MeToabl UccjaemoBaHus. Pa3paboTka mporpaMmMHO-
ro Koga npousBoautcs Ha Python c ucnonbsoBanmem 6mbamoreku BigARTM.
ODKCIIepMMEHTHI YI0BIETBOPSIIOT IIPUHIIMIIAM BOCIIPOM3BOAMMOCTU pe3yibTa-
TOB.

Amnpo6anus pa6oTel. OCHOBHBIE Pe3y/IbTaThl paOOTHI TOK/IAIbIBAINCH
Ha CJIeYIOIIMX ITyOJIMUHBIX BICTYIVIEHUSIX

1. BHyTpuUTEeKCTOBas KOrepeHTHOCTb KaK Mepa MHTepIIpeTUpyeMOCTU
TeMaTUUYeCKUX MOJIeJieil TeKCTOBBIX KoJuleKLuii — 60-1 HayyHast KOH-
dbepenuysgs MOTHU. 2017.

2. Intra-Text Coherence as a Measure of Topic Models’ Interpretability —
24-g MexxapyHapoaHast KoH(pepeHIINs 110 KOMIIbIOTEPHOM JTMHTBUCTU-
Ke U MHTeJIJIEKTYaJIbHbIM TeXHOJIOTUAM «Jluanor». 2018.

3. Topic Modelling for Extracting Behavioral Patterns from Transactions
Data — IC-AIAI 2019: International Conference on Artificial
Intelligence: Applications and Innovations. 2019.

4. baHk Tem: cOOp MHTEpPIpPETUPYEMbBIX TEM C ITOMOIIbI0 MHOXECTBEH-
HOTO 00y4YeHMsI TeMaTUUeCcKMX Mojesieil U UX JajibHelillee UCII0Ib30-



BaHMe [J1S OLleHKM KaueCTBa TeMaTU4YeCKUX Mopesen — 64-s HayuyHast
KoHpepeH1uss MOTU. 2021.

5. BaHK TeM: cO0p MHTePIIPETUPYEMBIX TEM C IIOMOIIbI0 MHOKECTBEH-
HOTO 00y4YeHMsI TeMaTUUeCcKMX Mojesieil 1 UX JajibHelillee UCII0Ib30-
BaHMe /ISl OLIeHKYM KauecTBa TeMaTUyeCKux mopeseii — MaTtemaTu-
yecKue MeTOAbl pacrio3HaBaHust oopaszos (MMPO-2021).

6. Determination of the Number of Topics Intrinsically: Is It Possible?
— The 11th International Conference on Analysis of Images, Social
Networks and Texts (AIST 2023).

7. TopicBank: Collection of Coherent Topics Using Multiple Model
Training with Their Further Use for Topic Model Validation — The
5th International Conference on Machine Learning and Intelligent
Systems (MLIS 2023).

8. Determination of the Number of Topics Intrinsically: Is It Possible? —
The 66th MIPT All-Russian Scientific Conference. 2024.

9. WTtepaTuBHOe yiyullleHMe aAadUTUBHO Peryasipu30BaHHO TeMaTuye-
CKOit Mmopgenu — 66-s1 Bcepoccuiickast HayuHast KoH@epeHiius MOTU.
2024.

10. Iterative Improvement of an Additively Regularized Topic Model —
The 12th International Conference on Analysis of Images, Social
Networks and Texts (AIST 2024).

ITyonukanyy. OCHOBHbIE pe3y/IbTaThl 10 TeMe AUCCePTaLM U3T0XKEHbI
B 11 mevaTHbIX paboTax, 6 U3 KOTOPHIX M3[IaHbI B KypHa/lIax, peKOMeHJ0BaH-
HbiX BAK [6—11], 5 paboT — B Te3ucax nokiaanoB KoHpepeHuii [12—16]. TTo-
JTy4eHbI BA CBUIETEIbCTBA O TOCYIapPCTBEHHO perncTpaly IIporpaMMbl A1
9BM [17; 18].

JInuHblli BKIan. B pabore [6] aBTOpOM IpeaioskeHbl ¥ peas30BaHbI
(GYHKIUMMY BHYTPUTEKCTOBOJ KOT€PEeHTHOCTH, CO3JIaHMe ke IMOJyCUMHTeTnYe-
CKMX JIaTaceToB, BOOOIIEe IMPOEKTUPOBaHME METOAUKM CPaBHEHMS KOTepeHT-
HOCTe} MPOBOAMINCh cCOBMecTHO ¢ BynatoBeiM B.I. B pabote [7] aBTOp Ha-
paBHe C KoJyIeraMy y4aCTBOBAJI B IMOJATOTOBKE JAaHHbBIX, PeIJIOKeHUN U TPO-
BepKe T'MIIOTe3, MPOBeAeHNM SKCIIEPUMEHTOB U aHa/M3e UX pe3y/lbTaToB. B
pabote [8] aBTOp OTBeuas 3a BCE, CBSI3aHHOE C KOTePeHTHOCTbIO (CKOPbI, pe-
I[eIIThI), TaKKe IMIPUHUMAJ TO WIM MHOE y4acTyue B pa3paboTKe U MOAaepsKKe



BCeX IPYTUX yacTeii OMOIMOTEeKM Ha 3pesIbIX U IMO3AHUX 3Tarax e€ CylecTBo-
BaHMS, yUaCTBOBAJI B ITIOATOTOBKE U ITyOIMKalMM faTaceToB. B pabore [9] aBTOp
MpUHMMaJ KiaoueBoe ydyactue. B pabore [10] aBTOpOM peann3oBaH MeTOJ, I10-
MCKa omnpeneseHus OITUMAIbHOIO YMC/ia TEM I10 YCTOMYMBOCTU, IPOBEdEHbBI
3KCIEePUMEHTBHI 0 YCTOMYMBOCTH, peain3alys Ke U UCCaeg0BaHye BHYTPEeH-
HUX KpUTepMeB KaueCTBa TeMaTUYECKUX MOeJIei ITPOBOAMIMCH COBMECTHO C
BynaTtoBbiM B. T. B paboTe [16] aBTOpOoM mpoBefeHbI BCe TpeicTaBlIeHHbIe 3KC-
TIepUMEHTbI, MaTeMaTUUYEeCKNIA 3Ke BbIBO/, U peain3alus peryiasspu3aTopoB, UxX
TeCTUpOBaHKe, “06KaTKa” coelaHbl COBMeCTHO ¢ [opoyneBbiM A. . Bkiap aB-
TOpa BO BCE OCHOBHbIE TT0JIO’KEHMSI, BBIHOCMMbIE Ha 3allUTY, SIBJISIETCS pela-
IOLIVIM.

006B€EM U CTPYKTYpa padoThl. JIyccepTaisi COCTOUT U3 BBEIEHMS, TPEX
I71aB U 3akiaoueHus. [TolHbIi 00BEM IyccepTaliy COCTaBisieT 174 cTpaHUIIbI
c 32 pucyukamu u 14 tabauiiamu. COMUCOK IUTEPATYpPhI COmepKUT 176 Haume-
HOBaHMIA.

KpaTkoe comepykaHue 1o riaBam. Bo 8sedeHuu 000CHOBBIBAETCS aKTy-
aJIbHOCTb UCCIIeTOBAHMI 110 TEMaTUUYECKOMY MO E/JIMPOBAHUIO, IPOBOAVMBIX B
paMKax JaHHOJ IyccepTalMOHHOM paboThl, IIPMUBOAUTCS 0630p HAYUHOI JIM-
TepaTyphbl 10 U3yyaeMoit mpobieme, GOpMYyIUPYyeTCs 11e/ib, CTABSITCS 3a7aun
paboThl, chOpMYyAMPOBAHbI HAyYHAs] HOBM3HA U IIpaKTHUUecKas 3HAUMMOCTb
IIpeACcTaBIIeMOii paboThI.

Ilepsas enasa mocBsilieHa 0630py MO TeMaTUUYeCKOMY MOIeIMPOBaHNIO,
BBEJIEHMIO OCHOBHBIX MOHSITUI. B pa3dene 1.2 mpuBOAUTCS IIpUMep IIpUMe-
HEHMSI TEMAaTUYEeCKOr0 MOeIMPOBAHMS OIS aHa/IM3a TPaH3aKIUMIT KIMEHTOB
0aHKa Kak IIpMMep MUCIO0/JIb30BaHMS TEMATUIECKOTO MOIENIMPOBAHMS OJIs1 pe-
meHus NMpUKIagHbIX 3amadu. CoobiaeTcss 00 yCIIenHOM MpUMeHEeHUM TeMa-
TUUYECKOTO MOJIeIMPOBAHMUS IJISI BbISIBJIEHUSI MOZeJell ToBeleHNsl KJIMEeHTOB
110 5TUM JaHHBIX 00 oryaTax. Momeny IMOCTPOeHbI ¢ TIOMOIIbI0 OMOIMOTEKM
BigARTM. Pe3ynbTaThl JeMOHCTPUPYIOT CIIOCOOHOCTD ITOIX0/IA arperupoBaTh
MHGOPMAIINIO O MOJESIX ITOBeeHNsT pa3IMUHbIX TPYIII IOTpebuTenei. AHa-
JIN3 Pe3yJIbTaTOB IO3BOJISIET YBUAETh TEMAaTUUECKME K/IaCTepPhl el — Ha-
rpuMep, IyTelleCTBEeHHUKOB WM Bjafe/blieB UITOTEUHbIX KpeauToB. Kpome
TOT0, ObLJIV M3yUYeHbl HU3KOpa3MepHbIe IMOeIIMHTY (BEKTOPHbBIe ITpecTaBIe-
HMS) KJIIMEHTOB, TIOJIyYeHHbIe C ITOMOIIbI0O TeMaTu4eckom mogenu. [TokasaHo,
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YTO 5T BEKTOPHbBIE IPeICTaBIeHMS CoAepskaT, Kpome MHPOpMaLuy O ITOKYII-
Kax, Takke u gemorpaduueckyio nHpopmMmanmuio. B pa3mgene Takke MPUBOIUT-
CsI OMMCaHMe Jy4IlIero crnocoba mpemodpaboTKy KIMEHTCKUX JaHHBIX Iepef,
MozenupoBaHyueM. [1aBa 3aBepiiaercs pasdesom 1.3, Toe mpUBOOUTCS OMMCA-
Hye OMOIMOTEeKM TeMATUUEeCKOT0 MOIeNMPOBaHus TopicNet, B YaCTHOCTH, €€
IIPEMMYIIECTB 110 CPaBHEHMIO C OMOMMOTEKOM BigARTM. JTOT makeT Ha IIn-
TOHe, pacIIpoCTpaHsieMblii 1o, auneH3ueit MIT, HalesleH Ha TO, YTOOBI C I10-
MOIIIbIO SI3bIKA BEICOKOT'O YPOBHSI ClIeJIaTh TeMaTUUECKOe MOIe/IMPOBaHMe C a/Ji-
OUTUBHOMN perynspusanueii 60ee SOCTYIIHBIM s - HeClenyuanucTos”. Bos-
MOXKHOCTM OMOIMOTEKM BK/IIOUAIOT B ceOS MOIIHbIE METOIbl BMU3YyaJIM3alyu
MoJiesieil, pa3auuHblie CTpaTeruu ooydeHusi, moiyaBToMaTUueCKuit BbI6Op MO-
oenu, TIOAIEePKKY 3aJaHusl I0Ib30BaTeIeM COOCTBEHHBIX METPUK KadyecTBa,
MOJIY/IbHBIN ITOAX0M K O0YUEeHUIO TeMaTUUEeCKUX MO eIei.

Bmopas 2nasa mocBsillieHa MCCIeIOBaHNUI0 BHYTPEHHUX KpUTepUeB Ka-
YyecTBa TeMaTUUYeCKUX Mojejiei BooOIe M KOTepeHTHOCTM B YaCTHOCTU. Pas-
dea1 2.2 TIOCBSILIIEH 3a7jadye M3MepeHMSI MHTepPIpPeTUPyeMOCT! U KOTe€pPeHTHO-
cTu (MephI COIVIACOBAHHOCTM) TeMaTUUeCKuX Mmopeeit. IIpenjiaraeTcst HOBBIIA,
BHYTPUTEKCTOBBIN, IOAXOM, K OLIEHKE Mepbl COITIaCOBAHHOCTM TeMbI. Bbrumc-
JIUTEIbHbIE SKCIIEPUMEHTbI IIPOBOASITCS Ha KOJIEKIMUM HAayIHO-ITOITY/ISIPHOTO
kKoHTeHTa “IloctHayka”. B pazdene 2.3 oTmeuaeTcs, YTO UMC/IO TEM — ONMH U3
CaMbIX Ba)KHBIX ITapaMeTpOB TeMaTuuyecKoi momenu. IIpeacraBaeHHO Mcciie-
IOBaHMe MO0 M3YUEHUIO OOJIBIIOro YMc/Iia CII0COO0B OIpeneeHus uncia TeM,
B IIpMMEHEeHUM K PasHbIM TeMaTUUYEeCKMM MOJEISIM, Ha HeCKOJIbKUX O0IIem0-
CTYIIHBIX HabOpax MAaHHbBIX. B pesyinbTaTe MpoaeMOHCTPUPOBAHO, UTO BHYT-
pEeHHMEe KpUTEepUM KauecTBa TeMaTHMUYEeCKMX MOJeJel JajeKko He Bcerma SiB-
JIIIOTCS HaZEKHbIMM M TOYHBIMM CIIOCOOAMM OLI@HKM OITHMAJIBHOTO” UMC-
na Tem. [TokasaHo, YTO KOJIMUECTBO TEM B JlaTaceTe 3aBUCUT ¥ OT MeTOoAa I10-
MCKa YMcjIa TeM, M OT MUCIIOJb3yeMOJ TeMaTUuyecKoil Momeln — a He SIBJIS-
eTcsl aOCOMIOTHBIM CBOJCTBOM KOHKPETHOI'O KOpIyca TEeKCTOB. [le/aeTcsl BbI-
BOJ, O HEOOXOIMMOCTH pa3paboTKM IPYTUX METOIOB IJIsT peIieHMs ITPO6IeMbI
O HeM3BEeCTHOM MCXOZHOM umcie TeM. IIpeajiaraeTcst HeCKOJIbKO ITe€PCIIeKTUB-
HBIX HaIlpaBJIE€HUI IJIS JaJIbHeMIINX UCC/IeJOBAaHUNA.

Tpemuws 2nasa TOCBSIIeHA UCC/IEA0BAHMIO BO3MOKHOCTHM pellleHMs IIpo-
6/1eM HEeYCTOMUYMBOCTM M HEIIOJHOThI TeMaTUYeCKUX MOjeseil C IOMOIIbIO

11



MHOXXEeCTBEHHOT'0 00yueHMsI TeMaTuueckux Mojesneit. Cpeay HeloCTaTKOB Te-
MaTUUYECKUX Mojesieit B pa3desne 3.2 OTMeUaeTCs X HeCTaOMJIbHOCTh B TOM
CMBICJIe, UTO UTOTOBbIE€ TeMbI MOTYT 3aBUCETh OT CJIY4aMHOM HAYA/IbHOM VHU-
LMann3aluum Moaein, M HeIloJIHOTa B TOM CMbIC/Ie, UTO HOBbIE 3aITyCKM TeMa-
TUYECKUX MO eJiell Ha OTHOM U TOM JKe KOJIJIEKIUM MOT'YT NaBaTh HOBbIE TEMBI.
DTO IIPUBOAUT K TOMY, UTO aHAJIM3 JAHHBIX C [IOMOII[bI0 TEMATUYECKOTO MO/Ie-
JMPOBAHUS OOBIYHO TpebyeT OueHb OOJIBIIOTO YMC/Ia SKCIePUMEHTOB, BKIIIO-
YaIoIIMX OLIEHKY KauyeCcTBa MHOXeCTBA TeMaTUUYeCKUX Mo eiei, IpoCMOTpP UX
TeM, HaCTPOIKy I'ureprapaMeTpoB — B MOMCKaX MOAeIu, KOTopasi 6bl Omnu-
ChIBa/Ia JaHHbIEe HaMUIy4IIMM obpa3oM. Kak criocob IpeomoieTb HeCcTabuIb-
HOCTb U HEIIOJIHOTY TeMaTU4YeCKUX MOJesei, IpejaraeTcs MoCTerneHHo (B
IIpOLIeCcce MHOXKECTBEHHOI'O O0yUeHMsT TEMaTUYeCKMX MOJIeieli) HaKaIIMBaTh
MHTEepIIpeTHpyeMble TeMbl B - 0aHKe Tem”. [Ipy mo6aBIeHuy HOBBIX TEM B 6aHK
MICIIOJIb3YETCSl IBYXYPOBHEBAs TeMaTu4iecKasi MOJie/lb, 3aTeM aHaJIU3UPYeTCs
CBSI3b IOUEpHUX TeM (KaHAMIATOB Ha Jo0aBjeHMe B OaHK) C POAUTETbCKUMMU
(Temamy 6aHKa), C TEM UTOOBI MCK/IIOUMTh HEpeIeBaHTHBIE WM TyOIMpyoIye
TeMbl, a He N00aB/sITh X B 6aHK. BBOAMTCSI HOBBIN CIIOCOO OIIEHKM KauecTBa
TeMaTU4eCKOM MoAe/in, IyTEM CPpaBHEHUSI TeM, HaliJeHHbIX MOJEJIbI0, C Te-
MaM#, KOTOpble ObLIM TpeaBapuUTeIbHO COOpaHbl B 6aHKe TeM [JIsl JaHHOTO
mataceTra. JKCIIePUMEHTBI C HECKOJIbKUMM KOJUIEKIIMSIMU JOKYMEHTOB U TeMa-
TUYECKUMM MOJIeISIMU TTIOKA3bIBAIOT, UTO IIPejI0KeHHbI MeTOo, TIOMOraeT B
IOMCKe MO C HauOOJbIIMM UYMCIOM MHTePIIPeTUpPyeMbIX TeM. B pa3dene
3.3 nipencTraBieH MeTO[, TEMaTUUYEeCKOTr0 MOeIMPOBaHMUS C UCIIOIb30BaHMEM
OTJIO)KEHHBIX TeM. B (1Mo/y-)aBTOMaTMUYeCKOM pekMe OIpeenseTcs MpuHa/l-
JIEXKHOCTb T€MbI, HaliJEHHOM TeMaTU4YeCKO MO Ee/IbI0, K OOHOM U3 TPEX KaTe-
rOpuil: Xopoiiasi (MHTepIrpeTupyemast), rjaoxas (HeMHTeprupeTupyemMas), Uin
“HuKakas” (MHTepIpeTupyemMasi, HO HepejeBaHTHas Ha JaHHOM 3Talle 1cciie-
noBaHus). OCHOBHas 3a7jaya COCTOUT B y/ayullleHuM 6a30BOJi MOmeNN B Ipo-
11ecce HECKOJIbKMX ITepeobyueHnit — yaydllieHun, KOTOpoe 3aK/II0UaeTcs B Bbl-
IleJIeHVMYM HOBBIX XOPOILIMX T€M IPU COXPAaHEHUM BCEX y)Ke HalIeHHBIX paHee
OTJIOKEHHBIX XOPOIIMX TEM M YMEHbIIEHUM UNCIA TIJIOXUX U HepeleBaHTHbIX
TeM. IIpennmaraemoe pellieHne OCHOBAHO HAa MPMMEHEHMM HOBBIX PeryJisipu-
3aTOPOB TUIIA CITIAXKMBAHUS U NEeKOppennpoBaHus B pamkax noaxona APTM.
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BbIUMCIINTENBHBIN SKCIIEPUMEHT IIPOBOAUTCS Ha psiie TEKCTOBBIX KOJIEKIU
e€CTeCTBEHHOTO $3bIKa.

BiaarogapHocTu. ABTOp XOTes1 Obl BbIpa3uTh 0671arogapHOCTb HEKOTOPbIM
moasim. He TonbKo 3a ITOMOIIL HEITOCPeACTBEHHO B HayuHO paboTre. Ho Takke
1 33 “TIPOCTO TaK”: 32 KAKYIO-TO POJIb B JKM3HM, yUaCTHe, KOTOPOe OH IIOMHUT
" KOTOpOe HaBepHSKa IOBJIMSIO Ha TO, KEM OH B UTOTe CTaJl, YTO LIEHUT U KaK
CMOTPUT Ha BEIU.

CeMbe — 3a BCE, 1, B YaCTHOCTH, 32 TO, UTO IIOMOTa/IX ObITh B TOHYCE TIPU
HaNVCaHUU OUCCepTalun.

Tae — 3a BO3MOXXHOCTb ITOHAO/II0IATh, TTIOPa3MbILIJISITh U 33 O€CKOHEY-
Hbl€e MIPOTY/IKM, YACTO 110 MeCTaM, KyJa HOPMaIbHbIM JIIOISM ITYyTh 3aKPbIT.

BopoH1ioBy KoHCTaHTMHY BsiueciaBoBMYy — 3a MHTEpPECHBIE UIEN, YBIIE-
YEHHOCTb, TepIeHue, MpodeccuoHaIM3M U BpeMsl.

PaeBy BukTOpy — 3a TO, UTO HAy4YMJI (B KAKOM-TO Mepe) OT/IMYATh BaKHOE
OT He BaXKHOTO.

BenoycoBoii JIlo60BM BraguMiupoBHe — 3a YPOKM B CTeHaX-aKageMMUKax
BOOOIIE M 332 “TeTpagKu IJ1s IIpaBui1” B YaCTHOCTH.

babasH Jlapuce CeMEHOBHe — 3a TO, UTO 3TO OHa OblLjIa (M OCTAETCS OJIs1
aBTOpa JI0 CUX I10pP) JIYYMKOM CBeTa” B IIKOJIE.

[TonnoBy Bnagumupy AHaTO/IbeBUYYy — 3a SHEPIUIO, OMOP U 3a TO, UTO BCE
yCrieBaJl.

MuxaiinoBoit I0nuu BukTopoBHe — 3a OOMH U3 JIYUIIUX YPOKOB HuU3M-
K1 (Jake HECMOTPS Ha TO, YTO JAHHBIX JIJISI TOYHOT'O pacueTa I0JIETa PaKeThl
0Ka3aJIoChb HeIOCTAaTOYHO).

Tep-KpukopoBy AnekcaHapy MapTbIHOBMUY — 3a TO, UTO IIPOBEJT UX Ue-
pe3 TEMHbBIN MHTErpaIbHbIN JieC 10 TPOIIMHKE, 3apociiieii OyBaHYMKAMMU.

AptembeBoint Onbre AHApeeBHe — 3a TO, UTO CTOJIbKO BpeMeHU XpaHu/ia
y cebs1 ero “uéprouku”.

baxkunHoit Tacuu AsleKcaHApOBHE — 3a TO, YTO ITOMOIJIa €My BCLIOMHUTD
Ty 4acCTb €051, 0 KOTOPOi1 3a0bLII.

sSIukoBckoii ExaTepuHe AjleKcaHAPOBHE — 3a TO, UTO YU€OHMKM ObLIN He
IJIS1 HUX, U 34 TeT-a-Ter”.
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U, nakoner, rpymrme Heart u “Iny6okII”-y — 3a TO, YTO ITOMOIJIM aBTOPY
MIePEKUTD OIMH M3 CAMBIX TPYAHBIX, [10 €r0 OIIYLIEHMUSIM, II€PUOI0B B IOAIO0-
TOBKe JIMCCePTaLV.
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Iocessuiaemcs mame u dedyuike
(Komopole nepexcusanu u3-3a 3moti duccepmavuu 60svuie, em cam asmop)



I'naBa 1. BepoAITHOCTHOE TeMaTUYeCKOe MOJe/IMPOBaHue

TemaTuueckoe MoieMpPOBaHMe — 3TO 001aCTh CTATUCTUUECKOTO aHAJIM -
3a TekcToB [19]. TouHee, 3TO COBOKYITHOCTh aBTOMAaTMUUYECKUX CIIOCOOOB aHa-
J3a KOJIJIEKIMM TEKCTOBBIX JOKYMEHTOB, KOTOpble HallpaB/ieHbl HA 0OHapy-
SKeHMe CKpblmoti memamuueckoli CmpyKkmypul B 60/IbIINX KO/UIEKIIUSIX TEKCTOB.

TemaTuuecKkue MOJie/IM UCIOIb3YIOTCS B MH(pOpMalLMOHHOM moucke [20],
KaTeropusalyuy JOKyYMeHTOB [1], aHa/in3e JaHHbIX COLMAIbHBIX ceTent [21; 22],
pekoMeHaTelbHbIX cucTeMax [20; 23], pa3BelOYHOM ITOMCKe [24] ¥ ApyTUX 06-
nactsx. B pesynbraTe 06pabOTKM KOIJIEKIMM JOKYMEHTOB TeMaTudeckasi Mo-
Iesb BbIIAET HAOOP TeM, 3aTparMBaeMbIX B IOKyYMEHTAaX, pacipeeieHne 3Tux
TeM B JOKYMEHTaXx " CJI0Ba, XapaKTepusyliye KaKkay temy [19].

[Tpu 06paboTKe JaHHbBIX eCTeCTBEHHOTO SI3bIKa MCCIeJoBaTeb MMeeT Jie-
JI0 C KOJIJIeKLMel 00KyMeHmMo8, KaskIblil U3 KOTOPBIX COCTOUT M3 MOC/IeI0Ba-
TeJIbHOCTU CJIOB, UJIM MoKeHo8. IIpu paboTe ¢ OOAbIINMMU KOJJIEKLUSIMU [10-
KYMEHTOB I10JIe3HO IPYIIIIMPOBATh UX 10 CMBICTY. TakoM TUN KIacTepusauumn
Ha3bIBAETCSI MemMamuieckum Mooeaupo8aHuem u CTPOUT CKPbITOe M3MepeHue
mem, KOTOpble 00ecIieunBalOT Kpamkoe omucaHue Ijs1 KaKI0ro JOKyMeHTa B
KOJUIeKIIUN.

Takum o6pa3oM, TeMaTuyeckoe MOJIeJIMpOBaHe — 3TO MeTO/I, U3BJieue-
HMS U3 KOPITYCOB TEKCTOB CKPBITHIX BEPOSITHOCTHBIX paclipenesieHnii Ha C10-
BaX, Ha3bIBa€MbIX TeMaMM. Vi3HaUaIbHO TeMaTHUYeCckoe MoeapoBaHue ObII0
paspaboTaHo IJisi pabOThI C OONBIIMMM KOJJIEKIMUSIMU TOKYMEHTOB. OIHAKO,
OymyuM M3HA4YaJbHO CO3[IAHHBIMM JJISI ITIOMCKA CKPBITHIX TEM B TEKCTOBBIX J10-
KyMeHTax, TeMaTuueckye MOeau OOKa3aau CBOI0 aKTyajJlbHOCTb B IIMPOKOM
crieKTpe 3amau [25]. dakTudyecku, OHM ObLINM IIPUMEHEHbBI K JI0O6bIM I10C/Ie/10-
BaTeJbHbIM JTAHHBIM: OyIb TO KOP3MHBI C MOKYIIKAMM B ITPOIYKTOBOM Mara-
31He, IoBefieHNe B VIHTepHeTe, 0aHKOBCKME TpaH3aKuyu. Kakumu Obl Janeku-
MM OPYT OT Apyra HU Ka3aJyucChb Ha MepBbIii B3IJISIT 3TU 00/1aCTH, BCE OHM MOTYT
OBITH TIpeICTaB/Ie€Hbl B TEpPMIHAX TeMaTUUECKOTO MOIeTMPOBaHMSI.

Ho ofiHO 1e/io — Kak CMOTpPeTh Ha JlaHHbIe. [Ipyroe — cOOCTBEHHO npuyu-
HA VICTIOJIb30BAHMS TeMaTU4YeCKOro MOLeIMpOBaHMs. B TeueHme nOAroro Bpe-
MEeHM TeMaTuyecKue MOJeay UCIIOIb30Ba/ICh B OCHOBHOM [IJISI IBYX LieJIeii:
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60 AJ1s1 KaacTepusalyuy JaHHbIX B 1e/sIX UX MOCaeyollero aHaanusa u us-
BJIeueHMs MHGOpMAaLUM O CTPYKTYpe KOJIJIeKLIUH, 1160 1J1s1 CO3MaHusT amMbe[ -
IOVIHTOB CJIOB IO KOJIJIEKIMSIM TEKCTOB [IJIsI, HAalIpUMeD, ITPOBeIeHMS] PEKOMEeH-
nmaiuit u moucka. B mocienHem ot ucciaemoBaresisi TpebyeTcs Ha pa3MeueHHbIX
Habopax JaHHbBIX 0OYYMUTh peKOMeHIaTeabHble WM TOMCKOBbIe MOI NN, U 3a-
Imaya MOXeT ObITh CBefleHa K Kiaccudukaiym, rae B KauecTBe BeKTOPOB Mpy-
3HAKOB MCIIONb3YIOTCS SMOeAAMHTM AOKYMEHTOB, MOJIydeHHbIe C TTOMOIIbIO
TeMaTu4eckoit mogenn. Takum ob6pa3oM, TemMaTuueckKue MOJeau B JaHHOM
KOHTEeKCTe KOHKYPUPYIOT C, HallpuMep, criocobamu moydeHus sMOeIIMHTOB
CJIOB ¥ TIOKYMEHTOB C ITOMOIIIbIO ITYOOKOTO O0yUeHMsI.

TemaTudyeckoe mopenupoBaHMue He 00s13aTebHO MOKa3bIBaeT JIydlliye
pe3yabTaThl C TOUYKM 3PEeHMUSI METPUK KaaccubuKkaimumu, HoO OHO obafaeT TeM
MIPEUMYIIECTBOM, UTO ITOTyYeHHbIE C €T0 TOMOIIBIO Pe3YJ/IbTAThI SIBJISIFOTCS UH-
mepnpemupyemsimu. Kaxkmast TeMa MoskeT OBbITh MpeACTaB/ieHa Kak pacipee-
JieHVe BepOSITHOCTE Ha MHOKeCTBe CJIOB, a Kakiast KOMIIOHEHTa B 9MOe/ I H-
re JOKYMEHTa MMeeT 3HaueHMe BEPOSTHOCTU TOTrO, YTO JOKYMEHT OTHOCUT-
CS1 K OINpeJeIEHHON TeMe. JTO CBOMCTBO TeMaTUYEeCKUX MOJeJel nenaeT ux
Oosee MOAXOASIIMMMU JIJIs1 TEX 00JIacTeil aHaaM3a JaHHbIX, IIle BaskKHa SICHOCTh
npeacKasaHus, Uin rae HeoOXoaAMO BPYYHYI0 KOPPEKTMUPOBATh HeXXelaTelb-
Hble CMelleHNs, BHOCKMbIe NJaHHBIMU B MOJeJb (HallpuMep, 3aHU3UTb BEPO-
SITHOCTU OTIpee/IéHHbIX CJIOB, UM, HA0OOPOT, OTMETUTh, UTO HEKOTOPbIE J10-
KYMEHTBI IO/I)KHbI OTHOCUTBCSI K OHO TeMe).

CremyeT OTMETUTh, UTO TeMaTUUECKOe MOAe/IMpPOBaHMe MO-TIPeXXHEMY
SIBJISIETCS LIeHHbIM MHCTPYMEHTOM B apceHasie ucciaefoBaTesneii B 061acTu 00-
paboTKM ecTecTBeHHOTrO si3bika (Natural Language Processing, NLP). B HacTosI-
1iee BpeMsi BeZIETCsI paboTa 1o paciiMpeHnIo COBpeMeHHbIX MOojiesieil IITyooKo-
ro 00yueHMs1 /IS yueTa TeMaTUUeCcKoil BaXXHOCTU CJIOB IPU, HATpMUMep CyMMa-
pusanuu TeKCToB [26—28] 1 TIOHMMaHUM TeKCTOB receH [29—31]. BugHo, uTo
TeMaTU4YeCcKoe MOJe/IMpOBaHKe U ero Bapualun MNpogo/DKaOT UTPATh BaKHYIO
POJIb BO MHOTMX 3aJIa4ax 110 00paboTKe eCcTeCTBEHHOTO SI3bIKA.

B oTiuume OT momydeHus: SMOEIIMHIOB CJIOB, COUYETAHMII CJIOB U A0-
KYMEHTOB, 3aJlaya I10 BbISIBJIEHMIO CKPBITOV TeMaTUUeCKOM CTPYKTYPbI KO-
JIeKIMY B HEKOTOPOM pOAe YHUKAJIbHA [IJiT 00/1aCTH TeMaTU4eCKOro MOZeu-
poBaHus. [Ipy aTOM McCcaeqoBaTeNb He 00s13aTebHO X0UeT ONTUMU3UPOBATD
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KaKyl0-HMOYIb METPUKY KaaccuduKalum, a IPpoOCTO UIET OTBETHI HA BOITPOCHI
O CTPYKType U Npupone Kouiekuumn. Takoi noaxon, Harpumep, UCIOIb3yeT-
cs1 B 6monoruu [3; 32] ¥ rymaHUTapHBIX HayKax [25; 33]. OH Mo3BoOSIET MOMY-
ynUTh GeciieHHOe TpeAcTaBaeHe 0 O0MbIINX JAHHBIX, KOTOPbIE B IIPOTMBHOM
cJiydae MOIJIM ObI OCTaThCSl He3aMeueHHbIMM MccieqoBaTesieM. TemaTuueckoe
MOZe/IMpOBaHMe B JAHHOM CJ/Iyuyae IpeLoCTaB/sIeT YHUKAIbHYI0 BO3MOXKHOCTD
110-0C0O00MY B3IJITHYTH Ha JaHHbIE, YBUIETH TO, UTO MHAUYE MOIJIO ObI OCTAThCS
He3aMeUYeHHbIM [JI5 UCC/IeJoBaTeIs.

Wtak, TeMaTyeckoe MogeaMpoBaHue moMmoraetT HaxoauTh TeMbl. OgHa-
KO CaMO NOHsimue membl MOXKET ObITh OIIpeiesIeHO ITI0-Pa3sHOMY B 3aBUCUMOCTHU
OT IIOCTABJIEHHOM 3aauu. B cTaTCTMUeCKOM TeMaTUu4eCKOM MO e/IMPOBAHUN
(0 KOTOPOM ¥ UAET pedb B paboTe) Kaskaasl TeMa pacCMaTpPUBAETCSI KaK Bepo-
SITHOCTHOE paclipefie/ieHye 10 CJIOBaM B cjoBape. B Apyrux o61acTsIX MOHS -
TUE TeMbl MOXeT OIpenesiTbCS He C IMOMOIIbLI0 CI0BAps YaCTOT CJI0B B TeK-
CTe, & Ha OCHOBe IOHSATUS C8513HOCMU TeKCcTa. Hampumep, B TeOpun OUCKYP-
ca TeMa — 9TO IVIaBHBIM YYACTHUK WJIN [VIaBHASI MbIC/Ib HA IIPOTS)KEHUM BCETO
CBSI3HOT'O OMCKypca uiamu auanora [34]. Bosspamasach K CTaTUCTUYECKOM TOU-
Ke 3peHusI, TeMaTuueckasi MoJesb IIOMOTaeT IOJYyYUTh CKaToe IpencTaBiie-
HJe KaKIO0ro JOKyMeHTa HabopoM ero TeMm, MpeaCcTaB/isis KaXAblii JOKYMEeHT
KaK pacripefiesieHye BepOSITHOCTE Ha MHOXKECTBE TeM, a KaKAYI0 TeMYy — Kak
pacripeiesieHlie BepOSITHOCTE Ha MHOKECTBE CJI0B. ATO MOXKET ObITh ITOJIe3HO
B pas3/IMYHbBIX 00/1aCTSIX, HAIIpUMeED, IIPU KaTeropmsalyun JOKyMeHTOB [1], o
pekoMeHIaTelbHbIX cucteMm [20], pa3BeOYHOro noucka [2], anaamnsa JaHHbIX
COLMaIbHBIX ceTeli [21]. Bosnbliie et 1 BO3MOKHBIX IIPUMEHeHU TeMaTuye-
CKOT'O MOJIeJIMPOBaHMs MpeACcTaBieHo B 0630pe [35].

[IpepctaBuM noapobHee HomMayuw, KOTopas UCIIONAb3yeTcs B paboTe, U C
eé€ MoMoIlbI0 chopMyINpyeM 3a1auy CTaTUCTUUECKOTO TeEMaTUYeCKOro Moze-
JIMPOBAHUS.

[Iycte D 03HavaeT KO/IEKIMIO (MHOKECTBO) TeKCTOBBIX TOKYMEHTOB, a
W — cnosapw, TO eCTb MHOXECTBO BCeX (JIOB, WJIM TEPMUHOB, WU TOKEHOB,
KOTOpbIe BCTPEUYAIOTCS B JOKYMEHTaX KouieKuun. IHoraa, B 3aBUCUMOCTU OT
KOHTEKCTa, Mbl Takke 6ygemM 0003HAuUaTbh ¥ KOJIMUECTBO JOKYMEHTOB Takxke
yepe3 D, a pa3mep cyioBaps uepes W . TepMmuH u3 W MoKeT ObITh OTIE/IbHbIM
csioBoM uiu ¢ppasoii. [locie cormacoBaHms TOTO, Kakue CYIHOCTY B KOJIJIEKLIVU
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CJlelyeT pacCMaTpUBATh KaK TOKEHbI, KaKIbIi1 TOKYMEHT d € D mpencTaBiis-
eTCs KaK YIIOpsALOYeHHas I10CIeI0BaTe/IbHOCTD n; TepMUHOB W, C W. IIycThb
n;,, O3Ha4aeT KOJNYeCTBO pa3, CKOJIbKO TEPMUH w € W BCTpeudaeTcs B LOKY-
MeHTe d € D.

Teriepn NMPeAIIONOKMUM, UTO KaXKIbI TEPMUH B K&XKAOM JOKYMEHTE COOT-
BETCTBYET HEKOTOPOW CKpbimoli (TaTEHTHOM) meme 13 KOHEYHOI'0 MHOXXeCTBa
Tem T'. (OngTh Xe, majgee, B 3aBUCUMOCTU OT KOHTEKCTA, T MOXeT 0O3HavaThb U
KOJINUECTBO TeM). Ha30BEM 3TO mpeAIioioskeHe 2unomesoti o cyujecmeosaHuul
mem. B TeMaTyeCKOM MOJe/IMPOBaHUN TeMbl (KaK [IPpaBUIO) 3apaHee He U3-
BeCTHbI. M 11e/ib TeMaTnueCcKoro MoAe/JMpoOBaHus — HANTU 3TO MHOXeCTBO T
(Boob111€e, pa300paThCsI C TEM, UTO K€ BOOOIIe TaKoe TeMbl, KOTOPbIE UIEeM —
3TO OTHOEJILHBIN BOIMPOC, HO B CTATUCTUUYECKOM TeMaTU4YeCKOM MOZIeanpoBa-
HUY 34 TeMY IIPUHUMAETCS BEePOSITHOCTHOE paclipeie/ieHe Ha CJIOBaX, II03TO-
MYy O JIPYroM KaKOM 6bI TO HY GbUIO “CMBbIC/I®” 33 ITIOHATHEM TeMa bojiee 310eCh
3ayMbIBaTbCs He 6ymem). Kaskmast Tema ¢t € T ONMMUCHIBAETCSI YaCTOTaMM CJIOB
U paclipefejeHeM 3TUX (JIOB B JOKYMEHTaX KO/UIeKUMU. KOJyIeKIuio TeKCTOB
MOYXHO pacCMaTpuBaTh KaK BBIOOPKY TpoeK {(d;, t;, wi)};?:1 , IOJTYUeHHbIX He3a-
BUCUMO 13 IUCKPETHOrO pacripeneneHus p(d, t, w) Ha IIPpOCTpaHCTBe DXT X W .
(ITpmuém moxkyMeHThI D 1 cioBa W — HabsomaeMble iepeMeHHble, a TeMbl T —
CKpBITEIE.)

B TemaTnueckoM mMoOe/IMpOBaHUM PACIIPOCTPAaHEeHa IPAKTUKa pacCMaT-
pUBaTh KaxKIblit TOKYMEHT KaK HeynopsidoueHHvili Habop ¢1oB. Takoit popmar
IpeaCcTaB/IeHNs JaHHbIX Ha3bIBAeTCS ~MEIIKOM CJIOB”, uiau Bag-of-Words. Co-
IJIACHO IUITOTe3€e ~MellKa CJI0B”, MOPSIIOK PACIIONOKEeHMSI TOKEHOB B JOKYMEH-
Te He BJMSeT Ha TeMbl U MPOLIeCCC IOoMCKa TeM. XOTS TaKoe IMPeaIiooKeHne
M KQ&KeTCS CUJIbHBIM YITPOIeHUEM el iICTBUTEIbHOCTU, B HEM €CTb CMBbICI, I10-
TOMY UTO, Harpumep, obe mociaemoBaTeIbHOCTM CI0B ~JIkeK JIOHZOH aMepu-
KaHCKMI1 MMCaTeIb aBTOP M3BECTHBIX MPUKIIOUEHYECKMX POMAHOB” 1 “aBTOP
JIOHZIOH M3BeCTHBIX POMAHOB [I3KeK IucaTeab MPUKIIUYEeHUYeCKMX aMepuKaH-
CKMIN” — XOTb U OTVINYAKOTCA OPYT OT Apyra MocjenoBaTeIbHOCTLIO CJIOB (MIPU-
yéM BTOpasi OUeBMUIHO ITpeJCcTaBsieT 13 cebst UTO-To ¢1abo CBSI3HOe, HeBpa3y-
MUTeJIbHOE), HO OCHOBHAsl TeMa — JIMTepaTypa — B 000uX IpuMepax yraabl-
BaeTCsl BepHO. B KauecTBe Mpomo/IkKeHUs! 3TOM TUIIOTe3bl MOKHO TaKKe IMpU-
HSITh TUIIOTE3Y ~MeIlKa JOKYMEeHTOB”, KOTOPast IJIaCUT, YTO TEMbI He [OJIKHbI
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MEHSITbCSI OT B 3aBMCYMOCTHM TOTO, B KAKOM ITOPSIIKE MBI ITOaeM JOKYMEHTHI B
Mogesb. (OmHAKO ec/iy KOJIeKLVS JOKYMEHTOB AMHaMMUYecKasi, TO eCTh MeHSI-
eTCsl CO BpeMeHeM, HallpuMep, eC/ii B Heé IOCTYIIal0T HOBbIE TOKYMEHTHI, TO
I000YyUYeHMe TeMaTUUeCKO MO Ha TaKOi KOJUIEKIMM YKe OyIeT 3aBUCeTh
OT MOpSIAKA IPUXOASIINX BHOBb IOKYMEHTOB.)

Taxke B TeMaTHMYE€CKOM MOJEJIMPOBAHNY ITPUMHMMAETCS TUITOTe3a YC/108-
HOTl He3asucuMocmu, KOTopas IJIACUT, YTO BePOSITHOCTDb IPUHAIJIESKHOCTH CJI0-
Ba TeMe He 3aBUCUT OT TOrO, B KAKOM JOKYMEHTE 3TO CJIOBO PACIOJIOKEHO:

pwld,t)y=pw|t) (1)

HakoHelr, IIpeAIionaraeTcsi, YTo Hab/omaemMast KOJIeKLMs TOPOXKIaAeTCsT
pacnpeneneHusmu p(w | t) u p(t | d). CoryiaCHO 3aKOHY ITOJTHOM BEPOSITHOCTU U
IIpeAIIookKeHI0 00 YCJIOBHO He3aBucuMocTu (1):

pw [ d)y="Y pw | Dp(t | d) =) by 2)

teT t

rne ¢, =pw|Hnb,, =pi|d).

Takum 06pa3oM, BepOSITHOCTHASI TeMaTudeckasi MOJieslb (2) OMMUChIBAET,
KakuM 00pa3om 006pa3yioTcs JOKYMEHTHI KOJIJIeKIuM D — Kak cMech paciipe-
nenenuii 0,; u ¢,,. ObydeHue TeMaTM4YECKOI MOJeny — 3TO OOpaTHas 3aza-
ya, KOrga HeoOXOAMMO HalTU 3TU caMble pacnpeneneHus 6,, u ¢,,,, 3Hast KO-
nexuyio D. [TepBoe pacipeesieHne — 9TO pacipefie/ieHne “TeM B JOKyMeHTe”
(6,5 = p(t | d), TO eCcTb Kak cTONOe1] CTOXaCTUUYeCKO MaTPULbI O 8epossimHocmetl
mem 6 dokymeHmax pasmepa T X D):

O =0 | d)rxp = 01D (3

BTopoe pacrpeneneHe — 3To pacipeeneHue ¢ioB B reme” (¢, = p(w | 1),
TO eCTh KaK CTOJIOeI] CTOXacTUYeCKO MaTpullbl ® sepossmHocmeli c108 8 memax
pasmepa W X T):

D = (p(w | Dwxr = (Dudwxr 4)

HaxoxxgeHne 1o Komnekuuy D paciipenenenuii 0,; u ¢, SIBASI€TCS Lieblo Te-
MaTKYeCKOTro MOJeNUpoBaHMs. JTa 3a/laua IKBYBaJIeHTHA HAXOXAEHUIO IIPU-
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OMMKEHHOTO TIpeICTaBIeHMSI MAaTPUIIbI YACTOT CJIOB B JOKYMeHTax F = ( p(w |
A _ }’ld o

| d))Wx p — e p(w | d) = n—;’, a n,,, €CTb KOJIMUYECTBO BXOXKAEHMI C/I0Ba w B

IOKYMEHT d — B Bue npousseneHusa F ~ ®O OByX HeM3BECTHLIX MaTpul, ®

no:

D = (d)wxr Gy = p(w | 1)
© = (010)TxD 00 = p(t | d)

Bce ynomsiHyTbhie MaTpuibl F, ®, 1 O SIBJIAIOTCSI CTOXaCTUUYECKMMMU: UX KOJIOH-
K" f,, ¢;, U 6,;, COOTBETCTBEHHO, HEOTPpULATEJIbHbI ¥ HOPMMUPOBAHbI — IIPEJI -
CTaBJISIIOT OUCKPETHbIE BePOSITHOCTHBIE pacIipeeieHmsl.

[Tom memoti B BepOSITHOCTHOM T€MaTUMUY€CKOM MOIEeINPOBAHMUM [TIOHMMa-
eTCsl KaK pas Mo CyTU pacripenejieHue Ha MHOXeCTBe CJIoB p(w | t), w € W.
Ho TemMa Takke xapakTepu3yeTCs U e€ pacripeie/ieHeM Ha MHOXKeCTBe JOKY-
MeHTOB p(t | d), d € D, C IOMOIIbIO KOTOPOTrO MOXHO IOHATH, B KAKUX [10-
KyMeHTax TeMa 3aTparuBaeTtcs (a o 3Toi nHbopMaly MOXHO U BU3YaJIbHO
OLIEHMUTb KaueCTBO TeMbl, HACKOJIbKO OHA IOHSITHA 4esioBeKy). Kak rpasuio,
uicio TeM |T'| 6olOuparom HaMHOTO MeHbllle, UeM pa3Mep KoJijieKuyu | D| 1 pas-
Mep cioBaps |W|. Takum 06pas3som, B TeMaTMUECKOM MOJIEIMPOBAHUM pellla-
eTcs 3aJlaua HU3KOPAH206020 CTOXACTUYECKOTO MAaTPUUHOTO Pa3jiokeHus [36].

TemaTuueckass MOZeNb BBISB/SET CKPBITYIO TEMATUUYECKYI CTPYKTYPY
KOJUIEKIIMYM U HAaXOIUT AEeKOMITO3UIIMIO KasKI0ro TOKyMeHTa 110 Habopy mpe/-
CTaBJIEHHbIX B HEM TeM (1).

OTMeTUM OT[A,e/IbHO HECKOJIbKO [MOHSTUI, KOTOPbI€ OTYACTU YyKe UCITOJIb-
30BaJIMCh M KOTOpbIE YaCTO B ajbHelleM OyIyT UCII0b30BaThCsI B paboTe:

Onpenenenne 1.0.1. Be3sae B paboTe mop xopouieti TeMOit MMeeTCs B BUILY MH-
TeprpeTupyemasl Tema, Takasl, 10 CIIMCKY CaMbIX 4YaCTbhIX CJIOB KOTOPO 4eJio-
BEKY ITOHSITHO, IIPO UTO OHA, KaKylo 00/IaCTh KM3HM OIMMChIBAET.

Onpenenenne 1.0.2. CioBa Ko/nekyust mekcmossix 00OKyMEHMOo8, KOoleKuus
0oKymeHmos, damacem, KOpnyc mexkcmos, mexkcmosas Kolekyust B mpenenax
pabOThI CUMTAIOTCS PABHO3HAUHBIMM.

Onpenenenue 1.0.3. Ilog camsimu uacmeimu ciosamu, monoguviMu Ci08amu,
mon-ci08amu AJisi TeMbI ¢t TIOHMMAaeTCsI OOHO U TO Xe, 8 UMEHHO CJI0Ba, COOTBET-

21



CTBYIOIIJE TIEPBbIM k BEPOSITHOCTSIM B OTCOPTMPOBAHHOM I10 YOBIBAHUIO CIIC-
ke {p(w | 1),,}. Kak mpaBuiIo, YnC/I0 NIePBLIX O3V k HEe YTOYHSETCS, HO I1Of,
HMM II0/Ipa3yMeBaeTcs] HEKOTOpoe oueHb HeOOoIbIlIoe YMCIO II0 CPaBHEHUIO C
OOIIMM KOJIMYEeCTBOM CJIOB B cjioBape, Harmpumep 10, 20, 50.

1.1 ApauTuBHAas peryasipusanys TeMaTUu4eCKmux Mopesien

B dbyHmameHTanbHOI paboTe [37] ipeAcTaBieHa OHa U3 CaMbIX TE€PBbBIX,
M B TO XXe BpeMsI OJiHa M3 CaMbIX IMPOCThIX U MOHITHBIX TEMATUUECKUX MOJIE-
neit — mopenb Probabilistic Latent Semantic Analysis (PLSA), — roe pacrpene-
neHus (2) obyualoTcss makcumusayueti 102apupma npasdonododust ¢ AUHeliHbIMU
02PaHUHEHUSIMU.

[TpaBmonomo61e — 3TO BEPOSITHOCTh HAOMIOAaeMbIX JaHHBIX KaK (yHK-
1S TTapamMmeTpoB Momenu ® u ©. B cumy npearonoskeHnus 0 He3aBUCUMOCTH,
9Ta BEPOSITHOCTb 3KBMBaJ€eHTHA IPOU3BENEeHMI0 BEPOSITHOCTEN BCEX CJIOB BO
BCeX IOKyMEHTax:

p(@.0) = [ [] ptd.wye = [] [] pw | d)'ap(ay'se - ma

deD wed deD wed 0

Ecnu B39Th jorapudm, TO BbIpaskeHMe BbIllle MPeBPATUTCS B CYMMY, a YIeHbl,
KOTOpbIe He 3aBUCST OT ITapaMeTPOB MOJEIN, MOKHO OTOPOCUTD, ITOCKOJIbKY
OHM He UTPAIOT POaM MpU onTUMM3aluu. TakuM 06pa3oM MbI IIOTYUMM 3a-
oady MakCMMM3aiuu jiorapmudpma mpaBaoIono0oms mpy JUMHEMHbIX OrpaHuye-
HUSIX HA HEOTPULIATEIbHOCTh ¥ HOPMUPOBAHHOCTD (CYMMMUPYIOTCS B €IMHUIILY)
cTOJI61I0B MaTpuil @ 1 O (TaK Kak CTOJIOIIbI IIPEICTaBIISIIOT paclipeieieHus Be-

POSITHOCTEN):
Z(@,0)
— e
Inp(@®,0) = Y ¥ nyInpw|dy= Y D ngIn ) b0, — max  (5)
deD wed deD wed teT
Z¢wt:1’¢wt20 Zeta’zl,ezdzo (6)
wew teT
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B pab6orax [5; 8; 38; 39] npenjioskeH U MPOABUTAETCS MOAXO0[ K obOyue-
HUIO TeMaTUUYeCKUX MOJEJIeil 1o, Ha3BaHueM ANOUTUBHAS Peryispu3anus
TeMaTuueckux moaeneit”, uau APTM (Additive Regularization of Topic Models,
ARTM), KOTOpbIi C TIOMOIIBIO pezyssipu3amopos — anaAUTUBHBIX T00ABOK K
ONITUMM3UPYEMOMY JIOTapudMy IpaBAOIIOa00MUsS — IIPeaoCTaB/IsIeT BO3MOK-
HOCTb peajn30BaThb B TEMAaTUUYECKUX MOZEJISIX Pa3IMuHble CBOMCTBA (peryJis-
pPU3aTOPbI MO3BOJISIIOT COKPATUTh BO3MOXKHOE MHOKECTBO pelleHUN 3aauu
MaTPUYHOTO Pa3JIOKeHMsI OO TeX pelleHUl, KOTOPbIe yI0BJIeTBOPSIOT OIlpe-
IleJIeHHbIM YCIOBUSIM, OTpaHMuYeHusIM). Haripumep, ¢ IOMOIIIbIO pery/spusa-
TOPOB MOKHO ITOTPeO6OBATh OT MOJEIN, YTOObI €€ TeMbl OTIMYAINCH IPYT OT
IpyTa, WIY 4YTOOBI KasKaasl TeMa MMeJia JUIlb HeGOoIbIoe YMCI0 Haubosiee Be-
POSITHBIX CJIOB (UTOOBI BEPOSITHOCTD ObLJIa pacrpejeneHa Mo ¢JioBaM CUJIbHO
HepaBHOMEPHO), MJIM, HA000POT, UTOObI HEKOTOPbIE TEMbI MMeJIM KaK MOXHO
OO0JIbIIIe CJIOB C HEHYJIEBOJ BEPOSITHOCThIO — TaK Ha3bIBaeMble (DOHOBbIE TEMBI,
cozlepskaliye cjioBa 001eit TIeKCuku. Vinu, eciin Koiekiiust D HecbamaHCUPO-
BaHa, C [IOMOIIbIO PETY/ISIPMU3aLMM MOKHO ITOTPe60BaTh OT MOE/IM, UTOObI €€
TeMbl ObL7IM pa3Horo pasMepa [40]. Kpome Toro, 4To perynaspusains UCIosb-
3yeTcs OJIsl TIOJIyYeHUsl pellleHUsI C KejlaeMbIMUM CBOVCTBaMM, OHA TaKke I10-
BbIIIAET YCTOMUYMBOCTDb T€M MOJEJIENA.

CunbHoI cTopoHOoM noaxona ARTM sBjisieTcs TO, YTO KaXKAbI adIUTUB-
HbII1 UJieH peryaspu3alnuy IpUBOAUT K IIPOCTO aagUTUBHON MoaudbuKaun
M-miara. Takum obpasom, agauTuBHas perynsapusanusi APTM BeIpaskaeTcs: B
MaKcuMM3auuu jJorapudma mnpasmoromoous (5) co B3BelleHHO CyMMOIli pe-
TynsapusaTopoB R;(P,0):

Z(®,0)+ \ZLI 7 R;(®, 6)1 ~ rg%x &

R(D,0)

OTHOCUTEJIbHO OrpaHnveHuti (6), rae z; eCTb HeoTpulaTenabHble KO3hPULIEeH-
ThI peryasipu3aliin, KOTOpbie TTO3BOJISIIOT USMEHATD CUTY BIUSHUS OTOe/IbHBIX
peryasipusaTopoB.

VYenosust Kapymia — Kyna — Takkepa JaioT He00X0AMMbIe YCIOBMSI JIJISI JIO-
KaJIbHOT'O 3KCTpeMyMa 3aauu (7) C OrpaHUUYeHUSIMU B BUE CUCTEMbI YpaBHe-
Huii. Touka JIOKaJIbHOT'O SKCTpeMyMa MOKeT ObITh HalileHa, HallpuMep, MeTO-

23



IIOM TIPOCTOM UTepanuu, KOTOPbI 3KBUBAJIeHTeH EM-ajiroputMmy u HaxXOOguUT
JIOKAQJIbHBIM MakKCUMyM 3agaun (5), OOHOBJISISI HA KaXKA0i UTepalyy MaTPUIIbI
® u O [5;38; 39]:
.
= norm 0
Ptaw bt (@11010)

7\

OR
= norm + e
D W <”wt ¢wta¢Wt>

we

0, =nomm| n,, +6 a—R
td — reT td ldaetd

L
A€ Py = P(t | d, w), norm — QyHKIYS HOPMUPOBKY BeKTOPA (NOIM,,cyyy My, =
= fa)s "t = 2dep MdwPrdws Mid = Xwed NdwPidiw- BUIHO, YTO KaXNbIF HOBBI pe-
rynsipu3aTop (7) B KOHEYHOM CUETE BhIpakaeTcsl B BUIE aAAUTUBHOM T0O0aBKU
Ha M-1uare.

[Tpu 9TOM B Hauasie BBITIOJIHEHMS aJITOPUTMA HY)KHO KaKMM-TO 00pasom
UHUYuaIu3uposams MaTpuily ® — 1 Crocob ymauyHoi MHULIMaIU3aum SIBIIsI-
eTCSI OTEeIbHBIM BOIIPOCOM. OOBIUHO K€ MCIOJIb3YIOT CIYUYaiiHYI0 MHULMATIM -
3alMIo.

B03MOXHOCTb HaJIOXKEHMSI TOTIOJTHUTEIbHbIX (PYHKIIMOHAIbHbBIX OTPaHM-
yeHUM (peryasspusanius) Mo3BOJsIeT YAYYIINUTb Ka4ueCTBO MO/ B pa3/IMUHbIX
3a/auax. ITOT IOAXO, ITpedoCTaB/IsIeT BO3MOXXHOCTDb (POPMYIMPOBATh OTPaHM -
yeHMs 3a7a4y B MaTeMaTtuueckoit popme. bosee Toro, B pamkax ARTM moryT
OBbITh peann30BaHbl U U3BECTHbIe TeMaTuueckue momenu PLSA u LDA.

B cityuae mynsmumoodansvtuix daHHbix, APTM MOKHO 00001IMTH ITyTEM OII-
TUMM3ALMM B3BEIIeHHOM CyMMBbI JIOT-IIpaBaononoouii (7):

Z Z 7,4, 10 Z b,10,4 + R(D,0) - rgfslx (8)

m,d wew,, teT ©

Hepapxmnueckoe TemaTrmuyeckoe mMojenvpoBaHue IIpu nmocrtpoeHuun me-
mamuyeckux uepapxuii, Kaxkmasi podumenvckas mema U3 MHoO}ecTBa T IIpe-
CTaBJISIETCSI CMeChbIo douepHux mem S, ripu |S| > |T| [41]:

paol ) = 2 pwl|s) ps|n ©9)
hf_J SES\ v 7\ g o

parent child Wt

wt ws
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parent _ & child
wxr = Puxs Lsxrs> e ¥ gy p €CTh MaTpHLia CBSI3U MEXIY

TeMaMM JIByX YPOBHEeI: pOAUTENbCKMMU U TouepHUMU. Ecin niepedopmyinm-

Opyrumu ciioBamu, ©

pOBaTh TaKoe OTHOILIIeHMe MexXay TeMaMu B HoTauuu ARTM, To okaxkeTcs, 4TO
POOUTENbCKME TeMbl MOKHO PacCMaTPUBATh KaK MCEBIOLOKYMEHTBI C 4aCTO-
TaM¥ (JIOB, paBHbIMU n,,,, [41; 42].

[TpencraBum HeKOTOpbIe U3BeCTHbIe APTM pe3ynsapusaTopsl.

CrakuBaHMe M paspexuBaHme TeMbl T TeMaTUUECKOM MOAEIN MOXKHO
pasIenuTh Ha TeMbI JIBYX TUIIOB: IIpeaMeTHbIe .S 1 GOHOBbIE B, TO ecThb T =
=SUuB.

[TpenmeTHBIE TeMbI S — CHeIMaJN3MPOBAHHbBIE U COCTOSIT U3 ITPeIMEeT-
HBIX CJ10B. [IpenIionaraeTcs, YToO Takye TeMbl pa3peskeHHbIe ¥ ¢J1a00 CBSI3aHHbI
MeXXIy COOOJA.

doHOBBIE TEMBI B COCTOST U3 CJIOB 00IIei JeKCUKYM ¥ paBHOMEPHO pac-
rpeaeseHbl 10 JOKYMeHTaM KOJIIeKLIVMA.

JIJ1s1 BBIAEIeHMSI TeEM 000X TUIIOB IOIyIEHMSI M MCIIO/Ib3YeTCS Pa3pesKm-
BawIMit perynsipusatop. Ero uaest B ToM, UTOObI CllesiaTh pacripeneneHust ¢,
1 0, nanékuMu (B caydae paspexXuBaHusl) uin 61uM3Kumu (B cryyae CIyiaskmBa-
HUSI) K PABHOMEDPHBIM pacIipefeleHusIM f, U ay:

R®.0) =0 Y D Bulndy,+ay ) Y ayng, - max (10)

ted weW teHd deD

IIe OJ1s1 pa3peskuBaHysI HaZO MONMOXUTh H = S U B34Tb f, oy < 0; a 14 cI1a-
xuBaHust H = B u fy,ay > 0 (fy ¥ ay ecTb KO3hOULNMEHTHI peryasipusanum,
KOTOPbIe HAXOMSITCSI 9KCIIEPUMEHTAJIbHO).

Hekoppenssuusa JKejmaeMoe CBOMCTBO TeM TeMaTUUYECKOM MOIeIu — UuX
HeIoX0XeCTb APYyT Ha Apyra [5]. [ToaToMy IeKoppennpyronuii peryaspusaTop
yBeJIMUYMBAET CyMMapHOe IOIMapHOe PacCTOsIHEe MeXOy TeMaMM:

R(®) = —% YYD bt — max (11)

teT seT~t weWw
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[TockosbKy B KauecTBe IapaMeTpa peryaspu3aTopa UCII0NIb3yeTCs TOJb-
KO MaTpuia ®, peryasapusaTop OKa3bIBaeT BIAMSIHME TOJbKO Ha M-1iare mpu
OOHOBIEHUM MaTpUllbl D.

Iob6aBKa OT peryisipusaTopa Ha M-1are 6ymeT cyiemyIomieii:

d) oR = _Td)wt Z ¢ws

wt
a('b“)t SET~t

Bp10Op Tem Perynspusarop, npeacTaBieHHbIl B [43] makcumusupyet KL-
OVBEPreHuuIo Mexny p(t) = > p(d),; U paBHOMEPHBIM paclpefeieHreM Ha
d

TeMax, TaKMM 00pa30oM yCTpaHsIsI HeCcyllleCTBeHHbIe U IMHEeHO 3aBMCUMbIe Te-
MBI

R©)=— Y'In Y p(d)f,; - max (12)

n
|T| teT deD

1.2 IIpumep npuUK/IaTHOrO IPUMEHEHUS TeMaTU4eCKOro
MOJeIVpPOBaHuA

1.2.1 BsBepeHmue

B Hamm gHM 0 COBEPIIAKT OTPOMHOE KOJIMYECTBO TPaH3aKINii B O-
BCeIHEBHO XM3HU. [I09TOMY OaHKM €5KeTHEBHO COOMPAIOT Maccy MHGpopMa-
111K 06 UCTOPUM TpaH3aKIMii CBOMX KJIMEHTOB. IIpMeHeHMe Takoii MHPOP-
MallMy MOXKeT BK/II0UaTh, B UACTHOCTH, y/Iy4llleH)e KauecTBa 00CIyXMBaHMS,
IIpUBJiIeUeHNe HOBBIX K/IVMEHTOB, YBeJIMUEHME TOXOMIOB, pa3paboTKy 1I€eHOBbIX
CTpaTeruii, IpOrHO3MPOBAaHME BEPOSITHOCTY BO3BpaTa Kpeaura ¥ Jydiiee Io-
HYMaHMe MMOTPeOHOCTel KIMeHTa. 3a MociegHle HeCKOIbKO JieT aiITOPUTMBI
MalllMHHOTO O0yUeHMs MIpeycIie/in B pellleHUM pasandHbIX 3a1a4 U ITOTeHIIM-
aJIbHO MOTYT IIOMOYb B pellleHun Apyrux [44]. AHaIM3 TpaH3aKIUMiIT OTHOCUTCS
K YMCTY TaKUX 3a7la4, IMTOCKOJIbKY JaHHbIE O TPAH3aKIMSIX BEJIMKU U HECTPYK-
TYPUPOBAHbI, ¥ METOAbI MAIIMHHOIO 0OyYeHMsI TIOMOTal0T U3BJI€KaTh U3 HUX
omnpenesieHHYIO MHGOpMaIuio. MHOrMe perieHus B 3TOV 00yiacTu 6bUIM pas-

26



paboTaHbI ¢ UX UCIONb30BaHNEM [45—47]. B OCHOBHOM MpPUJIOXKEeHUS B 3TOM
06/1aCTM COCpeloTOYEHbI Ha TaKUX 00J1acTsIX, Kak MpoduinpoBaHye MoTpeou-
Tesneit [48—50], olleHKa MOKyMNaTeabCKMX Mpoduiieii M MporHo3upoBaHue Io-
KYTIOK [51], Mau o6Hapy>keHMe IPYIIN KJIMEHTOB 10 JaHHBIM /IS Ty4Illero 1Jia-
HUPOBaHMSI MPOAYKTOBOI KamiiaHuu [52]. XoTs1 mpoduiMpoBaHe KIMEeHTOB
MO3KET OBITh BBIIIOJIHEHO C ITOMOILBIO Pa3IMUHBIX aJrOPUTMOB KjIacTepu3a-
1y [53], pe3ynbTaT moJg00HbBIX YCUITNI 0OBIUHO TOBOJIBHO I'PYObIii U IJIOX0 UH-
TepIpeTUPyeMbIii 1151 TAKOJ UYBCTBUTEIbHOI 00/1acT, KaK 0aHKOBCKOE JeJI0.
[ToxymaTenabHble MPOGUIN U MPOrHO3MPOBAHME MMOKYIIOK — IMIMPOKO 00CYK-
maeMasl TemMa M3-3a ee HelmoCpeaCcTBEHHOIO IpyMeHeH M. bolio npenpuHs-
TO HECKOJIbKO MOITbITOK CBSI3aTh MCUXOJOTMUYECcKMe MpoQuiIn Moab30BaTeNeil
" TaHHbIE 00 MX TPaH3aKIMSIX C ITOMOIIbIo Mmogenyu LDA [54] uau momoub Map-
KETUMHTOBBIM KaMITaHUSM B IIPOTHO3MPOBAHMUM MOTPeO/IeHNs KIMEHTOB C M0-
MOIIIbI0 HEMPOHHBIX CeTel ¥ MeTOA0B CaydaifHoro Jyeca [55].

[Tomxom, pelaroIuii Bce 3TU MPoOdaeMbl OMHOBPEMEHHO, ITpeaIoiaraeT
IIOCTPOEHMEe BEKTOPHOTO IPOCTPAHCTBA KIMEHTCKMUX 3MOenauHros. Hekoro-
pble aBTOPbI MOIIN 110 3TOMY ITyTH [50], MCIIONMb3YsT aBTOKOAMPOBLINKY. B maH-
HOM paszeJie Mbl COCPeAOTOUYMMCS Ha [IOCTPOEHUM HU3KOPAa3MEePHOT0 BEKTOP-
HOTO IIPOCTPAHCTBA C IIOMOIIBI0 TEMAaTUUYECKOTO MOAe/JIMPOBaHMs. TemaTuye-
CKO€e MOJe/IMPOBaHMe SBJISIETCS MOIIHBIM MHCTPYMEHTOM, KOTOPbIN YCIIEITHO
IIPUMEHSIICS [IJIS pellieHMs pa3/IMYHbIX 3a/1a4 MalllMHHOTO 00y4yeHus [56]. U3-
HavyaJIbHO OHO OBUIO MpPeJIOKeHO KaK MeTol, 00pabOTKM eCTeCTBEHHOTO SI3bl-
Ka [37; 57]. B HacTosIIee ke BpeMsl TeMaTuuyeckoe MoAeaupoBaHue IpuMeHs-
eTCsl M K HeTPUBMAIbHBIM JaHHBIM, TAKMM Kak aHaju3 Joros [48; 58], onpene-
JleHue Mojiesiu TIoBefieHus 110 Buzeo [59]. U nanee B pa3gene 6yayT NpuBeIeHbI
pe3y/ibTaThbl IPUMEHEHUS TEMAaTUYECKOTO MOAEIMPOBAHMS /1 aHaIu3a JaH-
HbIX OAHKOBCKMX TPaH3aKIIUiA.

OKCIepUMEHTbI OyAyT IIPOBOAMUTHCSI C MCIOJb30BaHMEM OMOIMOTEKN
APTM [5]. OHa Bk/IIOUaeT B ce0sl Takue MOMYJIsIpHbIe TeMaTUueckue MOAENH,
kak PLSA [37], LDA [57], a Takxke o6o6mieHusi. APTM nogxon K Tematuue-
CKOMY MOJIeJIMPOBAaHMIO peasiM30BaH B ObICTpOil 1 3 deKTUBHOI OMOIMOTe-
Ke BigARTM [39], KoTopasi 6blaa yCIlelllHO MTpyMeHeHa JJisl pellieHUs] pa3iny-
HbIxX 3a7au [60]. Emie omHoi ocobeHHOCTbI0 ARTM sIB/IsieTCS BO3MOXKHOCTD UC-
I10/Ib30BaHUS MYJIbTUMOLIbHBIX TAHHBIX [2]. B Ha1em ciiyyae 3TO OUeHb BaXK-
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HO, TTIOCKOJIbKY MH(OpMaIMs O TPAaH3aKIMSIX COCTOUT M3 Pa3/IMUHBIX JaHHbBIX
O KJIMeHTe: IIOTPaueHHO CyMMbI IeHer, KoJia KaTeropuu Toprosila (merchant
category code, MCC), miosa, Bo3pacTa.

B 11es10M 1cCIio/nib30BaHe MMEHHO TeMATUMUYEeCKUX MOJiesieil OIS pelleHus
3a7lauy aHaau3a 6aHKOBCKMX TpaH3aKIMii 00YCIOBIEHO PSIIOM IPUUYMH: Te-
MaTu4ecKast MOZEJIb He SIBJISeTCS YePHBIM SIIMKOM” ¥ JIETKO MHTEPIIPETUPY-
etcsi; APTM 1103BossieT yA0BJI€TBOPUTh MHOXKECTBO KpUTEPUEB, TPeIbsBIIsie-
MbIX 6113HecoM K ML-pellieHMsIM ; cama TeMaTuueckasi MoJiesib ObICTPO IIpuMe-
HSIeTCSI ¥ 00y4yaeTcs, UTO MOAXOAUT IJIsSI PaKTUUeCKMUX TIPUT0KeHUIA.

Hlanee u3JjioxkeHMe MaTepyuasia pasjeiia IIoCTPOEHO M0 CIeAYIIeMy IJ1a-
Hy. B ciemyoiem rogpasmesne pacCMaTPUBAETCS CBSI3aHHAs TEOPUI0 TeMaTu-
YyeCcKOro MoaenupoBanus. Jlanee mpuBoauTcs nHGopMaLys 06 UCI0Ib3yeMOM
Habope JaHHBIX 1 00pabOTKe JaHHBIX. 3aTeM UAYT SKCIepUMeHTabHbIe pe-
3y/nbTaThbl. VI B KOHIIE TTOABOASITCSI UTOTU U 00CY>KIaeTcsl BKIad, paboThl.

ITpu 06paboTKe ecTeCTBEHHOTO SI3bIKA MCCIeIOBATENIb MMEET JeJI0 C KO-
nexKuueit dokymeHmos, COCTOsIIEe 13 MOCaeN0BaTeIbHOCTEN CJIOB, UIU MO-
KeH08. B 6aHKOBCKMX TpaH3aKIMSIX Mbl MMeeM JeJi0 C KOJJIeKIIuei ucmopuii
MpAauH3akyutl KJaueHmos, COCTOSIIeN U3 MOoC/Ie0oBaTeIbHOCTeM TpaH3aKIIMIA,
onucbiBaembix gatoi, MCC-KogoM 1 CyMMO#, ITOTpAYe€HHOM 10 STOMY KOLY.
Takum 06pa3som, MOKHO YMTaTh KJIMEHTOB KaK KHUTY (CM. pucC. 2), mpume-
HSISI TeMaTUUYeCKYyI0 MOJeb K UX MCTOPUU TpaH3aKuui. PesyibTaTOM 3TOrO
CTaJIo ObI JITATEHTHOE NPOCMPaHcmao amobedduHz08, KOTOPOe IIpeACTaBIIsIeT TU-
bl TIOTPEO/IeHMS, TOJIyYeHHbIe U3 CTaTUCTUKM JAHHBIX O TpaH3aKUusIx. Te-
Mbl TIPEIOCTABJISIOT XapaKTePUCTUKY J1I0O0T0 K/IMeHTa pa36MBKOIi ero Ha TUIIbI
MIOTpebIeHMSI, ONIMCHIBAIOIINX €T0 MHTEPIIPEeTUPYEMBIM 00pa30M.

Eciu paccmaTtpuBatb MCC-Kop, TpaH3aKIMM KaK TOKEH, TO 4YaCTOTY TOKe-
Ha MOXXHO ITOJIOKUTb PaBHOM CyMMe, IOTPaueHHOM Ha 3TOT KOJ, B IOKYMEHTe,
TIPeaCTaB/ISIOIMM UCTOPUIO TPAH3aKLUI KIIMEeHTa.

Vnu, 6onee ¢hopmaibHO, 0603HAUaAs KOJIJIEKIMIO TPaH3aKIMii KIMEHTOB
Kak D, MUHOUBUAYAJIbHYIO UCTOPUIO TPAH3aKLUMI KIMeHTa KakK d € D, U KOJI-
JIEKIIMIO BCeX BO3MOKHBIX B D TpaH3aKIMI Kak W, C KaXIOM TpaH3aKIiuen,
0003HauaeMoii Kak w € W, Mbl MOXXEM CJIeIYIOIIMM 00pa30oM MHTEPIPETUPO-
BaTh B pacCMaTpuBaeMoii 0671aCTy TUIIOTe3bl, IPMHMMAaeMble B TeMaTUUeCKOM
MOJe/IVPOBAHUN:
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— Tunomesa mewxa cnog. [IopsinoK MPOAYKTOB B CYETE U3 MPOLYKTOBO-
rO MarasuHa He M3MEHUT TOro, KakK 3TOT CUET OymeT KaTeropm3oBaH
MO/I€JIBIO.

— Tunome3a ycnoeHoii He3asucumocmu. Kaskablii TOKEH, OMMCHIBAIOIIAIA
KJIMEeHTAa, MOSIBJISIETCS B €r0 MCTOPUM TpaH3aKIuii 61arogapsi HEKOTO-
poMy 111a6JIOHY TTOBeIeHMsI, 00IIeMy IJjIs1 MHOTUX K/IMEeHTOB, a He 6/1a-
rogapsi UMEHHO 9TOMY KOHKPETHOMY KJ/IMEHTY.

Knaccudbukanysa Ha ocHoBe mpodmias kKiameHTa OrpenenéHHoe paHee
MHOXeCTBO D = {d;}'_;, — 3TO MHOXeCTBO K/IMEHTOB OaHka, a Y = {y, o
MHOYXeCTBO UX I1eJIeBbIX XapaKTepUCTUK. MbI CTpeMMMCSI IIOCTPOUTh MO EIb
f(- | a): D — Y, UCTIONb3YIONIYIO pacnpenenenue p(t | d) mpoduieit KIMeHTOB
B KayeCTBe HauyaJbHOTO ITPOCTPAHCTBA NIPM3HAKOB, MAKCUMMU3UPYS TOUHOCTD:

L [#(p1d) @) = 3] - max. (13)

1.2.2 TloaroroBKa JaHHbBIX

IaHHbIe AJ1s1 SKCIIEPMMEHTOB IIpe/iCTaB/IeHbl MOASIMM: UAeHTUHUKATOD
K/IMeHTa, BpeMsl TpaH3aKI[uu, CyMMa TpaH3aKLMM, Koi TpaH3akuyuu. Kpome
TOTr'0, €CTh TAOIMIIbI, COmepKaIle OaTy POKAEHUS U IO KIMeHTa. JJaHHbIe
IIpeoCTaB/ieHbl MHAYCTPUATbHBIM ITAPTHEPOM U IIOTOMY He MOJJIeXXaT Ooriac-
Ke.

B mpoiiecce paboThl OTYYMIOCh 000TaTUTh MMeIolIecs JaHHbIe A0 -
HUTenbHO uepapxueit MCC-komoB, 00beaunHMB Moxokue MCC-Kofbl B KjacTe-
pbI ¥ IIPMCBOMB MM UMTaeMble METKM, TaKue Kak, Harpumep, takcu”, “A3C”
1 opyrue. B Xome npenBapuTeabHOi 00pabOTKM ObIJIO IPUMEHEHO 1Ba MeToza
IJIsT KOOMPOBAaHMS CYMMBbI, ITIOTpaueHHOM B KaXKI0¥ TpaH3aKluu. Bo-1epBhIx,
CyMMa MCIO0JIb30Bajach B KaUeCTBe YaCTOThl TEPMMUHOB [IJISI KaXKI0¥ TpaH3aK-
1. Takyum oopasom 6osbie morpauyeHo Ha MCC-kop — yailie 9Ta TpaH3aKI s
BCTpeuaeTcs B Iipodusie noib3oBartess. OJHAKO 3TO MOKET IIPUBECTH K MCKa-
SKeHUI0, KOIJIa pefiKasi, HO Joporasl IOKyIIKa MOXeT YUMUThIBAThCS TaK Ke, Kak
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M MHOKECTBO OOBIUHBIX JIEIIEBBIX TPAaH3aKIINii. [I09TMOY ITpUX0OaM KO BTOPO-
MY CI0CO0y YU€Ta CyMMbI 110 TPaH3aKIMM — YTOObI KOMITIEHCMPOBATh OMMCAH-
HOe BbIIlIe MCKakeHMe U 000raTuTh CJIoBapb, Kaxkabiii MCC-Kop, pa36uBaeTcs
Ha KBAaHTUJIU, TO €CTh BBOJSITCSI HOBbI€ TOKEHbI. DTU TOKeHbI KoaupyT MCC-
KOJI, TPaH3aKLUMM M KBAaHTWUJIb IIOTPAUY€HHO CYMMbI: HV>Ke CpeJHero, CpeaHMii,
BbIIIIE CpeJHero.

Hakonel, nepapxust MCC-KOI0B BBOAMTCSI B KaueCTBEe HOBbIX MOJAJIb-
HOoCTeli. B maHHOJ paboTe MCIONb3YIOTCS dMOeIAMHTIM, ComepKaliyue TOJbKO
MCC-xogpl ¥ MOOA/JILHOCTb MaJIbIX Ipynn (AUCKpeTHbIX rpymnn TpaT 1mo MCC-
KogaM). JIpyrue MOOaJbHOCTU MCHOJb3YIOTCS IJISI TIPOBEPKM adeKBATHOCTU
T0JIy4UeHHOM TeMaTudeckon moaenn — MCC-Koapl U3 IeCTBUTEbHO YA aleH-
HbIX ¥ HEKOPPEIMPOBAHHbBIX I'PYIIIT HE JOIKHBI HAXOAUTBCS B OOHOM Teme. Ha-
IpyMep, MOZeNlb C TeMaMM, COIepsKallyMM KOIbI U3 TPYIIII ~IlyTemecTBus” u
“PeMOHT noMa”, OyeT OT6pOILIeHa B Ipolecce 00yUYeHMS.

1.2.3 DKcrepyMMeHT

ITpoBepsieTcst CIIOCOOHOCTD MpejlaraeMoro IMoAX0a CO3/1aBaTh BEKTOP-
HbI€e IIpeJCTaB/JIeHMS KJIMEeHTOB 6aHKa Ha TOM K€ YPOBHE, UTO U pea/ibHbIe TaH-
Hble. Hapsimy ¢ OCHOBHOJA 11€/1bI0 ITPOBEPSIETCS BMUSIHME IIpeaBapUTeIbHO 00-
pabOTKM JAHHBIX Ha pellleHye Hallei 3agaun. [Ij1s1 o0yueHust CTaHIapTHO Te-
MaTMUUeCKO MOJeM HeoOXOAMMO OIpede/nTh BaskHeiIe rumeprapamMer-
pbI, BK/IIOYAIOIIMe: KOJIMUYeCTBO TeM, KOINM4eCTBO 1aros EM-anropurtma (Ko-
JTUYECTBO UTepaluii o0ydeHust), Ko3QOULMEHThI peryaspusanum — ¢ ITOMO-
1[I0 OLIEHKM KOTE€PEHTHOCTU MOZEJIM, KOTOPasi KOPpeJaupyeT C MHTEePIpeTH-
pyeMoCTbI0 [6]. /11 CpaBHEHUS Pas/IMYHBIX TeMaTUYeCKUX MOAeieil OCHOB-
Hble TUIleprnapaMeTpbl GUKCUPYIOTCS: KoJuuyecTBO miaroB EM-aaroputma u
KoJInuecTBO TeM. KoaduiiveHThI XXe peryasspusaiyuy HacTpauBalTCS B COOT-
BETCTBMM C BbIOPAHHOI MeTPUKOIi. B mmpoliecce mccieqoBanmii, 661710 OOHaApY-
JKEHO, YTO Haujyulllye MOZeNM IIOIy4aloTcs IIpU KoauyecTse TeM OKoio 30,
M TIOTOMY 3TOT ruUmepIiapamMeTp ObLa 3aUKCUPOBAH OJIs1 BCeX TeMaTUUYeCKUX
MozeJieii B JaHHOoi paboTte. B Tabnuiie 1 mpuBemeHbl IIpMMepbl TeMbI, CBSI3aH-
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HbIX ¢ “OTimyckom”, rae BMecto MCC-KOIOB /1Sl HAIIIIHOCTHM MCIIOIb3YIOTCS
COOTBETCTBYIOLIME MHTEPIpeTHpyeMbie rpyrmbsl MCC-KomoB.

Ta6muua 1 — Tembl mpo “OTmyck” (Vacation).

I'pynmna Tpar BeposiTHOCTB
Plane tickets 0.575
Duty-free 0.177
Theatres 0.0094
Hotels 0.049
Attractions 0.0038
Drug stores 0.0022
Car sharing 0.009

Ilon BeposiTHOCTD
My>kunHa 0.393
JKeHmiHa 0.607

Bo3spacTHas rpynmna | BepossTHOCTB
17-23 0.138
24-35 0.442
36-54 0.376
55+ 0.043

BHyMaTeIbHbINM UMTATEIb MOT ObI 3aMETUTH, YTO BEPOSITHOCTb PACXOI0B
B Tabnuile 1 He paBHA eIMHUIIE. DTO CBSI3aHO C AJMHHBIM XBOCTOM B paclipe-
IeJleHl M, KOTOPbI He OTpakaeT OCHOBHOM TeMblI, M IIOTOMY He IToKa3aH. UTo-
TOBYIO KJIaCTepM3alMI0 KJIMEeHTOB, BhIIIOJIHEHHYIO ITEPBOI TeMaTM4eCKOi MO-
Ienbl0, MOXKHO YBUIETb HA pPUCYHKeE 3.

DKCIIEPMMEHT IOCTPOEH CIeAYIOMNM 00pa30oM: CO31aETcst 6a30BOe BEK-
TOPHOE TIpPeJCTaBeHNe KJIMEeHTOB Ha OCHOBE JAHHBIX 00 MX TpaH3aKUMIX, U
BEeKTOpPHOE IIpeACTaBjeHMe OT TeMaTUuecKol Monelu. 3aTeM OlieHMBaeTCs
TOYHOCTb MpeACcKa3aHus ojia U Bo3pacra ¢ moMolubio momenn CatBoost [61].
OMOeIIVMHTY TeMaTU4YeCKoi Moaeay KOPPEeKTUPYIOTCS Ha obyualoliemM Habo-
pe DaHHbIX. Pe3ynbTaThl /ST pa3andHbIX SMOeIIMHIOB MpeICcTaBaeHbl B Tab-
auue. 2.

B tabmuie 2 Mopmenu ¢ TeroM < DemoOpt” OonTMMM3MPOBAHbI AJIS JIyU-
11eji POMU3BOAUTENbHOCTM B IIpeaCcKa3aHMM Iojia M BO3pacTa, a MOIeNIu C
Terom Coherence” 6bIIM ONITMMM3MPOBAHBI I10 [TOKA3aTEII0 KOTePEHTHOCTH,
YTO cIenajio ux 6osiee MHTEpIIpeTupyeMbiMu [6]. Kak BUIHO, yIanaoCh MoOJy-
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Tabmuua 2 — CpaBHeHMe MOJeJIeli IJIs1 pa3sHbIX TUIIOB IIPegoOopadboTKM.

Tounocms | TouHOCMb
Tun mopenn Muxkpo f1-ckop
no noJjy | no eo3pacmy
Plain MCC 0.719 0.452 0.424
ARTM Coherence 0.658 0.405 0.377
ARTM DemoOpt 0.728 0.457 0.435
Categorized MCC 0.730 0.465 0.439
ARTM Coherence 0.665 0.439 0.414
ARTM DemoOpt 0.685 0.45 0.427

YUTDH IMOEIIVMHIY, KOTOPbIE OKA3a/IMCh JIYUIlle, UeM MCXOIHbIE ITpeIBapUTe/Ib-
HO oOpaboTaHHbIe JaHHbIe. [Ipy 9TOM He yIasoCh IOBTOPUTD 3TO JIJ1sI JAHHbIX,
pasaeneéHHbIX 10 KaTeropusiM pacxof0B, OAHAKO IIPY 3TOM, TeM He MeHee, ya-
JI0Ch MOJIYYUTDb pe3y/bTaThl JIydllle, UeM y CTAaHAaPTHOM MOAeN.

1.2.4 3axkiaoueHue

OnmcaH Moaxo[, K MOCTPOEHUI0 TeMaTUYeCKUX Mojelieil, KOTOpble MO-
T'YT JaTh Jyylliee TIOHMMaHMe TPaH3aKIMOHHBIX JaHHBIX. DTOT MOAXOJ pellla-
eT NpobieMy IOJI€3HOCTU M MHTEPIPETUPYEMOCTM BEKTOPHBIX 9MOEIIMHIOB
K/IMeHTOB B 6aHKOBCKOM feJie. [ToiydyeHHbIe ruIiepriapaMeTpbl MOAEIN ObLIN
BBIOpPAHbI B COOTBETCTBUM C BHEITHMMM METPUKAMM, UTO JAET BO3MOKHOCTD
HACTPOUTDH MOJYUYeHHbIe SMOEIIMHIM TaK, YTOObI OHM TaKKe COmepsKaIy MH-
dbopmaliio, He TpeACTaB/IeHHYIO0 B peajibHbIX JAaHHbBIX. [loKa3aHO, UTO BeK-
TOpPHBIE IIpeICTaB/JIeHMs, IIPeaoCTaB/IsIeMble MOE/Ibl0, COXPAHSIIOT BCe BaXK-
Hble 0COOEHHOCTH, ITO3BOJISIIONIME PAacCKa3aTh MOIb30BaTEI0 MICTOPUIO O K/IN-
eHTe, IIPU 3TOM COXPaHsIsI BBICOKYIO MHTEPIIPETUPYEMOCTb, HEAOCTYIIHYIO IJIS
oonpiIMHCTBA 60siee 3pdekTUBHBIX ML-Mopeneii.

Kaxk BuIHO 13 TabaMIIbI 2, HE TOJIBKO TeMaTHUUYeCKOe MOJe/IpoBaHue, HO
M TIPOCTas IpeaBapuTe/ibHas 00paboTKa, onMcaHHas B pasjaese, MOXeT JaTh
TOJIYOK B HY>KHOM HaripasjieHUU. [IpaBuibHO HACTpOEeHHAas TeMaTu4ecKast MO-
IleJib IT0Ka3aJia Jydlliye pe3yabTaThl 110 CPaBHEHMIO C HEKaTeropmu3npoOBaHHbI-
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MM JAHHBIMM, HO He CMOIJIa IIPeB30iTY 6a30BbIii YPOBEHD IS KATErOpuU3u-
poBaHHOro koga MCC. DTo MOXKeT ObITh CBSI3aHO C OIHMM U3 ABYX (haKTOPOB.
Bo-nepBbIX, OTpaHMUEHMEe Ha KOJIMYECTBO TEM B MOAEIN MOIJIO OKa3aThCs pe-
IIaI0IIMM, TaK KaK CJIOBapb YBEJIMUYMBAJICS B pe3y/bTaTe MpeaBapuTeabHOi 00-
paboTku. Bo-BTOPBIX, BO3MOXKHO, apXUTEKTypa MOJeM He MO3BOJISIeT YUYeCThb
HEKOTOpble 0COOEHHOCTH TaHHBIX, KOTOPbIE CTATM OUEBUIHBI AJ1s1 Kiaccudu-
kaTopa CatBoost Ha KaTeropu3MpoOBaHHbIX TaHHBIX.

B 6ynyiiieM MOKHO TONBITATbCS YIYUYIIUTD MOJIe/Ib TakK, YTOObI OHA YUM-
ThIBajla COBCTPEUAEeMOCTM TpaH3aKIIMUii, TakKkKe BaKHO OyIeT CIIPaBUTHCS C
CUMJbHBIM AyMcOasaHCOM, KOTOPbI HAOIIOmACS B MCIIOJIb30BaHHOM Habope
IaHHBIX.

1.3 TopicNet

Jordan Boyd-Graber, Yuening Hu u David Mimno B cBoeit MOHOrpa-
dbuu [25] moKa3bIBaIOT, UTO pa3paboTKa HOBOJ TeMaTueCKoi MO/Ie/IN SIBJIsSeT-
CS1 CJIOSKHBIM TIPeATIPUSTIEM, U OTIPeeSIIOT JOCTYITHOCTb Kak Haubosiee Bax-
HYIO HEPEIIEHHYIO ITPo6IeMy TeMaTUIeCKOro MogenupoBanns: “The primary
research challenge of topic models is... to make them more accessible”.

B ToM ke rofty B Apyroit myonmukaium [62] yreepxkaanoch, UTO CyIeCTBY-
I0l[/ie TeMaTuuecKue MoAenu He MPeaoCTaB/ISIOT OObIUHBIM M0JIb30BaTESIM
(He 3KkcrepTam) MPSIMbIX CPELCTB IJIS1 USMEHEHUSI TEMbI, €C/Iv OHa UX YeM-TO
He ycTpauBaet. B nccienoBaHuu npenjioskeHO HeCKOIbKO YIyUIIeHUM Cylie-
CTBYIOIETO IMOJIb30BATEIbCKOI'O OIbITA B MCII0JIb30BAHUM TEMAaTUUYECKOr0 MO-
IeIpPOBaHMs, CKOHLIEHTPUPOBAHHbBIX HAa BU3YyalIU3alUN TeM [J15 [10JIb30BaTe-
JIen.

CraTbsl Opyroi rpymibl [63] 4eMOHCTPUPYET, YTO IOIy/ASpHble TeMa-
TUYECKMe MOJEIN He JAIOT XOPOLIMX Pe3y/IbTaToOB IPU UCIOIb30BAHUM KaK
eCTb’, CO 3HAUeHMAMMU [MapaMeTpPOB 10 YMOJYaHUIO.

C TeM 4TOOBI OOJIETYUTDH MCC/IEIOBAHMS O TOUCKY CKPBITHIX TEM B

TEKCTOBBIX KOJUIEKIVSIX, IIPeICTaBIIsIeTCs] IIporpaMMHbIi makeT TopicNet!?.

'Mcxonnbrit kop: github.com/machine-intelligence-laboratory/TopicNet.
2 loxymenTanumsi: machine-intelligence-laboratory.github.io/TopicNet.
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TopicNet crroco6CTBYeT IOBBIIIEHNIO TMOKOCTM MPOEKTUPOBAHUS TeMaTuye-
CKMX MOJeJIeil U IIpeJoCTaB/IseT MOIIHBIN OIBIT Pa0OTHI - 13 KOPOOKN”, TIOBBI-
11as JOCTYITHOCTb TeMAaTUYeCKOrO MOAe/IMPOBAHMS OJIS LIMPOKOM ayaUTOPUMN.

1.3.1 Cas3aHHbIe padOThI

CyllecTByIOIIME aJrOPUTMbl TEMATUYECKOTO MOIENUPOBAHMUS OepyT
CBO€ Hayajio OT JIATeHTHOr0 ceMaHTH4Yeckoro aHannsa — LSA [64], — koTo-
pbIii, TIO CYTH, IpeaCcTaB/seT cob0ii pa3/iokeHMe M0 CUHTYISIPHBIM 3HAUEeHU-
SIM C Ha¥MEeHbIIVM BO3MOXXHBIM PAHTOM [j11 MaTpuLlbl pasmepa D X W . Ilo3n-
Hee OCHOBHOE MeCTO B 00/1aCTM TeEMATUUYeCKOI0 MOIeIMPOBAaHMS 3aHSII BEpO-
SITHOCTHBIN ITOAXO0M. BepOSITHOCTHYIO TeMaTUUYECKYI0 MOJie/Ib MOKHO pacCMarT-
pUBaTh KaK “YEPHBIN AMMK”, KOTOPbIi [TOJIy4aeT Ha BXOJ, KOJIJIEKIIMIO TeKCTO-
BbIX JOKYMEHTOB, & Ha BbIXOJle BbIJIaeT IBa CeMeiCTBa pacipeneieHnii: Bepo-
SITHOCTY TEPMMHOB IJIS1 K&KIO0M TeMbl ¢, = p(w | t) ¥ BepOSITHOCTU TEM [JIsI
KakIOro JoKyMeHTa 6,, = p(t | d). Matpuua ® pasmepa W x T v maTtpuiia 0
pasMepa T X D sIBJISIIOTCS ITapaMeTpaMy MOZeJii, KOTOpble TOJIKHbI ObITh Haii-
IeHblI B IIpoliecce 00yueHus.

Pa3BuTHMe BEpOSITHOCTHOTO MOAE/NMPOBaHMSI TeM HAUYaJIOCh C ABYX (PyH-
IaMeHTaJbHbIX MOZeJIei: BEPOSITHOCTHOTO JIATEHTHOTO CEMaHTMYeCKOI'o aHa-
nu3a — pLSA [37] — u naTeHTHOTO pacnipenenenus Qupuxne — LDA [57]. LDA
eCTb 110 cyiecTBY pLSA ¢ ripenmnonoskeHnemM O MPUHALIEXHOCTU BEpPOSITHOCT-
HbBIX pacrpenejieHnii CJIOB B TeMax ¥ TeM B JOKyMeHTax pacrpeneieHnto Iu-
puxJe, Kaskjoe CO CBOMM ITapaMeTpoM KOHIeHTpaluu. O6bIYHO B KaXKI0M U3
IOKYMEHTOB Pea/ibHOM TEKCTOBO KOJIJIEKIM 3aTParmBaeTcs BCero HeCKOb-
KO TeM. A KaykIasi TeMa 00bIYHO CKOHIIEHTPUPOBAHA B OTHOCUTEIbHO HEOOJIb-
IIIOM MHOeCTBe CJI0B. OTO CBOMCTBO Pa3peskeHHOCTU M OTPa’kaeTcCs B Iapa-
MeTpe KOHIIeHTpaluu pacrpenenenus Jupuxie. Takum o6pa3om, pa3pexkeH-
HOCTb pacrpepeieHnin [Jupuxie SBJISIETCS BEPOSATHOCTHLIM MHCTPYMEHTOM,
KOTOPBI BOIUIOIIAET 3TY MHTYUIIMIO O CBOMCTBAX TEKCTOBBIX KOJUIeKIMit. OfI-
HaKo, COIJIaCHO cTaTbe [65], LDA TpebyeT 0OLIMPHOI ONTUMM3AlUM rUIeprna-
paMeTpOB 1S TTOTyYeHMS XOPOIINUX Pe3yabTaTOB.
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3a 1ociengHue roabl MOSIBMJIOCh MHOTO paciuMpeHuin mogeinein pLSA n
LDA, Kakmoe 13 KOTOPBIX YUUTHIBAET pa3/IMUHble 0COOEHHOCTH JAHHBIX, Xa-
paKTepHble A TOI UM MHOM 3adaun, U obecrieumBaeT kejaeMble CBOICTBA
pemienus. Haununast ¢ mogenu LDA, 6ajiecoBckoe oOydyeHMe SIBSIETCSI CTaH-
napTom ne-dakTo B TeMaTMYeCKOM MOJeaMpoBaHuK. B aTOM Mmomxome cHa-
yajia OMMCBHIBAETCS BEPOSITHOCTHASA reHepaTUBHASI MOJE/Ib NaHHBIX, 3a1al0TCS
aIIpMOpHbIE pacrpeae/eHns mapaMeTpPOB MO/, a 3aTEM C [IOMOIIbIO Oaiie-
COBCKOT'O BbIBO/IA ITOJIYYAKOTCS allOCTePMOpPHbIe paclipefiesieHMs IapaMeTpOB.
baitecoBCKMi1 BLIBOJ, B K&XKA0M C/lyyae YHUKAJIeH, U, C/1ef0BaTeIbHO, YHUKA/Ib-
Ha peanu3salus Kaxka0il HOBO MOZEN.

ApIviTUBHAS peryasapusauus s TeMaTUYeCKOTO MOMAE/JIMPOBAHUSI —
ARTM [66; 67] — 3TO, HAIPOTUB, He OaliecOBCKUIT MHOTOIleeBoi moaxon. OH
OCHOBAaH Ha MaKcUMM3aluu jorapudma mpaBaonomsooms KoajaeKIu BMecTe
CO B3BeIlIeHHOJ CYMMOJ KpUTepueB peryisipusanyu. MHOrue u3BecTHbIe 0aii-
eCOBCKMe TeMaTuuecKue MOoeau MOTIYT ObITh nepedOpMyIMpPOBaHbl Kak pe-
ryasipu3oBaHHble B paMkax APTM mopenu PLSA. Tlocne Takoii repedopmy-
JIMPOBKM OHM OOBIUHO CTAHOBSITCS ropasfo Mpolle Js1 TIOHMMaHUsl U pea-
mu3auyn. [ogxon ARTM 1o3BosisieT KOMOMHMPOBATh TeMaTU4YeCKMe MO e,
IIPOCTO A00aBJIsISI UM yOoupasi peryaspusaTopbl. OTO MPUBEIO K MOSIBIEHMUIO
MOZY/IbHOM TE€XHOJOTUM TEMAaTUUYEeCKOTO0 MOJEeIMPOBaHUS, peaiM30BaHHOM B
IIPOrpaMMHOM 00eCIIe4eHMM C OTKPBITHIM MCXOOHBIM KomoM BigARTM [68].3

[Ipy HanMUMKU reHepaTMBHONM MOMAEeIM U JaHHBIX HeOOXOIMMO BbIIOI-
HUTb BBIBOJ, IJISI TIOJIyYeHMSI BePOSITHOCTHBIX pacIipene/ieHnii, 3aBUCSIINX OT
TeMbl. CyllleCTByeT MHOTO aJirOpUTMOB BbiBOga: EM-anroputm (expectation-
maximization algorithm), cemrimpoBanue o I'mooey (Gibbs sampling), Ba-
pualMOHHbBIN BbIBOA, (variational inference), rpagueHTHbIN crmyck (gradient
descent) u mepemaua coobiieHnii (message passing). B ARTM pnjs obyueHust
rapamMeTpOB MOZEeIU UCIIOb3yeTCs peryasipusoBaHHbiin EM-anroputm. Cxox-
CTBO MEXIY KaXkIbIM M3 YIIOMSIHYTbIX aITOPUTMOB ObLJIO OTMeUYeHO B [69].

Gensim [70] — oguH u3 cambix nomnyasipHbiXx NLP ¢peiiMBOpKOB 1iJisl Te-
MaTUUYeCcKoro mopeanpoBaHus. OH peannsyeT HECKOJbKO IOIYJISPHBIX MO-
nmeneit, Takux Kak LSA, pLSA, LDA, Hierarchical Latent Dirichlet Allocation
(HLDA) u nx npousBogHbie. Takke B Gensim peann30BaHO BbIUMCIIEHME KO-

Sbigartm.org.
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TePEeHTHOCTU IJIS1 YAYyUIIeHUsI TeEM U3 paHee YIIOMSIHYTbIX MOJeJieil, KaK 3TO
CIieJiaHO B cTaThe [71]. ®peliMBOpPK HamucaH Ha s3bike Python 1 ontumusupo-
BaH 111 paboThI C OOIBIIMMM MacCMBaMU TOKYMEHTOB.

Stanford Topic Modelling Toolbox — TMT [72], ocHoBaHHbIii Ha Scala,
comepxkut momenu LDA, Labelled LDA u PLDA, mocTyIiHble Ajis1 0Oy4eHMsI.
Stanford TMT Taxkske BK/IIoUaeT B ce6st ymo6HOe B3auMoeiicTBue ¢ Excel, mos-
BOJISIS 3aTPY>KaTh JaHHbIe U3 ssueeK Excel u reHepupoBaTh 60raThIii BHIBO, IS
OTCJIEXXMBAHMS UCITOIb30BAHMS CJIOB 10 TeMaM, [0 BpeMeHU U IPYTUM KpuTe-
pUSIM.

MALLET [73] — 3TOT M3BeCTHbIV (ppeiiMBOpPK MO TeMaTU4eCKOMY MO-
oelupoBaHMI0 peasiM3oBaH Ha Java. ComepkuT 3¢G¢eKTVMBHbIe, OCHOBAH-
Hble Ha ceMIUIMpoBaHuMM mo I'mb6cy peammsauymu mopeneir LDA, Pachinko
Allocation [74] uw HLDA. MALLET npenocTaB/isieT HOAAePsKKY yayUllleHHbIX MO-
neseri LDA 1 4acTo UCIIONb3YyeTCs J1s1 OHJIaliH-CepBUCOB [75].

Bubnuoreka MmomenupoBaHusi TeM KOpOTKUX TekcToB (Short Text Topic
Modelling) — STTM [76] — aTo Java-(peiiMBOpK, KOTOPbII paciiupsieT aua-
Ma30H AOCTYITHbIX METOIOB MOIEJIMPOBAHMUSI C OTKPBITBIM MCXOIHBIM KO-
IOM U 00beIVHsSIET caMble COBpeMEeHHbIe MOAEeIN aJrOPUTMOB MOAEeINpPOBa-
HMSI T€éM KOPOTKMX TEKCTOB. B mepByl0 ouepenb OH HalleJleH Ha BbIIe/IeHle
3HAUMMBIX T€M U3 KOPOTKUX TEKCTOB, [I03TOMY MHOTUE BBICOKOIIPOU3BOIM-
TeJibHbIe MOJeJM, TakKue KaK MyJIbTMHOMMa/IbHas cMmech [dupuxie (Dirichlet
Multinomial Mixture, DMM) [77], Word Network Topic Model (WNTM) [78],
Pseudo-Document-Based Topic Model (PTM) [79] u Self-Aggregation-Based
Topic Model (SATM) [80] mpeacTaBieHbl B 3TOM (peiiMBopKe. HekoTopbie Te-
MaTH4JecKue MOoJenu OJisl JJAMHHBIX TeKCTOB, Takue Kak LDA n Latent Feature
Model with LDA [81], Takke ecTb B STTM.

Familia [82] — aT0 dpeiiMBOpK, peaqn3ywoliuii pasjindHbie TeMaTuue-
CKMe MOJIe/in, BK/IIo4asi, HO He orpaHmuumBasich, LDA 1 Supervised LDA: Topics
Over Time (TOT) [83], Bilingual Topic Model [84], Location-Aware Topic Model
(LATM) [85] 1 HEKOTOpbIe IpyTHe, UCII0Ib3Ys CEMIUIMpOBaHue 1o ['mbocy B Ka-
yecTBe “MaTeMaTUYeCKOro IBYKKa”. HecMoTps Ha 3asBJI€HNSI aBTOPOB O TOM,
yTo Familia mpegocTraBiisieT BO3MOXKHOCTD - KOHCTPYMPOBATh COGCTBEHHbBIE Te-
MaTuyeckue Moaen”, Ha MOMEHT ITPOBeIeHMs HAaCTOosIIei paboThl B perno3u-
TOpUM MpoeKTa [86] He 6bIIO HAlIEHO TaKUX CBUIETE/IbCTB.
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Kak yske ObLJIO CKa3aHO, OJHOM M3 OCHOBHBIX IMpo6seM B 067acTy Te-
MaTHUUYECKOTO MOJIeJIMPOBAHMS SIBJISIETCSI TOCTYITHOCTb MOjiesieit 1JIs IMPOKO¥i
aynutopun. KaskmoMy M3 paHee yIOMSIHYTbIX (ppeiiMBOPKOB yIaJIoCh yCTpa-
HUTD 3TOT ITPOOEJ HAa MOMEHT MX BBINYCKA, HO B CMJTY IIPUPOIbI 6aiieCOBCKOTO
nogxoaa Hambosee ronynsipHbie GpeiimBopku (Gensim, MALLET) nmpenocTas-
JISIIOT yCTapeBIliyie MOZEN.

I pyras pob6yieMa 3aK/II0UaeTCs B TOCTPOEHUM CJIOXKHBIX, JIETKO peainsy-
€MbIX ¥ MHOTOIIe/IeBbIX TEMaTUUYECKUX MoIesieit ¢ Hy/st. XOTs 6a30Bast MOJIe/b
MOKeT ObITh peajin30BaHa 3a pasyMHOe BpeMsl, ee ylayullleHle OCTaeTcCsl Kak
TPYJOEMKOJ, TaK U ITOABEP>KEHHOI olIMbKkam 3amaueit [82].

B pesynbTaTe JaHHOV pabOThI XOUYETCS He TOJbKO COKPAaTUTh Pa3pbiB
MEXKIY HOBBIMM U MOITYJIIPHBIMM MOJEJISIMM, KaK 3TO YkKe B CBOE BpeMsI Je-
Janu TIpeiecCTBeHHUKY, HO U MPeIOCTaBUTh MHCTPYMEHT, KOTOPbIN IT03BO-
JIAT BCEM >KeJaloIIMM C JIETKOCThIO CTPOUTb CBOM HOBbIE TUIIBI TEMATUUYECKUX
Mopesneii. bnaromapst popmanusmy ARTM, TopicNet npensiaraeT coo0I1IecTBy
CIeLMa/ICTOB 110 00paboTKe eCTeCTBEHHOTO S3bIKa JOCTYM K MYJIbTUMO/IA/Th-
HOMY TeMaTHUUEeCKOMY MOJIe/IMPOBaHMI0 Ha OcHOBe Python, KoTopoMy TOCTyTI-
Ha 00paboTKa 1 6OIbIINX JOKYMEHTOB, ¥ OTPOMHBIX KOJIIEKIIMIT JOKYMEHTOB.

1.3.2 OcHoOBa npoekKTa

[Tocse BHMMATEIBLHOTO PACCMOTPEHMSI BCEX IepeurcieHHbIe TTOAX00B
K TeMaTU4YeCKOMY MOMAeIMPOBaHUIO, ObIIO MPUHSATO pelleHyre IOCTPOUTh
bpeiiMBOPK, KOTOPbII MO3BOMUT YAYUIIUTL pabOTy IMOb30BaTesei ¢ cyle-
cTByMoIIel 61bmnoTekoit BigARTM. Huke 6ynyT paccMoTpeHbI Tockl Python
API 6ubnmnoreku BigARTM, a Takke €€ MMHYChI, C KOTOPbIMM KakK pa3 Oymer
11eJIb pa300paThCsl B paMKax paboTsl Haj TopicNet.

CunbHblie cTopoHbl BigARTM BigARTM — 3T0 6bIcTpas 1 rubkasi 61bamo-
TeKa ISl TeMaTUu4eckoro MmogenupoBanus [87], ocHoBaHHasg Ha ARTM dopma-
nusMe [66]. Umes ARTM 3akiouaeTcss B 3aMeHe ONTVMMU3UPYeMOro IIpaBao-
nmom00Ms Ha peryIsIpu30BaHHOE NMPaBAONof00Me Y ONTUMU3ALUU STOTO HOBO-
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ro QyHKIMOHaJIa C TOMOILIbI0 MoaubuimpoBaHHoro EM-anroputma. Perysi-
pu3aius CIYXUT IBYM 1elsiM. Bo-TiepBbix, OHA obecrieunBaeT yCTOMUMBOCTD
M OrpaHMUYMBaeT 00JIacTb pellleHMit. Bo-BTOPbIX, KaxkKAblii peryaspu3aiuoH-
HbIJ WieH UCIONb3YeTCs IJIST JOCTUXKEHUS PA3/IMYHbIX XapaKTePUCTUK pellle-
HMSI, TAKUX KaK pa3peskeHHOCTh, pa3HOOOpasue, CBSI3HOCTh, WM Ke JIJIST yUe-
Ta MPY 00yYeHUM MOJIe/IM KaKOii-TO JOIMOTHUTeIbHOM MHbopManu. B kaue-
CTBe ImpuMepa paboThl CO BCIIOMOraTe/IbHOM MHMOpMAaIIeil MOXKHO IIPUBECTU
YUET MeTalaHHbIX IOKYMeHTa (HallpuMep, aBTOPOB, BpeMEeHHbIX METOK, T3TOB
M n-TpaMM). DTO CBSI3aHO C TeM, UTO IPaBAOIIoa00Me KaXKa0i JOIOJTHUTE Tb-
HOM MOZa/IbHOCTY MOXKHO PacCMaTpPUBATh KaK Peryasapu3aTop, IpuMeHsIeMblit
K TeMaTU4YeCKO MOJea Haj, (JIOBaMy COOTBETCTBYIOI e MOLAIbHOCTU.

HekoTopsie paboThl, Mcnob3yoline npeumyinectsa ARTM u BigARTM,
BKJIIOUAIOT: yIy4llleH/e KauecTBa pa3BeqodyHOro roucka [88], obyueHnue uMH-
TepIpeTUpPyeMbIX 3MOeIIMHIOB ¢I0B ¢ noMoiinbio WNTM [89], nepapxuue-
CKoe TeMaTuyeckoe MmonenupoaHue [90], kaTeropusauus TeKCTa ¢ HECKO/Ib-
KM MeTKamu [91], ynyullieHue TeM LJIsI BEeKTOPHOTO MpenCcTaBIeHUs TOKY-
MEHTOB B 3aJiauax perpeccuu [92], MOUCK peoKUX ITHUUYECKU PeieBaHTHDIX
TeM B COLIMa/IbHBIX Meaya [93; 94], BKIoueHMe SI3bIKOBbIX 0cO6eHHOCTel [60],
BbIOOP TeM C IOMOIIbIO Peryasipusanuy sHTponuu [95], yaydiieHue TemM de-
pe3 cerMeHTalUI0 TeKCTa [96], IpsiMoe yaydlieHne KorepeHTHOCT! Tem [97],
OCTaBJIeHMe TUIIOTe3bl < MeIKa CJIOB” IS CII0Ib30BaHMS HOBOJ Mephbl BHYT-
PUTEKCTOBOI CBSI3HOCTH [6]. B 0630pe [67] moka3aHo, Kak OajiecoBCKMe Tema-
TUYeCKMe MOe MOTYT ObITh epedOopMyIMpPOBaHbI TOpa3ao Mpolie C TOYKU
3peHusi ARTM, Briitouast MyJIbTUMOZa/IbHbIe, MHOTOSI3bIYHbIE, TEMIIOPAJIbHBIE,
Mepapxuyeckyue, OCHOBaHHbIe Ha rpadax U TeMaTuuyeckye Mogean Ha KOpoT-
KUX TEKCTaX.

Pa3paboTtka Teopunu ARTM u mporpammHoro obecrneuenust BigARTM Bce
ellé Mpoo/sKaeTcsi. MHOrMe U3 CYILIeCTBYIIIMX IMUPOKO UCIIOIb3yeMbIX pe-
TYJISIPM3aTOPOB ObLIM ITPeI0KeHbI COOOIIECTBOM.

Ha MomeHT nipoBeieHMst pabOThI, cpeay Apyrux GpeitMBOPKOB 151 TeMa-
TUYECKOTO MOJieJiMpoBaHus TojabKo Familia npepjaraeT comocraBumyto ruo-
KoCTb. OgHAKO BO3MOKHOCTb ITOCTPOEHMSI COOCTBEHHOI TeMaTuuecKoii Mmoze-
T WU Jaske e€ 00yueHMs Ha 3aJlaHHOM KOPITyCe OTCYTCTBYET B OTKPBITOM MC-
xogHOM Kope Familia [86].
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Cnaobie ctopoHbl BigARTM  [Ipy Hanuumuy TOUHO crieliuUKalum perysi-
pu3oBaHHOI Mogenu BigARTM moxkeT 06yuMUThb €€ ObICTPbIM, MaciITabupye-
MbIM 1 3 GeKTUBHBIM crtocobom. OgHaKo HesICHO, OTKyIa 6epeTcsi caMa cIie-
1ndukanys. B To BpeMsl Kak BbICTaB/IeHMEe KOJIMUECTBA TEM SIBJISIETCSI Hepe-
IMIEHHBIM BOITPOCOM BO MHOTUMX (peiiMBOpKax TeMaTU4eCKOr0 MOJeIMpoBa-
Husl, mpobiema B BigARTM yc/iokHSIeTCS BO3MOXKHOCTBIO COUeTaHMSI MHOKe -
CTBA Pas/IMYHbBIX PETYISIPU3ATOPOB, KaXKIbIi U3 KOTOPbIX MMEET HeM3BECTHBII
MHIOUBUAYaIbHbBIN KoapduiimeHT perynsapusanum. M BigARTM He mnpepnjara-
eT MpaKTUUeCKM HMKAKMX PeKOMeHIaliuii 1o BbIOOpY peryiasipusaTopoB U UX
CTPYKTYPHBIX ITapaMeTpPOB.

JomoMHUTENbHBIM (AKTOPOM, OOYC/IaBAMBAIOLIIMM BbICOKMII BXOIHOI
O6apbep, SIB/ISIETCS HECKOJIbKO HEYIOOHbBIN M HellocaemoBaTenbHbiii API B 616-
nuoteke BigARTM. 2To ecTecTBeHHbIN pe3yabTaT BHeAPeHNUsI HOBOM (PYyHKIIM-
OHAaJILHOCTH JI0 TOTO, KaK CJIOKMIACH “JIydilasl MPaKTUKa” ee MCIIO0Ib30BaHMs,
11 HEBO3MOXKHOCTM M3MeHUTh API BocyiegcTBum 13-3a COOOpaskeHmii oopar-
HOV cCOBMeCTUMOCTH. [lo3TOMY 110 Mepe Toro, Kak nmpuiokeHnsit BIgARTM cra-
HOBMJIMChH BCe O0jiee pa3HOOOpa3HbIMM, @ aJITOPUTMbI [IOCTEIIEHHO COBEPIIIeH-
CTBOBAJIMCh, BICOKOYPOBHEBBI MHTepdeiic BigARTM cTaHOBMUIICSI BCE MeHee
IIPYUCIIOCOGIEHHBIM [IJIS JIYUIIMX ITPAKTUK”.

Emé omHuM HefocTaTkoM 616moTeky BigARTM sBiisieTcs CI0KHOCTD eé
pacmupenus. C TEXHMUECKON TOUKM 3peHus, 6ubamnoreka BigARTM cocrout
13 sapa, HamucaHHoro Ha C++, M HeCKOJbKUX KJIacCoB-00EpTOK ajist Python.
HuskoypoBHeBble mnpoiuenypbl C++ MHOTOIIOTOYHBI ¥ XOPOIIO ONTUMU3UPO-
BaHbI, UTO AAa€T BigARTM cyiiecTBeHHOE MPEeMMYIIEeCTBO B IIPOU3BOAUTEb-
HOCTU. B TO ke BpeMsi, 9TO 3aTPyAHSIET T00YI0 MOAUMUKALIMIO HU3KOYPOBHE-
BOJ QYHKIIMOHATBbHOCTU. MeXTy TeM, BbICOKOYpOBHeBbIl API He Bcerma obec-
MeuyMBaeT JOCTATOUHYIO I'MOKOCTb, UTOObI, HAITPMMEP, SKCIIEPUMEHTUPOBATD C
HOBBLIMM I10JIb30BaTEILCKUMMU PEryasipu3aTOpamMm.
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1.3.3 BupeHue npoexkTa

OcHoBHas 1eab TopicNet — cBecTy K MMHMMYMY Pa3pbIB 10 YaCTH ITOJIb-
30BaHMS OGMOIMOTEKON MeKIY HeCelMaaCTaMM Y OIBITHBIMM I10JIb30BaTe-
ASIMM. DTO He O3HAYaeT, YTO 06e IPyIINbl OYOyT UCIIOIb30BaTh OMOIMOTEKY
omyHakoBo. CKopee, 3TO 03HAYaeT, UTO 00€ I'PYIIIbI JO/KHBI MMETb BO3MOX-
HOCTb 00LIAThCS APYT C APYTOM, HOHMMATh APYT Apyra. ChopmMyInpoBaHbI Cje-
oyronye Tpe6boBaHMsI, HeOOXOAMMbIe JIST JOCTVIKEHMST STO 1eJIn:

— MomyabHOCTh: IO/KHA OBITh BO3MOXKHOCTH MCIIOJIb30BAaTh JIMIIb

HeO6OoJIbIIYI0 YacTh GyHKIMOHAIbHOCTY TopicNet B KauecTBe “Iuiaru-
Ha” B He3aBMCUMO CYIIeCTBYIOIIEM ITpoeKkTe. [IpmuunHa 3a 3TUM Tpebo-
BaHMeM IBosKas. [TepBas 3aK/II04aeTCsI B TOM, UTO 3TO JIO/IKHO 00J1er-
ynuTh BHegpeHue TopicNet: OonbITHbIE ITOJIb30BATEIN HE OYIYT BHIHYK-
IeHbl KapOMHAJbHO MEHSITh CBOM CYIIECTBYIOIIME ITPOEKThI, YTOOBI
HavaTh IOay4YaTh npeumyinectBa oT TopicNet. Bropoii MOMEHT CBsI-
3aH C cO3JlaHMeM coobirecTBa pa3paboTunkoB BOKpyr TopicNet: Mo-
IOyJAbHBIE IIPOEKTHI C OTKPBITHIM MCXOAHBIM KOJIOM 00j1€€ IPUBET/INBbI
K COaBTOpPaM.

— VHCTpyMeHThl BU3yaau3aluu: OMOAMOTEKA MO/KHA TPelOCTaB/ISITh
rOTOBbIE€ K MCITOJIb30BAHMIO MOIIHbIE MHCTPYMEHTBHI BU3YyaJIM3alun.
Takue MHCTPYMEHTBI UTPAIOT BAaXKHYIO POJIb B aHAIM3€ OIIMOOK M MO-
T'YT OBITH ITOJI€3HBI JJIS ITOCIeAYIONIMX 3a4au (HarpyuMep, 1ccienoBa-
TeJIbCKOTO ITOMCKA). B COOTBETCTBUM C IPEObIAYIIMM TPeOOBAaHMEM,
5TOT MOZY/Ib JO/KEH ObITh KaK MOXKHO 00jiee aBTOHOMHBIM; B Mjiea-
Jie, OH JIO/DKEH ITO3BOJIMTh COOOIECTBY BKIIOUMTD JIyUIlNe TPaKTUKU
B TopicNet.

- KpaTkocTb: 6ubMMoTeKa IO/KHA M30aBUTh MOJIb30BaTe/ IS OT HU3KO-
YPOBHEBBIX JIeTajIeil, 0CBOOOAMB BpeMs IJIsl pelleHMs CepPbE3HBIX (U
6oJiee MHTEpeCHBIX) 3a7ad. [IpMumMH Aj11 TaKoro TpeOoBaHMS OBLIO
Tpu. [lepBas 3aKa0UaeTCs B HEOOXOAMMOCTM CO3aTh JyUIINe YCI0-
BMSI /11 B KAKOM-TO CMBbIC/IE XY/I0;K€CTBEHHOTO IIPOLIecca MOCTPOeHUS
11eJ1IeBOJ QYHKIMM IO, KOHKPETHYIO 3aa4y. Bropoit MoMeHT — ciie-
noBanue dumocobun “cornamenne 1mo Koudurypanunu” (“convention

40



over configuration”): ymeHbIliasi KOJMUYECTBO SIBHO OOBSIBJIEHHBIX Be-
el ¥ MPemoCTaB/IsIs pa3yMHble 3HAUEHMS 10 YMOJTUYAHUIO, MOKHO
BHEIPUTh JIyullle MPAKTUKM”®, TaKuMe KaK aBTOMAaTHYeCcKoe Coxpa-
HeHMe 00yUYeHHBIX MOJeiell UM pase/bHOe XpaHeHue b6aTueil maH-
HBIX I pa3HbIX HAabOpOB MaHHBbIX. IlociegHee — unMTabeIbHOCTb:
IIpy paboTe ¢ KpaTKUM ¥ eIVHOOOpa3HbIM KOJOM I10/Ib30BaTe/Ib BU-
OUT Ha 9KpaHe O0JIbIlle CTPOK KO, UYTO CIIOCOOCTBYeT Oosiee ObICT-
POMY U B LI€JIOM JIYUILIeMY ITPOUTEHUIO ¥ IOHMMAaHUIO SKCIIePUMEHTa.
B pesynbTare ropasmo npoiie AeIUThCS TOTOBBIMM SKCIIePUMEHTaMMU,
IIPOCMAaTPUBATh U OTVIAXKMBATD UX.

Pa6ora “m3 Kopobku”: 6ubamMoTeKa SO/KHA BKIYATh B CeOsI HeCKOIIb-
KO 'OTOBBIX K MCIIOJIb30BaHMIO U JAIOIIMX XOPOILNe Pe3y/IbTaThl Mai-
TIJIaiiHOB (TOTOBBIX CXE€M, 3aTOTOBOK) 00yueHMs. boiee Toro, 9Ty mari-
TIIJIaiiHbI JOJIKHBI BKJIIOUATh B Ce0SI caMble M3BECTHbIE ITOAXOIbI JIJIS
KaK MOKHO O0JIbIIIero Uyc/ia 3a5a4 MoaeaupoBaHys. [10/10KMUTeTbHbIN
OTIBIT “M3 KOPOOKM” OUeHb BaskeH /I IIPUBJIEYEHMS] HOBBIX I10JIb30-
BaTejieli, B TO BpeMsI KaK OIbITHBIE TTOJIb30BATE/IM MOIYT ITOJEIUThCS
CBOMM OITBITOM C IIOMOIIbIO ITOJITOTOBJIEHHBIX MaMIIaliHOB.

1.3.4 Apxurtexkrypa

TopicNet cocTouT U3 OBYX OOJBIIMX MOAOyJel: Viewers U Cooking

Machine.

Llenb Moaynsi Viewers — MPenOCTaBUTb XOPOII/e NMHCTPYMEHThI BU3Y-

anusanuu. [InsaiiH Mogy/st cooTBeTcTByeT dhunocodun Unix: Kaxkabiit Viewer

MMeeT OI'paHMUYEHHYIO 00J1aCThb OTBETCTBEHHOCTU, M II0 YMOJJIYaHUIO BO3-

BpaniaeT pesyiabTaT B Buie JSON-KOHBepTUpyeMOro ob6bekTa. Takum 00-

pasom, MOAy/lIb Viewers 00jaJaeT BbICOKOI CTeNeHbI KOMIIOHYEMOCTU

(composability) 1 Momy/1bHOCTH, HO IIPU 3TOM MMeeT YI0O0Hble MeTOIbl, BO3-

Bpalljawiinyne pandas . DataFrame uan HTML.

Mogynb Cooking Machine COAepsKUT BeCh MHCTPyYMeHTapuit Mogenn-

pOBaHMsI, BOILJIOLIIEHHBIN B HOHYMepapXI/I‘leCKOﬁ CTPYKTYp€ OCHOBHBbIX KJIaCCOB
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MOeIMPOBAHMS. DT KJIaCChl OTBEUAIOT 3a ITIOCTPOEHME U O0yUeHre TeMaTy-
YeCcKOo¥ MO 3aJaHHOM CTPYKTYPbI, 32 BEIOOP MOe/ieit B COOTBETCTBUM C
pa3IMYHbIMM OTPAHUYEHMSIMM, a TAKXKe 32 COXpaHeHMe, 3arPy3Ky U BedeHue
SKypHasia coobIeHnit B Mpoliecce MOAeIMpoOBaHMsI.

M3 mpuHuMma ‘coriamiedue 1o KoHurypaummu”, coeaaHbl HEKOTO-
pble MPEeIIooKeHs O TOM, KaKue 3KCIIepUMMEHTbI OO/DKeH IOAAepP>KUBAThb
TopicNet. CunTaeTrcs, YTO HaiIIaiitH 00yueHMUsI MOIe/Ieii MOXeT ObITh IIpe[-
CTaBJIeH B Bue AepeBa. Kaxkabliii y3esl KOTOPOro — 3TO TeMaTuuyecKast MOJieJlb,
a HallpaB/JIeHHbIe PEOpa MPEeCTaBISIOT CO00J OTHOIIEHUSI MEXAY POIUTE/b-
CKMMM ¥ JOYEPHUMM MOIEISIMM, HAIlpuMep, ~Mozeiab Y 6blIa IMoaydeHa u3
Mogenu X ¢ moMolibio mpeobpaszoBauusi Ty ”. lomycTuMble Tpeodpa3oBaHus
OTPaHMYMBAIOTCSI, CBSI3bIBAIOTCS C UX IOJIOKeHUeM (IJTyOMHOI) B IepeBe 3KC-
IIepMMEHTOB: HajlaraeTcsl TpeboBaHue, YTOObI Kaxkgoe pedpo OAHOTO YPOBHSI
OIIMCHIBAJIO OJHO M TO JKe ImpeobpasoBaHue, 3a UCKIIOUEeHMEeM Habopa MHIN-
BUAYa/JIbHBIX ITapaMeTpPOB.

Herto/HbIN CIIMCOK TaKuX ITPeoopa3soBaHMiA:

— IIpumeHeHMe peryaspu3aTopa c Ipou3BoJIbHBIM KO3 DUIIMEHTOM pe-
TyJsipyU3aluy UiIu U3MeHeHNue napaMeTpPOB CYIIECTBYIOIIEro peryss-
pusaropa.

— O6yueHMe MOJIe/IV B TeueHMe HeCKOJIbKIX UTepaIuii.

— IlobaBiieHue B MOJIe/Ib T€M, HaliIEHHbIX Ha APYTrOM KOPITyCe.

Kiacc Experiment oTBeuaeT 3a XpaHeHMe, IPOTOKOJIMPOBAHME U I1O/-

IepskaHue BCel CTPYKTYPbl SKCIIepYMeHTa.

ITpeobpa3oBaHus MeXAY MOMAEISIMM PasHbIX YPOBHEN JKCIIepMMEHTA
CBSI3aHbI C 9K3eMIUIsIpaMu Kaacca Cube. Kaskapiii Kyo BrICTyImaeT B KauecTBe
TIJIaHAa JIJIS BCeX IMPeoOpasoBaHMili MOMIENIM Ha TEKYIIEeM JTalle SKCIIepMMeHTa.
Takum o6pasoM, o maiiriajiHe 00yueHMs] TeMaTU4eCKOil MOJeNI MOXKHO Iy-
MaTh KakK O HeCKOJIbKMX MOC/IeI0BaTeIbHO CJIOKEHHBIX IPYT 32 APYTOM KyOax.

Ky6 oTBeuaer 3a 1Be BakHeiimme Gyakumn. [lepBast — cneyuguxauus: Ha
sTane MHULManu3anum Kyo mpeobpasyeT 3alaHHbIe M0/Ib30BaTe/IeM ITapaMeT-
pPbl B MHOTOMEPHOE IIPOCTPAHCTBO ITOMCKA. BToOpass — usmeHeHue: uMmest TOUKy
B IIPOCTPAHCTBE MOMCKA U TeMaTUUYeCKyl0 MOJe/lb, KyO M3MeHsIeT OOUH WIu
HECKOJIBKO TuIleprnapameTpoB mopaenn. Takum obpasom, Kyb meiicTByeT Kak
“MHKYOaTOP” 11 MOJeJIei, YTO OTPaskeHO B Ha3BaHMM Kiacca. CxeMy Ipoliec-
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ca oOyueHMs ¢ ABYMSI Kybamu, IpMMeHSIeMbIMI K MOZeJTM, MOXKHO YBUIETh Ha
pUCYHKe 4.

BMecTe B3sIThIe, K/IacChl Experiment U Cube aenaloT 6ojee YETKUMMU,
KPaTKUMU U TOCTYITHBIMM CJIOSKHbBIE MaiIaiiHbl 00yUeHMsI TeMaTUUeCKUX MO-
nesieit U IIpOTOKO/MIMpoBaHMe 3kcrepuMeHTa. C TeM UTOOBI ITOTYUYUTD O0JIbIliee
OT TaKOr0 pellleHys, peaan3oBadH MOAY/Ib config parser, KOTOPBI I103BO-
JISIeT 3a7aBaTh CJIOSKHbIE 0OyUalolye MaiiaiHbl 00yUYeHMs B BUIE OOBIYHOTO
TeKCTOBOTO KoH@uUrypaimuoHHoro daitia B popmate YAML.

Elé ogHa BaskHast 0071aCTh, KOTOPYIO OOBIUHO OIMCHIBAIOT OU€Hb MHOT'O-
CJIOBHO U KOTOpasi MOXeT IpeACTaB/SITbCS JOBOJILHO 3aITyTAHHO! — 3TO BbI-
6op Momenu. B peanbHBIX SKCIIEPMMEHTaX He Kaskaasi MOJe/ib MMeeT IOTOM-
KOB; OOJIBIIMHCTBO MOIeJieli OTOPAChIBAIOTCSI HA OCHOBE HEKOTOPBIX KPUTEPH-
eB. [ToMmuMoO JOpoOrocTosieli pydHoii ITPOBePKM TOII-CJIOB U TOM-TOKYMEHTOB
TeM, IPyrue TpaaulMOHHbIe KPUTEePUM BKIKYAIOT aBTOMATUYECKM BbIUMCIIS-
eMble MepIVIEKCHI0 U KOorepeHTHOCTb. bubnmoreka BigARTM mnipenmocraBiisieT
elll€ HeCKOJbKO IPYIrMX METPUK, TaKMX KaK pa3peXeHHOCTb, YMCTOTA, KOH-
TpacTHOCTb [98]. C Tem uTOOBI 061€rYnUTh OpeMsi pyYHOI TPOBEPKU Mopesieit
M X T€M 110 HeCKOJIbKUM KpUTEePpUsIM, ObIJI pean30BaH IIPOCTOI I3bIK BbIOOPA
Moy (IJ1s IipuMepa CM. pUCYHOK 5). OH yIIpoliiaeT 3a1auy BbIoopa MoieIn
3a CUET yI0OHOTIO MCIO/Ib30BAHMS 1 BO3MOXKHOCTY KOMOVHMPOBAHMS pa3iny-
HBIX METPUK B OJHOM KPUTEPUM OTOOPA.

1.3.5 3axk/imoueHue

B maHHOM paspesie IpeajaoskeH KOHPUTYPUPYEMbIi U ObICTPBI GpeiiM-
BOpK TopicNet Ojs1 TeMaTyeCcKOro MoaeanpoBaHus, J€EMOHCTPUPYIOTCS €ro
rpeuMylllecTBa Iepell KOHKypeHTaMu. TopicNet mpepocrasiisieT IIMPOKUE
dyHKIIMOHATbHbIe BO3MOXXHOCTHM, TaKye KaK IMOCTpoeHMe Mojiesieli ¢ Hys, 60-
raTasi HaCTpoJiika Moeseil ¥ BO3MOXXHOCTb I000yUeHMsI.

BubnuoTeka mpegocTaBiseT 3aJ0KyMEeHTUPOBAHHbIE M T'OTOBbIE K MC-
II0/Ib30BaHMS MaMIIIaiHbI (* perernnTbl”) TEeMaTUYeCKOT0 MOLEeIMPOBAHMS, OT-
pakarolye HanuboJjiee M3BeCTHbBIE MPAKTUKY noctpoeHnss ARTM-mopeneii nist
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onpenenénHoi 3amaun. ARTM-Momenb cioco6Ha ITPeB30ITH OONBIIMHCTBO
MIOITY/ISIPHBIX TeMaTUYECKMUX MOpejieil B IIJlaHe IPeIOCTaB/IeHMS CBSI3HBIX U
pasHoobpa3Hbix TeM. C momoinbio TopicNet mccaemoBaTen-MHKeHepPbl MOTYT
MoyuYuTh OT BigARTM eliié 60Jibliie M0JIb3bl, TyUllle HACTPOUTh €€, IPUMeHSISI
cOOCTBEHHbIE PEry/aspu3aTopbl M HAXOAS JIyUlllye 3HAaUYeHMUs Iurepriapamer-
pPOB B Ciyyae MHOTOKPUTEPUAIbHOIO ClleHapus ob6yueHMs. B cOBOKyIHOCTU
9TO MO3BOJISET ITOIb30BATEI0 OMOIMOTEKM IIOCTPOUTH CBOIO COOCTBEHHYIO Te-
MaTU4YeCcKy Mozenb (YKiaaabiBawinyocsa B APTM uaeonornio).

[ToMMMO MHCTPYMEHTOB JJisl TMOKOM 1 OBICTPOI pa3paboTKu mopesei,
016/IMMOTEKOI IIPeAOCTaBIISIETCSI BO3MOKHOCTb KOHTPOJIMPOBATh KAUeCTBO MO-
nenu. TopicNet obecrieunBaeT OLI€HKY MOJIEIN C IIOMOIIbI0 MHOKECTBA BCTPO-
eHHBIX KpUTEPHMEB U IT03BOJISIET J00ABIISITh I10/Ib30BATEIbCKIE KPUTEPUM, KO-
TOpbIe OYAYT MCIIOIb30BATHCS MJISI OTCAEKMBAHUS XapaKTE€PUCTUK MOMENIN B
npoiiecce obyueHusi. bubnamoreka noagepskMBaeT MHOKECTBO MHCTPYMEHTOB
BU3YyaIM3alui, KaK TPAAUIIMOHHBIX, TAKMX KaK IIPOCMOTP TOI-TOKEHOB U TOII-
IOKYMEHTOB, TaK M HOBBIX, 9KCIIEPMMEHTAIbHBIX.

Bosee Toro, npeacrasiisieMbIii ppeiiMBOPK ITIOCTAB/ISIETCS B BUE MaKeTa
C OTKPBITBIM MCXOAHBIM KOJOM U MMeeT ITOTeHIa I JaJbHeiIIero pacim-
peHusi. Dunocodus ausariHa Moayneilt Viewers u Cooking Machine IO3BO-
JISIET COOOIIEeCTBY BK/IIOUATh HOBbIE Pa3paboTKu B 61bnmoTeky TopicNet.

ABTOp paboThI HAEETCSI, UYTO 3TOT (PPEMMBOPK OyIET OAMHAKOBO LIeEHEH
M OIS VUH;KeHepOB-IIPOrpaMMMCTOB, U JIJISI MCCIemoBaTe el B 06macTtyt Hudpo-
BBIX TYMaHUTapPHbIX HAYK.

44



topic 7 B KoHIIe aKCOHA eCTb YTOJIIEeHMS KOTOPble HAa3bIBAIOTCSI aKCOHHBIMM TePMUHAISIMUA.
OTU aKCOHHbIE TEPMMHAIM SIBJSIIOTCS MPECHHAINITUUECKON YacThbl0 MeKHEPOHHBIX KOHTAaK-
TOB. MeXXK/IeTOUHBI KOHTAKT MEXIY IBYMS HEPBHBIMU KJI€TKaMy Ha3biBaeTcs cuHarncom. Co-
OTBETCTBEHHO, CMHAIC COCTOUT U3 MPECUHANTUUECKO 4acTH, IIOCTCMHANITUYECKOI YacTu U
CUHanTUyeckoi mwenn. Ceiiyac akTUBHO UCCIENYETCS TaK Ha3bIBaeMblil "BHEKJIETOUYHbBIA MaT-
PUKC KOTOPBIN, KaK IMOJIaraioT, TOKe SIBJISIETCSI OUeHb BasKHOM (DYHKIMOHAIbHON YaCThbIO CU-
Harca, Kak 1 BCe MOJIEKY/ISIPHbIE KaCKaJbl, KOTOpPbIE AEICTBYIOT B MpeCUHArce, 1 Kak U BCe
MOJIEKY/ISIPHBbIE KaCKabl, KOTOpbIE AeCTBYIOT B TOCTCUHATIICE.

10 iterations

xoxer;, akcoH [SMMMGHIE 235182 ThCs1 AKCOHHBIN aKCOHHBI1 [EPNVARENS 5B/151ThCST
[P EC e eI 2 c > MesxHelpoH b1 KOMMaRE MeskKTeTouHbIi KOTnaK HOPBMB </e1-
Ka Ha3bIBaThCs cuHanC (DONBEIGIBERI0 CyHarc cocTosTh pecunanmaaeckm 2 ct- NS
SRS 2 cTo cviHanTIYeCKNMif Ie/Th aKTYBHO MCC/IE0BATHCS HA3BIBATH BHEK/IETOUHBI/
P riciarats sie/sirocst FRBRMBI OYHKIMOHAMbHBIN 4acTh CYHAIIC MOJIEKY/ISIPHBII KacKay
HeliCTBOBAT IIPECHHAIIC MOJIEKY/ISIPHbIi KacKajl e/ iCTBOBATE OCTCHHAIC

20 iterations

KOHeI] aKCOH YTOMIEHE Ha3bIBATHCsT aKCOHHBIT [SPIIANENE 2K COHHbI7T [SPNMMANN 515715 ThCST
e v pr— 7 [

SRS 2 cTo cviHanTIYECKNMIf Ie/Th aKTMBHO VMCC/IEJ0BAThCS HA3BIBATH BHEK/IETOUHBII
IEBIRS 1 10/1ara s sBsThCs RSB Y HK1LIOHAIBHbIN YacTh CHHAIIC MOJIEKY/ISIPHBIN KacKaz

RefiCTROBATA Mpecuanc MonexyrpHbii Kacka Aeficriosats NS

50 iterations
KOHel aKCOH YTOJIIeHle Ha3bIBaThCs aKCOHHbIN TepMMUHAIb aKCOHHbI/ TePMUHAIb SB/ATHCS
NPeCUHANTINYECKIIi 9acTh MeKHeliPOHHbI/ KOHTaKT MEXK/IeTOUHbIi KOHTAKT HEPBHBIi K/IeT-
Ka Ha3bIBaThCst CuHATIC [(DONBCHGNBEHIG CYHATIC COCTOSITh PECHHANTUYECKIAT YaCTb MOCTCH-
HaNTUYeCKMI YacTh CUHAMITUYECKII 1e/Tb aKTUMBHO MCCIe0BaThCs Ha3bIBaTh BHEKITOUHBIN
MAaTpPUKC I0JIaraTh SIBJIATHCA BaXXHbII (QYHKIMOHAIbHBII 4aCTh CMHATIC MOJIEKYJISIPHBI/ KacKal

[SIGIBORERE 1pecyHanc MoekyIspHbIi Kackay SIGRBOBANE 110CTCIHAIC

BB aths topic 7: biology topic 13: sociology
EGPiEI2Y technologies EGPIEN8E medicine - culture_
topic 3: physics topic 9: psychology top%c 88 education

. . . . topic 16: language
topic 4: chemistry topic 10: economics - philosophy
GBS carth opieiLiy history topic 18: religion
topic 6 astronomy E6pieN2: politics BB russia

PucyHok 1 — IIpumep ¢pparmMeHTa TeKCTa — CTATby HAYYHO-TIOITY/ISIPHOTO
pecypca “TloctTHayka”. MOKHO ITpOC/IeIUTD IIPOLIECC TEMAaTU3AIMM 3TOTO
dparmeHTa TeMaTHUUECKOI mogpenbio4hoce 10, 20 u 50 uTepaumit ooyueHus1
Moaen (OOHOBICHU MATDUITBI D).



Transaction history Text document

restaurant haireut metro mobile It seemed to her that she had heard autumn
vending machine metro restaurant - to shake the - trees the very
food store medicine flowers money transfer she stepped out into the road

(imaginary fragment) (excerpt from The Last Unicorn by P. Beagle)

PucyHoOK 2 — McTopus TpaH3aKIMil — KaK TeKCTOBbIN NOKyMeHT! [IoaTomy
MOYKHO MCIOIb30BaTh noaxoabl NLP fjis aHanmm3a TpaH3akmii.

20

PucyHok 3 — BusyanbHoe mpencTaBieHne mpoduieii morpebdaeHms.
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Model 2

PucyHok 4 — IIpuMep cxembl IBYX3TAITHOTO SKCIIEPUMMEHTA B paMKax
(dpeliMBOpKa TeMaTudeckKoro moaenpoBaHust TopicNet. Ha mepBom aTare
IIPMMEHSeTCS PeryiasapusaTop C napameTpom 7, IPMHMMAKOLIM 3HAaUeHUS B
HEKOTOPOM Jayaria3oHe {ry, 7, 73 }. JIydlmmm Moae/ssiMu I10cjIe IIepBoro yrara
saBisitoTcst Modens 1 v Modens 2 - Tak 4To Modens 3 60mblile He yU4acTBYeT B
npoliecce ooydeHus. BTopoii aTan cBs3aH C APYyTUM Peryasipu3aTOpPOM C
rapamMeTpom &, IPMHUMAIIMM 3HaueHys B nuanasoHe {&,&,}. B pesynbrare
9TOrO 3Tala NoJy4arTcs ABe Mojeau-nmoTomMmka Modeau 1 vi aBe
MoJie/IM-1oToMKa Modenu 2.

TopicKernel@word.average contrast > 0.95 * MAXIMUM (TopicKernel@word.average contrast)
and PerplexityScore@all < 1.1 * MINIMUM (PerplexityScore@all)
and SparsityPhiScore@word -> max
COLLECT 3

PucyHok 5 — IIpuBen€HHOe BhIpaskeHMe BO3BpalllaeT TPy MOJIe/In, KOTOpbIe
HaXOMSITCS B 5% Jy4lIMX 110 KOHTPACTHOCTU, MMEIOT IIPMEeMJIEMbI YPOBEHD
TePIVIEKCUN U elllé MaKCMMaJIbHO pa3pekeHbl. SparsityPhiScore
o603HavaeT JOJIO HyJIeil B pacripesesieHun ¢, = p(w | t).
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from topicnet.cooking machine.recipes import (
ARTM_baseline as config string

)
dataset path = '/data/datasets/NIPS/dataset.csv’

specific topics
background topics

[f'spc_topic_{i}' for i in range(19)]
[f'bcg_topic_{i}' for i in range( 1)]

config string = config string.format(
dataset path=dataset_path,
modality list=['@word'],
main _modality='@word"',
specific topics=specific topics,
background topics=background topics
)
experiment, dataset = (
build experiment environment from yaml config(
yaml_string=config_string,
experiment id='sample_config"',
save path='sample_save_path'

)

experiment.run(dataset)

PucyHok 6 — [IpumMmep 6a30BOro skcrepuMeHTa B pamkax TopicNet.
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I'maBa 2. OnieHka KadyecTBa TeMaTU4YeCKUX Mojgesen

MHTepnpeTpyeMOCTb — 3TO BayKHO€E CBOVCTBO XOPOIllel TeMaTU4eCKOoin
mopenu [99]. CunrtaeTcs, UTO TeMa XOPOILIO UHTEPIPETUPYETCs, eCi OHa CO-
OTBETCTBYET MHTEPECYIOILEI UeJI0BeKa KOHLEILMM pealbHOro mupa. OmHako
TeMbl, ITOJTy4eHHbIe C TIOMOIIbI TeMaTUYeCKUX Mofeei, JajeKko He BCeraa
MOTYT ObITh UETKMMM U TIOHSITHBIMM — HaIlpyMep, OHM MOT'YT BK/IIOUATh CJIO-
Ba 13 pasHbIX (J1abo cBsi3aHHBIX o6sacTteit [100] (He COOTBETCTBYS, TAKUM 00-
pa3oM, HUKAKOMY IIOHSITHOMY 4YeJIOBEKY ITOHSITUIO).

OTHOCUTEIbHO HeJaBHO ObljIa MpecTaBAeHa aBTOMaTUUYeCKM BbIUMCIISI-
eMas [poueaypa OleHKY UHTEPIIPEeTUPYEMOCTU TeMbl — KozepeHmHocms [101;
102]. OHa o1leHMBaeT TeMYy 10 CIIMCKY e€ HauboJjiee YaCcTo BCTPEYa0IIMXC s CJIOB
(TOuHee, MO TOMY, KaK 3TU 4YaCTble (JIOBA PACIIOJIOXEHbI APYI OTHOCUTEIbHO
Ipyra B TEKCTe), U, 10 pe3yjabTaTaM UCCIeqOBaHUM, COIVIaCyeTCsl C OL€HKOM
MHTEPIIPETUPYEMOCTHU TEMBI I10 TOMY K€ CIIMCKY €€ CaMbIX YaCTbIX CJIOB 3KC-
repTaMu.

OnHaKko 3TOT MOAXO[, CTPaJaeT OT HECKOJAbKMX (PYHIaMeHTabHbIX Orpa-
HUYEHUIA. YTBepPKIAeTCsI, UYTO TU OTPAaHNMUYEHMSI CTABSIT IO, COMHEHMeE 00I1Ie-
TIPUHSITYIO TIPAKTUKY PACCMOTPEHMST KOTEPEHTHOCTU U UHTEPIIPETUPYEMOCTU
KaK 9KBMBAJIEHTHBIX.

Llenb maHHOrO paspaesa padboThl ABOsIKA. [lepBass — OouepTUTDH KPYT IIPO-
6/1eM, IPUCYIIMX TPAAUILIVOHHBIM IIPEICTAaBIEHNUSIM O KOrepeHTHOCTHU. Kitro-
yeBas IpobemMa CyIeCTBYIOIIEro MoaXoAs 3aK/JII0YaeTcsl B TOM, YTO IIpU CBe-
IeHUU TeMaTU4eCKOM MOe/IM K KOPOTKOMY CIIMCKY CJIOB TEPSIETCS CAUILIKOM
6011107 00BEM MHpOpMaLK 0 Teme. TakuM 06pa3oM, OlleHKa KauecTBa Te-
MbI 110 KOTEPEHTHOCTM He MOKEeT CUMTAThCS HAIEKHOM. B mpenbIayiinx mUC-
CJIelOBaHUSX, CBI3bIBAIOIIVX KOTEPEHTHOCTb Y MHTEPIIPETUPYEMOCTD, 3TO He
VUMTBIBAJIOCh. JI0/IST TEeKCTa, 3aHMMaeMasi Hauboiee YaCTbIMM CJIOBAMM, HU-
KaK He KOHTPOJMPYeTcs. B paspese mmokasbpiBaeTcs, YTO Ha IPaKTUKe 3Ta O0-
JIS CIUIIIKOM MaJjia, YTOObI CYUTATh KOT€PEHTHOCTh HaJEKHBIM 5KBMBAJIEHTOM
MHTEePIIPeTUPYEMOCTH.

BTopas 1nenb nmpencTaBJieHHOrO B TEKYIeM pasfese UCCIegOBaHUS —
IIPOAEMOHCTPUPOBATD OCYILECTBMMOCTD a/IbTEPHATUBHOTIO ITOIX0/1a K OLl€HKe
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MHTEePIPeTUPYEMOCTH, KOTOPBIi OyIeM 3BaTh 8HYMPUMEKCMOB80Li KozepeHm-
HOCMbl0, OIpenesieMoii KaK cpelHee TeMaTUYeckKoe CXOACTBO TOKEHOB Te-
MbI (He TOJIbKO CaMbIX YaCThIX), 6/IM3KO PACIIONIOKEHHbIX B TeKcTe. 11 o6oc-
HOBaHMsI 3TOJ HOBOJ Mephl OyeT aJanTUpoBaHa IpoLeaypa, UCIIoab3yeMast
B [103], [100] u [101].

2.1 BHyTpeHHUe KpUTepuu KayecTrsa

O1uleHKa KadyecTBa TeMaTUUYeCKO MOJe/lIn 6e3 BHEIIHe MeTpuKku (CBSI-
3aHHOJ C KaKo¥-IMb0 Mpyroii 3ajgauveit) — 3TO HETPUBUAJIbHBIN BoIpoc. Ya-
CTO B TaKMUX CJIy4yasx KauyeCTBO KaXKAO0M TeMaTUUYeCKO MOJean OlleHUBAEeTCs
yeJjioBeuecKMMM sKkcrepraMu. OgHaKO /151 ClieHapys, KoTaa o6ydyaeTcss MHOTO
TeMaTUYeCKMX MOJesieli, OlleHKa aceccopaMiy CTaHOBUTCSI AOPOTON, a Takxke
TPYAHO OCYIIECTBMMOJ B KOPOTKME CPOKM, U TIOTOMY He MOXKET ObITh YaCThIO
10C/IeJ0OBaTE/IbHOTO MpOollecca SKCIiepMMeHTa. B kauecTBe pelieHns 3TOi Ipo-
O71eMbl MCCIeIOBATEMM 00paIllaloTCS K BHYTPEHHUM KPUTEPUSIM KauecTBa Te-
MaTUUYEeCKUX MOJeJieli, KOTOpbie B uaease JO/KHbI KOppeaupoBaTh C YejaoBe-
YeCKMMM OLIeHKaMM KauecTBa.  BHYTpeHHMe” 03HaYaeT, YTO OHM BhIYMC/ISIOT-
Cs1 Ha TOJ ke KOJIIeKIIMM, Ha KOTOPO¥ IMPOUCXoAanio 0oyuyeHe TeMaTuuecKoii
Mojienu, 6e3 IpuBIeYeHMs Kako¥ii ObI TO HY ObLJIO IOMOJHUTEIbHOM MHbOopMa-
uuu. [lanee repeuncinm HEKOTOPble BHYTPEHHME KPUTEPUM KaueCTBa, KOTO-
pblie OYIYT UCIIOb30BAThCSI B 9KCIIEPMMEHTAX.

ITeprnekcuss Kak crmoco6 olleHKM KadyecTBa BCEii TeMaTUuecKoil MOJenu B
IIeJIOM MCC/TeoBaTelM YacTO MCIOIb3YIOT hepniekcuio (“Hemoymenue”) [39;
104]. Tlepriekcust cBsizaHa C mpaBaomonobueM Konekuun Z(®,0) cienyio-
M 00pa3oM:

ppl(®, ©) = =L (@O (14)

TO €CTh IePIIeKCUSI MOEeIM TeM HIKe, YeM BhIIIIe ITpaBaononoome & (®, 0©) —
yeM JIy4ilie MOZEJb *[TOACTPOMIAcCh” Mo, JaHHbIe, IO BUAMMOE pacipeese-
Hle CJIOB B TeKCTax.
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Yucrora M KOHTpACT B oT/iMune OT MeprieKCun, KOTOpoe JaeT HEKOTOPYIO
OOIIyI0 OIIeHKY KauecTBa MOMEIM, MOKHO TaKXKe 3aJaThCs LIeIbI0 OLIEHUTD
KaKye-11nb0o KauecTBa OT/eIbHbIX TeM, COCTaBJISIOIIMX MoAe/b. [IpuBenéM nBa
BO3MOJKHBIX CIT0C06a OLI€HUTh KAUeCTBO TeMbI HA OCHOBE MaTPUIIbI - CJIOB B Te-
Max” @ [5] — uncToTa ¥ KOHTPACT TEMBI:

purity(t) = ) p(w | 1)

wew;

contrast(?) = 1 Z p(t | w)
Wil e,

rne W, = {w € W | p(w | t) > threshold} — ecTb Tak Ha3pIBaeMoe s10po memol —
CJIOBA, HA KOTOPBIX BEPOSITHOCTD T€MbI 00JIbllle HEKOTOpOro nmopora threshold.

Ob6e MeTpUKM OLIEHMBAIOT KaueCcTBO TeMbI 110 MHbopMaLyuu o Heii B @
MaTputie [5]. EcTecTBeHHBbII crtocob BeiOpaTh apameTp threshold B dopmynax
YMCTOTHI ¥ KOHTPACTHOCTY — 3a/1aTh €ro paBHbIM 1/|W|: TO eCTh TaK, YTOObI
SIIPO COCTOSIJIO TOIBKO U3 TeX CJI0B, BEPOSITHOCTh KOTOPBIX BbIIlIe BEPOSITHOCTU
IIpy paBHOMepHOM pactipenenenun [105].

Knacrepusauuss IIpu olleHKe KauecTBa TeMaTU4eCKOV MO BO3MOXK-
HO TakXke MCIIOAb30BaThb PSJ METPUK, OOBIUYHO CBSI3aHHBIX C CETEBbIM U
KJIaCTePHBIM aHaaM30M, B 4acTHOCTM, Ko3bduiumeHt Cuimysra (Silhouette
Coefficient, SilhC) n nngexc Kanmuckoro — Xapa6ama (Calinski — Harabasz
Index, CHI) [106].

NudopmanmoHHo-TeopeTudyeckmue baitecoBckuii MHPOPMaIIMOHHbI
kputepuii (Bayesian Information Criterion, BIC) mo3BOJSIET ONpeneanuTb
OaslaHC MeXIy CTelleHbI0 00YUYeHHOCTY MOJIe/IN IO/ JaHHbIe U €€ CJIOXKHOCTMU.
VccneqoBaTensaMy TakKe UCIIONb3YeTCs IMIPUHIUII MUHUMAIbHOM OJIMHBI O -
cauus (Minimum Description Length, MDL) [107] u npMHUMIT MMHUMAJIbHOIA
nauHbI coobireHnst (Minimum Message Length, MML) [108].

BoIiunciieHe 3TUX METPUK IIPOXOINUT CAeayIonuM 00pa3omM. Bo-mnepBbIX,
Mbl Haxogum Z(®,0) — mpaBmornomobue mopdenn. Bo-BTOpbIX, HAM HYKHO
Y3HATh KOJIMYECTBO CBOGOIHBIX MApaMeTPOB N, ¥ OHO MOXKET ObITb BbIYMC-
JIEHO IBYMSI pa3JIMUHBIMM CIIOCOOaMM: 10 pa3MepHOCTU ® Kak (W — 1) - T win
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I10 KOJIMUECTBY HEHY/IeBBIX 3amuceit ®, KOTopoe Mbl 0003HaUMM yepes #O (3a-
MeTuM, uTo B [109] yTBep>KkaaeTcsl, YTO KOJIMUECTBO CBOOOIHBIX ITapaMeTpPOB B
LDA u pa3spexeHHbIX MOZeSIX OO/KHO pacCMaTpUBAThLCS MO-pasHomy). Crie-
IyIollyie BbIpaskeHMs TTO3BOJISIOT BBIUMUCISTD KaK pa3peskeHHbIe, TaK M Hepas-
pekeHHbIe BapMaHTbl METPUK:

AIC=2N, -2
BIC = N, log(D) - 2% (15)
MDL = N, log(T D) - 2%

KorepeHTHOCTh B BepOSITHOCTHOM TeMaTUMYECKOM MOIEIMPOBAHUM memd
oIpezessieTcs Kak BepOSITHOCTHOE pacIipefeieHne Ha cjioBaxX. Hampumep, Te-
Ma “TeaTp” MOXKeT IPeNCTAB/ISATh COO0 pacIipeneseHne BeposSTHOCTEN, CO-
CpeJOTOYEHHOE Ha TaKUX CJI0BaX, KaK  akTép”, “cliekTakap’, “mpembepa’,
“maprep” u “spureny”’ (HaIIpOTUB, BEPOSITHOCTb TAKUX CIOB, KaK, HAIIpUMep,
“KpenuT” 1 “6ecrio3sBOHOYHbBIE”, OyIeT KpaiiHe Maja Wiu Aaxke paBHa HYJIIO).

TemaTnuecKkast MOJie/Ib MOSKET OBITh OIMCaHa C TIOMOIIILIO ABYX pacIipe-
neyneHuii: ¢, = p(w | t), BEpOSITHOCTY IIPUHAMJIEKHOCTY CJIOBA w TeMe t; U
0,; = p(t | d), BEpOSITHOCTY HalTU TEMY ¢ B JOKYMEHTE d.

B paHHuX paboTax Mo TeMaTU4eCKOMY MOMAEeIMPOBAHUIO €r0 paccMarT-
pUBAJIM KaK IMPOMEXYTOUHbINM 3Tan MHGOPMAaIMOHHO-IIOMCKOBOIO IaiIiani-
Ha. BO3MOXHOCTb OCMBICJIEHHOM MHTEPIIpeTallyi TEM pacCMaTpPUBaIach yKe
rocsie. JIjss aBTOMaTUYeCKOro M3MepeHMsl KauecTBa TeM, TaK UTOObI YCIIEIIHO
MMUTUPOBAJIACH OLIEHKA €€ KaueCcTBa YeJI0BEKOM, ObIJIO ITPe/IJIOKEHO HECKOJIb-
KO MEeTPUK.

B HacTosiee BpeMs MCC/IeIOBATENM CXOISITCS BO MHEHUM, UTO OIleHKa
MHTEPIPEeTUPYEMOCTH TEMbI JTO/KHA COOTBETCTBOBATD C/IEAYIOIIEi cxeMe:

1) Boibop HeKOTOpPOro HebOJbIIOTO Habopa CIOB [JISI KaKIOM TeMbI

(0OBIYHO 3TO CIIMCOK M3 AeCSITU Haubojiee yacTo BCTPEUAIONIMXCS €€
CJI0B, HO BO3MOXHBI 1 Gosiee cioskHble Ttoaxoasl [110]). s o603Ha-
YeHMsI 9TOr0 MOAMHOKECTBA CJIOB MCIIOJIb3YeTCsI TePMMH MON-c108da
(top tokens).
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2a) IIpemocTaBiieHyue 3TOro Habopa YeT0BEeKY-IKCIEPTY AJIsT TOTYUeHUS
ero OILIeHKM KauecCTBa (IIOHSITHO JIX I10 3TUM TOI-CJIOBAM, O YEM Te-
ma).

2b) uamu COop MO TEKCTY CTAaTUCTUK COBCTPEYAEMOCTU ITUX TOI-CJIOB, U
BBITIO/IHEHME BBIUMCIEHU C STUMU CTATUCTUKAMM.

JdTa cxema Oblia IpefcTaBieH B GyHIaMeHTalIbHbIX paborax [100; 101;
103] 1 3aTeM 3HAUMUTENILHO pa3BUTa COOOIIECTBOM TeMAaTUUYECKOTO MOIEeN-
poBaHusi. Mbl OymemM Ha3bIBaTh 3Ty OOMIMPHYIO KaTErOPUIO BHIUMCISIEMBIX I10
TOII-CJIOBAM U UX COBCTPEUYAEMOCTSIM METPUK — MeTpUKaMM Ha OCHOBE TOII-
TOKeHOB. OCHOBHAs UX MPUBJIEKATEIbHOCTh 3aK/II0YAETCS B IIPOCTOTE: BMECTO
TOT'0 YTOOBI OIIEHMBATh BCE pacIlipeiesieHye BepOSITHOCTE TeMbl, MCC/ie1oBa-
TEJII0 JOCTATOYHO ITPOCMOTPETh KOPOTKMIA CITMCOK €€ Hambosiee “perpeseHTa-
TUBHBIX” CJIOB.

OmHaKo B 3TOM >Ke KpOeTCs U BHYTPeHHee OrpaHuuYeHle TaKOro moaxo-
Ila K OlleHKe MHTeprpeTupyemMocTu. CIIMCOK U3 NATU-AeCITU-ABaLaTH JTy4d-
IIMX CJIOB OTPaykaeT JIUIIb UaACMb BCET'O pacripeiesieHUs BEpOSITHOCTEN U IIJI0XO0
OTpaskaeT, HACKOJIbKO XOPOIIO TeMaTHUYeCKasi MO e/b IIpeACTaB/isieT KOHKPeT-
HbI KOPITYC TEKCTOB.

ABTOpOM yTBepsKIaeTcsl, YTO CIMCOK Hauboiee YacThIX CJIOB HE MOKET
CUMTATbCS BIIOJTHE aeKBAaTHBIM MHCTPYMEHTOM JIJIsI 0O0CHOBAaHMSI KauecTBa
TeMaTUYeCKOM MOJIe/iN U €€ TeM He3aBUCMMO OT MEeTOA aHaJ/IM3a 3TOrO0 CIIUC-
Ka CJIOB. DTO B PaBHOM CTEIeHM OTHOCUTCS KakK K OLl€HKAM 3KCIIePTOB-JIIOIEN,
TaK U K aBTOMAaTU3MPOBAHHBIM MpOlleaypamM, OCHOBAHHBIM Ha MOACYETE COB-
CTpeyaeMOCTe CJIOB (KOTEPEHTHOCTSM).

B pa6orax [100—102] nipenioskeH CI1ocob olleHKY KauecTBa TeM, Ha3BaH-
HbIV K02epeHMmMHOCMbl0 TEM: KOI[ia pellleHMe O KaueCTBe TeMbl BBIHOCUTCS Ha
OCHOBE TOT0, KaK 4acCTO Maphl CJIOB U3 CaMbIX YaCTbIX CJIOB TeMbI (HaIllpuMmep,
U3 OeCsaTU WIM OBAALATU CJI0B) BCTPEUAKOTCS B TEKCTe PSALOM APYT C SPYrOM
(110 CpaBHEHMIO C KOJIMYECTBOM pa3, KOI[a B TEKCTEe BCTPEUarTCs OOGHO U IPY-
roe CJI0BO He 00s13aTeIbHO BO/IM3M Ipyroro). MaTeMaTudeckoe BbIpaskeHue I
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OIMMCbIBAE€MOTI'O ITOHATHUA:

coh(r)= mean PMl(w;,w;)
w;,w;€top ()

P(w;, wj) (16)
P(w)P(w;)

roe top,(7) ecTb MHOXECTBO TOII k CJIOB TeMbI f, @ P(w;) 1 P(w;, w j) — BeposT-
HOCTM BCTPETUTD B TEKCTE OTHO CJIOBO w; VIV J1Ba CJIOBA W), w; BMeCTe (Harpu-
Mep, B OKHe CJIOB HeOOJIBIIIOTO pa3mepa, Wil B OTHOM MpeIaI0KeHU, B OTHOM
ab3alie, WM IIPOCTO B OJHOM JOKYMEHTE, WM B HeOOIbIIOM OKHE B OJHOM
IOKYMeHTe). BepOoSITHOCTM OLIeHMBAIOTCS C IIOMOIIbIO M3BECTHOTO paclipene-
JIeHUsI CJIOB B JOKYMEHTax (IIpM 3TOM BakHO, UTOObI TEKCT ObIJ C €eCTeCTBEH-
HBIM IOPSAIKOM CJIOB, @ He KaK * MeIIOK (JIOB”). B KauecTBe TeKCTa )i OLIeHKM
TaKMX BEPOSITHOCTEN MOKET BBICTYIIATh KakK MCc/iemyeMas KOJUIeKIMS TEeKCTOB,
TaK ¥ CTOPOHHSSA (Hanpumep, Bukunenns).

KorepeHTHOCTB 1O CBOE€I MPUPOAE — 3TO IOILITKA aBTOMATU3UPOBATh
yeJIoBeueCcKuit criocod OLleHKM MHTepIIpeTupyeMocT TemMbl. Kak uenoBek 1o-
HMMaeT, UHTepIipeTupyemas TemMa uin HeT? EC/IM 1O COCTaBISIOIIUM €€ CJ10-
BaM (M I10 paclipefeeHMI0 3TUX CJIOB B JOKYMEHTaX KOJUIEKLMM) MOKHO I10-
HSITh, UTO 3TO 3@ T€Ma, ONMCHIBAET Ji OHA KaKYyI0-TO Pea/ibHYI0 M3BECTHYIO ye-
JIOBEKY 00J1aCTh KU3HMN.

HbiomanoMm, momumo (16), O6bLJIO TIPeIIoXKeHO eIlé HeCKOJIbKO BapuaH-
TOB KorepeHTHocTeli [102]. Ho B pe3ynbTaTe cpaBHeHMS JIydilieii 6b11a BbiOpa-
Ha UMEHHO (16) — 0Ka3a/JI0Ch, YTO OHA XOPOIIO KOPPEJIUPYET C YeI0BeUeCKu-
MU OLleHKaM¥ MHTepIipeTupyemMocTu. CxeMa CpaBHEHMSI KOTePEeHTHOCTEN UC-
10JIb30Basiach caeayioias (CM. pUCYHOK 7). BoiOupasnach KOJIJIEKIUsI TEKCTOB
D, nns1 Kanu6pOBKY BHYTPEHHEro Kputepus. [lanee, crpounach TeMmaTuieckast
Mopenb @, 0,. IKCIepThl-aceccopbl OLIEHMBAIM KaueCTBO TeM (peiTHUHIaMU
WU MHTPY3UsIMM). U cpeiyt BceX KOrepeHTHOCTel BbIOMpasach Ta, 3HAUEHMS
KayeCcTBa TeM 10 KOTOPOi1 JIy4llle BCero KOppeanpoBaiv C SKCIIePTHLIMM OLeH-
KaM MHTePIIPEeTUPYEMOCTU. B UTOre KorepeHTHOCTh (16) mama MakKCUMMaJlb-
HYI0 Koppesauuio CriMpMeHa C OlleHKaMM 3KCIepToB. bojee TOro, sTa Kop-
pessiys oKasanach 6/1M3Ka K * 30JI0TOMY CTaHAAPTY” — CpeIHel KOppesuun
CriMpMmeHa MexXxay OLleHKaMM Pa3HbIX 3KCIIEPTOB.
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PucyHok 7 — Cxema skcrnepumMmeHTa HporomaHa. CBepxy: MOUCK JIyYIlein
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KOT'€PEeHTHOCTU (110 KOPPeJsiLiuy C IKCIIePTHbIMM OlleHKamMu). CHU3Y:
IIPUMeHEeHVe HalIeHHOM KOTePEeHTHOCTHU IJIsI aBTOMATUYEeCKOM OLleHKU
KayecTBa TeM MOJEeJIN.

2.2 BHYTPUTEKCTOBasi KOTePeHTHOCTh

2.2.1 Ha nyTH K jIyulliei OlleHKe MHTePIIpeTUpPyeMOCTH

Kak yxe oTMeuasnoch, TpaguLIMOHHbIEe METPUKM KOTePEHTHOCTU COCTOST
13 ABYX 3TAIOB: BO-TI€PBbIX, OHU UCIIONb3YIOT MHGOPMALMIO U3 pacipeperne-
HUSA p(w | t); BO-BTOPBIX, OHYM M3BJIEKAIOT CTaTUCTUKY COBCTpEYaeMOCTeI.

Vpesa aBTOMaTHM4YeCKMX Mep KOTepeHTHOCTM 3aK/II4aeTCs B TOM, UTO-
ObI BBISICHUTH, KaK YacTO OIpeJie/IéHHbIe (JIOBA TOSIBIISIIOTCS BMeCTe B CKOJIb-
3411eM KOHTeKCTHOM OKHe, ¥ CPaBHUTDb 3TO UMCIO C YaCTOTOM, IpefCcKasaH-
HOJ 4MCTBIM COBIIaZieHueM. Tema cunTaeTcss KOrepeHTHO, ec/ii pacroioxe-
HJie CJIOB B Hel MMeeT TeHIeHIIMIO K I'PYIIIIPOBKE U He BBIIIIAUT CIy4alfHbIM.
JTO HAIlOMMHAeT JIMHIBUCTUYECKMIT (DeHOMEH TEeKCTOBOI CBA3HOCTM [111]:
IIpeJjIosKeHM s TeKCTOB Ha eCTeCTBEHHOM SI3bIKe CBSI3aHbI JPYT C IPYIOM C I10-
MOUIbI0 CMHTAKCUUECKUX U JIEKCUYEeCKUX CPeLCTB, TaKMX KaK MTOBTOPLI CJI0B,
CMHOHVMBbI/TIOUTU-CMHOHMMBI, TUIIOHMMBI U TaK Jajiee.

BrigBuraercs nmpearnosioskeHye, 4To TeKCThI Ha eCTeCTBEHHOM SI3bIKe pa3-
OUTBI HAa CBSI3HbIE CETMEHTHI, KOTOPbIe COMlepsKaT JIUIIb He6OobIlIoe Kolnye-
CTBO JIATEeHTHBIX TeM. COITIaCHO 3TOMY IIPEIION0KeHUIO, 11e/Ib TeMaTUUeCKOro
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MOJe/MPOBaHUSA CJiefyeT MOHMMATh KaK aIeKBaTHYIO0 CerMeHTalMI0 MCXOLHO-
IO TEKCTa HA TeMaTUUeCKy OOHOPOIHbIE GparMeHThl, COCTOSIINE 3 HeOOb-
IIIOT'O YMCIa TeM.

OTMeTuM, 4TO YaCThle COBCTPEYaeMOCTU TOIOBBIX CJIOB — 3TO JINIIb KOC-
BEHHBII [IPU3HAK TOTO, UTO TeMa MpeAcTaB/ieHa B KOJUIEKL[UU TEKCTOB B BUE
11eJIOCTHBIX (DparMeHTOB.

[ToaTOMY aBTOPOM TEKYIIEl PabOThI YTBEPKIAETCS, UTO MHTEPIIPETUPY-
€MOCTb TeMbI JOJ/KHA OLIeHMBATbCS He TOJBKO IO COIVIACOBAHHOCTU I1OSIBJIe-
HMS B TEKCTe JIUIIb €€ TOIMOBbIX CJIOB, HO U IO COIJIACOBAHHOCTU IOSBJIEHUS
gcex CJIOB TeMbl BO BCEM TeKCTe (CM. pUCYHOK 8). I Torga MOXXHO MOIYYUTh
aBTOMAaTUUYECKYI0 Mepy MHTEePIIPeTUPYEMOCTU MO, UCC/Ienys CTelleHb Ha-
pYIIeHUS e€ CJI0BaMU OTIMCAHHOM COVIaCOBAHHOCTU, UCCIIeAYS CTeIIeHb OTKIIO-
HeHMS pacrpenesieHns CJIOB TeEMbI B TEKCTE OT TMIIOTe3bl O CErMEeHTHOM CTPYK-
Type TeKCTa.

g {
| ¢
KorepeHTHOCTb
no TOM-CNOBam |
| o
KorepeHTHOCTb e e e A
no TeKCTy \
M

PucyHok 8 — Kiaccuuyeckasi KOrepeHTHOCTh CMOTPUT Ha COBCTPeYaeMOCTU
HeG6OJIbIIOro YKciIa “M36paHHbIX” CI0B (TOI-CJIOB) TeMbI B TekcTe. Ho 310
JIIIb TOBOJIbHO I'PyOasi MOIbITKA OIIeHUTh, Kak Tema paciipeiesieHa 1o
TEKCTY (CIy4ailHO BCTPEUaKOTCs €€ CJIOBA B TEKCTE WUJIM HET).
BHYTPUTEKCTOBASI K€ KOr€peHTHOCTb OYKBAJIbHO IPOXOAUT IO TEKCTY U
CMOTPUT Ha pacripeneneHe TeMbl, TO eCTb, IOMUMO TOII-CJI0B, IIPUHMMAET
BO BHMMaHMe elllé U JeTaau pacipeneneHns. Takum o6pa3oM, 3TO IOMIbITKA
chesaTh Jiyullle ¥ IpaBujibHee, YeM KOTrepeHTHOCTD I10 TOI-CJI0BaM.
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BMecTo TOro UTOOBI AeiaTh BHIBOABI 000 BCeil TeMe Ha OCHOBE COBCTpe-
yaeMOoCTel HeOOJIbIIIOTO CIIMCKA U3 NeCITV WIM ABAALATU e€ Haubojiee yacThIX
CJIOB, CJIEAyeT HAa4YaTh C MU3yUYeHUS CJI0B, BCTPEUaroIMXCS B TEKCTE BMeCTe, a 3a-
TeM CPaBHUTb BEPOSITHOCTU T€MbI HA HUX KaK p(t | w) win p(t | w, d).

Bosee mogpo6HO 3Ta npoieaypa OyaeT pacCMOTpPeHa B CJIeAYIOLIEM MO/ -
pasmere.

2.2.2 IIpennaraemsbie GYHKIUY KOT€PEHTHOCTU

[TpencraBiisieTcss HECKOJIBKO aBTOMATUUYECKUX Mep KOT€peHTHOCTU, OT-
JNYAIOIINXCI OT TPAOUIIMOHHBIX MOAXOA0B K BbIUMCIEHUIO KOT€PEeHTHOCTMU,
OCHOBAHHBIX HA UCII0JIb30BAHUM JIMIIIb TOIIOBBIX CJIOB.

ITepBriit MeTon, — SemantiC (Semantic Closeness) — olleHMBaeT ceMaH-
TUYECKYI0 O1M30CTh GJIM3KO PacroiOKeHHbIX B TEKCTe CJI0B KaK BEKTOPOB C
KOMITOHEHTaMM p(t | w). JIJist olleHKM OIM30CTY MeXIY CJIOBaMM B TaKOM CJTy-
yae MOXXHO BBIYUCIIUTD /,-pacCTOSSHME MEXAY COOTBETCTBYIOUIMMM BEeKTOpa-
MI:

SemantiC; = —([p(w;, w;) < window]|lw; — w;l,) (17)

roe p(w;, wj) — PacCTOsSHME I10 TEKCTY MEXOy CJIoOBaMM (KOJIMYECTBO APYTUX
CJIOB MEX[y HUMM), WindOW — OKHO CJIOB, B KOTOPOM w; U W ; CIUTAIOTCS 611 3-
KVMM TI0 TEeKCTY. 3HaK MMHYC MMeeT TOT CMBbIC/I, YTO Ae/iaeT KOrepeHTHOCTb
BbIIIIE, €C/IM BEKTOPBI CJI0B OM3KM. B momonmHeHre K BeIMunHe, IIPOTUBOIIO-
JIO’KHOM €BKJIMI0BY PaCCTOSTHMIO, MOKHO MCII0/Ib30BaTh, HAIIpUMeEpP, KOCUHYC-
HYI0 Mepy CXOICTBA:

SemantiCc,; = +([p(w;, w;) < window] cos(w;, w;)) (18)

TpeTuit ipenioskeHHbIN CITIOCOO OLIEHKY CeMaHTUYeCKO 6JIM30CTH CIIOB

I10 TeMe ¢ 3aK/IF0YAeTCs B BBIUMCIIEHUN JUCTIePCUM MeXAY KOMIIOHEHTaMU BeK-

TOPOB CJIOB B G/1M3KOM OKHe — KOMIIOHEHTaMM, COOTBETCTBYIOIIMMMU 3TOJ Te-
Mme:

SemantiCy,, |, = — Var(w;(1), w;,(0), ..., Wi yindow(®)) (19)
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[Tepen BbIYMCIEHMUSIMM BCe BEKTOPHI CJIOB ObIIM YMHOKeHbI Ha 1000, ¢ TeM
YTOOBI YBEJIMUNUTD 3HAUEHME aOCOTIOTHOM BeJIMUMHBI KOT€PEHTHOCTH.

ll =2 12=2
- - ~ —
A group of astronomers managed to detect a star, orbiting around a
black hole at a very close distance.

(- ~

l3=6

t = ”Black Holes” = {black, hole, star, astronomer}, threshold ~ 0
PucyHok 9 — IIpumep, MJUTIOCTPUPYIOLLIMI Uaero KorepeHTHOCTHU TopLen.
[Toka B TEeKCTe BCTPEUAIOTCS C/I0BA MHTEPECYIOILEI HAC TEMBI ¢, IIPOIOJIKAETCS

CU€eT CJIOB. EC/IM 3Ke BCTpeuaeTcs KaKoe-TO He CBSI3aHHOe C TeMOM ¢t CJIOBO, TO

OHO IA€T OTpullaTe/NbHbIN MmTpad. Korma abconoTHOe 3HaUeHMe 00IIero
mTpacga 0Kas3bIBaeTCs JOCTATOYHO OOJIBIINM, ITPOLIECC OCTAHABIUBALTCS, U
KOJIMYECTBO MOACUMTAHHBIX CJIOB JAET OOHO 3HaUEeHMe OJIMHbI TeMbI (OIMHBI

HalgEeHHOI'0 CerMeHTa TeMBbI).

Hpyroit meton — TopLen (Topic Length) — paccunTbiBaeT cpeaHION0 IJ1M-
HY TeMbl ¢ B TEKCTe, JIJisI KaskIOro CJIOBa BBIUMC/ISIS 6asi, MjiIu CKOp — pas-
HUILY MeXIYy KOMIIOHEHTOI BeKTopa CjI0Ba w(t), COOTBETCTBYIOILEN TeMe ¢, U
MAaKCMMaJIbHOM KOMIIOHEHTOM Cpeay OCTa/JIbHbIX TeM (20). B kauecTBe BeKTOpa
CJI0BA w, IAe KOMIIOHEeHTaM COOTBETCTYIOT IIPUHAIJIESKHOCTSIM TeMaM, MOXKHO
B34Tbh, Hanipumep, p(w | t), p(t | w) wiu p(t | d,w). HeorpuiiatenbHbii ma-
pametp threshold crnaxkuBaer sddekTt, kKorga TopLen mpu NMoACYETE IJIVHBI
TeMbI BCTPEUaeT CJI0BA He M3 TeMbI: MPOLIeCC MOACYETA IPOSO/IKAETCI OO0 TeX
TI0p, TI0Ka IOpor (KOTOPKIi B JaHHOI paboTe 6611 BhiOpaH paBHbLIM 0.01) IIIIOC
CYMMBbI CKOPOB I10 CJIOBAM HeOTpUIaTeIbHbI (CM. PUCYHOK 9 11 IIpuMepa).
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Algorithm 1. TopLen
1: function score(w;, 1)

2: w; is scored
3:
4: return w; [1] — w f [arg max w f [7]]
1<z<|T|
T#t

5: series « []
6:
7. ford € Ddo (20)
8 for w;, e W, do
9 if w; € W, and (w), is not scored) then

i+n
10: series « max{n > 0 : threshold + ) score(w;,t) > 0}

J=i
11:
12: TopLen | « <series>

t

[Mocnenunii n3 npenioskeHHbIX MeTOom0B — FoCon (Focus Consistency) —
OLI€HMBAEeT, HACKOJIbKO CMJIBHO Pa3/IMYaloTCs COCeHMe CJI0OBA BO BCEM TEKCTe,
CYMMUPYS OJIs1 KOKIOM Mmapbl CJIOB ABE PAa3HOCTU MEXAY KOMIIOHEHTaMU UX
BEKTOPOB p(t | w): Tapa KOMIIOHEHT [IJISI BBIUMC/I€HNUSI Pa3HOCTE COCTOUT U3
KOMITOHEHT, MaKCMMaJIbHbIX B COOTBETCTBYIOIIMX BEKTOPaX. 3HAaK MUHYC BbI-
TIOJIHSIET TY K€ POJib, UTO U B cirydae ¢ SemantiC (17): KorepeHTHOCTbh BO3pac-
TaeT, KOraa CJI0Ba pasjiMdyaloTCsl MeHblIIe.

(FoCon = — 2 Z lw;() —w;®)| + |w;(7) —w;(7)]
deD w;,w;eW,

3 j—i=1 (21)

t = argmaxw;(s), T = arg max wj(s)
N

L S

2.2.3 DKCIHepUMMEeHTHI

VuTepniperanyusi U IpeacTaBjieHMe ABTOMaTU3MPOBaHHbIE Mepbl Kore-
PEHTHOCTM OCHOBaHbI Ha MOACYETE COBCTpedyaeMOCTy cJIoB. Eciim Tom-cioBa
YacTO BCTPEYaloTCsl BMeCTe B KOHTEKCTHOM OKHe, TO 3TOT Habop CJIOB CUmMTa-
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eTCS CBSI3HBIM, WJIU KO2EPEHMHbIM, T. €. STU CJIOBA COYETAIOTCS APYT C APYTrOM
€CTeCTBEHHBIM U pa3yMHBIM 00pa3oM.

HesiBHO mpepIionaraeTcsi, YToO ey Habop TOM-CJIOB KOT€peHTHbIH, TO U
BCSI TeMa TOKe KorepeHTHasl. Ha romo06Hoe momnyiieHue oopailaay BHUMaHMe
M KPUTUKOBa/IM U paHblile [112], HO XoueTcst pa3o6paThCsi B 3TOM BOIIpPOCe KO-
nnyecTBeHHO. Kakas moss KoJuieKIun 3aeCTBYeTCS IIPU IOACYETE COBCTpe-
yaeMOoCTeli JIJIsl JAaHHOI'0 Habopa TOMOBbIX CJIOB?

[TycTh Q — HEKOTOPOE MHOXECTBO CJIOB. by/ieM Ha3bIBaTh MO3ULIMIO CJIO-
Ba w € Q npedcmasieHHOli, eCcIi OHA MMeeT HeHY/IeBOV BKJIa, IpU IIOJCUETe
coBcTpeuaemocTeii cjioB Q (cM. pucyHOK 10). Takum 06pa3oM, OLIEHUTH OO0
TEKCTa, YYaCTBYIOILIETO MPU IONCYETE COBCTPEUAEMOCTEN — 3HAUYUT OLIEHUTD
npedcmasieHHYH 4acmomy TOII-CJIOB BCeX TeM MOMEIN.

HanpoTus, eciu mpeamonoxKUTh CylIeCTBOBAHME CYIIepPCMMMETPUM, TO BBeJIEHNME HOBBIX Ya-
CTHUIL, TIPUBOAMT KakK pa3 K Takomy o0benyHeHni0. OKa3biBAeTCS, YTO CyIIepCMMMETPUsI He
TOJBKO ObecrieurBaeT 00beIHeHNe B3aMMOAECTBIIA, HO ¥ CTAOUIM3MPYeT 00beIMHEHHYIO
TEeOpHI0, B KOTOPOT MPUCYTCTBYIOT ABA COBEPIIEHHO Pa3HbIX MACIITaba: MaciItab Macc 06bI4-
HbBIX YACTHIL (MOpAaKa 100 Mace MPOTOHA) M MACIITA6 BEIMKOTO O6beIMHe s (mopaaka 1016
Macc mpoToHa). [TocnenHuii MaciiTab yyke 6MM30K K TaK Ha3bIBAEMOMY MIaHKOBCKOMY Mac-
nrraby, pABHOMY 06PaTHOM HBIOTOHOBCKOI KOHCTAHTE TSATOTEHMSI, UTO COCTABJSET MOPsAKa
10" macc mporoHa. Ha 3ToM Maciutade Mbl OKUZAaeM posiBaeHne 3G GeKToB KBAHTOBOJ rpa-
BUTALMKM. B 5TOM MOMeHTe HaC OKMIAAeT NPUSTHBIN COpPIpu3. Jeno B TOM, UYTO IPaBUTALMS
BCerZa CTOsUIa HECKOIBKO OCOOHSIKOM IT0 OTHOLUEHMIO K OCTa/IbHBIM B3auMozneicTusaMm. Ile-
PEHOCUYMK IDABUTAIVM, TPABUTOH, MMEET CIIMH 2, B TO BpeMs KaK MEPeHOCUMKM OCTAIbHBIX
B3aMMOENCTBMI MMeIoT CriuH 1. OgHAKO CyepCMMMETPUS IePEMEITMBAET CITVHBL.

first top words of topic 3: ¢u3uka with top 10 in bold: yacTuia, 3MeKTpoH, KBapK, aTOM,
SHeprud, BceneHHad, ¢poToH, ¢pusmka, PMU3MUK, IKCIePUMEHT, Macca, TeOpusi, CBET, CUM-
MeTpus, IPOTOH, SIHILTElH, HeTPUHO, BEIIECTBO, KBAHTOBBIN, YCKOPUTEIb, IETEKTOP, BOM-
Ha, 3Q@deKT, CBOICTBO, CIIMH, TPaBUTALIMA, MAaTEPHS, aAPOH, I0Jb, 4YaCTOTA

Pucynok 10 — CnoBa, 1CIoib3yemMblie MO EIbI0 IPU BbIUYUCIEHUN
KOTepeHTHOCTU. B mpefcTaBieHHOM ()parMeHTe TEeKCTe BCero OJIUH
TOI-TOKeH (“4acTuil”) 13 MepBbIX JECSITH, a TAKKe HIMPOKNIT CIIEKTP MeHee
SIPKO BBIPA)KEHHBIX TEMATUUYECKUX CJIOB, KOTOPbIE, OAHAKO, UTHOPUPYIOTCS
IIPU pacy€eTe KOTePEeHTHOCTU MeTOAaMM, OCHOBAaHHBIMM Ha TOII-TOKEHaX.

OCHOBHOJ1 MacCUB JaHHBIX, KOTOPbIN OYIEeT MCII0/Ib30BaThCsSl — 3TO KOP-
IIyC CTaTel, ONMyoaAMKOBAHHbIX B  IlocTHayke” — IO/ ISIpHOM POCCHIICKOM Ha-
YYHOM MHTEpHET-KypHaje. bymeM paboTaTh C TeMaTMUECKOi MOMEIbI0 IJIsI
9TOTO JaTaceTa, COCTOosIeN 13 19 mpeaMeTHbIX M OGHOM (POHOBOI TeMbI (CM.
TaOIUILY 3).
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Ta6nuua 3 — Tembl gatacera “IlocTHayka”, Kaskmast U3 KOTOPBIX
IIpeCcTaB/ieHa TpeMs TOII-CI0BAMMA.

Topic First Top-Word Second Top-Word Third Top-Word
1: matremaTuka  maTremaryka (0.016) 3amayva (0.008) nekaprt (0.008)
2: TeXHOJIOTUH texHonorust (0.015) po6or (0.012) ceTh (0.010)
3. pusuka yactuna (0.027) 971eKTpoH (0.015) KBapk (0.015)
4: XUMMHA xumus (0.021) moJiekyia (0.019) marepuai (0.016)
5: semua zemid (0.029) miaHera (0.028) atMocdepa (0.012)
6: acCTpoHOMUSA 3Besga (0.039) ranakTika (0.031) BceseHHas (0.019)
7: GUOJIOTUS kinetka (0.027) opranusm (0.011) mos3r (0.010)
8: meguHa nauueHT (0.016) npernapart (0.012) 3abonesanne (0.012)
9: ICcUXOoJI0TUS ricuxonorus (0.009) mosT (0.009) ricuxostor (0.008)

10: 3KOHOMUKA sKkoHOMMKa (0.016) cTpaHa (0.010) LeHa (0.008)

11: ucTropus ucropus (0.010) uctopuk (0.007) BiaacTb (0.006)

12: monuruka rocygapctso (0.014) nonutuka (0.012) momutuyeckuii (0.011)

13: conuonorus couyonorus (0.013) couyodor (0.009) couranbHblit (0.008)

14: KyabTypa KkyabTypa (0.015) dumasm (0.007) nckyccTso (0.006)

15: oopasoBanue yHuBepcurtet (0.021) o6paszoBanue (0.014) mkoja (0.013)

16: s13bIK s13bIK (0.077) cioso (0.037) ciosapb (0.011)

17: dunocodpus dunocopus (0.018) dunocod (0.013)  dunocodckuii (0.008)

18: penurust ceaTuianiie (0.010) penuryug (0.007) uapsb (0.006)

19: poccus poccus (0.028) crpaHa (0.009) pycckuii (0.009)

Ianee oOpaTuM BHMMaHMe Ha TeMaTUUYECKYI0 MOAE/Ib, IIPeICTaBIeHHYIO
B [103], KoTOpas uUCIoAb3yeT BbIOOPKY cTaTeit Bukunenuu. Ha ocHOBe oOleH-
K1 10 TOIT-CJIOB SKCIIepTaMy 3Ta MOAe/b OblyIa IpM3HAHA JTyuleit. Momenb co-
crosiia 13 50 Tem. Kak BUAHO 13 TaOAUIIbI 4, TOII-TOKEHBI, MCII0Ib30BaBIIINe-
Csl IJ1S1 OLleHKM MOJeJIM, OXBAThIBAIOT JIUIIb HE3HAUMUTEIbHYIO YaCTh KOPITyCa.
Opyrumu cioBamMu, KOT€peHTHOCTU, OCHOBAHHbIE HAa COBCTPEYAeMOCTSIX TOII-
TOKEHOB, MOTYT UTHOPUPOBATh Oosiee 98% KoJIIeKLM !

Tabnuiia 4 — [lons Kopmyca, MMOKpbIBaeMasi COBCTpeuaeMocTsIMU 10 Haubomee
YaCThIX CJIOB KaXKIO¥ TEMBI.

PostNauka, % | Wikipedia, %
Minimum 0.016 0.0065
Median 0.048 0.029
Mean 0.062 0.036
Maximum 0.28 0.11
Total 1.2 1.7

UctuHHas pasMeTka OlieHKa MHTEPIPETUPYEMOCTU TEMBI SIBJISIETCS TPY-
noeéMKoi. CUJIBHOM CTOPOHOI KOT€PEeHTHOCTENM I10 TOIM-CJI0BAM SIBJISIETCS UX
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CIIOCOOHOCTh CBOAMTH TE€MbI MOJIEIM K KOMIIAKTHOMY, 0003pMMOMY CITUCKY
ciioB. Ho maske B 9TOM ciryuae c60p ueroBeueCKMX OLIeHOK JIJIs1 60JIBIIIOTO Umc/Ia
TeM SIBJISIETCSI HEIIPOCTOM 3aaueii.
Takum obOpasom, BO3HMKaeT cienmyoomiasi mpobisema. C omHOI CTOPO-
HbI, MbI ITbITAEMCS [IOCTPOUTDH MEPY KOrePEeHTHOCTH, YUUTHIBAIOIILYIO L[€JIMKOM
MaTpHUIIbI C/I0B B TeMax” ® 1 “TeM B JOKyMeHTax” © u Bech Kopmyc. C Ipyroit
CTOPOHBI, JIJIsSI IIPOBEPKM TAKOV KOrepeHTHOCTM HeoOX0auMo OyIeT MpoBaIm-
IVPOBATh €€ C ITOMOIIBIO JII0AeN, CDABHUTD C OLleHKaMU MHTEPIPETUPYEMOCTU
TeM aceccopaMu. [ToaToMy HEOOXOAMMO COOpaTh UejoBeUecKue OLEeHKM ]IS
BCEro KOpIyca M BCEro pacripeneieHus BepOsSITHOCTEIA.
[IpeparaeTcst caeqyIONINiA CII0cO00 000¥TH 3TY IIPOLIEAYPY: BMECTO TOTO
yTOOBI MPOCUTh 3KCIIEPTOB-JIIO/EI MPEeaOoCTaBUTb pa3MeTKY, Mbl CTeHEpUpPY-
eM noJiycuHmemuueckuti Habop daHHvIX C U38eCMHOLl pazmemkoti. B 9Toit cBsI-
31 GOJIBIIYIO ITIOMOIIb OKAXKeT CTPYKTYpa CaMOro KopIryca JaHHbIX IloctHay-
Ka”. Tak, TeMbl CTaTeil JOCTAaTOUHO OOIIMe U pa3HooOpa3Hbie (TeMbl M3BECT-
HbI), TPUYEM MOKHO CUMTATh OOIBIIMHCTBO TOKYMEHTOB MOHOMEMAMu4ecKu-
MU: T. €. KaXXJ0e CJIOBO TaKOTO IOKYMeHTa MOXET ObITh OTHECEHO JIMOO0 K OTHOM
KOHKpEeTHOJ TeMe 13 U3BeCTHOI'o 3apaHee Habopa TeM, 1160 K POHOBOII TeMe.
HMTak, 6ymeM UCII0Ib30BaTh 9TM MOHOTEMATHUUECKIME TOKYMEHTbI AJIsI CO-
30aHMS TIOTYCMHTETUYECKOTO Habopa JaHHbIX. Mmes co3maHmst MOyCUMHTETH -
YeCKOro [aTaceTa 3aKjaiuyaeTcs B TOM, YTOOBI pas3pesaTh’ MOHOTeMaTuue-
CKMe TOKYMEeHTbI Ha 00jiee HEOOJIbIIe MOHOTEMAaTUYeCKIe CETMEHThI, a 3aTeM
“ClIMTB” 3TM CErMEHTBhI BMECTe B CIy4aiiHoM rnopsiake. Llenp monycuyTeTnye-
CKOTO Habopa JaHHBIX — CAYKUTH B KauecTBe MCTUMHHOI pa3sMeTKu (ground
truth), Mo KOTOPO¥t MOKHO OYIEeT OLIeHMBATh TeMaTUUYECKMe MOIEIN.
[Tpouenypa reHepanum gataceTa rapaHTUPYET, UTO U3SBECTHBI UCTUHHbIE
TEeMbI JIJISI KaXXA0ro ¢JioBa MoKyMeHTa. C ITIOMOIIbI0 3TOi MHPOpMaINM MOX-
HO OLIEHMTb KauecTBO CerMEHTalM TeKCTa JII000i TeMaTUu4eCckoii MOIebIo.
[IpenaraeTcst ABa criocoba cmenaThb TO:
— Soft: nJisl KX 0i1 TeMbI ¢ BIUMCsIeTCsI cymma p(t | d, w) 110 BCeM napam
(d,w),d € D, w € W,, Ipu 3TOM 001llee 3HaYEHNE KauyeCTBa TE€MbI
PaBHO CyMMe 3TUX CYMM [JJ19 BCeX TeM (CM. pUCYHOK 11);

— strict: Ojsi KaKO0M TeMbl ¢ OJISI BCeX CeTMEHTOB TeMbI ¢ CYUMTAETCS KO-
Jlu4ecmaeo CoOBIaeHUM TeMbI, IIpeCKa3aHHOM MOJIe/b0 [JIS CJIOBA w B
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IOKyMeHTe d, KOTopas paBHa arg max_ p(z | d, w), C TeMO1 t CerMeHTa,
K KOTOPOMY IIPUHALJIEKUT 3TO CJIOBO W.
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PucyHok 11 — CBsI3b MeKIy KaueCTBOM cerMeHTaumu (soft) u nepriexcueit
TeMaTuueckom momenn. I[1o ocu X oT/okeHa I0J1s1 XOPOoILuX MaTpull ®:
eqMHNIIA MUHYC a (CTerleHb Aerpaganuu ®@). ToT ¢pakT, YTO KaueCcTBO
CerMeHTal MOHOTOHHO BO3pacTaeT IIPU YMEHbIIIEeHUU TTePIVIEKCUMN,
TOBOPUT O TOM, YTO IIpeAjI0KeHHbI MeTO/I, OLIeHKM KaueCTBa CerMeHTalu
MOKET OBbITh MCIT0/Ib30BaH B KaueCTBe Mephbl KaueCcTBa TeMaTUIeCKIUX
MoJiesiein (TOYHee, YTO HeT OCHOBAHMI ero Kak TaKOBO He UCII0/Ib30BaTh).

Pa300paBunch C MCTUHHO pa3MeTKO, Mbl MOXKEM OII€HUTD 110 Heli pa3-
JMYHBbIE Mepbl KOTePeHTHOCTH. KauecTBO Kaykmoii KOTepeHTHOCTY-KaHauaaTa
oymeTt paBHO Ko3(pduinmeHTy Koppensituyu CriipmMeHa MeXay 3HaUeHUSIMM CO-
OTBETCTBYIOIIEl KOTePeHTHOCTY M 3HAaUeHMSIMM KaueCcTBa cerMeHTaIum (ole-
HEeHHBbIMM T10 U3BECTHOI pa3MeTKe).

JIJ1s1 TIo/TyuyeHusT Auara3oHa TeMaTUUeCKuX Mojeneii, JaloluX pasinmd-
Hble KauecTBa CerMeHTalluu, FeHEePUPYeTCS] HECKOJIbKO Pa3IMUHBIX MaTPUI]
®, Kaxkgas M3 KOTOPBIX ITOJMyYaeTcs KaK B3BelIeHHash KOMOMHAIMS “XOpo-
1nen” MaTpUlibl CDgood (KoTOpas eCcTb M3BEeCTHAS TeMaTuyeckass MoAe/b Jara-
cera ‘TloctHayka”) u “mioxoit” matpuilsl ®, , (KOTOpas ecTb IIPOCTO HAGOP
CJTy4aiiHBbIX CTOJOLIOB, B3SIThIX M3 pacnpenenenus Dirichlet(0.011"1)):

D(@) = a - Dypy + (1 =) - Py (22)
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Ha pucynke 12 mipencraBiieHbl IIPpUMepPbl TEKCTOB, CETMEHTUPOBAHHbIX
XOpollen U IVI0X0M TeMaTUUYeCKUMM MOJIe/ISIMMU.

sl KaXKOoro a, B3ATOrO U3 nmojaynHTepBaia [0, 1) ¢ HEKOTOPBIM IIaroMm,
BBIUMCJISIETCSI KQUECTBO CerMeHTal U BCe UCCIeyeMble MeTPUKU KOTE€PEeHT-
HOCTH. Ha 4eThIpEX MOTYCMHTEeTUYECKMX Habopax JaHHbBIX, C pa3MepaMM Cer-
MeHTOB 50, 100, 200 1 400 cJIOB, OBIIO IIPOBEIEHO UYEThIPE TAKUX CEPUM IKCITe-
PMMEHTOB, C pa3HbIMU MaTpuiamu ®, ;. Pe3ynbTaTsl 9KCIIEPUMMEHTOB MOKHO
yBUIETDb B Tabjuile 5 1 Ha pUCyHKe 13.

Tab6nuia 5 — Koppensitium CriipMeHa MeXXIy KOTepeHTHOCTbhIO ¥ KaueCTBOM
cermeHTauuu (soft) ojs maTaceToB ¢ pas3JIMUHBIMM pa3MepaMy CeIMEeHTOB: 50,
100, 200 1 400 c710B — U € 5 TeMaMM B KaXKI0M [TOJIyYEeHHOM

HOHYCI/IHTGTI/I‘—IECKOM JOKYMEHTE.
Coh Corr Coh Corr Coh Corr Coh Corr

Newman 0.75 Newman 0.94 Newman 0.80 Newman 0.85
Mimno 0.96 Mimno 0.96 Mimno 0.94 Mimno 0.97

SC L2 0.92 SC L2 091 SC L2 0.70 SCL2 0.59
SC Cos -0.97 SC Cos -0.96 SC Cos -0.97 SC Cos -0.96
SC Var 1.00 SC Var 1.00 SC Var 1.00 SC Var 1.00
TopLen 1.00 TopLen 1.00 TopLen 1.00 TopLen 1.00
FoCon 1.00 FoCon 1.00 FoCon 1.00 FoCon 1.00

Bce sKkcrieprMeHThI C AAHHBIMY ITPOBOASITCS C MCIOb30BaHMEM 6M6MO0-
Teku BigARTM [39; 67].

2.2.4 Pe3yabTaThl

[IpencraBiieHbI TPU HOBBIX METOZA OLIEHKM UHTEePIIPEeTUPYEMOCTU TeMa-
TUYECKOV Moaenn: KorepeHTHOCTU SemantiC, TopLen n FoCon, — KoTOpbIe pe-
aJIN3YIOT CTpeMJIeHMe YUeCThb 6Ce CJI0BA TeKCTa IPU BbIUMCIIEHUM KOTepPeHTHO-
CTU, C TEM UYTOOBI TaKM 00pa30M IIPeoa0eTh HeJOCTaTKM KOTePeHTHOCTe,
OCHOBAHHBIX HAa COBCTPEUAEMOCTSIX JIUIIIb HeOGOIbIIOro MOAMHOKECTBA CJIOB
TeM (CaMbIX YaCThIX, TOIIOBBIX CJIOB).

JIJ1s1 aHaMM3a BBeIEHHDBIX U CYIECTBYIOIIMX KOT€PeHTHOCTE ObLIN MTPO-
BeleHbl 9KCIIePMMEHTHI Ha IMOJYCMHTETUUEeCKUX HabopaxX JaHHBIX, COCTOSIIINX
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Good Topic Model
topic 16: 93bIK
Karteropus 6ymayiiero BpeMeHy B OOABIIMHCTBE I3bIKOB AQPUKM OTCYTCTBYET. ECTh MHOTO CITO-
cobO0B TOBOPUTH 0 OYAYIIEM, HO 3TO b0ee CJIOKHbIE CIT0CO0bI, Kacatouuecst Tpe/InonosKeHn s,
skenaHusi. HopManbHbIl apPUKAHCKMI IpaMMaTHUYeCKuii TIpUEM — He TOBOPUTH 'S 3TO cle-
7a0"man "9TO OYIeT a CKasaTh "3TO BO3MOKHO WM "sT XOUY 3TO CIeMaTh OHY TOBOPST O OYIy-
meM, HO 'TIOTaIaloT B OymyIiee HermpPSIMbIM ITYTEM.

topic 12: nonuTuka

U g mocsinao neHbru 6opiiam 3a He3aBMCUMOCTh Kypaycrana, y4aCcTBYIO B aKIIVMSIX MO ePsKKA
KYPACKUX TOBCTAHIIEB U TaK Aajiee. BOT Takoe HajlOKeHUe APYT Ha IpPyra PasHbIX YIEHCTB,
PasHbIX 'TPAKIAAHCTB'. B uTepaType MOCIeqHWX EeCSTH JIeT ObITYIOT TaKye BhIpaskeHusl, Kak
'TeH/IEPHOE rPaXXFAaHCTBO "9KOHOMMYECKOe IPAXAAaHCTBO . IlepBoe YKa3bIBaeT HA WIEHCTBO B
BOOOpaskaeMoM COOOIIECTBE SKeHIIVH, IPUBePKeHHbIX UAesIM (DEMUHMU3MA.

SO ) SO H) N M SCL2 SCCos SCVar TL FC

16.0e3 3.76e4 -3.65 -2.69 -3.70 0.700 -8.12e3 3.45 -5.44e4
Bad Topic Model

topic 16: a3bIK

KaTteropus 6yayIiiero BpeMeH B 00JIbIIMHCTBE I3bIKOB A(DPUKM OTCYTCTBYET. ECTh MHOTI'O CITO-
CO0O0B TOBOPUTH O OYAyIEM, HO 3TO O0jiee CJIOXKHbBIE CIT0COObI, Kacaloliecs MpeaIoa0sKe s,
skenaHug. HopmasibHbIi a)PUKAHCKMM rpaMMaTHUYeCKIli IPUEM — He TOBOPUTDL "SI 3TO Cle-
naw'win "31o OygeT a CKa3aTh "3TO BO3MOKHO MM " XOUYy 3TO CAENIATh'OHM TOBODPSIT O OyIy-
eM, HO "TI0TagalT" B Oyaylilee HerPSIMbIM Ty TEM.

topic 12: monuTuka

1 51 mochLIal0 AeHbI'Y 60PIIam 3a He3aBUCUMOCTb KypaucTaHa, yuacTBYI0 B aKIMsIX MOATEePKKA
KYPACKMX MOBCTAHLEB M TaK ganee. BoT Takoe HamoXeHMe OPYr Ha Apyra pa3HbIX YIEHCTB,
pa3HbIX "TPAXKIAHCTB'. B iuTepaType mocaeaHNX AeCSITH JIeT ObITYIOT TaKye BbIpaskeHUsl, Kak

'TeHJlepHOe IPAKIAHCTBO "3KOHOMMYECKOe TPakaaHCTBO". [lepBOe yKa3bpiBaeT HA YWIEHCTBO B
BOOOpaskaemMoM CO0DITeCTBe YKeHIMH, TPUBEPKeHHbIX MaessM (peMruHu3Ma.

SQ®) SQH) N M SCL2 SCCos SCVar TL EC
5.54e3 1.10e4 -4.83 -3.12 -12.9 0.947 -37.0e3 2.87 -13.9e4

PucyHok 12 — MntocTpanms rpoiecca CerMmeHTaluuu TeMaTUu4eCcKom

MOZe/IbI0 ITOTYCUHTEeTUYEeCKOro TekcTa. Ha pucyHKe nmokasaHsl JBa CeTMeHTa
13 pasHbIX TeM pasMepoM 50 CJIOB KaKablii ITocIe 06paboTKM “TII0X0it”
TeMaTuuyeckoi momensio (Bad Topic Model) n “xoporiueit” (Good Topic Model)
(cooTBeTCTBEHHO NP a = 1 1 a = 0 (22)). [IpencraBieHHbIe CETMEHTDI ObLIN
M3BJIeUeHbl U3 OJHOTO U3 CTeHEePUPOBAHHBIX MOJTYCUHTETUUECKUX
IOKYMEHTOB, B KOTOPOM OHM ObLIM cocegHMMM. C/ioBaM, KOTOpbIe He
ITIOMeueHbl, ObLJIM TPUCBOEHBI TEMbBI, OTJIMUHbIE OT T€M IBYX IIpeICTaBIe€HHbIX
cerMeHTOB. [lof, cermeHTaMu yKa3aHbl 3HAaUEHMSI KOTEPEHTHOCTU. SQ
(S) — obo3Hauaet soft kauectBo cermeHTaiumn, SQ (H) — strict KauecTBo
cermeHTauum, N — Newman, M — Mimno, SC — SemantiC, TL — TopLen,
FC — FoCon. 3HaueHus, Bbife/IeHHbIe SKUPHBIM LIPpU(TOM, YKa3bIBalOT Ha TO,
UyTO (PYHKIIMSI KOTePEeHTHOCTY BO3pacTaeT 110 Mepe yBeJIMueHNs KauecTBa
MO%%JII/I.
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PucyHok 13 — CpaBHeHMe pa3IUUYHbIX Mep KOT€PEHTHOCTH C KaueCTBOM

Segmentation quality, — Segmentation quality, —

Segmentation quality, —

CerMeHTallMM B 3aBUCUMMOCTH OT a (TIapaMeTp *Jerpajalnnumu” TeMaTudecKoi

Moziesn: ueM 60J1bliie, TeM O/1vske MOJEJTb K 3aBeIOMO  TIOXO0i” @, ).

3HavyeHMsI KOTEPeHTHOCTY Ha TpaduKax — 3TO yCpeJHEHHbIe 3HAUEHMS I10

Cepuy U3 YeThIPEX SKCIIePYMEHTOB C pa3aNYHbIMyY MaTpuuamu @, ;.
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13 OJVHAKOBOIO pa3Mepa CerMeHTOB pa3InYHbIX TeM. IIpenioxkeHHble MeTO-
IObl J€MOHCTPUPYIOT BbICOKYIO KOPPEIALMIO C KAUeCTBOM CerMeHTauuy (oLe-
HEeHHbBIM Ha ITOTYCMHTETUYECKUX JaTaceTax). Hammyuiine pesynbTaTsl KOppe-
UMY IToKasany KorepeHTHocTy SemantiC,, . 1 TopLen.

2.2.5 Bo3MOXHbI€ HaIIpaBJIeHVS JaJTbHeMIINX MCC/IeJOBaHNMi

BHYTpUTEKCTOBbIEe KOT€pPEeHTHOCTM, B OT/IMYME OT KOrepPeHTHOCTU II0
TOI-CJIOBaM, ONMPAIOTCS Ha MOJHYI MHAOPMAalMIO O pacapeneaeHuy TeMbl
B TEKCTE IPU OlleHKe e€ KayecTBa. OQHAKO BMeCTe C TeM IpeJIOKeHHbIe KO-
repeHTHOCTY 00j1alaloT M 3aMeTHBIM HemocTaTKoM. KoTopslit 3aKkiaiouaeTcs
B TOM, UTO OHM He COXPaHMJIMU MPeeMCTBEHHOCTb ujaeu HbiomaHa 06 oOlieH-
Ke HeUTy4aHOCTU COBMECTHOM BCTpeUM CJIOB B TeKCTe ¢ rmomoibo PMI. Ka-
KeTcs ke, yTo PMI BakHO COXpaHUTh, IMOTOMY 4TO PMI olleHKa Heciayvaii-
HOCTM BCTPEUM CJIOB HEILJIOXO cebsl 3apeKOMEeH/I0Bajia M YacTO UCIIOIb3yeTcs,
He TOJIbKO IIPY BBIYMCIEHUM KorepeHTHOcCTei [78]. Kpome TOro, coxpaHeHue
PMI n1o3B0on/I0 661 0600IIUTh KOTepeHTHOCTh HbloMaHa: MpeajiokUTh TaKylo
BHYTPUTEKCTOBYIO, KOTOpasi ObI BKJII0OUaja KorepeHTHOCTh HbloMaHa Kak yacT-
HbIV CJIy4aii.

/M B KauecTBe TaKO¥ 0000IIAOIEl KOTePEeHTHOCTM MOKHO ITPeIJIOKUTD
CJIEAYIONTYI0 — CpedHe838eUEeHHYI0 BHYMPUMEKCMOB8YH KO2epPEeHMHOCMb:

> el (u, v) coh(u, v)

coh(t) = == S el (23)

roe coh(u, v) — couemaemocms mapsbl CJIOB u, v B TEKCTaX (OIleHKa Hec/lydaeMo-
CTM COBMECTHOVi BCTpeun); rel,(u, v) — peneeanmuocms CIOB u U v TEME 1.

B wacTHOCTH, BBIOOD coh(u,v) = PMI(u,v) u rel,(u,v) = [u,v € top,(?)]
IIPUBOAUT K KOrepeHTHOCTU HbloMaHa 1o Tor-cioBam (16).

Y4yecTb Oojblliee YMCIO CJIOB (MepeiTy K BHYTPUTEKCTOBOJ KOT€pEeHT-
HOCTY) MOXXHO, TIOJIOXKUB, Hanpumep, rel,(u,v) = ¢, + ¢, Win \/m, UIN
()b, > €] (TIe MOKHO B35ITh £ = (1/W)?).
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B kauecTBe coh(u, v) MOKHO ocTaBuTh PMI. OmHako MOKHO TaKxke IIOITpo-
OOBaTh ellé U Ipyrue BapMaHThI, TAKXKe OLIEHMBAIOIIME HeCTy4aeMOCTb COB-

MeCTHOV BCTpeuu c10B u ¥ v. Hanpumep, coh(u,v) = (PMI(u,v) — 6),, numm
< P(u,0) ) o P@0)—P@ P()
PWP(©) )’ VPwy)

CyMMuMpoBaHMe B (23) IpeAonaraeTcs o BceM rnapam W2 cioB cioBa-

psi (Y KOTOpbIX HeHysneBas rel (u, v)). Ho 370 upe3smepHO 60/b1110Vi 0OBEM BbI-
YUCJIEHUII. DTOr0 MOKHO 130eXXaTh, eC/IY YUMTHIBATh JIMIIb ITaphbl CJIOB, HAXO-
Osmiecs: B 00X KOHMeKCmax, Harpumep, Ha pacCTosSHUM He 6osiee 10 OB
OpyT OT Apyra, WIM B OMHOM IIpeJIosKeHMM, B OMHOM ab3aiie. B TakoM ciyuae
Bce rel,(u, v) MOKHO 6paTh HeHY/leBbIMU. Bosiee TOro, MOSIBSIETCS C/IeAyoIast
BO3MOYXHOCTb BBIUMC/IEHUS PeIeBAHTHOCTY apbl CJIOB u, v TEME f:

rel (u,v) = \/p(t | d,w)p(t | d,v)

B utore 3a oguH nMpoxop, 1Mo KOJUIeKUUU OJIS1 KAKIOM TeMbl ¢ aKKYMYJIM-
PYIOTCSI CYMMBI B UUC/IUTENe U 3HaMeHarTese (23).

OTmeTum, uTo 3HaueHue rel,(u, v) 3aBUCUT TOBKO OT CJIOB U, v U TEMBI .
OnHaKo TYT elll€ UrpaeT pPojib, KaK Mbl CMOTPUM Ha ¢yioBa. O000IIEHHASI BHYT-
PUTEKCTOBASI KOTEPEHTHOCTb — BHYTPUTEKCTOBOI €€ [ieJIaeT TO, UTO OHA MPOo-
XOOUT M0 BCeMY TEeKCTY ¥ CMOTPUT Ha BCe CJI0Ba, a He TOJIbKO Ha TOII-CJIOBA,
HO YUMTBIBAEeT UX C Pa3HbIM BeCOM (KOTOPBIN Kak pa3 onpenenseTcs Kak rel, ot
C/I0B). DTO MOKHO CUMTATD IIE€PBBIM YPOBHEM BHYTPUTEKCTOBOCTH”. HO MOXK-
HO IOMTH ganbliie. MOXKHO TP OLleHKe peJiIeBaHTHOCTY CJIOB TeMe CMOTpPeTh He
TOJIbKO HA CTaTUYHbIe” BEPOSITHOCTH ThIa p(w | t), HO, CKaskeM, MOKHO CMOT-
peTb Ha BePOSITHOCTY p(t | d, w) — BEpPOSITHOCTY, 3aBUCSIIME OT KOHTEKCTa (OT
nokymeHTa). [TosmyyaeTcsi, B TaKOM c/ydyae Mbl OyJleM CMOTpPETb He TIPOCTO Ha
C/I0Ba, A HA CJIOBA B JOKYMEHTE. DTO MOKHO CUMUTATh ~BTOPHIM YPOBHEM BHYT-
PUTEKCTOBOCTU”; KOTOPBII He PO TO, CKOJILKO CJIOB Mbl YUUTBIBAEM, a IIPO TO,
KaK MbI X YUUTbIBA€M, KaK BOCIIPMHMMAEM CJI0OBa, KaK IIOHMMaeM UX TeMaTu-
Ky (Uepe3 KOHTEKCT).

B 3TOM cBeTe MOXXHO IPeAJIOKUTS elle ofHy QyHkuuio rel (u, v), KoTopas
TIpe/iCTaBJIsIET U3 Ce0sI HEUTO CpefHee MeKIy KOTepeHTHOCTbIO 0 TOM-C/I0BaM
Y BHYTPUTEKCTOBOM KOTE€PEeHTHOCThIO. IIyCcTh eCcTh Tema ¢. [lanee 11 Kaxka0oro
IOKYMEHTa d MOXHO B34Tb tOp, CJIOB II0 BEPOATHOCTAM p(f | d, w) U CMOTPETH
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Ha X COBCTPEUAEMOCTH B 3TOM IOKYMEHTE, YTOOBI [TOCUMTATh KOTePEHTHOCTD
I10 TOI-CJI0OBAM B paMKax OIHOIO 3TOro fOKyMeHTa d. [locimenymwoliee ycpenHe-
HMe I10 JoKyMeHTaM D fajio Obl 3HaUeHMe KOrepeHTHOCTY TeMbl ¢. [TonmyuaeTcst
KOTepPeHTHOCTb, C OOHOM CTOPOHBI, IIOXOKasi Ha KOrepeHTHOCTb HbloMaHa 1o
TOII-CJIOBAM (TIOTOMY YTO TaKKe OIMPaeTCs JIUIIb Ha TOTI-CJI0Ba U UX COBCTpe-
YaeMOCTH), OOHAKO TOII-CJIOBA 3TU HAXOOITCS He OOVH pas M0 BEPOSATHOCTIM
p(w | 1), a OJI1 KKOOr0 JOKYMEHTA 110 BepOSATHOCTIM p(t | d, w) — Ioay4aeT-
Cs1 KakK Obl BHYTPUTEKCTOBBIN ITOMCK TOM-CJIOB. [T0M00HbIN B3IIsI Ha TOM-C/IOBA
TeMbl uepes p(t | d, w) BMecTO p(w | t) HaIIOMUHAEeT I10C/IeHNI OIILVOHAIbHbIN
cioit B mogenu BERTopic [113] —Representation layer, — Korga mo BbICTpOeH-
HOJ I10 BEPOSITHOCTSIM p(w | t) MOC/Ief0BaTeIbHOCTU TOIM-CJI0B T€Mbl HEKOTO-
PbIM aJTOPUTMOM IIOYUYAIOT OpyzyH MOC/IeA0BaTeIbHOCTh TOII-C/IOB JIJISI TOJA
’Ke TeMbI, KOTOpasi JOo/KHa ObITh 60J/iee MHTepIpeTUpyeMoit (pernpe3eHTaTUB-
HOJ), UeM M3HavaJIbHasl.

[Toka3aThb COCTOSATENBLHOCTD IIpeajaraeMoro rnoaxona (M Takske mpoosi-
KUTh UOEI0 C IIPeeMCTBEeHHOCTbI0) MOXHO IOBTOPEHMEeM 3KCIIepMMeHTa I10
cxeme HbiromaHa (7). OmHaKko B 3KcriepuMmeHTe HbloMaHa 3KCIIepThl OlleHMBa-
JIX KaUeCcTBO TeM TaK 3Ke JIMIIb 110 HeOOIbIIOMY UMCIY TOM-CJIOB... Takum 06-
pasom, cxema HpioMaHa cpaBHeHMsI KOTepeHTHOCTel 06/1afaeT TeM Ke HeJllo-
CTAaTKOM, UTO M CaMa KOTepPeHTHOCTh MO ToIl-cjioBaM! [IoaTomMy mMasio mpez-
CTaBUTh 00001IaI01TYyI0 (DOPMYJTy KOTEPEHTHOCTM — BMECTE C Hell HaJlo eIl
TIPeACTaBUTh HOBYIO CXeMY SKCIIepyMMeHTa (OTTAJIKMUBAIOIIYIOCS TaKKe OT MUC-
10JIb30BaHHO HbhlomMaHOM). M cxema mpefjaraetrcs ciaenyrouias (CM. pUCy-
HOK 14). BMecTo TOT0, UTOOBI ITpeiaraTh SKCIIepTaM OLleHMBATh KaUueCTBO TeM
10 HEIT0JIHO MHPOopMaLyu (110 TOM-CJI0OBAM), MOKHO C ITIOMOIIIbIO 9KCIIEPTOB
pa3MeTUTh TeKCT (BbIOpaHHBIE 3apaHee U3 Ko/eKuun Dy GparMeHTbl TEKCTA),
BbIJIEJINB B HEM memamuueckue yenouku c108. VI nagee MOKHO OyZIeT CpaBHUTD
HalleHHbIe MOZe/IbI0 TeMbl (MX paclpeneieHne B TEKCTe) C IKCIIePTHOM pas-
MEeTKOI Ha LIeII0YKMU, IMOTYYUB OLIEHKY C02/1dCO8AHHOCMU TeM pa3MmeTke. To-
raa Jiydiieit OymeT Ta KOTepeHTHOCTh, KOTopas JIyUille BCero KOppeaupyeT C
OLIEHKaM¥ COTJIACOBAHHOCTU MEXAY TeMaMU U pa3MeYeHHbIMM TeMaTUueCKu-
MU 1LIeIOYKaMMU.

[TokaxkeM, KaK MOYKHO OLI€HUTb COTJIACOBAHHOCTh TEMbBI U Pa3MeTKU TeK-
CTa Ha TeMaTuyeckue 1enouku. Tematuka 1ernodyky C Kak IogMHOXKeCTBa CJI0B
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JKenepThbl corr
Konnekumst Do (DOOO »| coh; /
[ ’@
W (0)O) > coh;
A

Konnekuusa D
PucyHok 14 — Cxema 5KcIiepyMeHTa, rpeajaraemasi BMeCcTo
HbroMaHOBCKOI (7), A cpaBHEHMSI 00001EHHBIX B3BEIIIeHHBIX
BHYTPUTEKCTOBBIX KOTepeHTHOCTe. CBepXy: 3KCIePThl BhIAEISIOT B TEKCTE
TeMaTUuyeCKye [eIOYKM CJI0B, OlleHMBAETCS COIVIACOBAHHOCTb TeM MOJEJN C
3TUMU LIeTIOYKAMMU, U T10 KOppeJIsiliu 3HaYeHUI KOTepeHTHOCTeN U
COIVIaCOBAHHOCTE BbhIOMpaeTCs Jyulliasi KOrepeHTHOCTb. CHU3Y: IIpMMeHeHMe
KOT€PEeHTHOCTU IJIS1 aBTOMaTUYeCKOM OLleHKM KaueCTBa TeM — Tak ke,
Kak B (7).

(13 hopMYIIbI TTOTHO BEPOSITHOCTH):

Pt C) = MEJ“ | w)p(w | C) = mean p(t | w)

MHOXeCTBO erro4uek, co2jidCco8AaHHbIX C TE€MOIA:

Cit)={C |t=argmaxp(zr | C)}

U Torma Mepa cormacoBaHHOCTM TEMBI C pa3MeUeHHbIMM IIeIT0YKaMy MO-
KeT ObITh OITpeeeHa Kak:

cons(¢) =meanp(t | C
(1) = mean p(t | C)

Boob6iiie, Ha BbiJle/ieHMEe TeMaTUUeCKuX I1eloYeKk CJI0B MOXHO CMOTPETh
KaK Ha IoJydyeHMe uaeaabHON TeMaTuueckoi Moaenu (CM. pucyHok 15). IMo-
3TOMY, CPaBHMBAS C TAKOW Pa3MeTKON pacnpenesneHne HaIeHHOM MOOe/bIo
TeMbl, Mbl MOX€eM I[OHSITH, XOpOIllasi TeMa Wi HeT (COoIacyeTcsl C 3aBelo-
MO XOpollen TeMO WiIM HeT). BHyTpUTeKCTOBasg KOTepeHTHOCTh Xe KakK pa3
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U CTPEMUTCS OLIEHUTb KayeCTBO HAaMJEHHOM TeMbl TOXe I10 e€ paclipeiesie-
HUIO B TeKcTe. (II03TOMY CTOUT 0OXXMAATh, UTO KOT€PEHTHOCTD 10 TEKCTY JOJIK-
Ha JIyyllle KOppeJaupOoOBaTh C COIJIACOBAHHOCTHIO pa3MeTKe, YeM KOrepeHTHOCTh
I10 TOM-C/IOBAM.)

Bbiaenernune
TEeMaTUYECKMUX
Lenoyek cnos |

jl\}\ He CMOTPUM He TEMY BHE CEerMEHTOB

cornacoBaHue
_/\/\/ A M
CornacoBaHHOCTb /MJK M\

TéMbl C pa3METKOl7I

/'\ /‘\J\«HeT COrn1acoBaHuA

PucyHok 15 — B pe3ynbTaTe BbieleHMs B TEKCTE aCecCOpaMy TeMaTUUHBIX
(JIOB I10JIyYaeTCsl pa3MeueHHbI JOKYyMeHT. Ho Takoil JOKYMeHT — 3TO 110
CYTU TO, UYTO MbI XOTUM IOJIYUYUTH OT TeMaTUUYECKO MOZEe/I Ha BbIXOe
(momuMo MHGOpMaLK O BepPOSITHOCTSX CJIOB B TeMax). BoiieinB 11e1ouKy,
MBI [TOJTyYaeM *MIeaabHyI0” pPasMEeTKY M MOKEM IIOTOM CPaBHUTH C Helt Ty
pa3MeTKy, KOTOPYIO IIojlydyaeM C [IOMOIIBIO TeMaTUUeCKO MOOen: IJis
KasKO O LIeIOYKY OLleHMBasl, KaK XOPOIIO BbIpaskeHa B Hel Ta WU MHas TeMa.
Ec/ivt BeposITHOCTM TeMbl Ha pa3MeueHHbIX CJI0BaxX 00J/iblliie, TO 3TO O3HaYaer,
UYTO OTBET MOJe/ COIVIacyeTCs C HaJeHHbIMMU LIe[I0YKaMy ¥ TeMY MOYXKHO
CUMTATh ~XOpouIeit”.

OTaOenpbHOTrO BHMMAaHM 3aC/y>KMBaAeT BOIIPOC O TOM, UTO MbI CUUTAEM Te-
MaTMUYeCKOi LeI0UYKoM (orpenesieHre) U KaKk 4ejioBeKy (aceccopy) HaXOOUTb
eé€ B TeKcTe. YTO XOUeTCst OT 1[eMTOYKM — YTOObI 3TO ObIIO OJHO M/ HECKOJb-
KO CJIOB, UAYIIMX B TEKCTE OAHO 3a APYTUM U CBSI3aHHBIX OAHO TeMoi1. Takum
06pa3oM, B CaMOM IIPOCTOM ¥ ITIOHSITHOM CMBbIC/IE, MbI MOKEM CUMTATh LIEIIOY-
KaMU ITPOCTO OAMHOYHbIE CJIOBA, 2-TPaMMbl, 3-TPaMMbI U Tak gajiee. To eCTb 1o
CYTH IIPOCTO TeMAaTUUHbIe TepMbl. OMHAKO [TOHATHME “TeMaThdeckas 1eroyxka”
MOKHO paccMaTpuBaTh U B 6osiee MMPOKOM cMbIciie. Tak, Hafo i TpeboBaTh
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OT LIEITOYKY KAaKOi-TO “CMbIC/JIOBOJA L[@IbHOCTI”, [TOMMMO MOHOTEMATUUYHOCTI
(CM. pUCYHOK 16)?

5 KHUT O POSIBKIIOPE

Yto umtatb O MHoroo6pasvm POPM  YCTHOrO HapOAHOIO TBOPYECTBa, peKomeHOyeT
chonbknopuct Muxaunn ArnekceeBcKuin

Ckasku, necHu, MI/I(be — He TONIbKO U3 3TOro COCTOUT (bO.I'IbKJ'IOp, yTBepXaaet KaHauaart
(t)VIJ'IOﬂOFI/I‘-IECKI/IX HayK Mwxaun AnekceeBckunin v B noarteepXxngeHne CcBoux CJioB npmBognT
CﬁOpHMKVI COBpeMeHHOIro HapoaHoro TBop4yecTtBa. Ho HauMHaeT OH BCE Xe C KHUT O croxeTax
bornee OpeBHUX. XoTss OHU U MOTyT noKa3aTbCA MNpPUBbIYHBIMA, 3TO obmaHunBoe
BrneyatrieHne, Tak Kak npenpaccygkoB 0 HUX 6bITyeT Kyaa fonblue, YemM HaCTOALLMX 3HAHUNA.

KynbTypa
Hayka

PucyHok 16 — IIpumep BbiziesieHMs TeEMAaTUYECKUX 11eII0YeK B TeKcTe. B
IIePBOM IPeIJIOKEHMI UAYT CJI0BA * CKa3KM, eCHM, Miu(bl” — TO OTHE/IbHbIE
TeMaTUYeCKM OKpalleHHbIe TOKEHbI, HO X MOKHO OObeAUHUTD B OTHY
IIeII0UKY, TaK KaK OHM MIYT IOAPSA ApyT 3a apyroMm. Ho ¢ uayieit ganee
(bpa3oit “cOOPHMKM COBPEMEHHOI'0 HAPOJHOIO TBOPUYECTBA” YiKe IOAYIaeTCs
He Tak 0JHO3Ha4YHO. C OIHO CTOPOHBI, MOSKHO ObI ObLJIO BBIJIEIUTh KaK
I[eII0YKY TOJBKO “HAPOJHOIO TBOPUYECTBA”, [IOTOMY UTO COOPHUKA” U YKe
TeM 60j1ee “coBpeMeHHbIe” MOKHO OTHECTH K CJIOBaM 06111eit jeKcuku. C
IPYTO¥i CTOPOHBI, MOXXHO BbIJIEJIMTh KaK LIEIIOUKY U BCIO Qpasy LeanKoM,
IIOTOMY UTO 3TO efuHas”, opopmieHHas dpasa — “cOOPHUKM HAPOTHOIO
TBOpYECTBA” — eAMHAas 10 TeMe, 3aBepIlIEHHas 110 CMbICTY. [a, IIpy 3TOM
BHYTPM LIETIOYKM OYIET CTOSITD €Il CJIOBO COBPEMEHHOT0” — XOTb OHO U
o011iee, HO BMeCTe C HMM B KaUeCTBe TeMaTUUYeCKO IeITOYKM ITOTyUaeTCsI
HenbHas Gppasa. IToxoxkas CUTyanus 1 C LEeoYKoi “(hopM YCTHOTO HapOIHOIO
TBOpYECTBA” BbIIIE B 3ar0jJIOBKE: (hOpPM” MOKHO ObLIIO 1 He BK/IIOYATh B
I[EITOYUKY, IIOJTYYMIOCh ObI *YCTHOTO HapOIHOI'O TBOPUECTBA” (UTO YiKe eCTh
IIOMYJ/ISIPHOE COYeTaHMe CI0B), HO “(hOPMbI” MOKHO M BKJIIOUMTD B I[€II0UKY,
yTOObI OO OPMUTH pasy.

B 60s1ee 061eM CMbIC/IE, O TeMATUUYECKOI I[eITOUYKe MOXKHO OTyMaTh Kak
O paciIMpeHuy MOHATUS ~coueTaHue caoB”. Cioma BXOOST U 2-TpaMMbl, U 3-
TPaMMbI, ¥ CKUII-IPaMMbl” (KOIL[a JOIyCKAeTCs, YTO6 MHTepecyeMbie CI0Ba
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6BLIV OTHEIeHBI IPYT OT APyTa APyrMMM cnoBamm). %> Takum 06pa3oM MOsKeT
MTOJTYYUTHCS TaK, UYTO, HAIIPUMeEp, CJI0BaA I10 OTAENbHOCTU OYIYT OTHOCUTBHCS K
pasHbpIM TemaM (" BOIHBI”, “3BE34HbIE”), HO IIPU BbIAEIEHUM LIEIIOYEK BAKHO
CMOTpeThb Ha CJIOBA B KOHTEKCTE — M TOI/IAa OHM BMeCTe KaK KOJIJIOKalus 0y-
OyT IIpUHAmIeRaTh Apyroit teme (“3BE3mgHbIe BOHbI”). V3 CKa3aHHOIO BbITE-
KaeT Cenyloluii BapuaHT ONpeneanTh TeMaTUUYeCKyIO 1elOUYKy — OfHa WIn
HEeCKOJIbKO MOAPSL UAYIIMX KOJUIOKAIMIA CJI0B (BMeCTe C, BO3MOXHO, CJIOBA-
MU 00111e#1 JIEKCUKU, UAYIIMMM MEXIY 00pasyoliMy KOJUIOKALIMIO CJIOBaMM),
OTHOCSIIMXCS K OLHOI Teme. OmHAKO, MMes JIUIID  ChbIPOil” Hepa3MeueHHbIN
TEKCT, 6e3 TeM, He IMOHSITHO, YTO BOOOIe 03HAYaeT OTHOCSIIMXCS K OZHOM
Teme”. [I03TOMY BMECTO 3TOT0 MOYKHO CKa3aTh ~OTHOCSIINXCS K POJICTBEHHBIM
TemaM” (roe “pOACTBEHHbIe” — IOTOMKM ONHOM, KaK, Hampumep, - anredpa”
1 “reoMeTpusi” — IMOTOMKM MaremaTtuku”). OZHAKO OIpefesieHne U yepes
“poncTBeHHbIE” TeMbI He UIealbHO, IIOTOMY Tellephb He BITOJIHE ITOHSATHO, UTO
CUMTATh POLCTBEHHBIMM” TemMaMu. IIOTOMKM OHOJ (4acTHbIE caydamu Gojee
o6111ei1), MM TaKue, y KOTOPBIX IIPOCTO €CTh KaKOoi-TO obmmii rpenok (“Ma-
TeMaTuka” + “vcropusa” = “vcropus MaTeMaTUKM”; “‘MaremMaTuka” + “CUMII-
COHBI” = “MaTemMaTUyecKye CIOKeThl B CMMIICOHAX” — IPUMEPBI IBYX TEM C
O6IIMM IIPeIKOM MaTeMaTuka”). Bo3sMOKHO, aydile Torna 6ygeT ZyMaTh IIpo
IIeIIOYKY KaK MpO MaKCMMaJbHBIN MO AJMHe (parMeHT TeKCTa M3 HeCKOJIib-
KUX TOAPS, UAYIIUX COUETAHUI CJIOB, KOTOPbIe B paMKax KOHTEKCTa MOXXHO
CUMTATh OTHOCSLIMMMCS K OFHO TeMe (M TOIZA CJI0Ba IIpo anre6py” u “reo-
METPHMIO” MOKHO CUMTATh OTHOCSAIIMMMCS K OLHOI TeMe “MaTeMaTuka”, ec-
JIV 3TO IIOMOKET ITOIYYnTh 60j1ee IIMHHYIO 1erouky). (Ha mpumepe “TemaTu-
YeCKOJ IIeMOYKM” BUIHO, UTO CaMbIM 6a30BbIM ITOHSATUSIM ObIBaeT He IIPOCTO
naTb GopMasibHble, TOUHbIE 1 SICHbIE OTlpeAeneHns. Kak ¢ TeM ke 0CHOBOIIO/Ia-
TaloUMM ITOHATHEM TeMbI” B TEMAaTMUYECKOM MOIeIMPOBAHNM, KOTOPYIO BO-
0011le MOKHO OIpeAessaTh Io-pa3sHoMy (M KOoTopas JIJisl yeJoBeKa U AJ1s1 Mofe-
I — y3Ke He OOHO U TO Ke).)

Kpome onpeneneHns MOHITUS TEMAaTUUYECKOM LIETIOYKU, Ba’KHBIM KayXKeT-
Csl BOIIPOC O pa3Mepe faraceta C pa3MeyeHHbIMU Lieroukamu. Mnu, MHbIMU
CJIOBaMM, KaKMM JOJDKEH ObITh STOT AATaceT, UYTOObI ITOJyYeHHbIM C €ro I0-

Inltk.org/howto/collocations.html.
2nltk.org/api/nltk.util.html#nltk.util.skipgrams.
3radimrehurek.com/gensim/models/phrases.html.
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MOIIIbIO pe3y/IbTaTaM MOKHO ObLIO JOBEPSITh. MmeanbHbIii JaTaceT lieloveKk —
3TO IPOCTO BeCh pa3MeUYeHHbI JaTaceT JOKYMeHTOB. HO moaAroToBUTh JaTaceT
IIeII0YeK TaKOoro pasmMepa (CpaBHMMOIO II0 pa3Mepy C JaTaceToM, K KOTOpO-
MY IIPUMEHSIETCS TeMaTUYeCKoe MOJeJIMpPOBaHMe) C IOMOIIbIO acecCOpoB —
9TO OUeHb MaciTabHas paboTta. Kpome Toro, KaxkeTcsl, YTo Bech JaTaceT I0-
KyMEHTOB M HET CMbIC/Ia pasMeuaTb Ha Iierouku. UTo XoueTcs OT garaceTa
11eriouek? Bo-mepBbIxX, YTOOBI OH BCE-TAaKM ObLI B HEKOTOPOM CMBIC/IE HE Ma-
JIEHbKUM (UTOOBI IIPU CO3aHMM ITOTO JATaceTa MCIO0JIb30BaJI0Ch CKOJIBKO-TO
IOKYMEHTOB ¥ UTOOBI B pe3y/IbTaTe MOJIyUYMIOCh CKOJIBKO-TO Iiernovek). Kpome
9TOr0, XOTEJIOCh ObI eIlé, YTOObI 3TOT JaTaceT LierovYek OblI pa3HOPOIHbBIM, TO
eCTb YTOOBI 3TO ObII ITYCTh U He OOJIbILIOI, HO IIOJIHOILIEHHBIN Cpe3 BCeil KOJIIeK-
I/ JOKYMEHTOB, YTOOBI IIPM HAKOILJIEHUM 1IeII0UEK MUCII0/Ib30BaIMCh Pa3HbIE
IOKYMEHTBI, IT0 pa3HbIM TeMaM. TaK UTOObI LIEeIIOYKM B COBOKYITHOCTY JaBaIn
XOpolliee MpecTaBjaeHNe BCero maracera.

OpHMM 13 CII0COOOB MPOBEPKM KadyecTBa JaTaceTa Ierouek Takke MO-
KeT ObITh caenyronuii. [Tpy olleHKe COrJIacOBaHHOCTY TeM MOIE/IM MHOXKECTBY
I[eITI0YeK BaKHO YOeIUThCS, UTO pasuduMOCMb BbIAeIeHHbIX 1[eIT0UeK 0/113Ka
K eqVHUIIe:

dYc#t: CeCw) o1
- #{C} -
,Z[JIH IMoJIiydeHud gataceTa M3 TeMaTUYECKUX HeITOYEK MOKHO, KaK " Hpi10-

diff

MaH, IpUBJIEKaTh aceccopoB. HO MOMMMO 3TOr0, MepCIIeKTUBHOM KasKeTCs BO3-
MOKHOCTb MCII0/Ib30BAHUS [IJISI 3TOM LieIN O00/blUUX S13b1K08bIX Modeneli [114].

2.3 OmnpepeneHue ONTUMAJIbHOIO YMCjIa TEM

TemaTuueckue Moaenu — 3TO CTaTUCTUUECKME MO, KOTOpble 00bIY-
HO MCITOIb3YIOTCSI B 00/1aCTM aHa/IM3a TeKCTOB 0e3 yunuTesns (unsupervised text
analysis). TemaTuuyeckoe MoaeaMpoBaHMe IMPeAroaaraeT, YTO B TEKCTe KO-
JIeKIIMY CYIIeCTBYeT CKOJIbKO-TO CKPblMblX T€M, KOTOPbIE €€ 0ObSICHSIIOT.

OOyueHle TeMaTU4YeCKOV MOeIM CBOAMTCSI K HaXOKIEHMIO IBYX Bepo-
STHOCTHBIX PacCIpeeNeHuii: “CIoB B TeMax” (¢,,,)pew LI KaKI0ii TeMbl t € T
(TakMM 06pa3omM, IoyyaeTcsl croXacTuueckas matpuiia ® pasmepa W X T) u
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“reM B mOKyMeHTaX” (,,),cr LIS K&KOOTO OKyMeHTa d € D (TakuM 06pa3om,
IOJTy4aeTcsl CToXacTuueckast MaTpuiia ® pasmepa 7' X D). Mbl orpaHMYMBaeM-
cs1 MaTpullaMu rmapameTpoB @ 1 O, MOCKOAbKY OHM IIPUCYTCTBYIOT B KaXKI O
TeMaTudecKoi Mmomenm. HekoTopbie TeMaTuyeCcKue MOeaM BBOIST TOIIOMTHM-
TeJbHbIe MTapaMeTPhl, IOMUMO 3TUX — MUCCIeJOBaHMe BHYTPEHHUX Mep Kaue-
CTBa, CBSI3aHHBIX C 3TMMM [TapaMeTpaMM, BBIXOAUT 3a paMKM TaHHOM pabOoThI.

Yucno Tem T SIBASETCS KJIIOUYEBBIM IMIIeprapaMeTpoOM OOIbIIMHCTBA Te-
MaTudeckux mopesei. [Io03ToMy eCcTeCTBEHHO, UTO CYIIECTBYeT PSiJ, BJINS-
TeJIbHBIX MyOIMKAaLMii, TIpeAaraiolyx cliocob BbIOOpa 9TOro rumeprapamMeT-
pa [115—120]. OnHaKo 0OIIEePUHSITOTO KOHCEHCYCA IT0 9TOMY BOITPOCY He Cy-
IIeCTBYeT. B 4aCTHOCTHU, B JIMTEepaType HET COIJacusl Mo MOBOAY IOCaen0Ba-
TeJIbHOCTY II1aroB, KOTOpPble HEOOXOIVIMO BbITIOIHUTD IJIsI OIIpeieIeHNs OTITH -
MaJIbHOT'O KOJIM4YeCcTBa TeM. Takke, MO-BUAMMOMY, CYIIECTBYIOT Pa3HOIIACHUsI
T10 TIOBOJY TOr'0, KaKue MeTOAbI SB/ISI0TCS nogxonsaimymu [121] (TouHee, B ca-
MOM JIX JeJie SIBASIIOTCSI MOAXOOSIIMMM HEKOTOPbhIe MEeTOIbI).

Hac 6071bI1I€ BCETO MHTEPECYIOT 8HYMpPEHHUE KPUTEPUM KaueCTBa TeEMAaTH -
YyeCcKMX Mojiesieli — KOTOpbIe He UCITOIb3YIOT HUKAKMX BHEIITHMX PeCypCcoOB, Me-
TOK MJIY YeJIoBeueCcKnx OlleHOK. [1oxo mo omnpeaeneHNIo 4Mciia TeEM C IIOMO-
IIbI0 BHYTPEHHUX KPUTEPUEB 0OBIYHO OCHOBAH Ha ITOJTYYEHMUM Pa3JIMUHbIX MO-
Iesieil ¢ pa3HbIM KOJIMYECTBOM TE€M, BBIUMCIEHUN IJIST ITUX MOJeseli onpene-
JIEHHOJ MEeTPUKM KauecTBa (BO3MOKHO, C MCITOJIb30BaHMEM KPOCC-BaIUAALIUA
Ha OT/JOXXeHHOI IOJBbIOOPKE MTOKYMEHTOB) M BbIOOpe KOau4ecTBa TeM, CO-
OTBETCTBYIOIIEr0 MOJENN C JYUIIMM 3HaueHeM MeTpuKku. B maHHoit paboTe
He pacCMaTpUBAIOTCS BHeIIHMe MOAXOAbl, HAlIpaBJeHHbIe Ha ONTMMM3AlLUI0
KaKoro-a1b0 BHEIIHEro KpuTepusi, Harpumep, Kiaaccubukauys ¢ UCIIOIb30-
BaHMEM pPa3MeYeHHOr0 BAIMIAIIMOHHOTO JaTaceTa, ITIOCKOAbKY OUe€BUAHO, UTO
sIBHASI ONTMMM3aLs A1 KAaKOM-TO KOHKPEeTHOM 3a/1auM HA€ET JIYUILNi1 pe3yiib-
TaT, U3MepsieMbIl ITIPOU3BOAUTEIbHOCThIO MOZe/IM HA 3TOM 3aJaye.

OTMeTMM, 4YTO U3 paCCMOTPEHMS UCKIIOYAITCSI MOAEe/IM, KOTOpbIe IOIy-
YalT HEOOXOAMMOe KOJIMUECTBO TeM aBTOMAaTUYECKM (HaIIpuMep, Muepapxmue-
ckuii ripouecc Iupuxie (hierarchical Dirichlet process) [122]). UckntouatoTcs
10 IBYM IpuumHaM. Bo-nepBbIX, OHM, KaK IIpaBuJIo, 4OOABSIOT HOBbI HAO0OP
rureprnapaMeTpoB, TpeOyIOIIMX ONTUMMU3aLMM. Bo-BTOPBIX, OHM HEe YHUBEP-
cajJbHbBI: JTI00asl TemaTuueckas Mofesb, comepykaiiasi pacipenenenus ® u 6,
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MOKeT ObITh OIleHeHa I10 J1I000i1 BHYTpeHHE! MeTpUKe, B TO BpeMsI KaK CJIOXK-
Hble 0aiieCOBCKME TeMaTUUeCKMe MOAeIM 00y4aloTcsl ONITUMM3alieil HeKOTO-
poit GYHKIMM NTOTePb, crienudMIHOI /IS MX TapaMeTpoB.*

B manHOIi paboTe uccienyeTcsl HeCKOJAbKO QYHKIIMIA KauecTBa, Ipeajio-
>KEHHBIX B JIUTepaType B CBSI3M C UCCIedOBaHMEeM Pa3JIMYHbIX JaTaCeTOB U Te-
MaTUUYeCKMUX Mopesieii, M mpealpyuHMMaeTcsl MONbITKa cPOPMYIMpPOBaTh Ha-
O0p IMOJIe3HBIX PEKOMEH AL IJIST IIPAKTUMKOB TeMaTUUeCKOTO MOIeIMPOBa-
HMS [10 BO3MOXXHOCTU OIpeAe/ieHNs 4icjia TeM B KOPITyce TEKCTOB.

Ianee B pasgese U3J0XKeHMEe OpPTaHM30BaHO CJIEAYIONIMM 00pa3oM.

B nogpa3sgesne 2.3.1 paccMaTpuBaloTCcst paboThI, CBSI3aHHbIE C IIpeiara-
€MOJ1 MeTONOJIOTUEI B 1IeJIOM, a B Ioapaszese 2.3.2 pacCMaTPUBAIOTCS U Olie-
HMBAIOTCS Pas3/JIMUHbIe METOIbI, MCIIOIb3yeMble /i1 BbI6Opa “ONTUMAaIbHOTO”
uymcia teM. [logpasmen 2.3.3 onucbIBaeT AM3aiH SKCIIepUMeHTa, a UMEHHO, Te-
MaTudeckue Moe/in U UCIoJIb3yeMble JaTaceThl. B momgpasmesne 2.3.4 IpUBO-
ISITCSL 9KCIIePMMEHTAJIbHbIE TOKA3aTeIbCTBA, CBSI3aHHbBIE C IIPOOIEeMOIi oIpe-
neneHus uncia Tem T, 00CY>KIaTCsI HEKOTOpble MOMEeHTbI. HakoHell, B o -
paspgeine 2.3.5 mogBOASTCSI UTOTH.

2.3.1 Cssi3aHHBIE PAOOTHI

MHorme wuccaemoBaTeay NpemaraloT CIIOCOObI OIpenesieHus 4Yucia
teM T (cM. pasgen 2.3.2), HO OHM, KaK ITpaBmiIo, (POKYCUPYIOT CBOU SKCIIEpPU-
MEHTbI BOKPYT OIpeIe/IEHHbIX CEMeCTB TeMaTUYeCKMUX Moz eieil U IIPUBSI -
3bIBAIOTCS K J1aTaceTaM OIlpeie/IeHHbIX TUIIOB, pa3MepOB, a TaKKe MPOBOIST
OueHb OIPaHMUYEHHbI 0030p APYIUX CYIIECTBYIOIIMX ITOAX0I0B. B aTOM pas-
mejie Mbl 00CYKIaeM HEeKOTOphIe IIpeabIaylye padoThl, B KOTOPBIX paccMmar-
pUBaeTCs Lebli PsIa MEeTOLOB ISl Opeie/ieHIs YMCia TEeM.

OTtmeTuMm paboty [123], KoTopasi IpepjaraeT HOBbII IMPOLECC OLIEHKU
KOJIMYEeCTBa KJIACTEpPOB B JaTaceTe M CPaBHMBAET €ro C OOJbIIMM KOJIMUe-
CTBOM TPaIMIIMOHHBIX METPUK, PeaiM30BaHHBIX B ITakeTe NbClust. CpaBHe-
Hue TnpoBoauTcad Ha Kopnyce 20NG M HeCKONbKMUX MOAMHOXKeCTBaX KopIryca

4TEM He MeHee, TaKMe MOAe/IM MHOrga MCIIOIb3YIT He3aBUCAIIMeE OT CcaMoii Mopgenun METPpUKHM, KOTOPbIE
HEsIBHO B IMponecce ONTUMMU3IUPYIOTCA. T METPHMKU KauyeCTBa MbI ITO BO3MO>XHOCTU 6}/0611/1 MCIIO/Ib30BATb.
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WikiRef220; 601bIIMHCTBO TPAAUIIMOHHBIX METPUK He IAI0T XOPOIIMX Pe3yb-
TaTOB.

B cBsi3aHHOI1 paboTe [121] mepeuncseTcs M pacCMaTpUBAeTCS P, APY-
TMX METO/IOB.

ABTOpPY M3BECTHbBI TOJILKO 1Ba ITPOrPaMMHBIX ITaKeTa, KOTOpbIe peannsy-
IOT PSIT METPUK M pabOTAIOT I10 TTOXO3KeN Miee: OHM MO3BOJISIOT M0/Ib30BaTEIO
MICC/IeOBATh 3HAUEHMSI HECKOJIbKMX METPUK KaueCTBa TeMaTU4YeCKMUX MOJiesein
B HEKOTOPOM [AuarasoHe uucia Tem T ¥ BbIOpaTh TO 3HAUEHMe UKcia TeM, KO-
TOpOe KaxkeTcsl Hanbosiee IMOAXOISIIIM.

ITaker ldatuning5 st R [124] mosBosisieT IpUMeEHSTh CJIeayole Me-
tonbl K momenn LDA: D-Spectral [115], D-avg-COS [116], D-avg-JS [117], n
holdPerp [119]. B HenmaBHelt paboTe [125] paccmaTpuBaeTCsl MPOU3BOAUTENb-
HOCTb 9TUX METOA0B Ha HECKOJIbKMX CTeHEPpUPOBAHHbBIX HAOOpax JaHHBIX C 13-
BECTHBIM 3HaueHueM 7.

[TakeT TOM® mist Python [126] peanu3yeT HeCKOJIIBKO METO/IOB [J151 OLI€H-
ku T. Takue Kak TOT ke D-Spectral [115], Takke toptokens-ssample-stab [118].
[MopnepskuBaroTcst momenu LDA n mogein, OCHOBaHHbIE HA HEOTPULLATE/IbHOM
MaTpuuHoM pasnokeHum (Non-Negative Matrix Factorization).

TTakeT OCTIS’ Takke peaamsyeT psj METPUK KAauecTBAa TeMaTUUeCKUX
MoJieJieii, HO He MUCIOJIb3YyeT UX IJis Bbioopa 7.

2.3.2 BHyTpeHHME KPUTEepUM KauecTBa JijIs BhIOOpa YMciia TeEM

IMepnekcust Kitaccumueckuii BHYTpeHHUM IMOAXOM, K OLl€HKE KauyeCTBa, BbI-
yucsieTcs nbo Ha oTyioskeHHOI Bbibopke [119] (holdPerp), 1160 Ha TO1 Xe ca-
MOI1, Ha KOTOPOJ ITPOX0oInIo 06yueHe TeMaTudeckoit Mmoaenn. B pabote [120]
9TOT METO[, Y/IYUIIIAeTCsI: BMECTO ChIPOii” MePIUIEKCUM pacCMaTPUBAETCs CKO-
pocmb usmeHneHus: nepniaekcuu (RPC) (TO eCTb, IO CYyTU, YYUTHIBAETCS HAK/IOH
KPMBOJ1 TIepILJIEKCHM, a He e€ abCOMIOTHbIE 3HAUEHMST).

5 github.com/nikita-moor/ldatuning.
¢github.com/AdrienGuille/TOM.
Tgithub.com/mind-Lab/octis.

77


https://github.com/nikita-moor/ldatuning
https://github.com/AdrienGuille/TOM
https://github.com/mind-Lab/octis

Knacrepmsauyus HMuTtepecHo, uTo KpacHoB u npyrue [121] He cmorin BOC-
MIPOM3BECT Pe3yJIbTaThl 110 OMpeaeeHIIO Ulc/ia TeM C IIOMOIbI0 KO3pduULm-
eHTta Cunysta SilhC u nnpekca Kanmackoro — Xapabaiia CHI Ha KOHKPeTHOM
Habope JaHHBIX.

Pa3sHooOpa3ue v mosiHOTa KaskeTcsi MHTYUTUBHO ITOHSITHBIM, UTO KOT/Ia KO-
JINYECTBO BBICTABJISIEMbIX B TEMATMYECKOM MOJE/IN TeM CJIUIIKOM BEJIMKO, MO-
IeJib MIOPOXKIAEeT MHOXKECTBO MeJIKMX TeM, IMOXO0KMX IPyr Ha apyra. I Hao6o-
pOT, eC/iv TeM BBICTABJIEHO MaJjio, TO MOBBIIIAETCS PUCK KaKue-TO TeMbI I10Te-
pSITh (He CYMUTasi TOTO, UTO KaKMe-TO TEMBI ITIPU 3TOM MOTYT ITOTYIUTHCS IJI0XO
MHTEPIIPeTUPYEMbIMM KaK CMeCh HECKOIbKUX 00j1ee Ma/IeHbKUX TEM).

Haubonee BausTenbHas pabota B 3TOM HarpaBieHun [116] npennaraet
MUCII0Nb30BaTh CpeiHee KOCMHYCHOEe pacCTosiHue Mmexay temamu (D-avg-COS)
B KaueCcTBe KpUTepus IJis1 BbiIbopa Momenn. ATta uaes mpoaosskaeTcs B pabo-
Te [117] myTém paccMoTpeHms guBepreHuuu Mencena — lllernona (D-avg-JS)
BMECTO KOCMHYCHOTO paccTossHMs. B paboTe [127] MCIOMb3yeTCst APYroii CIo-
co0 OLIEHKM pa3HO00pasust TeM — cpeaHee eBKIUA0BO paccTosiHue (D-avg-L2).

B maHHOI1 paboTe cylecTBYIOIas MeToAMKa OyaeT ellé 6oJiee pacimpe-
Ha: IIYTEM PacCMOTPEHMS CpeIHero pacCToSIHUS A0 OvpKaiiiieil TemMmbl (BMe-
CTO CpeHero pacCTOSIHMS MeXay mapamu TeM). B pe3sysbTaTe momydaem QyHK-
1uyn KauectBa D-cls-COS, D-cls-JS u D-cls-L2. Kpome Toro, rpeacTaB/IsIIOTCS
D-avg-H vt D-cls-H, KoTopble OCHOBaHbI Ha PacCTOSIHUM XeJIIMHTepa.

Hpyrast metpuka (D-Spectral) 6bina 1ipeajioskeHa B [115], oHa MHTeTpu-
pyeT MH(pOpMAaLMI0, HAXOASIIYIOCS B MaTpuilax ® 1 O, yuuThIBas CIIeKTpaib-
Hble 3HaUeHUsI @ ¥ CTPOKM HeHOpMMPOBaHHOI O. [TpenioskeHHast QYHKIINMS Ka-
yecTBa TeMaTuuecKkoit Mmomenu Spectral Divergence Measure oTpaXkaeT CTelleHb
OPTOTOHAJIbHOCTU MEXKY BEKTOPAMU TEM.

[Toaxomn, mpeaioxkeHHbIV B [43], HAUMHAET C Ype3MepHO OOIbIIOro KO-
JMYecTBa TeM, a 3aTeM MCIO0JIb3yeT Peryasipu3aliiio, YToObl CBECTM OOJbIIH-
CTBO M3 HUX K HyIt0. [I[pyMeuvaTesnbHO, YTO MpPeHJIOKEHHBIN peryaspusaTop
CIIOCOOEH yOa/ISITh M3 MOJENN JIMHEHbIe KOMOMHAIIMM CYIIECTBYIOIIX TEM.
DyHKLMS, MaKCUMMU3MpyeMas pery/aspu3aTopoM, IpeacTaBiisieT Co00ii fuBep-
rennuio Kynbbaka — Jleitonepa (K L) Mekay paBHOMEPHBIM paclipee/ieHueM
u(t) = % U pacrpeneneHreM, HeSIBHO OITpeieisieMbIM TeMaTUUeCKO MOIe/bI0
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p(1):
1

KL _ KL "
(@) |l p0)) = KL{ — ;etq ~ max

byzmem MHTepripeTUpPOBaTh 3Ty BEJIMUYMHY KaK KpUTEPUil KauecTBa, MMe-
HyeMbIl uni-theta-divergence.

ABTOpSBI [127] MCIONB3YIOT 3TOT MPOLECC B IIPOTUBOIIOIOKHOM HaIlpas-
neHuy. OHY HAYMHAIOT C HEOOJIBIIOr0 KOJIMYECTBA TEM M UTEPATUBHO H00aB-
JISTIOT HOBbIE TEMbI, OTIMCBIBAIOIIME TOKYMEHTbI, KOTOPbIE IJIOXO OOBSICHSIIOTCS
Mmogesibto. [IpaBaa, B 3TOM IOAXOle BMECTO HeM3BeCTHOM T 1momyyaeM Heus-
BECTHBII ITOPOT €. B cTaThe mpepjaraeTcs UCI0/Ib30BaTh 001ee pa3HooOpa3ue
TeM B KaueCTBe KpuUTepus s orpeneieHus €.

JInpt 3Ita mepa kauectBa (lift-score) 6pi71a BBeJleHa B OTHOCUTEIbHO HelaB-
Helt pabore [128], rme 6bUT0 3amMeueHo, uTo momenu LDA ¢ 6onee “npomBu-
HYTBIMM” MHPOPMATUBHBIMM allpMOPHBIMM pacIipefeeHUSIMI COOTBETCTBY-
I0T 60Jiee BhICOKMM ITOKa3artensim lift-score. CiemoBaTesibHO, lift-score MOKeT
OBITDH IT0JIe3€H IJIST HACTPOVKM TUIIepHapaMeTpOB MOAEeIN. ITO CTABUT MHTEe-
pecHbIi BOIIPOC O TOM, MOXKHO JIM UCIIOJIb30BaTh lift-score nJist onipeneneHus
ypycaa tem 7T.

VndopmanmoHHO-TeopeTnueckue [Ipyrum MeTOA0M SIBJISIETCS UCOJIb30-
BaHMe 0aiiecoOBCKOro MHGOpMaIMOHHOTO Kputepusi BIC, MpUHINMIIA MUHM-
MaJIbHOM OJVHBI onMcauusi MDL vy OpUHOUIIA MUHUMAJIbHON OJUHBI CO-
obmenust MML (15). Hanbonee 3amMeTHO 13 MOCAeIHUX pabOT, UCIIOIb3YIO-
mux BIC, snsietcs [129], roe BIC 3HaUNTE/NIbHO pacliMpeH, U BbiBegeHa Qop-
Ma BIC, yuuTbIiBamwIlas OOMOIHUTEIbHbIE TapaMeTpPbl HOBOI ITpeI0KeHHOM
Mopenu. B pabore [109] uccienyercss MHDOPMALIMOHHBIN KpUTepuit Akanuke
(Akaike Information Criterion, AIC) u BIC Kak (yHKII}MS OT KOJMYeCTBa TeM
(XOTSI 3TO U He SIBJISIETCSI OCHOBHBIM HallpaBjieHMeM yYKa3aHHO paboThl).

OuTponus B pabote [105] mpoBOAUTCS aHATOTUSI MEXIY MOAENSIMU TeM U
HepPaBHOBECHBIMM CJIOXKHBIMM CUCTEMAaMM, IIe KOJIMUYECTBO TeM SKBUBAJIEHT-
HO KOJIMYECTBY COCTOSIHMI, KOTOPbIe MOKeT 3aHMMaTh Kaxkaasi yactuiia (Cao-
B0). [Ipearonaraercs, 4To ‘MpaBUAbLHOE” YMCIO0 TEM JOIKHO COOTBETCTBOBATH
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PaBHOBECHOMY COCTOSIHMIO, KOTOpOe XapaKTepu3yeTcs] MUHMMYMOM 3SHTPO-
nuu. Takum o6pa3om, ImpobdieMa CBOAUTCS K HAXOKIEHMIO MUHMMYMa OIIpe-
neJIEHHOM QYHKIIUMN.

C TeM YTOOBI BBIUMCIUTD SHTPOITNIO, HY>KHO OIIPeIeIUTh MHOKECTBO S =
= {(w,t) | ¢,y > €9} C O IJIs1 HEKOTOPOTO (PUKCUPOBAHHOTIO &. ITocie 3TO-
ro sHeprus onpenensercs Kak E = —1og Y., s @,y CBOOOIHAS SHEPTIHMS KAK
E; = E—T]log(|S|/(WT)). HakoHe1, sHTpons PeHbM BLIYMCIISETCS KaK —E ;/
IT —1).

B pabore [105] ucrionb3yeTcs: 3HaUeHMe g, = (W)™, ogHako B mporec-
ce 9KCIIEPUMEHTOB, IIPOBOIMIMBIX I10 HACTOsIIel paboTe, ObIIO OOGHAPYKEHO,
YTO 9TO He BCeraa MPMBOAUT K XOPOIIMM pe3ynbTaTam. [I03ToMy pelieHo ObLI0
paccMOTpeTh Takke crydan £, = 2(W)~ ! mg, = 0.5(W)~L. Bce atn kKputepun
0003HaUMM COOTBETCTBEHHO renyi-1, renyi-2 u renyi-0.5.

YeroitumBOCTh  ABTOPKI [118] MCIIONMB3YIOT aHATIN3 YCTOMUMBOCTH (CTAOMUIIb-
HOCTM) 7151 BbIOOpa rumneprapaMeTpOB MOAEIUPOBaHMS (B YACTHOCTH, KOJIM-
yecTBa TeM). DTOT MOAXO0Z, YaCTO UCIIO/Ib3YeTCs IIPU aHaIn3e MO eJleil KiacTe-
pu3alum, TaKMX Kak k-means min HeoTpuilaTeJibHOe MaTPUUHOE pa3jioKeHye
(Non-Negative Matrix Factorization). UHTYUTMBHO Ka)KeTCs ITOHSTHBIM, UTO
pelleHus ¢ “HelnpaBMUIbHbBIM” KOJMUYECTBOM K/IaCTEPOB HEYCTOMUMBBI, TAK KaK
OHM BBIHYXKJIE€HBI JIO0 00beAMHSTh KIaCTePhbl IPOM3BOIBLHBIM 00pa3oMm, 1Moo
CO3/1aBaTh CJIydalHble KIacTepbl JaHHbIX.

YcroitunBoCTb (toptokens-ssample-stab) n3amepsieTcs: MyTEM MHOTOKpaT-
HOT'O CO3/IaHMs TlepeTacoBaHHOI MOABIOOPKY JaHHbBIX, 00yUeHMsI Ha Heli Te-
MaTUUYEeCKOI MOJeIN U MOC/IeayIolero CpaBHeHs MOJIyUeHHBIX B pe3y/ibTaTe
TOII-TOKEHOB — C TOIN-TOKEHAaMM 3TaJIOHHOM MOZeJiM, TOCTPOEHHOM Ha BCEM
Habope maHHBIX. UMcIeHHOe 3HaueHMe YCTOMYMBOCTYM PaCCUMTHIBAETCSI KakK
KoabduiineHT cxoacTna YKakkapa (47151 COrocTaBaeHMsI TeM BHOBb 00y4eHHOIA
MOZ€eJIV ¥ STAJIOHHOI, ITOJIyYEeHHOTO C TIOMOIIbI0 BeHrepcKkoro aaropmurma).

I pyroit BaskHOI paboTOIt B TOM ke HaripaBaeHMU saBisieTcs [130], roe aB-
TOPBI COCPENOTOUNINCH HA BOCIIPOM3BOAMMOCTM Ha3HAYEHUI1 KIacCcoB. Tak,
KaXXIOMY TOKYMEHTY d TIpucBauBaeTCs ero Hamubosee BeposiTHasI TeMa. 3aTeM
I71s1 Kaxkaoit napsl (d, d,) ukcupyetcsi, ipuHagjiexar au d; U d, K OGTHOMY
Kjactepy. B pesynbrare mosiydyaeTcss MaTpuila CBSI3HOCTU D X D. DTa MaTpulia
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YCpeOHSIeTCSI IO HECKOJIBbKUM pa3MYHbIM TeMaTUYeCKMM MOJensM. B urtore
npejjiaraeMasi Mepa yCTOMUYMBOCTY OIpeiesieTCsl Kak KO3 puiimeHT KopeHe-
TU4eckoi Koppensuun (cophenetic correlation coefficient) cpemHeit maTpuiibi
CBSI3HOCTU. VIHTEepeCHO OTMEeTUTb, UTO IOABLIOOPKM aBTOpaMy He MUCIO/Ib3Y-
10TCsl. PanmomMusanysi MpoOUCXOAUT TOJIBKO 3a CYET Pa3/IMUHBIX MHULIMAIM3A-
1t Momenu. bubnmoreka TOM 110 YMOJTYAHMIO UCIIO/Ib3YeT NEeCSTh CTydaifHbIX
3aITyCKOB [IJISI OLIEHKM YCTOMUMBOCTH. (B JaHHOI paboTe ONMMCaHHbIN MOAXOL,
MIPOBEPUTDH He MOMYUYUTIOCh — U3-3a OO/MBIINX BBIYMCIUTEIbHBIX 3aTpaT, CBSI-
3aHHBIX C 0OyUueHreM JOIMOJHUTENIbHBIX TeMAaTUYECKMUX MOlesieli Ha O0JbIINX
TEKCTOBBIX KOJIJIEKIIMSIX.)

KorepeHTHOCTH XOTS 3TO U He OTPAX€HO B HAYYHOI JIMTepaType, APyrom
pPa3yMHbII OAXO K OIlpeAeeHN IO Ulic/ia TeEM COCTOUT B TOM, UTOObI ITOCTPO-
UTh MHOXECTBO Mofejieil ¢ pa3sHbIMM 3HaueHUssMU T ¥ BbIOpaTh Ty, KOTO-
pasi maeT HanboJblllee 3HaUeHMe korepeHTHOCTH (Coherence) [131]. KorepeHT-
HOCTb — 3TO LIMPOKO MCIIOJIb3yeMasi MeTpuKa KayecCTBa JIsi TeMaTU4YeCKUX
Mofesiei, KOTopasi BBIUMCIISIETCS C IIOMOIIbIO TIO0ICYETOB COBCTpeUYaeMocCTei
HeOOo/IbIIIOr0 KoauuecTBa (Harpumep, 10) Hanbomee BepOSITHBIX CJIOB KasKI O
TeMblI (TOII-CJIOB).

KpacHoB u npyrue [121] npepJarator MHTepeCcHy0 Bapuauuio: 10 Tom-
CJIOB 3aMEHSIIOTCSI UX IJIOTHBIMM 3MbeaauHramu (dense embeddings, ucIions-
3oBanuch GloVe), a KonMuecTBO TeM BbIOMPAETCSI B COOTBETCTBUM C MHIEKCOM
IsBuca — bonguua (Davies — Bouldin Index), mokasaTesieM KauecTBa KjacTe-
pusauun

[ToBTOpUMCSI, UTO B AAHHOI paboTe (OKyC chaesaH Ha BO3MOXKHOCTD
ornpeneneHus Yynucia TeM B JaraceTe C IOMOIIbI0 8HYMPEeHHUX MEeTPUK Kaye-
CTBa TemMaTuuyeCckux Mmogerei (2.1, 2.3.2). ICXOOHBIN KoL, BBIYMCIEHUS METPUK

Ha IIuTOHe HaxoOuUTCs B OTKPbITOM ,I[OCTYI'IQ.8

8github.com/machine-intelligence-laboratory/OptimalNumberOfTopics.
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2.3.3 MeToposiorus

Bomnpoc, Ha KOTOPbI1 XO4eTCsI OTBETUTD: XOPOIIIO JIX OIpeiesleHO TTOHSI -
THe “ONTUMAaIbHOIO uncia TeM”? JIpyruMu CJIOBaMU, €CTh JI COITIacue MEXKIY
Pa3IMUYHBIMU TTOAX0AAMM 10 MTOUCKY UYMCia TeM, IpeaJIOKeHHbIMU B JIUTepa-
Type? Kpome TOro, JOCTaTOUHO JI YCTOMUYMBLI IIpejiaraeMblie MoaX0Abl K 13-
MEHEHMUIO TapaMeTpPOB?

MeTopmonorus 3akiiodaeTcs B cienyoiieM. OoyuaeTcsl HeECKOIbKO pa3-
HBbIX TeMmaTudyeckux mopenei (Hanpumep, PLSA, LDA, ARTM u TARTM; cm.
pasnen 2.3.3), B TeUeHMe KOJIMUYeCTBa UTepaluii, 10CTaTOUHOTIO JIJIsI CXOAUMO-
CTHU, c rutniepnapamerpom T', Bapbupyromumcs ot 7, 80 T,,,,.- [Iporiecc obyue-
HMS 3aITyCKAEeTCS TPU pasa, KAKIbI pas C HOBOM CJIy4allHOM MHUILMAIM3Al-
eil, U IIJISI KaKO0ro MporoHa M3mMepsieTcsl HeCKOJIbKO ToKa3aTeieil KauecTsa.
Eciu MmeTop, moyicuéTa KauecTBa TpebyeT 3aaBaeMoro Iojab30BaTesieM Iapa-
MeTpa, UCCIeaYIOTCS pa3inyHble 3HaYUeHUSI -KaH AU AThl.

OTOT IIPOLIEeCC TIOBTOPSETCS [IJIsSl HECKOJMbKMUX PA3JIMUHBIX KOPITYCOB. 115
TOr'0 YTOObI MOKHO OBIJIO BRIUMCINUTD held-out mepmiekcuio, Kaxkablii KOPITYC
cJTydaiiHbIM 00pa30M pa36MBaeTcs Ha oOyJyalounii 1 TecToBbli (80% obyualo-
i1, 20% TecToBblin). MBI He IepeMelBaeM JOKYMEHTbI, [TIOCKObKY UCITOJ/Ib-
3yeMbIli airoput™m BbiBoAa (BigARTM [87]) He 3aBUCUT OT MOPsIAKA JOKYMEH-
TOB.

B KauecTBe OTOE/NIBbHOTO 3KCIIEpUMEHTa, IJis1 onpeneneHust T MpUMeHsI -
eTCsl aHa/INn3 YCTOMUYUBOCTU. Peanm3aiiyisi OLeHKM 10 YCTOMUYMBOCTU afgarTu-
poBaHa 13 6ubmoTeku TOM [126], BmoxHOBeHa [63; 118]. Best mpoiiemypa 3a-
KJIIOUAeTCs B OIleHKe pa3sHooOpa3us TeM Ha MOABbIOOPKaX JaHHbIX. Co3maéTCs
5 OABBIOOPOK OPUTMHATIBHOIO JaTaceTa (6e3 MOBTOPOB IOKYMEHTOB, without
replacement). Pazmep Bcex nmoaBeibopok D; C D, i € [0,.S) dukcupoBaH u pa-
BeH 0.5 OT pasmepa MCXOAHOr0O Habopa JaHHbIX. TemaTuueckue Moenaun o6y-
YaloTCs IJIs Ayarna3oHa HOMepOB TeM t € [Tiin, Tmax] HA KOKOOM U3 IONY-
YeHHbBIX ITOABBIOOPOK TOKyMeHTOB. CiryuaiiHoe HayabHOe 3HaYeHMe (random
seed), onpepensiolee HayaabHbIe Beca B Marpuiie ®,, MKCUPOBaHO 1 paBHO 0
1711 BCeX TeMaTuuyeckux Mojesesi. [Tocjie moATOTOBKY MOJABbIOOPKY JAHHBIX U
oOyueHMs Mofiesieit, ITOCeIHMM I1aroM SIBJISIETCS CpaBHeHMe MoJiesieli ¢ oy-
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HaKOBbIM KOJIMYECTBOM TeM f, HO 0Oy4eHHbIX Ha pa3HbIX MOJBbIOOpKAX JaH-
HbIX D;, D;, i # j. 3HAU€HME PACXOXKIEHVS] MEXAY TaKMMU TeMaTUYeCKUMU
MOJIeJISIMU CUMTAETCS ITyTEM UX MOMAapPHOTO CpaBHEHMS MO QYHKIMM pacCTo-
sHus XKakkapa. [Janee, umes [t| X |¢| MaTpUILly pacCTOSTHUIN MeXIy TeMaMu U
TOJIYyUMB pellleHye 3TOM JMHENHON 3a4aul O Ha3HAYeHUSIX, BbIUMC/IsIeM pac-
CTOSIHME MeKAY TeMaTU4eCKMMU MOLEIIMU psmb(QD,(Di), o, (D j)), i,j €10,5).
OTU PACCTOSSHUS 3aTEM YCPEOHSIOTCS 0 KOIMYECTBY CpaBHEHUI TeMaTuye-
CKUX MOZeJiei (KOTOPBIX 10 pe3yabTaTaM [POBeAEHHBIX 3KCIIePUMEHTOB BCe-
ro (;) = 10):
1

o 2 Puuas( D). @(D)))

(2) 0<i<j<S
YeM MeHbllle 3TO 4uMcio, TeMm jayulie. Ho 3ta jmornka omimyaercs ot [118],
I7e MmpejjaraeMblii IoKka3aTe/lb CTaOMIbHOCTY, HAIIPOTUB, SIBJISIETCST OLI€HKOIA

CXOJICTBA MOJIeJieif, ¥ MO3TOMY UeM OH ObUIT Bblllie, TeM Jiyuiiie. JIpyrumM 3a-
s
2
HEeHUJi — BMeCTO 00yueHMsI Ha4aIbHOV 3TaJIOHHO Mofenu S, 1 POBeeHNs

METHbIM OTKJIOHEHMEM SIBJISIETCSI PACUET, BKIKOYAIOIINI ( ) TIOIIapHBIX CPaB-
JIUIIIB S CpPaBHEHMII C e€ UCIO/Ib30BaHMeM B KauecTBe 3TajioHa. OTMeTuM, Of -
HAaKoO, YTO IT0JI00HbIe CPABHEHMS C 3TAJIOHHOI HESIBHO OCHOBAHbI HA IIPEITI00-
SKeHUM, UTO 3Ta STAJIOHHAS MOJIe/Ib IeICTBUTEIbHO XOPOIIIa — YTO MOXKET ObITh
TPYAHO rapaHTUPOBATh (OCOOEHHO YUMUTHIBASI, UTO ONTHMAaJbHOE 3HaUeHue T
HEM3BECTHO, TO3TOMY KakI0€e UMCI0-KaHAMIAT ¢ TOIKHO ObITh IIPOBEPEHO).

B upeasie, 3HaUeHMe YKCIa TEM, PEKOMEHIyeMoe” TeM WM MHbIM Me-
TOOOM, OOJ/IKHO COOTBETCTBOBATH SIPKO BbIPA)KEHHOMY MUHUMYMY/MaKCUMY-
MY Ha rpadyke 3aBUCMMOCTH COOTBETCTBYIOIIEN (QYHKIMM KayecTBa TeMaTu-
YyeCcKoit MOJle/IiM OT unc/ia TeM. DTOT PakT MOTUBUPYET JajlbHENIINIT aHaIu3, B
KOTOPOM IIpeINpUHMMAETCS MOMNbITKA HAMTU U KaaccuUIMPOBaTh I7100aIb-
HbI€ OIITMMYMbI aJITOPUTMMUUECKH CAEIYIOIMMM 00pa3soM.

Bo-nepBbIX, OTMEUAKOTCS 3HaYeHMSI B CaMOl BBICOKOI M CaMO HU3KOM
Toukax rpaduka (h u ). JJanee, BBIOMPAIOTCS BCE TOUKM, 3HAYEHMSI KOTOPBIX
TIOMaaloT B OTPe30K [h — a(h — 1), h] (miu [I,] + a(h — )], ec/iu OLleHKa OO/IKHA
ObITb MMHMMM3MpPOBaHa). B Hatlem aHanu3e a = 0.07. Bo-BTOpbIX, IpOBepsIeT-
Csl, IBJISIIOTCS JIXL STU TOYKU COCEOHUMM APYT C APYroM (eCau 1a, TO ONTUMYM
OIVH M YCTOMUMB; B IIPOTMBHOM C/Tydae KpMBasi OO MphIraeT, 1100 MMeeT
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HECKOJIbKO BbIPaskeHHBIX JIOKAJbHbIX ONITUMYMOB). KpoMe TOrO, IIpoBepsieTcs,
OBLI JI OIITMMYM JOCTUTHYT Ha TpaHUIIE MCCIeAyeMOro Auara3oHa umcesl TEM.
VicxomHblii KOO, MeTOIOB ITOMCKa ONTUMAa/JIbHOTO Ulc/ia TeM, a TaKXKe KOJI

HpOBe,D;éHHbIX OKCIIEpMMEHTOB HaXO04ATCA B OTKPbITOM ,ZLOCTYI'Ie.9

VicciegyeMble TeMaTUYeCKMe MoJeau B 3ToM moapasfesne onmucbiBalOTCS
TeMaTuuyecKye MOJe/in, UCII0JIb30BaHHbIe B SKCIIEpUMMeHTaX.

PLSA. BeposaTHOCTHBINM JIATEeHTHBIN CeMaHTUYeCKUn aHa-
mu3 (Probabilistic latent semantic analysis, PLSA) [37] — 3To mpocras
TeMaTuueckasi MoJie/ib 6e3 Kakux-a1b0 MOMOJTHUTEeIbHBIX TUIleprapaMeTpOB,
KpoMme T'.

LDA. JlatrenTHOoe pacripefenenne [Iupuxie (latent Dirichlet allocation,
LDA) — u3BecTHas TeMaTuU4eCcKasi MOJeJib, C alipMOPHLIM pacripee/ieHueM
st ©, ¥ alipMOPHBIM paciipefiesieHeM a IJist ® (n U a MOTYT ObITh UMCIa-
MM WIM BeKTopamu). B pamkax TeKyleil paboTbl B TeEXHOJIOTUUYECKOM CTEKe
TopicNet/BigARTM 6b110 peann3oBaHO Tpu BapuaHTa Momenu LDA: cummerT-
puuHas double-symmetric (n = a = %) ; aCMMMeTpHUUHasi asymmetric (110 peKo-
MeHAaLUusSIM [65], UCIIO/Ib3yeTCs CUMMETPUUHOe allpyMOpHOe pacipeneneHue
s @ ¥ acMMMeTpUYHoe AJis O: 5 = %, ay; = ——,0 <t <T)u “oBpUcTH-

Vi+T
50

yecKas” heuristic (CO 3HAUEHUSIMU o = = 1 n = 0.01, KoTOpBIE OBLINM MCIIOIb30-
BaHBI B [132]).

HexkoppeaupoBaHHbIe MoAeaun. bblio 1Moka3aHo, yTo LDA MMeeT TeH-
IEeHIMIO CO3[aBaTh KOppeIMpOBaHHbIe TeMbI, KOrga T CJAUIIIKOM BEJIMKO WU
cimkom Masio [116]. Iloaromy MHTEpeCcHO UCCiefoBaTh MOLE/IN, KOTOPbIE SIB-
HO IIBITAKTCS YMEHBIINUTD IMOIMapHble KOPpeIsiluy MexXay TeMamu. ITpocreii-
mum rpumMepom sBisetrcss TWC-LDA [133], koTopast y3ke peann3oBaHa B 610-
nuoteke BigARTM [43]. MbI paccMaTpMBaeM TPU BO3MOXXHBIX peryisipu3anu-
OHHBIX KO3 duiimeHTa ¢ s mekoppensuuu: 0.02, 0.05, 0.1 — IpM 3TOM KO-
sbduimedT y pased 0 (T.e. MCIIOAb3YeTCs TaK Ha3bIBaeMasl ~OTHOCUTETbHAS
perynsipusanus’).

PaspesxeHHble Mogenu. [Ipyrum cBoincTBOM LDA SBjsieTCsT CJIOKHOCTD
TOJIyUeHMSI pa3peskeHHBbIX MOfeseil 13-3a CIVIaKMBAIOWUIMX allpUOPHBIX pac-
nipenenenuit [109] (TouHee, 13-3a TOro, YTO alIlpMOPHOE pacripensenenye Iu-

9github.com/machine-intelligence-laboratory/OptimalNumberOfTopics.
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puxie B IIPUHIIUIIE He TIPeIoaraeT BEKTOPOB C HY/IeBbIMY KOMIIOHEHTAMM).
HekoTopbie MHQOpPMaILMOHHbIE METPUKIM KauecTBa II0-Pa3HOMY OTHOCSTCSI K
pa3peXeHHbIM U CIJIaKeHHbIM TeMaTuyeCkKum MmopensMm [109], mosTomy Baxk-
HO BKJ/IIOUMTB pa3peskeHHble MoAe/n B aHanu3. [IpocTeriiiias pa3pexkeHHas MO-
IeNlb OeJIUT TeMbl Ha ABe KaTeropuu: ¢oHOBBIE (06IIMe, comepikalliye MHO-
IO CTOII-CJI0B, HeMH(pOpPMATMUBHbIE) U MIpeAMeTHbIe (IOMeHHbIe, crienuduye-
CKMe, coJepskaTebHbIe), KOTOpble HAMHOTIO 00jiee pa3peskeHbl 110 CPaBHEHMIO
¢ ¢poHoBbiMM [128]. BigARTM nonaep>kuBaeT Takue Mojenu [134] ¢ TOMOIIbIO
KOMOMHALIMM YEeThIpPEX PEry/asipu3aTOPOB: ABYX PEryasipu3aTOpPOB, CIVIAKMBA-
I0IIUX ¢, U 0,; O 0OLIMX TeM; U JBYX Peryasipu3aToOpOB, Pa3peXXUBaOIINX
¢, V1 0,; 0J1S1 TOMEHHBIX TeM. B KauecTBe abCOMIOTHBIX 3HAUEHMI peTysipu3a-
IIMOHHBIX KO3(QPUIIMEHTOB IJIs CIJIaXKMBAIONIETO U pa3Aesioiero peryaspu-
3aTOpoB nepebupatorcst 3HaueHus 0.05 1 0.1 (koapduieHThI peryaspusannmn
CHOBA OTHOCHUTE/IbHbIe — aOCOMIOTHbIE CUMTAIOTCS 110 STUM C ITOIPaBKOi Ha
KOHKpeTHbIN maraceT). Kpome 3TOro, B KaueCTBe IpumMepa MOJiejin, B KOTOPOu
pa3pekeHHOCTD SIBJISIETCS MCXOOHBIM, IPUPOXKIEHHBIM CBOMCTBOM, UCCIENY-
eTcsl TeMaTuueckass mogaesb 6e3 matpuilbl ® (TARTM), pa3zpaboTanHas Ha 6a3e
TopicNet/BigARTM u nipencraBieHHasi B [135].

PaspekeHHbIe JeKOoppeaupoBaHHbIe Moaeau. /i MoJHOTbl KapTu-
HbI pacCMaTPUBAETCS MOJE/Ib, B KOTOPOJ 00beIMHSIETCS HECKOJIbKO OrpaHM-
YeHUI — KOTOpas B pe3y/bTaTe SBJSIeTCS OQHOBPEMEHHO U Pa3pekeHHO, U
IeKOppe/IMPOBAHHON. AOAUTUBHAS peryiaspusanus TeMaTudeCcKux mMoesen
IaéT BO3MOKHOCTb 00y4yaTh MOA0OHbBIE MOAEIN ITyTEM KOMOMHALIMM BMeCTe
(MJI B HY>KHOM MOPSIAKE) OTBEUAKIIMX 3a TO UM MHOE CBOMICTBO MOIE/N pe-
ryaspusatopos [8]. Takum obpa3om, paspeskeHHas TeKOppearpoBaHHasI MO-
Iesib royyaeTcs mo cyTu 13 PLSA u o6benyHeHNs B IIpoiiecce 00y4eHMs IBYX
peryasipusaTopoB.

Victionb3yeMble gaTaceTsl KpaTkas mHbopmalus 06 MCIo/Ib3yeMbIX B pa-
boTe maTaceTrax ImpeacTaBiaeHa B Tabauile 6. TeKCThbI ObLIN JIEMMATU3MPOBAHBI
(C mOMOILIBI0 TaKkeTa pymorphy2 [136] Oy PyCCKOSA3BIUHOTO TeKCTa U NLTK
IJIST aHIJIMIICKOrOo). [IJIs1 yaaJeHus 4acTo BCTPeUarInuxcs HeuH(popMaTUBHbBIX
CJIOB MICITO/Ib30Ba/IMCh 3apaHee COCTaB/IeHHbIe CIMCKY CTOII-CJIOB.
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TaGJI]/II_[a 6 — VcTHHbBIE 3HAUeHMs UyMcesl TeM B ucciaeayeMbix naTaceTax.

Dataset D w Texpected Tmin Tmax
WikiRef220 220 4839 5 2 20
20NG 18846 2174 15-20 3 40
Reuters 10788 5074 90 5 150
Brown 500 7409 10-20 5 25
StackOverflow 895621 3430 40 5 60
PostNauka 3404 8417 15-30 5 50
RuWiki-Good 8603 236018  10/90 5 100

WikiRef220,'° maTacer koTopsIit 6611 TIpencTaBiaeH B [123], COCTOUT U3
220 HOBOCTHBIX CTaTeNM, KakKaas 13 KOTOPBIX CChIJIAETCS Ha OTIPeIe/IEHHYIO CTa-
TbI0 Bukurnenuu. [IoKkyMeHTBI pa3fejieHbl Ha 16 pa3/IMUYHBIX TPYII B 3aBUCU-
MOCTH OT CTaTby, Ha KOTOPYIO JaHa CChIIKA, HO TOJIBKO 5 IPYIIN copepskaT 60-
nee 5 3amuceii. Cnemys 9TOV JMHUM PACCYKIE€HMI, aBTOPbI OMMCHIBAIOT 3TOT
maTaceT KaK MMeIoUuii 5 TeM U IIyM.

PostNauka — 510 Kopryc u3 3404 craTeit MOMYJISIPHOTO POCCHUIICKOTO
Hay4YHO-TIOIY/ISIPHOTO OHJIaiH-XKypHaia “l'IOCTHayKa”.11 Kaxknplilt TOKYMEHT
TIOMeYeH pPSOM TeroB, UTO MO3BOJISIET OLEHUTh pa3yMHOe KOJIMYeCTBO TeM
Kak Jjexainee B auanasoHe [10,30]. B pesynbTaTe npensiayiiero uccjienoBa-
HUSI 9TOI KOJIJIeKIM Oblja IoayuyeHa TeMaTuueckash MoAesib, COCTOSINAs M3
19 npegMeTHBIX TeM [6].

20NewsGroups (20NG), Brown u Reuters — u3BecTHble B NLP Kkoi1-
nexuun. ITo obmemy MmHenmio ucciaenonareneii, 20NG coctout u3 15-20 Tem,
Brown — u3 10-20 tem, a Reuters — 13 50-100 Tem.

StackOverflow — 13BeCTHBIN CaiiT BOIIPOCOB 1 OTBETOB, MTOCBSIIEHHbIN
B OCHOBHOM ITPOrpaMMMPOBAaHUIO. BblIM ITpOBeAeHbl pa3jiMuyHble UCCIeI0Ba-
HMSI TI0 TIOUCKY xopoinux TemM Ha StackOverflow [137]. I B paboTe MUCIO/Ib3Y-
eTcs yKe IpegobpaboTaHHas Bepcust Kopiryca u3 [63], cocTosiias u3 895,621
IOKYMEHTOB.

Pycckaga Bukunenys. [IpencraBiisieTcss HOBbIV JaTaceT 104 Ha3BaHMEM
“RuWiki-Good”, mocTymHblit yepe3 6ubmorexy TopicNet [8].'% Il ero momy-

Omultisensorproject.eu/achievements/datasets.
Upostnauka.ru.
12 A TaksKe TIO CChUTKE: huggingface.co/datasets/TopicNet/RuWiki-Good.
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YeHMSI UCIIOIb30BAaJICS JaMIT 6a3bl JaHHbBIX PYCCKOI Bukumeanu, 13 KOTOPOro
obL10 M3BIeueHO 8603 cTaTeil, Kaskmast U3 KOTOPBIX MOIagaaa B OOHY U3 Ka-
Teropuii: “msbpaHHbie”, “xopoune” wim “Ho6poTHbe”. CTaTby 3TOTO KOpITyCa
OTIMYAIOTCS MMPOPabOTaHHO Mepapxueii MeToK: Kaxkaasl CTaThsd MOMagaeT B
onHy 13 11 OCHOBHBIX KaTeropuii'>, mpu4éM Kaxaasi U3 HUX MOIpa3enseTcs
Ha pasaMyHOEe KOJMUYeCTBO MogKaTeropuii (Hamnpumep, “HMcropusa” — “Hcro-
pust Benmukobpurauun” — “Véuiictsa B Coenmuénnom Koponescrse™). [Toaro-
My aBTOpP pPabOThI BEPUTh, UTO JAHHBINM JaTAaCET MOXKET ObITh TAKKe I[@HHbIM
“IMOMIMTOHOM” [IJIS1 TECTUPOBAHMS UIEi, CBI3aHHBIX C IPAHY/ISIPHOCTHIO TEM.

2.3.4 Pe3syiabTaThl ¥ 00CYKIAEHUE

Pe3ynbTaThl MPOBEIEHHBIX SKCIIEPUMEHTOB CBeIeHbI B Tabmuity 7. s
TOT'O UTOOBI IMOJTYUYUTH OCMBIC/IEHHOE ITpeICTaBIeHME O CIIOCOOHOCTH pacCcMarT-
pMBaeMbIX METPUK KaueCTBa CYKUTbD JIJIS OTIIpeAeeHUs Uucia TeM, ObIIo pas-
paboTaHO TpU TpU3HAKa, XapaKTepusyiolliye ux noBegeHne. XoTenocCh olie-
HUTb CITIOCOOHOCTb METPMKM 1aBaTh OII€HKY KOJIMUYeCTBa TeM He3aBUCUMO OT
CYYaiHOM MHUIMAIU3ALMM MOJEeIM, UMTAeMOCTD” IOJYYEHHbIX IPaduKOB
3aBMCUMOCTY METPUKM OT UMcjia TeM, M TOUHOCTb METPUKM B IlJIaHe IpefcKa-
3aHMSI OKMIAeMOT0 UMcIa TEeM.

ITepBsIit cToNGEI TAGMMIIBI 7 ecTh MeTpuKa JKakkapa, KOTOpasl paccum-
ThIBAETCSI CJIEMYIOIIMM 00pa30M: IJIsT KasKI 0¥ Cy4YaitHO MHUIMAAU3all MM Ha-
XOIUTCS ONITUMAaJIbHOE 3HaYeHMe YMcIa TeEM WIN IMara3oH 3HaYeHuii B COOT-
BETCTBUM C 0COOEHHOCTSIMU METPUKM (HaripuMep, yobIBaeT OHU MUJTIM BO3pacTa-
eT IPU YIYULIeHUM MOJIeNIN). 3aTeM BhIUMCISIETCST paccTosiHue JKakkapa Mex-
oy mepeceyeHmeM ¥ 00beIMHEHMEM ITUX MHOXKECTB Umces1 TeM (110 BCeM JKC-
IIepMMeHTaM JIJIsI OHOI'O JaTaceTa, HO C pa3sHbIMM MHULIMAIN3ALUSIMU MOJe-
JN), C UCKJIIOUEHMEM CTyYyaeB, KOTIa MeTpyKa YKas3blBaeT Ha TPaHMIIbI MCCIe-
IyeMoTro MHTepBaa.

BBuonorus, reorpadus, Hayka, MCKyCCTBO, UCTOPUSI, KY/ILTYpa U OBLIECTBO, TMUHOCTH, PelTUTUS U HUI0CO-
(us, CrIopT U pasBiieyeHus, TEXHOIOT MM, IKOHOMMKA.

87



Tabnuia 7 — CpaBHeHMe METPUK I10 IPMMEHMMOCTH K OIpeie/IeHII0 YMcia
TeM B CpeJiHeM I10 faTaceTam. HekoTopble MeTpUKM, OCHOBAHHbIE Ha
pasHOOOpa3um TeM, yaaJeHbl OjIs1 KPaTKOCTH; B 11eJIOM uX 3¢ (PeKTUBHOCTD
MIpeICTaBJIsIETCSI HEY OB TBOPUTEIbHOA.

Score Jaccard Informativity Expected
AIC 0.280 0.542 0.578
AIC sparse 0.219 0.111 0.100
BIC 0.128 0.444 0.461
BIC sparse 0.274 0.164 0.128
MDL 0.096 0.488 0.414
MDL sparse 0.282 0.428 0.256
renyi-0.5 0.470 0.507 0.425
renyi-1 0.356 0.475 0.394
renyi-2 0.230 0.299 0.183
D-Spectral 0.456 0.144 0.083
D-avg-L2 0.682 0.250 0.119
D-cls-H 0.595 0.245 0.189
D-avg-JH 0.302 0.053 0.022
lift 0.383 0.123 0.033
holdout-perplexity 0.228 0.025 0.019
perplexity 0.218 0.023 0.014
CHI 0.277 0.157 0.008
SilhC 0.233 0.079 0.028
average coherence 0.780 0.472 0.208
uni-theta-divergence 0.470 0.197 0.047

Bo BTOpoOM cTO/01Ie TpuBemeHa o081, TOKa3bIBaIoIast, CKOJIbKO pas pe-
3y/IbTAThl METPUKM ObLIM “UMTa€Mble”, TO eCTh ITONafaay B OOHY U3 KaTero-
puit:

— VIMeT SpKO BbIpa)KeHHOEe MMUHMMaJbHOe/MaKCUMa/IbHOe 3HaYeHMU-

€/3HavyeHusl.

— MMeroT nHTEpBa/I/bl BOKPYT MMHUMAIbHOTO/MaKCYMMalbHOIO 3HaYe-

HUS.

— MmeeT 061aCTh UepemyoMNXCs MMKOB.

Bce ocTasibHbIe TUIIBI [TIOBEAEHUS METPUKM MOXKHO OMMCATh KaK He 3aBUCSIIe
OT KOJIMYECTBA TEM, JIMOO He MMeIOII/ie HM OTHOTO 3 OIMCAHHbIX BbIIIIE TUIIOB

88



roBeaeHMs (MMelollye OIITUMAa/IbHOEe 3HaueHe TeM BHe pacCMaTPUBaeMOro B
SKCIIepMMEHTe IMara3oHa).

IMocegumii crosnbelr peacTaBisieT cO00i cpenHee 3HaUeHMe OyeBCKOI
BeJIMYMHBI: ObLJIO I OKMIAEMO€ UMC/IO TeM JaTaceTa B IMalia3oHe ONTYMalb-
HbIX 3HaYeHMI, ITOTyYeHHbIX U3 TpadyrKa MeTpUKM A1 JaHHOV mopdenn. Pe-
3y/IbTaThl, IIpUBEIEeHHbIE B TabaMIle 7, CTABSIT II0J COMHEHMe IIpeacTaBe-
HMEe O TOM, UTO KOJIMYECTBO TEM SIBJISIETCSI UETKO OINpeleIEHHbBIM CBOVICTBOM
KOHKPETHOTO Kopmyca (MJu, 110 KpaiiHeil Mepe, YTO CYIeCTBYIOIIME CII0COObI
OLIeHKM KayeCTBa TeMaTU4YeCKX Mofesieil IOAXOAST /ISl ero orpeneieHns).

HaoOmomenus u KomMeHTapum IIpuBenémM HeKOTOpble 00IIve Habsoome-
HMS, BBISIBJIEHHBIE B X0/ € 3KCIIePUMEHTOB.

3aBucumMocTb OT Mozenu. [lepBoe HabMIOIeHMEe 3aK/IIOUAETCS B TOM,
YTO “ONTMUMAJIbHOE KOJIMUYECTBO TeM” 3aBMCUT OT MCIIOIb3YeMOi TeMaTuue-
CKOI1 mogenu. Ha 4mciio TeM MOsKeT IMMOBJIUSITD U KJIaCcC MOAEN, U Aa’ke KOH(pU-
rypanus rureprnapaMeTpoB B UCIIOJIb3yeMOl Mo eaun. Pucynkm 17 v 18 memMmoH-
CTPUPYIOT 9TO Ha npumMepe mataceta WikiRef220, Ho onmcaHHOe XapaKTepHO
Y IJIS1 APYTUX KOJIIEKLMIA.

Panaommusanus. Enie oguH MOMEHT, KOTOPbI ciefyeT OTMEeTUTb — 3TO
pacxoxkaeHye, BbI3BaHHOE CJIY4ainHOM MHULManu3amnuein (M 3TOT BOIIPOC ellé
0oj1ee 060CTPUTCS, €C/IM 00yUeHMe MO 3aBUCUT OT ITOPSIAKA TOKYMEHTOB).
Kax yyke 0TMeuasioch, SKCIIEPUMEHTHI IIPOBOISITCS C TPEMS CIy4aiiHbIMU UHU-
umanusauusiMu. Ecam paccMaTpuBaTh Kaskayi0 KPUBYIO OTIOEIbHO (2 He yCpe[ -
HATb UX BCe TPU BMeCTe), TO YaCTO OKAa3bIBAETCS, UTO UX MOBeJeHMe OT/INYa-
eTcsi. Hanbosee yacTelit ciydail — 4aCTUUYHO MepPeKPhIBAIOIIMECS M COCeTHIE
VKU (Hanpumep, seed 0 gaeT MakCMMyM Ipu 15 Temax, seed 1 Takke faeT
15 Tem, HO seed_ 2 paer 14 Tem). O61mii ciryyari pa3HbIX, HO COCeHUX ITMKOB
TaKKe JIeTKO Mo JaeTcsl aHa/IM3y, HO BCTpeualoTcs U IIpobyieMHbIe cIydan, KO-
Ila IMKY Ha KPUBBIX OT Pa3HbIX MHULMAIMU3ALMI 3SHAUUTEIbHO OTe/IeHbl IPYT
OT ApYyra, Wiy KOTrAa JIMIIb HEKOTOPbIe TPAeKTOPUM UMEIOT 3aMeTHBIe TTUKU.

EcTecTBEHHBIM pellleH)eM B TAKOM C/Tydae KaskeTcsl [IOCTPOUTD OOJIbIIe
Mojesei co 3HaueHusIMU T', pacroyio’KeHHbIMM B MHTEPEeCYIoIeit HeOO0/IbIIoii
ob6sacTu, U BbIOpATh TO, KOTOPOE SIBJISIETCS HAMIYUIIMM B CpeiHeM MM Hau-
nyumum ¢ 3anmacom” (best in the worst case). OmHaKO TaKoii OIXO, SIBJISIEeT-
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PucyHok 17 — CpenHssl KOTepeHTHOCTb KaXXaom TeMbl, 1 < T < 21.
M306paxeHsl moaenyu LDA ¢ cMMMeTpUYHBIM alipMOPHBIM paclipeiesieHueM
(symmetric), LDA ¢ 3BpuCTMYECKMM allpMOPHBIM pacrnpenesieHneM

(heuristic), 1 pa3pe>xxeHHast Mmozenb sparse 0.

Csl B HEKOTOPOJA CTEITeHM caM ce0Osl M306/IMUaloyM”, IIOCKO/IbKY CIIeLau-
CThI OOBIYHO MINYT €OMHCTBEHHYIO “JIYUIIYI0” TeMAaTUUYECKYI0 MOJelb. U 1o-
TOMY IIPaKTMKa, IIPM KOTOPOI 00ydaeTcsl CTaTUCTUUECKM 3HAUMMOE KoImye-
CTBO Pa3/IMYHBIX TEMATUUYECKUX MOZeeN, orpenensaeTcs IIogMHOXeCTBO MO-
meneit ¢ “my4mmm” runeprnapamerpom T, a 3aTeM BbIOGMPAeTCs IMPOU3BOJIb-
Hasi MOJe/Ib M3 3TOr0 MOAMHOXKEeCTBA, CUMTaeMasl JIydlein” — IpencTaBiis-
eTcsl Hebe3yIpeyHOIA.

HampaBneHne, ykazaHHOe, Halipumep, B ucuiegoBanusx [9; 106], npen-
cTaBjsgeTcs: 6ojiee MepCreKTUBHBIM IMOAXO0I0M K peIleHUI0 OMMCAHHO ITPo-
6/1eMbl pacXOXAeHUs pe3yabTaTOB B 3aBMCHMMOCTM OT MHMUIManu3sauyuu. Bo-
MepBbIX, HEOOXOAMMO CO31aTh HECKOJIbKO Pa3jMYHbIX TeMaTUYeCKUX Mope-
neii. Bo-BTOpbIX, HEOOXOIVIMO M3BJI€Ub U3 ITUX TeMaTUUECKUX MOjesieit Te-
MBI, KOTOpPbIE€ CUMTAIOTCS XOPOIIMMM” (MHTEPIPETUPYEMBIMM UM XOTS ObI
KOTE€PEHTHBIMM) MM *CUIbHBIMU” (Strong) (HamEKHbIMM, BOCIIPOM3BOAMMBI-
MM). OTU T€MbI COXPAHSIOTCS AJIS1 ITOC/IeAYIONero aHaan3a (Ipy 3TOM ClieyeT
TaKKe I103a00TUTHCSI O TOM, UTOOBI BCe COXpaHEHHbIE TEMbI ObLIM JOCTATOUHO
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PucyHok 18 — PaspexxeHHbii MDL kputepuit jist monesiei ¢ pasanuyHbIMU
3HAUYeHUSIMMU IruIeprnapaMeTpa, OTBeUarllero 3a pa3speskeHHOCTb.

yHMUKaJIbHBIMM). Korma mpoliecc u3BieueHust TeM CXOAUTCS, HaO0p pa3aIMUHbIX
“xopommx” (MM “cUIbHBIX”) TeM, HalieHHbIX TaKKM 06pa3oM, o6pasyeT uc-
KOMYIO “JIYUIIYI0” TeMaTUUYECKYI0 MOZEIb. A 3HaUeHMe ONTUMAIbHOIO Umc/ia
TeM T SIBJISIETCSI TOOOUHBIM MPOAYKTOM 3TOrO Ipollecca — KakK YMCJIO TEM B
TIOJIYUMBILEICS MOJIEIIN.

Hecornacue meTonoB. Bomnpoc o cormacuy MOXKHO pa3fennTb Ha [Ba:
1) CornmacyroTcst mn pasanyuHble Kputepun Opyr ¢ agpyroMm? 2) CoriacyTcs in
Bapualuy OGHOTO U TOTO K€ KpUTepusi?

OTBeT Ha IepBbIN BOMPOC I10 pe3yabTaTaM SKCIIEPUMEHTOB MOXKHO JaTh
OTpuIIaTe/NbHbINM. Kak ImpaBuiio, 3HaueHue 4uciaa TeM, ornpeaeiasemMoe MmeTona-
MM, OCHOBAaHHBIMM Ha pa3HO00pa3yy, B HECKOJIbKO pa3 MpeBbilllaeT 3HaueHue,
orpenessieMoe Opyrumu Metogamu. Pasnnunus mexay IpyruMu KPpUTEPUSIMU
He CTOJIb 3HAUUTE/IbHbI, HO YaCTO ObIBAIOT CyIlleCTBeHHbIMU. ENVHCTBEHHBIM
uckmoueHneM sapisetcs natacet WikiRef220, roe pernoHsbl uncena TeM mnepe-
KPbIBAIOTCS, KaK BUIHO M3 pUCYHKa 19.

Ha BTOpOI1 ke BOmpoc He IoydyaeTcs AaTh yoenuTeabHOro OTBeTa. 3Ha-
YeHUsI Yucesl TeM, IOJIyueHHbIe CXOXKMMM MeTOoAaMM, KaK IIpaBujIo, OT/Inda-
I0TCSI He3HauMUTeaAbHO. OMHAKO YacTo ObIBaeT Tak, YTO Kakasi-TO OfHAa Bapua-
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LIS KpUTepUs JAET OTBET, @ HECKOIbKO APYyrux — HeT. [I03TOMy peKOMeHyeT-
Cs1 M3y4yaThb HECKOJIbKO B3aMMOCBSI3aHHbBIX ITIOKa3arteseil. isMeHeHMe MeTpUKU
cpeay MeTOJ0B, OCHOBAaHHBIX Ha pa3HOOOpa3uy, He BKUSIeT Ha pacIooXKeHye
IIMKOB, HO BJIMSIET HA X BhIPAsKEeHHOCTD (UTO MOKET U MOBJIMSITH Ha UTOTOBBIN
pes3y/ibTaT, TaK B KauecTBe peKOMEeHAyeMOro 3HadeHus1 T BbIOMpPaeTcst CaMblii
BbICOKMI IUK). [Ipy 9TOM eBK/IMA0Ba MeTpUKa IPeACTaB/sIeTCs HauMeHee H-
dopmMaTUBHOI 13 BCEX.

IIpoGsieMbl 00bEKTUBHOCTU. VICI10/Ib3yeMblii B paboTe MOAX0I, OCHO-
BaHHBII Ha IIOMCKE eIMHCTBEHHOTO SIPKO BhIPaKEHHOI'0 MUMHMMYMa/MaKCUMY-
Ma Ha rpaduke 3aBUCUMOCTY KaKO-11M00 QYHKIMM KauecTBa TeMaTUIeCKOI
MOJIeJIV OT UMC/Ia TeM He YUUTBIBAET APyrue, MeHee HaJlEXXHbIe 0COOEHHOCTI
naHHbIX. Takue, KaK, HaIIpMMep, MeCTOII0J/IOKeHMe TIEPBOro ITMKa, MEeCTO, Iie
KpMBasi BbIpaBHMBAETCsI (00pasys IJIaTO), YIJIOBbIe TOUKM M TOUKM Mepermnba —
KOTOpPbIe TaKKe MOTYT ObIThb I10jJIe3HbI Ha IpakTuke. OJHAKO MUCIIOIb30BaHMe
9TUX MPU3HAKOB BHOCUT CJAMUIIKOM MHOT'O CyObeKTUBHOCTH U IITyMa, II03TOMY
OHM He MOAXOIIT AJIsI BbIOOpa ONTHMMAJIBHOTO 3HaUeHNsI T KaK 00BbeKTUBHO-
ro, abCoMIIOTHOIO CBOJiCTBa KopItyca. [ToaToMy pellieHO ObIIO IIPUAEPKUBATHCS
0oJjiee IIPOCTOro MOAX0a K aHa/IM3y KPUBBIX 3aBUCUMOCTe OT T'.

B03MOKHO, HEKOTOPBIE IIJIOXO IMOKa3aBIyMe cebs MeTOabl MOKHO OymeT
VJIYUYIIUTD, €CJIM JAaTh KaKue-TO peKOMeHAAIM IJisl KaXKI0ro U3 TaKMX cIyda-
eB. Tak, HaITpMMep, KOTAa KpuBas yILIONIAeTCs, JOCTaATOYHO BbIYeCTh HEKOTO-
py1o MHelHy0 OT T (PYHKIINMIO, YTOOBI MOJIYUYUTD SIPKO BbIpakeHHbIN dKCTpe-
MyMm. OfiHaKO MOJ00HbIe BOIIPOCHI OCTaB/IsIEM 3a paMKaMM TeKYIIEero uccieno-
BaHMSI.

CBoricTBa McciaegyeMbIX KputepueB [IpuBenéM HEKOTOpPbIE HAOMIOMEHMS],
OTHOCSIIMECSI K BHYTPEHHUMMU KPUTEPUSIMM KadyeCTBa, MCII0JIb30BaBIIMMCS
IJISI TIOMICKA OITUMAJIbHOT'O YMCJia TEM.

PasHooOpa3ue. 3HaueHye T, MOJlydeHHOEe C TTOMOIIbI0O 3TOr0 METOHa,
3HAYMTEIbHO MPEBBINIAET OXKMTaeMOe KOJIMUeCTBO TeM. [t O0IbIIMHCTBA 1a-
TAaceTOB ONTUMYM BOOOIIe HAXOAUTCS 3a IMpeaeaaMy UCCIeIyeMoro 11ana3o-
Ha umcen Tem. KpuBasi uMeeT TeHIeHIUIO YIJIOWAThCS, @ He BIXOOUTH Ha BbI-
PaKEeHHbI MaKCUMYM (UTO MHOTAA UCIIPABJISIETCS TYTEM PAaCCMOTPEHMS Cpefi -
Hero paccTOsIHMS J10 O/msKaiiiiieit TeMbl BMECTO CpeJHEro IMOMapHoTro paccTosi-
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HUS MEeXIy TeMaMu). PacrooskeHue ONTUMyMa MOKET MEHSThCS IIPU pa3HbIX
CIy4aiHbIX MHULMAIN3ALUUSAX TEMATUYECKOM MOEIIN.

VudopmanMoHHO-TeopeTnUecKme. ITY MeTO/Ibl IyUllle MCII0/Ib30BaTh
B COUeTaHMM, TaK KaK JII000¥ OAMH M3 HUX YaCTO He CIIpaBJIsieTCs C IpecKasa-
HueM T [IJisi HEKOTOPbBIX Mogesieli 1 gataceToB. OQHAKO B COBOKYITHOCTU OHM
0OBIUHO JIAIOT pa3yMHble 3HauUeHus1 T (KOTOpPbIe, OTHAKO, BCE-TaKM HECKOIbKO
OTINYAIOTCS OT *30JI0TOTO CTaHzapTa”). MeCcTomnoIoKeH e ONTUMYMa OKa3bl-
BaeTcsl Ha yAMUBJIeHMe CTaOMIbHBIM IIPY Pa3HbIX CTyUaiHbIX MHUIIMAIM3alIUsIX.

IHTpONUS. DT METPUKU AT SIPKO BbIPa’keHHbIE€ OINTUMYMbI, YCTOM-
YyBbI€ K CIy4yaliHbIM MHUIIManu3anusM. OgHaKko pacIioioKeHVe MUHUMMYyMa
CYIIIECTBEHHO 3aBUCUT OT 3HAUEHMsI TUIIepriapaMeTpa MeToaa &, U - 1edomT-
HOe” 3HaueHMe £, = (W)~ He IPUBOIUT K 0XK1JaeMbIM 3HAUEHMAM UMC/Ia TEM.

Knacrepusanus. Kospduiment Cunysta u unaexc Kanuackoro — Xapa-
Oallra Io4Ty HUKOIrAA He JaloT OM3KOM K oXkupgaeMoii olleHKu 7. Bo3MOXKHO,
IIPOCTPAHCTBO MMPM3HAKOB, 00YC/IOBIEHHOE ©, TIJI0X0 MOAXOAUT AJIs1 KilacTep-
HOTO aHaM3a. DTO MpeJIoaokkeHNe MoATBepKaaeTcs: paboroii [121].

CriekTpasibHasi JUBepPreHuusa. JTOT MeTO[ OYeHb IIIYMHBIN U CJTIOKHBIN
B npuMeHeHMM. OH He MOXeT [JaTh HMKAKOI OLleHKM, KOrAga MPUMEHSETCS K
paspeskeHHbIM MOJessIM (KpUBas IIPOCTO MOHOTOHHO CIIafaerT).

KorepeHTHOCTb. DTOT METOJ, OUE€Hb IIYMHBIN U CJIOXKHBIN B IIpUMeEHe-
HUM. BUIHO, UTO CpemHsIst KOTepEeHTHOCTD SIBJISIETCS YObIBatolel (pyHKIIMenl
oT T, mpu 3ToM yacto payKryupyoiiasi. CiieqoBaTeIbHO, 00bIYHO ITT00a/IbHbINM
MaKCYMMYM JOCTUTAeTCs Ha MaJjibiX T, UTO [AejlaeT KOrepeHTHOCTb HellPUro/i-
HOI1 17151 BbIOOpa uncia Tem 7T .

Ilepruiekcusi. ITouT BO Bcex Ciyvyasx MepruiekCus OKa3blBaeTCss MOHO-
TOHHOJ, 6e3 KaKuX-11M00 3aMeTHbIX 0COOeHHOCTEI, IOIe3HbIX 1151 Bbioopa T
(cm. pucyHok 20). Takoe rmoBefeHMe IPOTUBOPEUUT HEKOTOPBIM paboTaM Iapy-
TUX UCCiefoBarTeseli, B KOTOPbIX MepIvIeKCUs umesia SPKO BbIPpasKeHHbIN JIO-
KaJIbHbI/i MMHUMYM IIPY HEKOTOPOM 4McCJie TeM. ABTOP IpeAIioiaraer, uYTo 3TO
MOSKET OBbITh CBSI3aHO C HEKOTOPBIMM IeTaJISIMU peanusaluiu, TaKoil Kak, Ha-
npumep, 06paboTKa 0B, He BXOASIIMX B cioBapb W . CKOPOCTbh M3MeHEeHMUsI
TepIIeKCUM YacTO OAET YCTOMUMBBIE TIMKU U TJIATO, HO OHU He COBIIAZAI0T C
OXMJIaeMbIM 3HaYeHeM 4ymnciaa TeM. YMCIIoBOI pe3yibTaT CUIbHO 3aBUCUT OT
MOJIeNN.
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JIndT. a9 3TOIl MeTPUKM ONTUMa/TIbHOE KOJIMUYECTBO TeM COOTBET-
CTBYeT MaKCMMa/IbHOMY 3HaueHMIO Ha rpaduka. VI Ha GONbIIMHCTBE AaTace-
TOB 3TO MakCMMa/IbHOe 3HaueHlMe OKa3bIBaeTCs MaJeKO 3a MpemeaaMyu OXKU-
IaeMOro amamnasoHa AJs ONTHMMAaJIbHOrO umciaa TeM. OmHAKoO IJis JaTtaceTa
StackOverflow Hab/I0IaI0TCS IPKO BhIpaskeHHbIE MAaKCUMMYMBbI 1 pa3HBIX ce-
MeNCTB Mofesiei (CM. pucyHOK 21). I[TogospeBaem, 4TO TaK IMOJTYYMUIOCH 32 CUET
arpeccuBHO QUIbTpALIMM TOKEHOB B MCXOTHOM JaTaceTe.

CTaOMJIBHOCTD. ABTOPBI 3TOr'0 MOAX0Aa IIpeaaraoT UCKaTh MUHUMYM
HeCTaOMIbHOCTY MJIM OOMH M3 HECKOJbKUX JIOKAJTbHBIX MMHMMYMOB B Kaue-
CTBE MHAMKATOPA OINTUMAJbHOIO KojndyecTBa TemM. OIHAKO B IPOBEOEHHBIX
110 JAHHOJM paboTe 3KCIIepMMEHTaxX He BCerjga HabJomaaoch sKejlaeMoe I0-
BeJleHMe Ha BCeX TeKCTOBbIX KOJUIEKUMSIX, U IIPUXOAUIOCH TOBOJbCTBOBATHCS
TJIATO MJIM IIPOCTO CHIMKEHMEM TeMIIOB pocTa HecTabuabHOCTU. Kpome sTOTO,
C MMOJXOAOM IO CTaGMIBHOCTY OOHAPYKUINUCH TaKKe cyiedyioliue MpobaeMbl.
Bo-mepBbIX, OHa CTAHOBUTCSI CJAMIIKOM LTYMHO 11 MOZeJieii ¢ HeOOIbIIM
KOJIMUecTBOM TeM (MeHee 10—15). Bo-BTOPbBIX, CTAOMIBHOCTD IIJIOXO MTOAXOIUT
IJISI pa3pesKeHHbIX MOJiesieli: TI0JTlyYeHHbIe Pe3y/bTaThl CJIMIIKOM 3alllyMJIEHBI,
YTOOBI CIe/aTh BbIBOJ, O KOJIMUYECTBe TeM. B-TpeTbux, OLleHKa OIITUMAaIbHOI'O
Yylicia TEM, IIOJIYUYeHHasl C ITOMOIIbIO CTA0OMIBHOCTY, OOBIUHO OKAa3bIBAETCS HU-
>Ke OKMJIaeMOro Umucjia TeM.

2.3.5 3axkiaoueHue

AHaiM3 MoKa3bIBaeT, YTO BHYTPEHHME METO/IbI OLIEHKM KayecTBa TeMa-
TUYECKOI MOJIeNN ajeko He BCerna SIBJSIOTCS HaIEXKHbIMU M TOUYHBIMM MH-
CTPYMEHTaMM B ITIOMCKE ONTUMAIbHOTO UMC/Ia TEM.

/3 mpoBeNEHHBIX SKCIePUMEHTOB BUIHO, YTO HAWIYUIINMe Pe3y/bTaThl
ToKa3sain cambie nmpocThie moaxoabi: AIC, BIC, MDL, renyi. 3T MeTpUKU BbI-
HOCSIT CBOE CYKJ€HMEe Ha OCHOBE I'Py00Ji OLIEHKM COCTOSIHMS MO/, B OT/IN-
yle OT APYTUX KPUTEPUEB, UIITYIIMX OTBET M0 60/iee TOHKO CTPYKType Moje-
neit Ha ypoBHe TeM. bosee ciioskHbie MeTonpl (lift, coherence, diversity), koTo-
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pble TLITAITCS HAIIPSIMYI0 U3MEPUTb HEKOTOPBIE JKejlaeMble KauecTBa TeMa-
TUYECKOM MOJiein, He AT YAOBJIETBOPUTENbHbBIX PE3YIbTATOB.

BuaHO, 4TO MHOTMeE MOAXOIbI K OIpeAe/ieHI IO Yucia TeM Jal0T B Kaue-
CTBE OTBETa HEeCKOJIbKO pellleHMI UM Jaxke auaria3oH 4mces TemM. ITO IIPOTH-
BOpPEUUT HAMBHOMY IIpeJiCTaB/IeHNI0 00 ONTUMaAbHOM T KakK O eIMHCTBEHHOM
(bUKCMPOBAaHHOM 3HAUYeHMM, MIPUCYIIIeM KOPIYCY TEKCTOB. Takoe moBeJeHMe
MOKET YKa3bIBaTh M Ha APYTYI0 IMPoOieMy B 00JIACTU: TIOHSITME TEMBI IIJIOXO
oIipefeeHo C TOUKM 3peHust rpaHyasipHocT. Kaskmast TemMa MOXKeT ObITh pa3-
IejieHa Ha MOJATeMbl, BO3MOXHO, 6€3 yXy/llleHNsI BHYTPEeHHUX MEeTPUK, TaKUX
KaK pa3JIM4YHOCTb TeM MJIM KaueCTBO Kiactepusauynu. OTMeyvasi, 4To He yaaJ0Ch
HaANTU METObI, COIVIACYIOLIMECS IPYT C APYTOM Ha [IOUYTU BCeX laTaceTax, pu-
XOIVIM K BBIBOJIY, UTO IIOHATHME *ONTUMAIbLHOE YMCI0 TeM” MOYKET BK/IIOYATh B
cebe HeCKo/IbKO MUQOB, Tpebyiolyx 6ojee IITy60KOro pacCMOTpeHMSI.

“Knaccuuecknit” (“IIKOMBHBIN) B3I Ha TeMaTUUYECKYI0 MOIEIb KaK
Ha M3BJIEKAIOIIYIO CKPBIThIE” (JIATEHTHbIE) pacIipese/ieHus CJI0B B TeMax IIpu-
BOOWUT K IIPeCTaBI€HMIO O TOM, YTO TeMbI PeaJIbHO CYIIECTBYIOT B KOJUIEKLIUN
M MOTYT OBbITh HaliJleHbl BHE 3aBMCMMOCTM OT MOAX0Ma K X Imoucky. Cornac-
HO 3TOJ TOUKe 3peHMs], TEKCTOBasI KOJJIEKIIVSI COIEePKUT MHPOPMaLIo 00 mc-
TMHHOM YMCJIe ITIOPOKIAIOIINX e€ pacIpeneaeHuin. ITO YMCIO He NOIKHO Me-
HATHCSA B 3aBUCUMOCTM OT TUIIA MOJEIN, UILLYILEe 3TU pacnpeneneHus, Uin
OT KOHKPETHOJ BHYTPEHHEl MeTPUKM, CUMTAIOIIEN WX HeT 3TO UMCJIO *OIl-
TUMaJbHbIM”. OOHAKO B IIPOBEIEHHBIX SKCIIEPUMEHTAX 3TO 0KA3aJ0Ch He TaK.
Hao60opoT, oKa3ajoch, YTO KOJUMUYECTBO TEM B OCHOBHOM 3aBUCUT OT MOMEU
M YaCTUYHO OITpenesseTcs peajiM30BaHHbIM MMOAXOA0M K OIpeneieHUI0 OIl-
TUMAaJIbHOT'O KOJIMYeCTBa TeM. EC/IM U3 MOyUYeHHbBIX Pe3yJIbTaTOB MOXKHO U3-
BJIEYb YPOK, TO OH 3aK/TI0UAETCS B TOM, UTO [TOHSATHME UMCIO TeM” 6bIIO HeBep-
HO IIOHSITHO COOGILECTBOM, 3/1€Ch HOT HMYETo MCTMHHOIO0”, 3TO — IIPOCTO elIié
OOVIH rUIiepriapameTp MO, KOTOPbI HY>KHO HaCTPauBaThb.

B cBeTe 3TUX cOO0OpaskeHMi1 BUSHO HECKOJIBKO CITOCOO0B, C IIOMOIIIbIO KO-
TOPBIX COOOIIECTBO y3Ke pellaeT 3Ty Ipobaemy:

— Bb160p Mopen B COOTBETCTBUM CO BTOPMUUHOI 3a4aueis.

— IlocTpoeHMe nepapxmum TeM U €€ MoCaeayIuiA IPyHUHT.

— YayuieHue mpoijecca yejaoBeueckoro (Imojy-)KOHTpos. IIpumepom

TAKOI'0 IOAXO04A MOXeT CIYKUTh IpeljokeHue oT [127], 3akitodaro-
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1eecsl B MCIOJIb30BaHMUM cJ1aboro KOHTposist (weak supervision) co cto-
POHBI T10JIb30BaTeEJIeN [IJIsI HACTPOVKM rUIliepIiapamMmeTpa Iopora, omnpe-
IeJISI0IIero KOJIMYeCTBO TEM.
[TpeniaraeTcst Takske 0OpaTUTh BHMMAaHMe Ha CeIyiollye HalpaBaeHusl,
TOCKOJIbKY OHM MOTYT OKa3aTbCsl IOJIe3HBIMU IJIS1 pellleHMsI BOIIPoca O Yuciie
TeM:
— YcTpaHeHMe rurnepriapaMmerpa 7.
— Pa3paboTka TemaTuMueckuUx Mojesieit, 6ojiee yCTOMUMBBIX K M3MeHe-
Huio T. Hanpyumep, pacCMOTPUM TUIIOTETUUYECKYIO HpOLeaypy, Io3-
BOJISIIOIIYIO ITIOCTPOUTDH TeMaTUUECKYI0 MOAe/b AJISI 3aJaHHOTO KOJIN-
yecTBa TeM, B KOTOPOJi Bce TeMbl OyAyT MHTeprpeTupyeMbiMu. Takast
rpolienypa caenaeT BONpoc onpeaeneHus T B 3SHAUUTEbHO CTEeIIeHU
HeaKTyaJIbHbIM.

— AJTOpPUTM 0OHAPYKeHMSI HOBBIX COOBITUIA C TTOCIEAYIOIIMM aBTOMAaTH-
YeCKMM nsMmeHeHuem 1.

PaccMoTpeHHbIe B JaHHOM paboTe CII0CO6bI OILEHKM  ONTMMAaIbHOIO
yyciaa TeM” ¢ TOMOIIbI0O BHYTPEHHUX KPUTEPUEB KaueCcTBa TeMaTUYeCKUX MO-
meneil He BHYIIAKOT OoBepus. [IpyUxoaum K BbIBOAY, UTO OIITUMaJIbHOE KO-
YeCTBO TeM 3aBUCUT He CTOJIBKO OT KOPIyCa TEKCTOB, CKOJIbKO OT CAMOI'0 MEeTO-
Ila orpenesieHus KoauyecTBa TeM U UCII0Ib3YyeMOil OISl 3TOTO TeMaTU4YeCKOM
MOV, WIM Jaske OT Leu, O JOCTUXKEHUS] KOTOPOW IIPUMEHSIETCS TeMaTu -
yecKkoe MO e/IMpOBaHMe.

IToka mpeJioskeHHbIe BbIIIE METOMbl OCTAIOTCS ckopee (paHTACTUKOIA,
yeM peajibHbIMM aJITOPUTMAaMM, IIPEIjIOKUM 4uUTaTeasIM paccMaTpuBatb T
TIPOCTO Kak elllé OOVH rurepriapameTp Mogein. [loiyueHHbIe pe3yabTaThl I10-
Ka3bIBAIOT, UTO MPAKTUKAM He CJIeAyeT ITbITAThCS OLEHUTH ~eCTeCTBeHHOoe”
YMCIIO TeM, 3aJI0KEHHBIX B KOPITyCe; BMECTO 3TOT0 CleAyeT COCPedOTOUNThCS
Ha BOIIPOCaX, IMOJ00HBIX C/IeTYIOIIVM:

— CKOJIBKO JOKYMEHTOB B CpefHeM [OJI’KHA CoaepsKaTh TeMa?

Kakasi mosiskHa ObITh CTEIeHb IPaHy/ISIPHOCTY TeM?

— EcIM 0OCTYIIHBI BHEIIHME METKM : KaK BK/IIIOUUTD 3TU JOIIOJTHUTEIbHbIE
3HaHMS B MOJeJb?

— JIOCTaTOYHO JIM YHMUKAJIbHBI HalileHHbIe MO/IeJIbI0 TeMbI?

96



B uTore npuxoguM K BbIBOZY, YTO OCHOBHOJ 11€/IbI0 TEMATUUEeCKOTO MO-
IeIMpoBaHMs TO/KeH ObITh He ITOMCK - OITHMAaJIBHOTO” UlciIa TeM, a ITIOMCK Ta-
KOT'O MeToAa 00yueHMs TeMaTUueCcKoi MOJie/in, KOTOPbIi IIpu J1I000M 3aIaH-
HOM 3apaHee 4ycjie TeM IPUBOAUT K MOJIe/IN, BCE TEMbI KOTOPOi IIPU OTCYT-
CTBUM BHEIIIHETO KPUTEPUS SIBJISIIOTCS MHTEPIIPETUPYEMbIMIA.

97



le6 le6

1.161 » AIC »
: e BIC g 1.45 055
e MDL ) 850000 :
1.159 e ® D-avg-COS [ ]
o 1.40
1144 0o ° 800000 | _; 60
"/ 1.35
1.13- p L 750000 _ §
O P S o r—0.65
° [ ] A o
1.12- ] 1.30 = 5
2 4 700000 A
3 °
1.111 L S o 1.25 -0.70
@
® é 650000
1.10- 'Y ot ‘ L0
g.' P « ®Cer 600000 | 070
1.09- ) -
o 8 1.15
2 1 6 8 10 12 14 16 18 20
Num topics
le6 le6
~0.40
1124 @ ® sparse AIC s 577500
® sparse BIC °
° ® sparse MDL L4 : ° : 1.14 575000 | ~0.45
» _| . .
1.10- > ® D-<cls-COS '
° «**  § 113 572500
1.08 \ y = o
Shad . 9 570000 w
2 e o 1125 g 8
& ® e ° & b ﬁ
2 5 15675008 [—0.553
- [ie} T
2.1.06 1.11 & 2 /A
® ° [ ] oo [ ] . ! 7]
. ° - 565000
\ —0.60
1.044 0 1.10
oo [® ° 562500
[ ] ° °
° ® °
° 0 -0.65
1.02 1 e o0 o u ¢ [ 1.09 560000 :
° s . o 9
2 4 6 8 10 12 14 16 18 20
Num topics

PucyHok 19 — HeCkosbKO MeTpUK KaueCTBa 1S UCCIeq0BaHUS pasANUYHbIX T
st momenu PLSA, 1 < T < 21. 3o6paskensl meTpuku AIC, MDL, u
KOCUHYCHOE PacCTOsIHME (B3SITO€e C OTPULIATENIbHBIM 3HAKOM, TaK UTO
MMHMMYM COOTBETCTBYET JIyullieMy” 3HaueHMI0). BUIHO, UTO BCe METPUKA
CXOISITCS HA TOM, UTO 7 SBJISIETCSI pa3yYMHbBIM 3HaUeHMeM [ umcia tem 7.
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PucyHnoxk 20 — CpaBHeHMe MepIuieKCHMy Ha OT/IOSKEHHOI BbIOOPKE U Ha
obyuaronieit njist momenyu LDA. AHajornuHoe roBeieHe Hab/ioaan0ch I1si

BCeX paCcCMaTpMBaeMBbIX JaTaCeTOB.

40+

lift

ARTM 9

LDA 0

LDA 1

PLSA O
TARTM 0
decorrelation 2
sparse 3

0 10 20 30 40 50 60 70 80 90 100110 120 130 140 150
Num topics

PucyHok 21 — MHOKeCTBeHHble MaKCMMyMbl MeTpuky Lift gjs pasHbix
TUIIOB TEMATUYECKUX MOJIee.
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I'nmaBa 3. HeyCTOMUMBOCTH M HEIIOJIHOTA TEMAaTUUYECKUX MOJejiein

3.1 Hpoﬁnema HEYCTOﬁ‘II/IBOCTI/I ¥ HeIIO/JIHOThI TeMaTU4YeCKMUX Mojejien

CoBpeMeHHas auTepaTypa o TeMaTM4eCKOMY MO EJIMPOBAHMIO IIPeo-
CTaBJIsSIET MHOXXECTBO TeMaTU4YeCKMX Mojiesieli O pa3JINyHbIX cuTyaiui [35].
CambIMM 6a30BbIMM MOZEJISIMU SIBJISIIOTCSI BEPOSITHOCTHbIN JIATEHTHbBIN CeMaH-
Tnueckui aHanus, uau PLSA [138], u naTeHTHOe pacripenenenue [Iupuxie,
unu LDA [57]. CoTHU TeMaTuueCKUX Mojiesieli IBISII0TCs pacipenussmu PLSA
u LDA. bonee TOro, eCTb He TOJIbKO pa3Hblie TeMaTUYeCKMe MOJie/iv, HO U 1ie-
Jible pa3Hble MapagurmMbl IIOCTPOEHUSI TeMaTudeCcKux mopeseil. Hanpumep,
0aliecoOBCKMI1 TTOJIXO0/, HaUa/Io KOTOpoMYy Ttojioxkimiia LDA, Korma cHavasia omnu-
CbIBA€TCS BEPOSITHOCTHAS reHepaTMBHAs MOJeNb OaHHbLIX, 3aTeM 3a[arloTCs
aIIpMOpHbIE pacrIpeae/eHns mapaMeTpOB MO/, a 3aTEM C IIOMOIIbIO Oaiie-
COBCKOT'0O BbIBO/IA TTOJIYYAIOTCS allOCTePMOpPHbIE paclipeiesieHus IapamMeTpOB.
Hpyroii roaxon — agauUTUBHAS peryasipusanys TeMaTuueCKux Mojesnei, Uin
ARTM [5], B 0CHOBe KOTOpPOI JeKUT MaKCUMM3alus jorapudma mpaBaoIio-
I006MSI KOJJIEKIIMM BMECTe CO B3BeIIeHHOM CyMMOI1 peryisipu3aliOHHbIX KpU-
TepueB. Kaskablii peryasipusaTop MpeacTaB/seT co00ii HEKOTOPOe KeIaeMoe
CBOJICTBO TeMaTUYeCKOI MOIeNu U, cJiefOoBaTeIbHO, OTPAaHMUYMBAET KOJIMYe-
CTBO BO3MOXXHBIX pellleHU 3ajauy TeMaTMYeCKOro MoaeaupoBaHusl — TeMa-
TUYECKUX Mopeneil. OmHaKo, KaKyio Obl TeMaTUUECKYI0 MOJIe/Ib HY BbIOpaJ 1c-
c/leloBaTelib, KaKaas Takasi MOJesib 110 CBOEI CYyTU HenoJiHa M Heycmotiuued.

HemonHoTa TeMaTuyeCckKux mojesieil 03HayaeT, YTO HeT HMKAKOM rapaH-
TUU, UYTO OJJHA TeMaTuuecKasi Mojiesib, Kakasi Obl XOpolllast OHM HU Obljia, CMO-
JKeT UealbHO HAlTU CKPBITYIO TEMAaTUUYECKYI0 CTPYKTYPY TEKCTOBOM KOJIJIEK-
1107078

HecTabuIbHOCTh 03HAYAET, UYTO KAUECTBO TeMaTUUYECKUX MOesIei 3aBy-
CUT OT MHOTUX Bellleii. Bo-TiepBbIX, HEOOXOAMMO CKa3aTb, UTO UAEU U TUIO-
Te3bl, IPUHMMAaeMble B TEMAaTUUYECKOM MOIEeINPOBAHNM, B KOHEUHOM UTOre
TTO3BOJISIIOT CBECTY MCXOIHYI0 aOCTPaKTHYIO 3a7jauy ITOMCKa TeM B IOKyMeHTax
K MIPAKTUYECKOM 3aJiaue MaTPUYHOT'O Pa3/I0KeHUsI, KOTOPas pellaeTcs uTepa-
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LMOHHBIM aJITOPUTMOM. O HAKO 3a7a4a MaTPUUHOTO Pa3IOKeHUS HEKOPPEKM-
HO hocmaeJjieHa: OHa MMeeT 6€CKOHEUHO MHOTIO pemieHuit. OmHUM U3 BO3MOX-
HBIX CIIOCOOOB ITPEOIOeHMsI ITOTO SIBJISIETCS, HAIlpuMep, IpMMeHEeHIe pery-
JsIpU3al, KOTopas Hak/JIa[bIBaeT HOIOJHUTE/NIbHbIEe OrPaHUUYEHUS U Oaxke
MIPUBOAUT KJIy4IlleMy UTOTOBOMY peliieHUIO [5]. Kpome Toro, pe3ynibTaT utepa-
LIMOHHOT'O aJITOPUTMa 3aBUCUT OT MHULMANU3ALUKU Moe/u [4]: pa3Hble UHU-
uuanu3sauum ® MoryT NpuBOAUTD K Pa3HbIM UTOTOBbIM TeMaM. HekoTopble Te-
MbI MOTYT ObITbh OIMHAKOBBIMM [JISI MHOTMX TeMaTU4eCKUX Mopesieli ¢ pa3HbI-
MM MHUIIMAIU3ALUSIMIU, HEKOTOpbIe ke TPeOyIoT ornpenenéHHON MHUIIMAN-
3allMM MOJIe/IM, @ HEKOTOpbIe TeMbI IIPM 3TOM BOOOIIEe MOT'YT ObITh HEUMHTEP-
peTUpyeMbIMU : BKJIIOUATh CJIOBA U3 HeCBsI3aHHbIX obsacteii [2; 100]. MHorue
MccaemoBaTe paboTaloT HaJ OLIEHKON CTaOMIbHOCTY TeMaTUUYeCKUX MOJe-
nen [139—141].

BbiOOp JydIux rurepriapameTpoB Takke CBS3aH C YCTONUYMBOCTbIO MO-
menu. Haripumep, HaCTpoyika BeCOB peryisipu3aTOpPoB BAMSIET HA TeMaTuye-
ckue mopenu [2]. Takoi rumeprnapaMmeTrp, Kak KOJIMYECTBO TeM, BIUSET He
TOJILKO Ha KQueCTBO I10JTy4YaeMbIX TeM C TOUKU 3peHUS MHTEePIIPeTUPYEeMOCTH,
HO ¥ Ha BO3MOXHOCTD pellleHus JPYyruX 3a7ayu C UCII0/Ib30BaHeM BEKTOPHBIX
TpenCcTaBIeH i CJIOB U JOKYMEHTOB, IIOTYYE€HHbIX C TIOMOIIbI0 TeMaTUUYeCKO
mMopenu [42].

Kak y>xe oTMeuanoch, TeMaTU4eCcKoe Moae/iMpoBaHue MMeeT MHOXKeCTBO
npuMmeHeHnii. Hac ke 6ymeT MHTepecoBaTh Cjeaylolee: UccaegoBaHMe TaH-
HBIX — KOI[A MCCaenoBaTeb IPOCTO XOUYeT HANTU BCe TeMbl, IIpe[CTaB/IeH-
Hble B KOJIJIEKLIMM TeKCTOB. TakuM 00pa30M, OCHOBHBIM >KeJIaHUEM SIBJISIETCS
IIOCTPOEHMe TAaKOi TeMaTU4YeCcKoi MOJe/in, BCe TeMbl KOTOPOii ObLM ObI MH-
TepIpPeTUPYEMBIMM, PA3JINUYHBIMU U B COBOKYITHOCTY ObI MIeaTbHO OMMChIBA-
nu na"Hble. Ho B BUAY YIIOMSIHYTBIX TIp00IeM HEYCTOMUMBOCTY M HETIOTHOTDI
TeMaTU4YeCcKMX Mojesieit 3Ta 3a7auva Mo MCCIef0BaHUIO JaHHBIX MOXeT ObITh
He pellleHa 0 KOHIIA.
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3.2 baHK TeM: Baaugauusi TeMaTUIeCKMUX MOejIel uepes nux
MHOXXeCTBEHHOE 00yueHue

BeposiTHOCTHOe TeMaTUyeCKoe MOJeIupoBaHMe — 3TO MHCTPYMEHT IJIsI
BBISIBJIEHMST 0€3 yUUTeJIsI CKPbITOM TeMaTU4eCKOi CTPYKTYPbI TEKCTOBO KOJI-
JIeKLIY eCTeCTBEHHOTO A3bIKa. [lo/iyyast Ha BXOZ, JIUIIb TEKCTOBOE COZlep>KkaHue
IOKYMEHTOB, TeMaTuuyeckas MoJe/ib CTPEMUTCS HATU B HEM TeMbI KaK Bepo-
SITHOCTHBIE pacrpeneseHus Ha cjioBax. HegocraTkaMy TeMaTUUYeCKUX MOe-
JIeV SIBJISIIOTCSI UX HEYCTOMUYMBOCTb — B TOM CMbICJ/Ie, UTO TeMbI MOT'YT 3aBUCETh
OT, HalIlpUMep, CIy4ainHO MHULIMAIU3aLUU MOLEIN — U HEelOJIHOTa — B TOM
CMBbICJIe, UTO KaXKIbIVi HOBBINM 3aITyCK MOJeIM Ha OGHOM U TOI Ke KOJUIeKLIUN
B IIPMHIIMIIE MOXET ITOMOYb OOHAPY)XUTh KaKie-TO HOBble, He BUIEHHbIE 10
3TOT0 TEMbI. DTO O3HAYAET, YTO UCC/IeJOBaHME TaHHBIX C IOMOIIbIO TEMaTHUYe-
CKOT'0 MOJe/INPOBaHMSI OOBIYHO TpebyeT JOBOJIbHO MHOI'O 9KCIIEPUMEHTOB 10
IIPOCMOTPY MHOXeCTBa 00yUeHHbIX TeMaTUYeCKUX Mojesieit M HacTpoiike Ux
TUIiepIriapamMeTpoB — B IIOMCKaX MOJIe/IN, KOTOpasi OIMChIBajia Obl JaHHbIE HAM-
AydmuM o6pasom. UToObI CIIpaBUTHCS C HEYCTOMUYMBOCTBIO M HEIIOJTHOTOM Te-
MaTUUYeCKUX MOJeJIei, IpejiaraeTcs IMOCTeIIeHHO HaKalIMBaTh HalileHHbIE B
Mpoliecce MHOXXECTBEHHOT'O 00yueHMsI TeMaTU4YeCcKMxX Mojesieit Xxoporiue (MH-
TepIIpeTUpyeMbie) TeMbI B “0aHK TeM”. PelreHne o mo6aBaieHUM UIM HET HO-
BOJ TeMbI B OAHK BBIHOCUTCSI Ha OCHOBE M3YUeHMUSI CBSI3Y MeXAY TEMaMli BHOBb
00yueHHOJ MOJIe/IM U TeEMaMM, y’Ke COXpaHEHHBIMM B OaHKe — CBsI3eii, KOTO-
pbie BBISBJISIIOTCS Ojarogapsi IBYXyPOBHEBOI MepapXnyeckoil TeMaTudecKoii
MOJIeI, POAUTEIbCKIII YPOBEHb KOTOPOJ eCTh TeMbl OaHKa TeM, a JOUePHUIA
COCTOMUT U3 HOBBIX TeM. TaKkoi1 aHa/IM3 IIOMOTaeT BbISIBUTDb U UCKITIOUUTD U3 [0-
OaBsieMbIX B OaHK IjIoxXue U Oyonupyoiiye TeMbl. [IpencraBisieTcsi HOBbI
cIiocob OlLieHKM KauecTBa TeMaTUUeCKOoi MOJenu — MYTEM CpaBHEHMS Haii-
IeHHBIX MOZIeJIbIO TeM, C TeMaMM, KOTOpbIe COlepsKaTCs B TOTOBOM OaHKe TeM.
JKCIIepUMEHTBI C HECKOJIbKMMM JaTaceTaMy Y TeMaTUUYeCKUMU MOIeSIMU I10-
Kas3bIBAlOT, UTO MpPeAJIOKEHHBI MEeTOo[, Balugalun TeMaTu4eCKuX Mozeen ¢
ITIOMOII[bI0 OaHKA TEM JeCTBUTEILHO IIOMOraeT HaXOIUTh MOJIENb C Oojiee X0-
pOLIMMM TeMaMMu.
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3.2.1 BBeneHue

OCHOBHOJI TOCHIT JAHHOTO pa3jesia 3aK/JII04YaeTcs B TOM, UTO ITOCTEeIIeH-
HbII COOP MHTEPIIPETUPYEMBIX TEM C IOMOIIbI0 MHOKECTBEHHOIO 00yUeHMsI
TeMaTUYeCKMUX Mojiesieii MOXKeT IpUBECTU K 0ojiee KaueCTBEHHOMY M TIIa-
TeJIbHOMY MCCIeOBAaHMIO ITAHHBIX METOJAMM TEMaTUUeCKOro MOAeIMpoBa-
HUSI, YeM IIPOCTO Cay4yaiiHble MOIBITKY OOYUUTH Cpasy JYUIIYI0 MOAEIb ITy-
TEM M3MEHeHUs e€é rurneprapaMmeTpoB. Ha 3To MOXXHO cMOTpeTh Kak Ka CIT0-
cob ImpoBefeHMsT SKCIIePMMEHTa 10 TeEMaTUUYeCKOMY MOoAeInpoBaHmo. MTax,
B pe3y/bTaTe MHOTOKPATHOIO 00yYeHMsI Mofe/ieit MOXKHO ITOTYUYUTb NOOMHO-
HEeCmeo UuHmepnpemupyemosix mem, co0epHcaujuxcs 8 damaceme, KOTOpoe najuee
OymeM Ha3bIBaTh 6aHKoM mem. C TeM UTOOBI [IOKA3aTh, UTO ITPeAI0KeHHbIN Me-
TOJ, AeCTBUTEIILHO IOMOTAeT JIyullle MCC/IegoBaTh JaHHbIe, MOXHO 3aJaTh-
CSI BOIIPOCOM: CYILIECTBYET JIM TaKo¥ CIT0co0 0OyueHMs] TeMaTUUeCcKux MoJe-
Jeii, KOTOPbIii ObI MPUBOAMII K HAMTYUIIIeMy KaueCTBY TeMaTU4YeCKoii MOoJiesn,
OUEHEHHOMY C NOMOUWbI0 COOPAHHO20 GaHka mem. st ucciemoBaHuUsT 6epyTCs
HECKOJIbKO TeKCTOBBIX KOJUIEKLIMIA HA €CTeCTBEHHOM SI3bIKe, Jlajiee 10 KasKIoii
KOJIJIEKIMM: CO3TaEéTCcsl OaHK TeM M oOydaeTcs psi TeMaTUUeCcKMUX Momesieit.
I'mrmoreTnyecku, IMOCKOJIbKY paccMaTpUBaeMble TAaTaceThbl 10 CYTU CBOEN I0-
XO3KI, TOJIKHA CYIIeCTBOBATh TaKasi MOZe/b, KOTOpasi Obl XOPOIIO OIMMChIBaIa
I10 KpaliHeit Mmepe 60/IbIIMHCTBO 1ATACeTOB. DTO MOXKET ObITh He camast JIyuliasi
MOJIeJIb JJI1 KaXKA0¥ KOJUIEKIIMM, OHA ITPOCTO JO/DKHA OBITH JTy4Ille IPYTUX pac-
cMaTpMBaeMbIX Mojeeli. Ecjii 6aHK TeM MOKeT HaliTy TaKyl MOJIe/Ib, TO 3TO
3HAYMT, UTO OAHK TeM — He MPOCTO MHTYUTUBHO JTYUIINIL CITOCOO ITPOBeIeHMS
SKCIIEPMMEHTOB, OH IIOMOTAeT B OILleHKe MOJeJieit, 0bJeryast MCccaeqoBaTeo
ITOVICK OIITMMAJIbHOM JIJISI paCCMaTPMBaeMBbIX TaHHBIX.
PesroMupys, BKIa1, paboThl MOXKHO 0003HAUNUTD CIEAYIOIIMM 00pPa3oM:
— IlpepnaraeTcst cobupaTh MHTEPIIPETHPYEMbIE TeMbI B IIPOIeCCe MHO-
SKeCTBEHHOT'0 00yUeHMsI TeMaTUUecKMux Mopesiei, ¢ TeM 4To0bI cop-
MMPOBAThb OAHK MeM.
— IlpenyaraeTcs aArOpUTM CO3IaHMsI OaHKa TeM ISl JAaHHO TEKCTOBOIA
Kojimekiuu. IIpu cbope TeM a1t 6aHKa obpaliiaeTcsi BHMMAaHMe Ha cje-
oyiolllee: TeMbl, JoOaBjsgemMble B 0aHK, JO/DKHBI OBITh XOPOIIMMM U
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pas3nu4yHbIiMM. KauecTBO TeMbI Py 3TOM OLIEHMBAETCS 10 3HAYEHUIO
€€ KOTepeHTHOCTM.

— IIpencrasisieTcst METOI, CpaBHEHMS TeM IBYX TeMaTUUECKMUX MOiesie.
MeTo OCHOBaH Ha MCIOJIb30BaHUM IBYXYPOBHEBON MepapxXmuyecKoi
TeMaTU4eCKOM MOJe/IN, KaKabli1 YPOBEHb KOTOPOI MpeACTaB/IsIeT Te-
MbI OIHOM 13 CpaBHMBAEeMbIX TeMAaTUUYEeCKUX Mopeei. ITO MO3BOJIS-
eT He TOJIbKO OLIEHUTH OJIM30CTh T€M pa3HbIX MOJIEJIel, HO U IOHSTD,
MOXXHO JIi, HalIlpyMep, CUMTAThb TeMYy OJHOM MOMeaN POAUTEeIbCKOM
IJISL TEMbI JPYTOIA.

— Tloka3sbpiBaeTcs, YTO COOpaHHbI 6aHK TEM MOXET ObITh MCIIOIb30BaH
1711 aBTOMAaTHUYECKOI OIleHKM KaueCcTBa BHOBb 00OYUeHHbBIX TeMaTuue-
CKUX MOoJeJie.

B cnenmyromux moapasaenax 6ojee MOApOOHO OMMCHIBAIOTCS: MOHSTHE
O0aHKa TeM, KaK MOKHO CO3JaTh TaKoii 6aHK TeM C ITOMOII[bI0 MHOXEeCTBEHHO-
ro oOyueHusI TeMaTU4YeCKMUX MOofesiei, Kak OIleHUTb KaueCTBO MO/ C IIOMO-
b0 OAHKA TeM, a TAKXKe SKCIIEPMMEHTHI Ha HECKOJbKMX TEKCTOBBIX KOJIJIEK-
LUSIX.

3.2.2 MoTuBanus 1 CBI3aHHbIE PadOThI

Kak yxe oTMeyanochb, U3-3a HEYCmMouuueocmu TeMaTUuYeCKuxX MOZese,
Takas 3ajaya, Kak ucciedosadue daHHolX, IOUCK TeM B KOJUIEKLIMU TOKYMEH-
TOB, MOKET 3aHMMAaTh MHOTO BpeMeHu. [ToMuMo ImpeaBapuTebHOi 06padboT-
KV TAHHBIX, IPUXOIUTCS 00y4aTh HECKOJbKO TeMaTUUeCKUX MOJesIei 1 Mo -
OupaTh rUIIeprIapaMeTpsl, OlleHMBAs KaUueCTBO MTOTOBBIX TEM MJIM CPAaBHMUBAS
MeXXIy co00Ji TeMbl 00yUeHHBIX Mofeseit. OgHaKo Aaske Ioce MOoIyYeHUs T10-
CTOVHOJ MOJe/y HeJlb3S TapaHTUPOBATh, YTO €€ TeMaMM IIpeCcTaBjIeHbl abco-
JIIOTHO BCE T€MbI, KOTOPbIE €CTh B TeKCTOBOW KOJIJIEKIVM, TIOCKOJIbKY TeMaTu-
yecKyue MOJeu ellé HenoJiHbl. CylecTByeT MHOXKECTBO PabOT, ITOCBIIIEHHBIX
pellIeHNIo ITPo6JIeMbl HEYCTOMUMBOCTY M HETIOJIHOTBHI TEMATUUYECKMUX MO EeIe.
HeycToiunMBOCTM OOBIYHO IIPEeOd0JieBaeTCsl IMyTeM BHECEeHMSI HEKOTOPbIX U3-
MeHeHMUI B MpolLiecC MHMUIMAAN3aUM U 00yUeHMs MOAEe/ N, UTO KaXKeTcsl pa-
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3YMHBIM. [Ipyroe [ejio C HeIOJIHOTO : CYLLLeCTBYeT MHOXECTBO 3BPUCTUYECKUX
CII0CO60B 6OPBLOBI C HE, MHOTIA HE COBCEM OUEBUIHBIX M MHTEPIIPETUPYEMBIX,
HO BCe OHM YITYCKAIOT 3 BM/1a IIPOCTYIO MEl0 IToMCKa BceX TeM B Habope JaH-
HBIX, a 3aTe€M MCII0JIb30BaHUSI 3TUX TEM 8 HEU3MeHHOM 8UO0e B KauecTBe Ipo-
CTOTO crioco6a BaiMAaly HOBbIX TeMaTUUYeCKuX Mojesneit. Hioke nmpuBeneHbl
KpaTKye OMMCaHMs HEKOTOPbIX COOTBETCTBYIOIIMX PA60T, HO MMOIUePKHEM elé
pas: MpeuMyIecTBO MOAX0/a, MpefjiaraeMoro B JaHHO paboTe, 3aK/I0UaeTCs
B IIPOCTOTE, UHTEPIPETUPYEMOCTH U 0011eli BO3MOKHOCTY BOBJIEUEHMS UeJio-
BeKa B IPOILIeCC.

ABTOpBI [142] mpeaararoT 06yuaTh HeCKOJIBKO TeMaTUUeCKUX MoJiesieli
Pa3HBIMU MHULIMATIN3ALMIMHY, a 3aTEM KJIaCTepu30BaTh TEMbI BCeX MOJese,
YTOOBI 0ObEIVHUTD MMOX03KMeE. [IpM 3TOM 1EHTPbI MOTYUEHHBIX KJIaCTEPOB TEM
MOTYT ObITh BbIOPAHbI B KauecTBe HaUa/JIbHOTO NMPUOIMKEeHUST TeM [JIs1 Tema-
TUYECKON Moe/iM. B yKa3aHHOI CTaTbhe BbIABUTAETCS I'MIIOTE3a, UYTO pa3smep
TeMaTUYeCKOro Kiacrepa (TO eCTb TO, KaK 4YaCTO TeMa HaxoAul1ach pa3sHbIMU
TeMaTUYeCKMMM MOZesIMI) TeM OOJblile, UeM Yallle 3Ta TeMa BCTpPevyaeTcs B
IOKYMEHTaX KOJUIEKLIUN.

CyTb mpenJioxkeHMs, 03By4YeHHOTO B [143], 3aKk/iouaeTcss B TOM, UTOObI
HeCKOJIbKO pa3 00yuaTh MOZE/N, a 3aTeM OIISITh )Ke ITPOBECTU KacTepu3alyio
Ha MHOXeCTBe TeM Bcex mogmenei. EciM Tema xopouias, To, 10 MHEHUIO aB-
TOPOB, OHA OyJIeT YacTO MOBTOPSITHCS B Pa3HbIX MOMEISX U TOTYUUTCS YET-
KM KJIaCTep 3K3eMIUISIPOB MMEHHO 3TOi TeMbl. C Ipyroi CTOPOHBI, eC/IN Tema
IIyMHasl, TO KJIacTep ¢ Heii OyzeT 60/iee HeOTHOPOAHBIM. [TosyyaeTcst, 3TO MO/ -
XO[I /151 BBISIBJIEHUSI UHTEPIIPETUPYEMBbIX T€M, OCHOBAaHHbIN Ha YCTOMUYMBOCTHA.
OnpHako ecnu TeMa MHTepIIpeTUpyeMa, HO BCTpedaeTCs TOAbKO B OJHOI Moze-
7Y, TO TIPe[JIO’KeHHbIN B CTaThbe MeTO[l e€ He 00HapykuT [40].

B cTratbe [63] aBTOPBI XOTAT HAUTU JIYUIIYIO TEMaTUUYECKYI0 MOZe/b IJis
TEKCTOBOW KOJUIEKIIMM, CDABHMBAS T€Mbl HECKOJIBKUX MOAEJIeN U IoyJdas Ta-
KM 00pa3oM OueHKY Kauecmaa memamuyeckoli Moodeau 0mHoCUmenbHo ycmoti-
yugocmu. Tak, U3 BCETO MHOXXeCTBA JJOKYMEHTOB BbIOMpaeTCs MOJIMHOKECTBO,
Ha KOTOPOM 00y4yaeTcsi HOBasi MOZie/lb, TeMbl KOTOPO¥ 3aIIOMMHAIOTCS. DTO I10-
BTOPSIETCSI HECKOJIBKO pa3 (B cratbe — 10 pa3). 3aTem u3MepsieTcsi, HAaCKOJIbKO
YacTO TeMbl ITOBTOPSIIOTCS B MOJIe/ISIX, TYTEM CpaBHeHUS TeM Mojesieit, o0y-
YeHHbIX Ha pa3HbIX MOJBbIOOPKAX AOKYMEHTOB. Bech 3TOT Ipoliecc, B CBOIO
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ouepeb, TIOBTOPSIETCS HECKOJILKO pa3 (CHoBa 10), a UTOrOBOI OLIEHKOM Kaye-
CTBa MOZeJIV SIBJISIETCSI MeyaHa IMOJTy4YeHHbIX OI[€HOK.

B pa6oTe [116] aBTOpbI XOTSAT HAMTY JTYUIIIYIO MEMAMUUECKy0 CMpyKmy-
py (B 4aCTHOCTH, KOJIMYECTBO TeM) [Ijis TeMmaTuueckom moaenu LDA, otieHuBast
e€ yCTOMUMBOCTb. OlleHKa YCTOMYMBOCTU MOJIEN BbIUMCISIETCS KaK cpefgHee
KOCHHYCHOE pacCTOSIHME MEeXIY KaXKI0M Iapoii e€ Tem. [lasee aBTOPBHI IIpe/iJia-
raloT U0 TI0MCKA OIITUMAJIbHOM TeMaTUYeCKOM CTPYKTYPHI 4y LDA — apar-
TUBHO C MCII0JIb30BaHMEM KJIaCTepU3aluu TeM U YCTOMUMBOCTU monenn. Of-
HaKO OlleHKa YCTOUYMBOCTY MO/ B 11eJIOM SIBJISIETCS TIJI0X0 GopMasM30BaH-
HOJ 3a/1ayeit, 1 BeCb IPOoI11eCcC, ONMCAHHBIN B CTaThe, KA’KETCS CJIOKHBIM U I1J10-
X0 VIHTEPIIPETUPYEMBIM.

[ToCKOMbKY HEYCTOMUYMBOCTh MOJIe/I OTYACTY BbI3BaHA CIyYainHOM UHU-
IIMaau3alueit, OauH U3 CII0COO0B MOBBICUTh YCTOMUMBOCTD — CIeaTh MHUIIM-
anmU3aluIo OCMbICTIEHHOLl, TO eCTh U3 KaKuX-IMbo cooOpakeHMit BbIOpATh Ha-
yajibHOE MMPUOIMsKeHMe [IJIST MOIe/N JIy4llle, YeM CydaiiHoe.

Hamnpumep, B pabotax [144; 145] aBTOpbI BBOASIT MIOHSITUE IKOPHBIX C/108
(anchor words) — c10B, 0 KOTOPHIM MOYKHO Cpa3y OIpeaelnTb, OTHOCUTCS JIU
IOKYMEHT K HEKOTOPOI OIpeae/IeHHO TeMe MY HeT. UHbIMM CJI0OBaMU, SIKOP-
HbIe CJIOBA MPMHAJJIEXKAT TOJIBKO OLHON TeMe, IBJISIOTCS - MapKepamMu” 3TO
TeMbl. TpeboBaHMe 0 TOM, UTOOBI TEMBI BOOOIIE MMeJIM TaKue SIKOPHbIe CJIOBA,
HaKJIaZbIBaeT OOMOJIHUTEIbHbIE OTPAHUYEHMS] HA pellleHue 3aaauM MaTpuu-
HOTO pa3JIOKeHMs, Jiexkallell B OCHOBE BEPOSITHOCTHOTO TeEMAaTUYECKOT0O MOie-
nupoBaHusi. OmHaKo 660 TTOKa3aHo [146], UTo 3a7aua Moucka SKOPHBIX CI0B
Ipollle, YeM 3aJlaya MaTPMUYHOIrO pas3jiokeHUsA. A yke MMes SKOpHbIe CI0Ba,
MOYKHO JOCTUYb JIOKAJIbHOTO MUHMMYMaA ONITUMM3ALMOHHOM 3alaui MaTpU4-
HOTO pa3JIOKeHMSI BCero 3a HeCKOJIbKO urepauuii. OOHaKO CTOUT OTMETUTb,
YTO He BCe BOOOIIe TeEMbl MOT'YT MMETh SIKOPHbIE CJIOBA: OTHOIO CJIOBA MOKET
OBITb HEAOCTATOUHO /IS OTIpeAeeHs] TeMbl, 0COOEHHO eC/Iu peub UIET O Te-
Max C OOJIbIINM KOJIMYECTBOM CJIOB 001l JIEKCUKM WU POOUTENbCKUX U JT0-
yepHUX Temax. VICcronb30BaHMe Xe MOJIeN C SKOPHBIMM CJIOBAMU B KayeCTBe
uHUUuanusayuu gjas MaTpuiibl ® (4) o6yuyaemoit TeMaTMueCcKoi MOIe/ KaskeT-
cs1 pa3yMHBIM, ITOCKOJIbKY TaKye MaTpullbl OyIyT coaepskaTh, IO KpaitHei Mme-
pe, uacmos UCKOMOU memamu4eckoti Cmpykmypasl, y>ke KaKyl-TO MH(GOpMAaLIO
0 Temax KoyuieKuuu. CTOUT TakkKe OTMETUTb, YTO K OINpefe/IeHUI0 SKOPHbIX
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CJIOB MOXKHO TTOAXOOUTh I0-pa3sHoMy. Harpumep, MOKHO MIPeAoa0KUTh, UTO
Y Ka)KI0¥ TeMbI MOKET OBITh TOJIBKO OTHO SIKOPHOE CJIOBO MJIM UTO UX MOXKET
OBITh HECKOJIBKO /15T KasK[I0¥ TeMBI.

B pab6ote [147] aBTOpbHI IpeAjaral0T MHOM Moaxond. BBoguTcs moHSITHe
KOHmMeKcma c106a — Kak CJI0B, KOTOPble YAaCTO BCTPEUYAIOTCS BMeCTe C IaH-
HbIM CJIOBOM He[aJieKO APYr OT Apyra B TeKCTe. B OCHOBe TAaKOro IOHSATUS
JEeXUT CJIeAyIolas TUIoTe3a: CJI0Ba, Hanubojee TOYHO XapaKTepuU3yoIlye Te-
MY, OObIYHO BCTPEYAIOTCSI B TEKCTE BMECTe, MX B3aMMHOE PacIoIoXKeHNe He
SIBJISIETCS CTyYaiiHbIM. DTO MO3BOJIIeT UCKATh HayajabHOe MPUOIMsKeHe MaT-
puiibl ® ciaemyomuM o6pa3oM: pa3dUTb JOKYMEHTbI MCXOMHOM KOJIJIEKIIUN
Ha CerMeHThI (HaIrpumep, ab3ailbl Mau rnpenaokeHnst). OIeHUTb BEPOSITHOCTU
COBMECTHBIX O/IM3KMUX BCTpey p(w, | w,) B TEKCTe JJIs1 BCeX map CI0B, BbIOPATh
cpedy BCeX CJIOB Te, KOTOPbIe BCTPEYAIOTCS JOCTATOYHO YaCTO BMeECTe JIUWb C
Heb0IbLUUM KOJIUYECMB0M IPYTUX CJIOB, U KIACTEPMU30BaTh BEKTOPbI BEPOSITHO-
CTeli COBMECTHBIX BCTPeY TakuX ¢JI0B. Eciiu Kaxkmast TeMa nmpefcraBjieHa B TeK-
CTe CerMeHTaMM, TO B pe3yJibTaTe KjacTepusalu BblJieJIeHHbIE CJI0OBA NOJIKHBI
ObITh 00beIVHEHDI B OAMH KJIacTep — TeMy. A LIeHTp 3TOTO KjacTepa MOXeT
aMIpoOKCMMMPOBATh TeMY Kak cTosibell B MmaTpuiie .

KpomMe BOIIpOCOB 0 COOCTBEHHO HEYCTOMUMBOCTY U HEIIOJTHOTE TeMaTu-
yecKMuX Mojesieii, Korma TeMmaTuueckmue Moaean KakKuM-To o0pa3oM CpaBHU-
BaIOTCSI MEXKIY CO00J, BaskeH U CII0CO0 OueHKU Kauecmea OGVUHOYHBIX TeMaTu-
YyeCcKUxX MoJiesieil M COCTaBISIIoNIMX uxX TeM. [Ipryém 0cobOblii MHTepec B IJIaHe
MIPaKTUUYECKOTo IIPMMeHeHUs MPeCTaBISIOT MMEHHO aBTOMAaTUYeCKM BbIUMC-
nsiemMble (PyHKIIMM KauecTBa.

B pa6otax [100—102] aBTOpPBI MpeaioKuUIN METO/, OLleHKM UTHepIIPeTH-
pPyeMOCTU Te€M, Ha3BaHHbIN K02epeHmMHOCMbio: KOTAa pellleHe O KauyeCTBe Te-
MbI IIPMHMMAETCS Ha OCHOBE TOT0, HACKOJIbKO Hec/ly4aitHO Iapbl Haubosiee ya-
CTBIX (JIOB T€MbI OKA3bIBAIOTCS PSILOM APYT C APYTrOM B TEKCTE.

B pabore [6] nmpepjiaraeTcss aBTOMaTUUeCKMUX MOAXOM, K OlleHKe UTHep-
IIPEeTUPYEMOCTU TE€M, Ha3BaHHbIN 8HYMpUMEKCMos8ol KozepeHmHuocmsio. Korma
TIPU OLl€HKe KaueCTBa TeMbl YUMTBIBAETCS paclipene/ieHe CJIOB BO BCeil KOJI-
JeKLMM, a He TOJbKO COBCTPEYaeMOCTM HeOOJIbIIIOro uyciaa Hauboaee Bepo-
SITHBIX CJIOB Te€MbI. esl Takoro moaxofa OCHOBaHA Ha IMIIOTE3€ O CerMeHT-
HOJ CTPYKTYype TeKCTa eCTECTBEHHOTIO S13bIKa, KOTOPAS IJIACUT, UTO TEMBI IIpe/l-
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CTaBJIEHbI B TEKCTe B BlUIEe CeTMEHTOB, a He CJI0B, PACIIOJIOKEHHBIX C/Tydain-
HbIM 00pa3omM. MeTo/ OIleHKM KaueCcTBa TeM JIMIIIb IT0 HeOOIbIIIOMY YMCITY TOII-
CJIOB IAET MPEUMYIIECTBO B CKOPOCTU BbIUMCIEHMI, & TAK)KE B [IPOCTOTE U M10-
HSITHOCTU BCeil uaeu OJisl 4ejoBeKa (Bedb JIOAM TOXKE YaCTO OLIEHMBAIOT Te-
MY JIMIIb IO CIIMCKY e€ Haubojiee 4acThIX CJIOB). HemocTaTkoM ke Ioaxoma K
KOT€PEeHTHOCTHU, OCHOBAHHOMY Ha COBCPEUYaeMOCTSX TOI-CJIOB, SIBJISIETCS YUET
JIUIIb CUJIBHO Ype3aHHOM MH(pOpMaluUy O TeMe — TaKMM 00pa3oM, 6OIbIast
YacTb T€MBI 110 CYTU He UCIIOIb3YeTCs ITPU OlleHKe e€ KauecTBa. bosee moapo6-
HO pas3anuus B ITOAX0AaX MeXIY KOTepeHTHOCTSIMM 00CyKaatoTcs B [6].

3.2.3 Unesa bauka Tem u IloHOro Habopa Tem

3agavya TeMaTU4YeCKOro MOAeIMPOBAaHMSI CUMTAETCS 3aBepPIIEHHOM, KO-
I71a B MICCIeayeMOi KOJJIEKIIMM TeKCTOB HalieHbl BCe CKPbIThbIe TeMbl. OmHaKO
He CYILeCTBYeT YHMBEPCATbHOTO CIIocoba 06yueHMst XOpollei TeMaTuuecKoii
MOV OIS JIF000# KOJIIeKLIMM TeKCTOB. UTOObI MOYYMTh XOPOILIYIO TeMAaTH-
YecKylo Mofejib, He0OX0IMMO IIPOBECTY CEPUI0 SKCIIEPUMEHTOB, B pe3y/bTaTe
OlleHMBAasl KaueCTBO KaxKI0ii 0OyuyeHHOI TemMaTudeckoi Moaenan. BaxkHoit ya-
CTBbIO OLIEHKM KaueCTBa TeEMATMUYECKOM MOIEN IIPU STOM SIBJISIETCS ITPOCMOTP
TeM MOJIe/IM I7la3aMy, YTO TpebyeT BpeMeHM.

Kpome Toro, Tematuyeckue MOA eI HEYyCTOMUMBBI U HETIOJHbI. DTO IIPU-
BOJUT K TOMY, YTO, BO-TIEPBbIX, HEKOTOPbIE T€MbI, HaliJeHHbIE€ MO/IEJIbI0, MO-
T'YT OBITH IIJIOXOTO KadyecTBa. Bo-BTOPbBIX, IIpU MPOBeIEHUM SKCIIEPUMEHTOB C
pPSIIOM TeMaTUUYEeCKMX MOJielieil OqHa U Ta JKe TeMa MOXXeT IOSIBJISITbCSI B HEKO-
TOPBIX, HO He 005I3aTeIbHO BO BCEX TEMATUUYECKIUX MO EISX.

Takum 06pasom, MOKHO BbIAEINUTD CeayIolIye ABe IMPo6aeMbl, BO3HM-
Kalolye Ipu paboTe C TeMaTMUeCKMMM MopeasMu (TouHee, IpU paboTe C
HeCKONbKUMU TeMaTUYEeCKMMU MOJe/ISIMM — HeCKOJbKMMMU B TOM UMC/IEe U TO-
I1a, KOrma IpoXoAuUT Ioa00p runeprapamMmeTpOB /11 OMHOM MOAEeIN):

— Hexoropsble yke HalileHHbIe MHTEPIIPETHPYEMbIE TEMbI MOIYT ObITh

BITIOCJIeACTBUU IIOTEPSIHBDI.
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— Tpatutcs BpeMs Ha aHaJIu3 TeM, KOTOpPbIe IOXOXM Ha Te, UTO YyXKe
BCTpeYyaJnCh OO ITOTO.

HeycToiiunMBOCTb 1 HEIIOJIHOTA 00YC/IOBJI€HBI TEM, UTO I10 CBOEJ IIpupoe
3a7a4ya TeMaTM4eCcKOoro MoaeaupoBaHMs eCcTh 3a4aua Kjaactepusauuu. 1 4ro-
OBI CITPABUTHCSI C ITUMM IIPoOIEMaMu, UCC/IeT0BATENINM BbIHYKI€HbI BBOOUTD B
IIpOIeCcC BHEIIHME KPUTEePUM, HAIIpMMep, OLIeHMBATh pa3HOOOpasye HaliieH-
HBIX TeM WU TpeOOoBaTh, UTOOBI TeMbI OBLJIM COIVIACOBAHbI B paMKaxX HECKOJIb-
KUX MpOLeayp 00yueHMsI MOI eIy TP PasHbIX €€ CIydyaiiHbIX MHUIIMATIU3a1 -
sx. Takue mpMeEMBI B CaMOM [eJie MOI'yT [TIOMOYb B ITOBBIIIEHNM KayeCcTBa pe-
3YJIBTUPYIOLIEN TeMaTuueckoin Mmogenu. OqHaKo 3TO He eCTbh KOHEeUHOe ¥ TT0JI-
HOe pellleHKe IPo6IeM HeyCTOMUMBOCTY Y HEIIOJTHOTHI.

[IpyHMMasi BO BHMMaHMe CKa3aHHOe, KaXXeTCsI BO3MOKHbBIM OPraHm30-
BaTh IIPOIleCcC IOMCKa TeM MOJyaBTOMAaTU3MPOBAaHHBIM 00pa3soM, MCIOIb3YsI
I10JIb30BaTe/IbCKMEe KPpUTEePUM IIJisl oToopa Tem. Takoii IMoaAXoHd eCTeCTBEHHbIM
obpasom GopmupyeT XpaHMUIMIIE XOPOIIMX ¥ IUIOXUX ITPUMEPOB TE€M KOJ-
JeKnuu, orcioga 1 HasBaHume: Topic Bank, miamu TopicBank. Takum o6pasom,
TopicBank — 3T0 cBoero poga o6épmka Haf, TeMaTUUeCKUM MO eIMPOBaHUEM,
Koraa nH@opmaius o Habope TaHHbIX HAKAIIMBAETCS IIOCTEIIEHHO (CM. PUCY-
HOK 22). [TomuepkHéM, uTo TopicBank Taxkxke He pewaem mpobiieM HEYCTONUM-
BOCTMU U HEITOJIHOThI TeMaTuueckux mogeneit. OonHako TopicBank npunumaet
9TU IPO6JIEMbI BO BHMMAaHME U [IOMOTAET CIIPABUTHCSI C HUMU — ITyTEM MHOKe-
CTBEHHOTO0 00yueHMst mogesei. OcHoBHbIe pyHKIMM TopicBank 3akiiouaioTcst
B CJIeAYIOIIEeM:

— COOp MHTEPIPETUPYEMbBIX TEM.

- Hcmonb3oBaHMe COOpaHHBIX TEM JISI aBTOMATHMUYECKON BaIuIaLiy

BHOBb O0yUYEHHBIX MOJIEJIeNA.

B manHoJi paboTte mox xopowumu memamu Oynem IMOHMMATh MHTepPIIpe-
TUpPyeMble TeMbI, KOTOPBIE SIBJISIFOTCSI OCMBICJIEHHBIMM 11151 YyesoBeKa. OmHaKo
IIOHATYE “XOPOIIel TeMbI” MOKET MMETb ¥ KaKoe-HMUOyIb Ipyroe 3HaueHne —
B 3aBMCMMOCTU OT 3aJaul, IJisSI KOTOPOI IIPUMEHSEeTCSI TeMaTuyeckoe Mojie-
JIpOBaHMe.

CosmaBaeMblii TpOrpaMMHbIii MOAy/1b BaHKka TeM Mpu3BaH 06eCIIeunTh
BO3MOHOCTb MOJTyYeHMSI MHOXEeCTBA XOPOIIMX TeM CO CAeAyIOIMU CBO-
CTBaMM: OTOOpaHHbIE XOPOIINE TEMBI
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TopicBank p(wy | topic)

p(wz| topic)
p(ws| topic)
Known
good )
topics p(wn| topic)
Probability distribution
on the set of words
Known
bad
topics

Topic Model
How the user sees

||||||| good topics

Help of TopicBank

Not new: similar topics
already in the bank /
neither good nor bad

PucyHok 22 — KoHuenuus baHka Tem: B HEM HaKaIUIMBAKOTCS XOPOIne U
(OMLIMOHAIBHO) TJIOXMe TeMbl. [I1s1 paboThl BaHky Hy;KHaA MHpOpMAaIIys OT
yejl0BeKa O TOM, Kak I10 TeMe [TIOHUMaTh, SIBJISIETCS JiM OHA XOpollei (Kak
OIIpeNle/ISITh XOPOIIYI0 TEMY). ITO MOXKET ObITh JIMOO aBTOMATUYECKNU
BBIUMCISIONIASICS PYHKIMS KauecTBa, KOTOpasi IepeBOIUT TeMy B Oy/ieBCcKoe
3HaUeHMe, 0O3Havalollee, XOpollas TeMa Wix HeT; UJIM 3Ke IIPOCTO caM
YeJI0BEK MOXKeT OLIeHMBATh TEMBI.

— YOOBJIETBOPSIOT BHEIIHEeN 3aaue

— SIBJISIIOTCSI pa3HOPOJHBIMM, TO €CTh He MOT'YT ObITb ITOJTyYeHbI KaK JIu-
HeliHasi KOMOMHAINS IPYIUX TeM

— SIBJISIIOTCSI pellleHMeM 3aJ1auy MaTPUYHOTrO pa3yiokKeHNs, MaKCUMU3U-
PYIOT IIpaBaoIIomo6ue

Ha6op TeM ¢ TakuMM CBOMCTBaMM OymeM Ha3bIBaTb NOJHbIM HAOOpoM mem. B

TaJdbHeMIIMX SKCIIepMMeHTaX COCPeaOTOUMMCS Ha pa3HO00pasum TeM U Ha UX

MHTEePHPEeTUPYEMOCTH, OMpeneisieMOli KOTepeHTHOCThI0 — KaK Ha BHeIIHel

11eJIM TeMaTUYeCKOro MOAe/IMPOBAHMSI.

OTMeTHM Ha IIOJISIX, YTO 6AHK TeéM MOXKHO MCIIOJIb30BaTh KaK MHCTPY-

MEHT [JIS1 OLIEHKM 4MC/Ia TeM B KOJUIeKIMU, YAO0BJIETBOPSIOUIMX BHEIIHEMY
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KPUTEPHUIO — TIpeKpaliasi 100aB/sITh TeMbl B OaHK, KOrma pasHoobpasye MUin
MepIUIEKCHUS MMEIIErocs ITOJIHOTO Habopa TeM IlepecTaéT yaydumaTtbes. Ta-
KM 06pa3oM, 6aHK TeM MOKET IIOMOYb KaK B ITOMCKE XOPOIINX TeM, TaK U B
oIrpeneIeHMUM UX YKCIIa.

Hanym gBa onpeneaeHus CyIIHOCTY OaHKa TeM (IBa BO3MOXKHBIX B3IJIsIIa
Ha Hero).

Onpepenenue 3.2.1 (baHk TeM Kak QYHKIMOHAIbHBIN 00beKT). BaHK TeM —
MHCTPYMEHT, CII0CO0 pabOoThI C TEMATUUYECKMMM MOAEISIMM, OCHOBHbIE (PYHK-
LIMU KOTOPOTrO:
— XpaHeHMe WMHGpOpMAlLUMM O MNPOCMOTPEHHBIX TeMaX (BepOSITHOCTU
CJIOB; OLI€HKA KaueCTBa TeMbl; HEKOTOPbIE BbISIBJIEHHbIE 3aBUCUMOCTU
MeXIy TeMaMU, TaKue KaK IOX0KeCThb, POICTBEHHOCTD)
— YCKOpEeHMe PYYHOTO aHaji13a HOBbIX Mo esiei (ITyTEM COPTUPOBKU HO-
BBIX T€M B ITOPSIIKE HEITOXOKECTH IO paHee COXPaHEHHbBIX B OaHK TeM,
TO eCTh OT 60Jjiee HOBBIX K, BEPOSITHO, TTOXOKMM Ha paHee MPOCMOT-
peHHbIEe TeMBI)
— BaJIMAALMS B aBTOMAaTUUYECKOM peskMMe HOBBIX Moiesiel (ITyTéM CpaB-
HEeHMS HOBBIX T€M C TeMaMM, XpaHSIIMMMUCS B 6aHKe).

Onpepenenne 3.2.2 (baHKk TeM Kak MaTeMaTu4eckuii 00bekT). O 6aHKe TeM
MOYKHO IyMaThb KaK O KOpTexe

B=(T,q,p)

roe T — MHOXeCTBO TeM, g : T — {0, 1} — 6yneBckasi QyHKI[MSI KauecTBa TeMbI
(“xopomrast’” Tema win HeT), p: T X T — R, — OYHKIUSI PACCTOSHUS MEXKIY
TeMaMI.

[Tpu 3TOM ompe[iesieHbl orepaluy n106aBieHns: B 6aHK HOBOJ TeMbl:

add: (T,q,p),t = (T U {t},q,p)
U moucka Iy TaHHOM TeMbl OiyKaiiiieii TeMbl 13 OaHKa:

nearest: (T,q,p),t — argmin p(z,1)
teT
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3.2.4 DKCIepMMEHTBI

Peanusaiyusi 6aHKa TeM Oblja IIPOTECTUPOBaHA Ha BbIOPAHHBIX TeMaTu-
yecKMX MOJEeSIX U JaTaceTax. B akcrieprMeHTaX XOTelI0Ch ITPOAeMOHCTPUPO-
BaTh IIpeMMyIlecTBa ucIoab3oBaHust TopicBank mjst Bpi6opa Hamayullei Te-
MaTuuyeckoi Momenu. Jlagee Mol 60siee IOAPOOHO pacCMOTPUM acIIeKThbI SKC-
nepuMeHTa. Peanusanus TopicBank, a Takke HOYTOyKM C 3KCIIepUMMeHTaMMU
HaXOASATCS B OTKPBITOM JOCTYyIIE .

HOanHbie [Ij1s1 neMoHcTpauyy paboTsbl TopicBank 661710 BhIOpaHO HECKOIBKO
IOBOJIBHO M3BECTHBIX TEKCTOBBIX KOJIJIEKINIA, ¥ HECKOJIbKO He OUeHb U3BECT-
HbIX. [TogpobHOCTHM O JaTaceTax MOXKHO HaiTy B Tabnuile 8.

Iaracer ITocTHaykmu’, yke MCIIONB30BaICS B pasfene PO BHYTPU-
TEeKCTOBYK) KOT€peHTHOCTb, COOEPXKUT Hay4dyHO-IOMYJISIPHbIe TEeKCThl Ha Ca-
Mble€ pasHble TeMbl — OT COLMOJIOTMM OO actpodmusuku. Reuters [148] u
Brown [149] — u3BecTHbIe JaTaceThl 10 TEMAaTUYECKOMY MOJeMPOBaHMIO.,
Twenty Newsgroups (20 NG)* martacer xoporo u3BecteH B NLP-coobmecTse,
o/aromapst CBOMM cOaaHCUMPOBAHHBIM KaTeropusM, KOTOpbIe YacTO paccmar-
pUBAIOTCSA B 3KcIiepumMeHTax Kak Tembl [150]. AG News [151] ucnonb3yeTcst ajist
KIaccudumkanmm HoBoCTel (TakuM 00pa3oM, K/1acChl MOXKHO CUMTATh TEMaMM).
Habrahabr® ecTb momy/sipHast poccuiickasi KOJIEKLMSI B OCHOBHOM TeXHUe-
CKUX CTaTei, CTPYNIMPOBAHHLIX 10 TEMaM B COOTBETCTBUM C CYILIECTBYIOLIE
KaTeropusauueit caitta. Watan2004 [152] — apabckuii pa3MeuyeHHbIii 10 Te-
MaM JlaTaceT, MCIOJb3yeTcs AJ1s1 6ojiee MIMPOKOro TeCTUpoBaHMsI baHka Tem,
3a peeaaMu aHIJI0- U PYCCKOSI3bIYHBIX TEKCTOBBIX KOJJIEKIIVIA.

Bymem co3paBaTh OaHK TeM [IJISI KasKI0¥ M3 YKa3aHHBIX TEKCTOBBIX KOJI-
JeK1Lui, YTOObI B Ja/IbHEIIIeM UCII0/b30BaTh €ro IJIsl OLleHKM KauecTBa 00y-
YeHHbBIX Ha COOTBETCTBYIOIINX KOJUIEKIIUSIX MOMEJIeiA.

lgithub.com/machine-intelligence-laboratory/OptimalNumberOfTopics.

2postnauka.ru.

3TaTaceTst nmoctymnHbl B paMkax NLP 6u6amorexu NLTK: nltk.org/book/ch02.html.

4laTaceT mocTyreH B paMKax 6u6morexu Scikit-learn: scikit-learn.org/0.19/datasets/twenty newsgroups.html.
Shabr.com.
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Tabnuia 8 — JlaTaceTsl, UCIIOJIb3yeMble B d9KCcIepumMeHTax (| D| o3HavyaeT
KOJIMYEeCTBO JOKYMEHTOB B JlaTaceTe).

HasBaHue |D|  SI3BIK

PostNauka 3446 Russian
Reuters 10788 English
Brown 500 English
20 NG 18846 English

AG News 127600 English
Watan2004 20291 Arabic
Habrahabr 133978 Russian

CozmaHme OaHKa TeM baHK TeM BO3HMKaeT B pe3ylbTaTe OOy4deHMUSI
HECKOJIBKMX TeMaTU4YeCKux Mopesei. B skcrepuMeHTax 1Mo CO3JaHMI0 OaHKa
o011iee uMCI0 00y4aeMbIX MOJIe/ieii BbICTABISIETCSI paBHbIM 20 MozmesssM. Kaxk-
nmast mogesb ooyuaeTcsi B mpoiiecce 100 06HOBIeHMII MaTpull @ 1 © (MTeparyii)
B pamKax EM-anroputma. Ha Kaxkgoit uTepanyuu olieHMBaeTCs KaueCTBO 10y~
YEeHHbBIX TeM I10 3HAUEHUIO0 BHYTPUTEKCTOBOM KOTepeHTHOCTH [6]. JTyutune 10%
TeM C HaMOOoJIbIlIel BHYTPUTEKCTOBOM KOT€PEHTHOCTHIO CUMTAIOTCS XOPOIIVIMU
M IOMEYaloTCsI KaK KaHAUAAThI Ha JobOaByieHue B 6aHK TeM. [lajiee 3T BHOBb
MOJTyYeHHble TeMbl CPAaBHUBAIOTCS He TOJIBKO MEXIY c000i, HO U C TeMaMMu,
y>Ke MMeIIMMMCS B 0aHKe TeM. BaHK TeM IToMoraeT OLleHUTb, HECYT JIX TEMbI
00yueHHOJ MoeI HOBYIO MH(pOpMAaIIMI0 — a [IOTOMY CTOUT JIM UX T00aB/ISITh
B 6aHK TeM. PellieHne 1o 1006aBaeHNIO B 6aHK 3aBUCUT OT OTHOIIEHMIT MEXKITY
TeMaM} BHOBb OOYUEHHOJ MOJIEIN M TeMaMM, YKe IIPUCYTCTBYIOLIMMM B OaH-
Ke.

PaccMoTpuM 3TOT IIpoiiecc 6ojiee moapoobHo. ITycTh ¢ — HeKOTOpast TemMa
13 0aHKa, a s — HeKoTopasi HoBasl Tema. Torma p(s | t) — 9TO BepOSITHOCTb TOTO,
YTO TeMa s SIBJISeTCS JOUYepHeil TeMOJ TeMBbI t. DTa BEPOSITHOCTb MOSKET OBITh
OlLleHeHa C IMOMOIIbI0 MepapXnuecKom TeMaTmudeckomn moaenu (9):

pwln =2, pawls) pis|o) (24)
W SES - ~— s\ th s

Ecnu p(s | t) > 1/|S|, TO TeMa ¢t CUUTAETCS POAUTEILCKOM 11151 s. BO3MOSKHBI
cenyrolye caydan:
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PUCYHOK 23 — Pa3znnunus Mexny uepapxmyecKuM TeMaTUUYeCKUM
MoJeIpoBaHMeM ¥ OAHKOM TeM. BepxHuii ¢j10ii TOUeK mpecTaByseT coooii
poauTenbCKye TeMBbI (TeMbl 6aHKa), HUKHUI /IO — JouepHMe TeMBbI (TeMbl

HOBOV Mogenn). Curyanusa HoMep 1 rnmokas3biBaeT ¢Iydail cCoequHeHUs
HECKOJIbKMX TeM. DTO HOPMAaJIbHO JIJISl Mepapxuu, HO He 111 6aHKa TeM:
MCXOJHbIE TeMbI OCTAIOTCS B OaHKe, HOBbIE€ TEMbI B HET'O He J00aBIISIIOTCSI.
Cutyauust Homep 2 — KOraa y pOOUTebCKOI TEMbI HET IOYEPHUX TEM. DTO
HOpPMAaJIbHO Kak /ISl Mepapxuu, Tak u ajs 6anka reMm. Cioyuait
HOMeDp 3 — CUTyauus, KOTaa JoUuepHue TeMbl He MUMEIOT POAUTEbCKOI TEeMBbI.
DTO HelmpueMIeMO IJI MepapXuu, HO JOITYCTUMO 711 6aHKa TeM: HOBbIE
TeMBbI Cpa3y ke J00aB/sIIoTCs B 6aHK. CuUTyalust Homep 4 MoKa3bIBaeT
pacuiervieHe — 3TO KOTAa y OGHOM POAUTENbCKOM TeMbI €CTh HECKOJIBLKO
IOYepPHUX TeM, U 3TU JOYepHME TeMbI UMEIOT TOJIbKO OJHY TEMY B KaueCTBe
POIMUTENbCKOI. ITO 0ObIYHAS CUTYaIIMS IJ1s1 uepapxuu. YTo KacaeTcst 6aHKa
TeM: POJIUTEIbCKASI TeEMa MOKET ObITh 3aMeHeHAa TOUePHUMM TeMaMu, eCyIu
BCe OHM MHTepHnpeTtupyeMbl. M ciiydan 5 — Korga poauTeibcKas TeMa
repexoauT Ha CJIeAYIOIINIT YPOBEHb KaK €CTb. ITO AOMYCTUMO [JII MepapXUN.
Taxke u A1 6aHKa TeM: B 0aHKe OymeT XpaHUThCS JTy4lllasi TeMa U3 IBYX.
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- TeMma s MMeeT Oojiee OOHOTO ponuTess. B aTom ciydae Tema s He Oy-
IeT mobaBiieHa B OaHK, TaK KaK OHa SIBJISIETCS JIMHETHO KOMOMHAL M-
el HeKOTOPBIX TEM, V3Ke MMEIOIIMXCS B OaHKe.
- TeMma s He UMeeT poauTesieii. B 3Tom cryyae oHa MOKeET ObITh 10OaB-
JleHa B 6aHK, ec/ii €€ KOrepeHTHOCTb BbICOKAsI.

— TeMma s UMeeT eMHCTBEHHOT0 POAUTEIs. B 3TOM cityuae poauTenbcKas
TeMa MOKeT ObITh 3aMeHeHa HOBO, eC/I KOTePEeHTHOCTh HOBOJ T€MbI
BBIIIIE.

Cpeny TeM C HaMBBICHIMM 3HaU€HMEM KOTrepeHTHOCTHM ITPOXOSsT AasibIiie
B ITpo1iecce 0TOOpa TOJIbKO Te, KOTOPbIE YAOBIETBOPSIIOT YCJIOBUIO, CBSI3aHHOMY
C OTHOLLIeHVeM MeXay TeMamu (5.2.4) — UMeIOT MeHee IBYX POOUTesel.

Ianee oToOpaHHbIE TEMbI CPABHMBAIOTCS ITOIIAPHO C TeMaMM OaHKa TeM C
ITOMOIIbIO0 paccTostHMS JKakkapa. ToJbKO Te TeMbl MOJIEJN, 11 KOTOPBIX pac-
CTOSIHME J0 OymvsKaiilieil TeMbl 0aHKa He MeHblre 0.5, 1o0aBIIsI0TCS B 0aHK TeEM
(cM. prcyHOK 24). B To ke BpeMsl, /i y BHOBb 100aB/IEHHO TeMbI €CTb TOTbKO
OJIVIH POAMUTEIb B 6aHKe TeM (B COOTBETCTBUM C OJHMUM M3 BapMaHTOB OTHOIIIe-
HUM TeM (3.2.4), OMCAaHHBIX BBIIIIE), TO 3TA POAUTENbCKAS TeMa yoaasieTcs U3
6aHka. Takum obpa3oM, pa3Mep 6aHKa TEM ITOCTENEHHO YBeIUIMBaAETCSI.

I'paduk 25 neMOHCTpUpPYeT HaKOIIeHue 6aHKOM TaKMX TeM, Y KOTOPBIX
BBICOKOE 3HaueHMe KorepeHTHOCTH. IIpy 3ToM Hab/0maeM Takke yBeJIMueHue
KOTepeHTHOCTM II0 TOII-TOKEHAM, KOTopast He OblIa SIBJISIaCh KpUTEPUEM OT-
6opa Tem B OaHK.

I'paduk 26 1moxkaspIiBaeT MpUMEpP TOro, KaK MOKET 3BOJIOLMOHUPOBATD
0aHK TeM B 3aBMCUMOCTM OT KOJIMUYeCcTBAa 0OyueHHbIX Mopeseit. KomnuecTBo
TeM B OaHKe YBeJIMUMBaeTCs, CHavaja pe3Ko, 3aTeM OoJiee IIaBHO, JOCTUTAS
IJ1aTO B KOHIIE. [Tepruiekcus 6aHKa TeM, HaIIPOTUB, YMEHbIIAETCs, TaKKe J10-
CTUTas IJIaTo. ATO CAYKUT MHAMKATOPOM TOTO, UTO IIPOIECC CXOMUTCS U IIPO-
1leqypa ooyueHus: 60/Ibliie He MOXKeT MPUHECTU B OaHK YHUKAJIbHBIX TEM.

Mopenn Ha MHOXecTBe Pa3HbIX TEMATUYECKUX MO,I[QIIEVI XoueTcda Impose-
PUTb, 4TO 0aHK TeM MOXKET CJIIV)KUTb MHCTPYMEHTOM [JISI Ba/IMOALIMM BHOBb
OGWQHHBIX TeMaTU4YeCKMUx MoJeJien.

115



0.9
******* threshold

0.8

0.7

0.6

Newly added topic distance

0.5

0 50 100 150 200 250
# topics in bank

PucyHoKk 24 — PaccTosiHMe MeKIy BHOBb JOOABJI€HHOI B OaHK TeMOII U
OmusKaiiien K Heii TeMO¥, cpeay yyKe Haxomsimuxcs B 6aHke. [TyHKTUpHas
JMHMS 0003HAYaeT MOPOT PACCTOSIHMUS : TOJIBKO TEMBI C PACCTOSIHMEM BbIIIIEe

HEro CYUTAIOTCSI HOBBIMM M MOI'YT ObITh A00aBjIeHbI B 6aHK. BUaHO, 4TO

paccTosiHMe A0 OJVKaiiiei TeMbl YMeHbIIaeTcsl, HO TPy 3TOM He TOCTUTaeT
ropora. Bo3MOXHO, 3TO CBSI3aHO C OAMHAKOBBIM IIPOIIECCOM O0yUeHMS JIJIsT
BCeX MOZeJIei: X TeMbI B CpeJHEM Pa3/IMYalTCs Ha HEKOTOPYIO OJIMHAKOBYIO
BeJINUMHY.
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PucyHok 25 — JIBa rpaduxa gzeMoHcTpupyoT KDE o11eHKY IIJIOTHOCTH,

roydeHHyIo Ha gaTtacete PostNauka 151 3HaueHMiT BHYTPUTEKCTOBOI () U

II0 COBCTPEUAEMOCTSIM TOm-c10B (b) KOrepeHTHOCTel TeM B 6aHKe TeM U B

OOVMHOUYHbBIX MO eJIsIX. BI/IJIHO, YTO IIMKOBOE 3HaUeHlMe KOTepeHTHOCT! Cpedn

TeM OaHKa BbIIIE, 4YeM IIMKOBOE Cpean TeM OIHOM MOJEJN.
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PUCyHOK 26 — 3aBUCMMOCTY HEKOTOPBIX XapaKTEPUCTUK OAaHKA TEM OT UMC/Ia
00yueHHbBIX Mopesieli (Ha mpumMepe gataceta Habrahabr).

Ianee onuieM TeMaTuUuecKue MOJIeNN, UCTIOIb3yeMble B SKCIIepUMEH-
TaX. Bce Momeny umMer0T 00y4aioTCs Py OAMHAKOBOM ITOCTOSIHHOM YMC/Ie TeM
T = 100.
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lmeHeM plsa o603HauaeM mojienb PLSA [138]. 9To Mmomesnb 6e3 rumnepria-
paMeTpoB, KpoMme uucia TeM 1. imeHem lda o6o3Havaem mopenb LDA [57] ¢
CMMMETPUYHBIMIU alIPUMOPHBIMMU pacIipeneneHUsIMu 115t © u ajs O.

VimeHna arora u cdc mipenctaBiasiioT mogenu PLSA co crnenmaabHbIM
0o0pa3oM IPOMHULIMAIU3MPOBAHHON MaTpuiieit ®: ¢ MOMOIIbIO aJropuTMa
Arora [144] n ¢ nmomouipto anroputma CDC [147] coorBeTCcTBeHHO. [ MHU-
IMaau3auuy Moaenu arora ooydaem poBHo T Tem Arora. Uto kacaercst CDC,
rureprnapaMeTpbl aITOPUTMa MOAOMPAIOTCS TaKMM 00pa3om, YTOObI KOIMue-
ctBo TeM CDC 65b110 651113K0 K T'. Eciii unceiio Tem CDC oka3biBaeTcsl MeHblie 7T,
OCTajibHbIe TeMbl MO cdC UHULIMATIU3UPYIOTCS CJTydaiiHbIM 00pa30oM.

Cremyrolas rpyIira Mojiesen Bce ONMpParTCs Ha UCII0Ib30BaHME PeryJis-
pu3atoposB [39]. Bo-miepBbIX, sparse UCIIOIb3YyeT pa3speXnBalolnil peryisipu-
3aTop (10), KOTOPBIN CTPEMUTCA COenaThb pacrnpenenedus T peaMeTHbIX TeM
Oosee pa3pexkeHHbIMU. Bo-BTOPBIX, decorr TpeAcTaBisieT MOJe/ib, 00yUeHHYIO
C TIOMOIIBIO peryasipusatopa mekoppenrpoBaHus (11), KOTOPBIIT CTPEMUTCS
cIenaTh paciipeneneHus TeM 6ojee OTIMUYHBIMM APYT OT Apyra. ViMeHeMm bcg
0003HaUeHa MOe/Ib CO CIMIaKMBaIOUIUMM peryaspusatopom (10), mpuMeHEH-
HbIM K 2 (DOHOBBIM TEMaM — TO eCTb Mojiesb bcg pakTuuecku umeet T +2 TeM,
rae T TeM pacCMaTpMBAKOTCS KaK MpegMeTHbIe TeMbl, & OCTa/JIbHbIE 2 — KakK
dboHOoBbIe TeMbl. ViMeHeM regull o603HaYeHa MOMeb C IBYMS pery/isipu3aTo-
paMi: paspeskxMBaOIIUM U OEeKOPPETUPYIOIIVM.

Cienyrolasi rpyrira Mogeiein, KOTOPYI XOUeTCs YIIOMSHYTb OTe/IbHO —
9TO MOJENN C peryaspmusaTopoM Beibopa Tem (12). BausiHue 3TOro peryaspu-
3aTOpa Ha MOZEJIb 3aBUCUT OT TOTO, B KAKOM OH MPUMEHSIETCS COUYETaHUU C
opyrumu perynspusatopamu [153]. [IoaToMy UCTIONB3yeTCsSI HECKOIbKO MOJe-
Jiel, KOTOpbIe OTINYAIOTCS He CTOJIbKO TeM, KaKue peryasspu3aTopbl UCIOb-
3YIOTCSI, CKOJIbKO TeM, KaK OHM MpUMEHSIOTCS BMecTe. Tak, mojenb sel aooa
VICIIONIb3YeT Peryiasapu3aTop AeKOppeaMpoBaHusl Ha MepPBOI TpeTu UTepaumi
oOyueHMs, peryjasipu3aTop BbiOOpa TeEM Ha BTOPOIt TpeTH, a 3aTeM pa3pexu-
BAKOILMIT perysapus3aTop Ha OCTaBIIMXCS uTepauusx. [Iopsagoxk perysaspusa-
TOPOB B Mojie/in sel cp Takoii ke, Kak 1 B Mmofenu sel aooa. OgHako Beca pe-
TY/ISIpU3aTOPOB MEHSIOTCSI B IIpollecce OOyueHUsT MOJENM: T JIMHENHO yBe-
nMYuBaeTcs ¢ urepauueri EM-ajaroputma OT MMHMMAJAbHOTO 3HaueHus 0 110
MaKCUMMaJbHOTO — MCIO/JIb3yeMoro Ajs Monaenu sel aooa. Yto KacaeTcsl Mo-
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nenu sel_ao, To OHa MCHONb3yeT MOCTOSIHHbIEe KO3(M(MUIIMEHThI peryaspusa-
11K, Kak U Momenb sel aooa. OmHaKO perynasipu3aTopbl IeKOppeaupoBaHUSs
1 BbIOOpa TeM BKJIIOUAIOTCS TOJIbKO Ha YETHBIX UTepalusix. Takum odopasom,
Ha HEUETHBIX UTepalusIX PeryasipM3aTopbl He IpUMeHsIOTCsI. HakoHell, mo-
neib sel_aocp umMeeT CIeoyIOIIYI0 CTpaTernio perynspusauyun. Perynsipusaro-
pBI IeKOpPpeIMPOBaHMS 1 BbIOOPA TEM UepPenyIOTCs: JeKOPPpeaupyIOmmii mpu-
MEHSIeTCSI Ha HEUETHBIX UTepalMsIX, a BbIOOpa TeM — TOJIbKO Ha YETHBIX. bostee
TOTO, BeCa peryasipmu3alum t JUMHENHO YBeJIMUMBAKOTCS C POCTOM 4Mciia uTepa-
1Mt 00y4yeHMsI, KaK U B ciiydyae moenu sel _cp.

Beca Bcex perynsipM3aToOpOB HaXOASTCSI II0 CeTKe M3 HEeCKOJIbKUX
3HAUYEHMII ITyTéM OOydeHMs psiia Momeseil TOJMbKO C OTHUM peryaspu-
3aTOPOM [IJISI BCeX McCCaenayeMbIX KO3(POUIMHETOB peryaspusauum — u
MOCenyIoNiero BbIOOpa MomenM C HauMeHbllei Iepiuiekcueii (14). Bec
peryisipuzaTopa, COOTBETCTBYIOIIMI 3TOV MoAenn, GUKCUPYETCS M UCIOb-
3yeTCsl Jajee BO BCEX OIMCAHHBIX paHee MOJENSIX, UCIMOMb3YIOIINX 3TOT
perynaspusarop. st peryasipusaTopa AeKOppeanpoBaHusl ONTUMAJIbHBIN BeC
HaXOOWJICS IO cCiaedyrolein cetrke 3HaueHwmit: [1,10,100, 1000, le4, 1e5, 1e6].
Inst peryaspusaTtopa BbiOOpa TeM ONTUMAaJIbHbI KOIDIULMEHT T UC-
Kajicsa cpeou [0.01,0.1,0.2,0.5,0.8,1.0,1.5,2.0]. A [ag pa3speXxuBarollero
M CIJIQKMBAIOILIEr0 Pperyjasipu3aTopoB MUCIIOJb30BAJIMChL CETKM IOMCKaA
[-10,-1,-0.2,-0.1,-0.02,-0.01,-0.001] wu  [0.001,0.01,0.02,0.1, 1.0, 10.0]
COOTBETCTBEHHO. bonee nmoapobHyo MHpopmalnio 06 agaUTUBHOI perys-
pu3aLuy MOXXHO HaiiTu B [5].

ITocnenHsst Mozenb, regul2, TipencTaBisieT co60i MOfeNib C TPEMSI pPery-
JSIpU3aToOpaMu: paspexmMBaHMsI, CIJIAXKMBAHUS U deKoppenupoBaHus. Koag-
bULIMeHT geKoppensiium ¢ IJisi 9TO Moaenu @ukcupoBaHd u paBeH 0.01 — u
OCTAETCSI HEM3MEHHBIM [IJISI BCEX PacCMaTPUBAEMbIX TEKCTOBbBIX KOJJIEKIIMIA.
KosdduimeHThl paspexkMBaHus U CIIaXUBaHMUS T Takke GUKCUMpoBaHbl. Of-
HaKoO B c/Tydyae Moenu regul2 ajis paspeXXuBaHUs U CITIasKMBaHMS UCIIOb3YIOT-
cs omHocumenvHole KO3huumeHTsl peryasipusanyun [8]: —0.05 n 0.1 cooTBeT-
CTBEHHO. JTU OTHOCUTEJIbHbIE T Beca 3aTeM IpeoOpa3yloTcs B aOCO/MIOTHbIE,
KOTOpbIe IJisT Mojenu regul2 yske OymoyT CBOM Ha KaXXAO0¥i TEKCTOBOI KOJIJIeK-
1107078
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Bajmupganyusa TeMmaTMUYeCKMUX Mojejieii ¢ IMOMOIIb0 0aHKka TemM O003Ha-
YlIM KaK B TeMbI B 0aHKe TeM, a Kak T — TeMbl TeKYIIeii TeMaTUueCcKoii Moze-
mu. [TpepdjiaraeTcs HECKOJIbKO (PYHKIMIA KauecTBa TeMaTUueCckoil Moen, oc-
HOBAHHBIX HAa OaHKe TeM:

lteB|3reT : pt,7) <h

recall@bank =
| B
teTl |dr € B :plt, )< h
coherence@bank = | T | (25)
. lteB|3reT : pt,7) <A
precision@bank = T

dyukuusa recall@bank roBopuT, Kakast 4acTb TeM 6aHKa (XOPOIIUX TEM)
ObUIM HaligeHbl MOAesbIo; coherence @bank o3HauaeT moj110 TEM MO eI, KO-
TOpbIe TaKKe HaXOAUTCS U B OaHKe TeM (M IIOTOMY XOpoIliue); precision@bank
eCTb J0JIsI HaliJeHHbIX TeM 0aHKa OT UMcIa TeM MO EeJIN.

C Tem urtoO6bl BRIUMCINTH recall@bank, coherence@bank, wn
precision@bank, Hago ompemeauUTbCS CO CIIOCOOOM BBIUMCIEHUSI PACCTO-
STHUSI MEXIy TeMamu p(t(,t,). BygeM ucnonb3oBaTh Ojs1 3TOrO KO3POULIMEHT

JKakkapa:
pty, 1) = 1- Z l_g{lirzl}(p(w | t,-)) /
weKer,
2 (26)
<Z Z p(w|t) + Z .m?>2< (p(w | t,.))>
i=1 wekKer; «Ker, weKerlzle{ 2}

roe Ker; = Ker(?,), Ker|, = Ker(z,) n Ker(z,), u Ker(¢) ecTb 44p0 TeMbl ¢:

Ker()={wet:pwl|t)>1|W|}

3.2.5 Pe3ynbraThbl

bygem Ha3bpIBaTh TeMbl ITOXOXXMMM, €C/IM PAaCCTOSHME MeXIy COOTBeT-
CTBYIOIIMMM UM BEKTOpaMM (p(w | t))weW MeHblie rmopora h € H C (0,1],
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dataset; dataset,

model; model, model; model,

/NN /N

@ (@ @) % A (@ @ R

PucyHok 27 — VnmocTpanus K ypaBHeHUIO (27): MMeeTCsI MHOT'O JaTaceToB,
IJIS KasKIIOTO M3 KOTOPbIX 00yUeHO MHOTO Mojesieit, Kaxaasi U3 KOTOPbIX, B
CBOIO OUYepefb, MMeeT MHOTO OLIeHOK KauecTBa ¢;. CMHUM 0003HaueHO
yCpenHeHMe OLleHKM KayeCTBa I10 BCeM MOZEeISIM B paMKaxX OLHOIO JaTaceTa,
3eJIEHDIN Xe 0O3HavaeT yCpegHeHe OLleHKM KaueCTBa B paMKax OOHOM U TOM
’Ke MOoJeJiv, HO 110 pa3HbIM JaTaceTaM.

|H| < co. OUeBUIHO, UTO UeM HIKE TOPOT, TEM BbIIlIe B CpeHEM OyIeT CXOI-
CTBO MEXIY TeMaMI.

[TpomsIocTpupyeM IOAXOH K OIleHKe KauecTBa MOJeNIM Ha IpuUuMepe
MeTpuku recall@bank (mpyrue meTpuku cienyioT aHaJOTMUHONM IIpoOLieaype).
lmeem recall @bank kak ¢hyHKIIMIO OT Habopa JaHHBIX d, MOeIN m U TIopora A.
YcpegHUM METPUKY IO pasjiMuyHbIM 3HaUYeHMSIM mopora. JanbHenmmnii momuck
JYUYIIMX Mojiesielt 6yJieT OCHOBaH Ha BIUMC/IEHMM CpeIHeB3BEIlIeHHOTO 3Have-
Hus. JIJIs1 3TOro HY;KHO BBeCTM K03(DUILIMEHT, KOTOPBIN JaéT IMperuMyllecTBa
MOJIeJISIM C TeMaMu, 6IM3KMMM K TeMaM 6aHKa Tem. [ToTromy 3amaém oTobpa-
>KeHMe Topora pacCTOSTHUSI A Ha BeC TaKMM 00pa3oM, YTOObI MeHbIIlee 3Haue-
HMe Imopora gasajio 6’onbimmii Bec. Harpumep:

1/h%, h<0.8

w(h) =
0, h> 0.8

1 nmonyuaem recall@bank, ycpegHénHyto o moporam H :

Y w(n) - recall@bank(m, d, n)
H
(recall@bank(m, d, h)), = s

Y wn)

neH

B cBOI0 ouepenb, ycpegHeHNe TaHHO BEJIMUMHBI eIl pa3, HO y3Ke I10 J1a-
TaceTaM JIAET yKe OLeHKY KauecTBa OAHO Moaeu (He 3aBUCSIIYIO OT JaHHbBIX
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" OT II0pOTa):

(recall@bank(m, d, h)), , =

1 Z (recall@bank(m, 6, h)),, o

|D| Y (recall@bank(y, 6, h)),,

0ED
UEM

rIe 9 eCTb MHOXKECTBO IAaTaceToB (CM. Tabnuiry 8), u .4 eCTb MHOXECTBO MO-
memneir (Cm. paszen 3.2.4). PUCYHOK 27 mipenoCTaB/sieT MJUTIOCTPALIIO K OMU-
CaHHOMY JIBYXCTaAUIHOMY IIPOLIeCCy yCpeqHeHUsI.

CpaBHeHMe KauecTBa pPa3HbIX MOJeeil Ha BCEM MHOXeCTBe JaTaceTOB
IpefCcTaBleHO Ha pUCYHKe 28. BuaHO, YTO MeTOnbl arora u cdc mpeBOCXo-
IOSIT OCTajibHbIE. Takke BUIHO, UTO OIIpeNe/IEHHbIe paHee METPUKM KaueCTBa
recall@bank, coherence @bank u precision@bank maT ogHakoBOe YIIOPSIAO-
YyBaHMe MofeJieii Mo KauecTBY. [JIs1 KayKI0ro OTAe/IbHOIO JlaTaceTa pe3y/ibTa-
Thl CpaBHEHMSI M300paskeHbl HA pUCYHKe 29 (TOJMbKO Ajis GYHKINMM KauyecTBa
recall@bank).
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PuCyHOK 28 — OueHKM KayecTBa MojeJien 1mo 6aHKy TeM, YCpeqHEHHbIE 110
JaTtaceTaM.

3.2.6 0OcykgeHue

B sToM pa3szesie omnucaH U IPOAEeMOHCTPUPOBAH HOBBIM MOAXOH, K I10-
MCKY JIyYllieil TeMaTU4eCKoil MoAenu OJisl 3aaHHOI TeKCTOBOM KOJIeKIIUU —
noaxop 60s1ee MpsIMO¥t U CUCTEMATUUYECKIAI, HEsKeIM - TIOyCaydaiiHoe 6rysKaa-
HMe” TI0 ITPOCTPAHCTBY ruiieprnapaMmeTpoB moaenu. TopicBank momMmoraer mc-
CJIeOBATETIO B OTOOPE U XpaHEeHUM XOPOIIMX (HalpuMep, II0 3HaUeHNI0 Kore-
PEHTHOCTM) TeM B IIPOIlecce MHOXKECTBEHHOI'O 00yUeHMsI TeMaTUUeCKUX Mojie-
JIeii, YTO B Ja/JbHENIIeM IT03BOISIET 00eCIeUNTh YHMBEPCATbHYIO OII€HKY Ka-
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yecTBa BHOBb 00YUeHHBIX MOJIe/Ieli — ITyTEM CPaBHEHMS MX TeM C TEMaMU, yKe
HaKOIIJIEHHBIMM B 6aHKe (OTIOKeHHBIMM XOpoImMmMM). Takoi moaxo I IToMora-
eT B UTOre BbIOMpaTh O0jiee XOpolie TeMaTuyeckue Moe/y 10 CpaBHEHUIO C
MeTOlaMM, He UCITOJIb3YIOIIMMU 3HAaHMS O paHee BCTPEeUYeHHBIX TeMax.

JKCIepuMeHTaabHble pe3y/IbTaThl IOKA3bIBAIOT, YTO OAHK TEM ITO3BOJISI-
eT IoJyYaTh MO C 6ojiee BHICOKMM KaueCcTBOM TeM, OIpeesisieMbIM KO-
TepEHTHOCTHIO M0 TOII-CI0BAM WUJIY BHYTPUTEKCTOBOM. TaKMMU MOIEISIMUA SIB-
JISIFOTCSI, HAalIpUMep, BCe paCCMOTPEHHbIe MO/ C HeCTy4yaliHOM MHULIMAIA-
3aumeii. UTo KakeTcsl pa3yMHbIM, IIOCKOJIbKY YCIeIlIHAs MHULIMAAn3aLus Te-
MaTUUEeCKOI MOAE/N COIEPKUT YKe XOTS 0bI UacTh MHPOpMaLy 06 MCKOMOIA
TeMaTUUYECKOM CTPYKTYpPe KOIEKLIMM. ITO TAKXKE XOPOIIO COIIacyeTcs C uaeei
O TOM, UTO 3aJa4a TeMaTUUYeCKOro MOAeIMPOBaHMS AOKHA YIIPOIIAThCS TPU
HaJIM4YUM JOTIOJHUTENIbHOM MHPOpMAaLIMM O TeKCTOBOM KOJIIEKIIUNA.

B skcriepuMeHTax IJisl CO30aHMsI OAHKOB T€EM MHOTO pa3 00yuajInch MO-
IeJIVi OMHOTI'O TUIIa — Pa3HO ObljIa TOJIbKO CAyJaiiHas MHuuanmsanys. OgHa-
KO BOOOIIe HeT HeOOXOAMMOCTY OTPAaHMUMBATD IIPOIIECC CO3AaHMsI OaHKa TeM
JIUIIb OOHUM TUIIOM Moze/i. Kpome 3TOro, pasHuiia MexXay MOIeIsIMU, UC-
TTOIb3YIOIIMMMCS A1 U3BJI€UeHMs] XOPOIIUX TeM, MOXKeT ObITh MoJiyuyeHa He
TOJIBKO 3@ CUET M3MEHEHMUs TUIlIa TeMaTU4yeCKOil MOAeJaN, HO U 3a CUET Ba-
PbUPOBAHMSI HEKOTOPBIX TUIlepIiapaMeTpoB Momenn. Hanpumep, namMeHeHue
yyciaa TeM B MOJEIM MOXKET IIOMOYb IMOJYYUTh TEMbI pa3HOM I'PAHYISIPHOCTU
(6onbliine, IIPM MaJIOM 4lMCIe TeM B MOJeIN, WiIM MajieHbKie, TPy 60/bIIOM
Ylciie TeM), TI03BOJISISI BOCCTAHOBUTD B OaHKe MepapXmuueckylo CTPYKTYpy TeM,
MOPOKIaeMyl0 paclipefiejieHeM CJI0B B TEKCTe.

HecmoTpst Ha IIPSIMOII ITOAXOM, K PEIIeHNIO ITPOOIeMbl M3BJIeUeHNs BCEX
XOpoIIMx TeM Koyuiekiuu, TopicBank TemM He MeHee He pelllaeT €€ MOJHO-
ctbio. OcHOBHOII BK1aj TopicBank 3akiouaeTcst B 60jiee OCTOPOSKHOM CUCTEM-
HOM MOAX0Jle K 00paboTKe pe3y/bTaTOB MHOXECTBEHHOI'0 OOyUeHMST TeMaTu-
yecKux mogeseii. Ho moka HeT OgHO3HAYHOIO OTBETa, IIPMUBOAUT JIM BOOOIIEe
Ipoleaypa o cCo3aaHNnIo0 OaHKa TeM XOTS Obl AaCMMIITOTMYECKU K M3BI€UEHMIO
BCeX TeM M3 KoJleKLuu. JlanpHeriliee uccaegoBaHmue Moaxoaa K BaJuanupoBa-
HMI0 MOJieJIeli C TOMOIIIbI0 0aHKa TeM MOXKET ObITh OIMCAHO, HO He OTPaHMYEeHO
CIeaYIIIMMM BOIPOCAMM:

- Kak yBemMuuTh KauecTBO TeM, 100aB/IsIeMbIX B OaHK TeM?
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— Kakue el1é xapakTepuCTUKM TeM, KpOMe KOTepeHTHOCTU, CTOUT MPu-
HMMAaTh BO BHMMAaHMe IIpU aBTOMaTuueckom orbope Tem? I1o cyTu 3TO
BOIIPOC O MHOTOKpUTEpMAIbHOI KaaccuduKaluy TeM Ha XOpoliue u
TIJIOXMeE.

- Kak yckopuTb mpoiiecc coopa TeM C BbICOKOJ KOT€peHTHOCTBIO B IIPO-
1lecce MHOKECTBEHHOTO 00y4eHMsI Mopesieit? (Tak 4ToObI I co3/a-
HMsI 6aHKa TPebOoBaIOCh ObI KAK MOXKHO MEHbIIIE MO/Iesieit)

— MOXKXHO 7 HAli T YUC/IO0 TeM B KOJJIEKLIVIM C TIOMOIIbI0 OaHKa TeM?

— UYto Oymer, eciy K KpUTEPUSIM IIpU co3gaHuM 6aHKa TeMm, KpoMe Ka-
YeCcTBa OT/IeJIbHBIX TEM M X He3aBUCHMMOCTH, JOOABUTh TaKOM, UTOObI
cam 6aHK IpM 3TOM ObLJI XOPOIIel TeMaTUIeCKOM MOAEe/bI0? (4TOObI
ero TeMbl 1aBa/I MOJe/Ib C HU3KOM MePIIeKCHUen)

— BocmpowusBemyTcst iy pe3yibTaThl, €C/IM IJIsl OLleHKM KauecTBa HOBbIX
TeM IIpUBJeKaTh Jiogei uau LLM? OymeT i UTOroBbIi OaHK TeM 00-
Jiee XOpoIuM (B KaKOM-JIMOO CMBbIC/IE) ITPU TAKOM M3MeHEeHUM CII0CO-
6a OLIeHKM KauecTBa Tem?

W rmaBHBIM BOIIPOCOM (KOTOPBIV BBIXOAUT 3a paMKyu baHka TeM, HO K pe-
IIeHMI0 KOTOPOro BaHK TeM SIBjIsIeTcsl MepBbIM LIarom) Io-MmpesKkHeMY OCTaeT-
CsI BOIIPOC O TOM, KaK ITOCTPOUTD Cpa3y 00HY TEMaTUIECKYIO MOZe/Ib, B KOTOPO¥
BCe TeMbI ObUIM ObI MHTEPIIPETUPYEMBIMU U PA3IMUHBIMMU, Y KOTOPasi 6bI XOpO-
III0 OIMMChIBAJIa TEKCTOBYIO KOJIIEKIMIO (061amasia Obl HUM3KOM IepIlIeKCHelt).

3.2.7 3axjaouyeHue

TemaTuueckoe MOJENMPOBAHME — 3TO BaKHBIN MHCTPYMEHT JJISI MCCIIe-
ooBaHMs JaHHBIX. OMHAKO CYIIECTBYIOIIME aJITOPUTMbI OOYUEeHMS TeMaTuye-
CKMX MOJeJieii Mo-IpesKHeMY ITPUBOMSIT K HEITOJHbIM U HEYCTOMUMBBIM MO-
nenssM. MHorue paboThl OCBSIIEHbI ITPEOAOJIEHNIO STUX HeJOCTATKOB ITyTEM
M3MeHeHHUs criocoba 06yueHMsT Mmopesei (Co3maHmus HOBbIX Mojesneii). B maH-
HOJi ke paboTe mpeacTaBiieH O6oj1ee IMPOCTO, MOHSITHBIN U IIPSIMOJ CITOCO0 MC-
CJIeOBAaHMS JAHHBIX C ITIOMOIIBIO TEMATUUECKOTO MOJEeIMPOBAHMS, KOTOPBIN
dboKycupyeTcst He Ha 00y4eHMM MOJIeN, a Ha e€ IIPOBepKe, Ha e€ BaauUIaLIN.
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[IpenjiaraeMblit TIOJIXO/ COCTOUT M3 IBYX IIaroB. Bo-1epBhIX, 0TOOP XOPOUINX
TEeM C ITOMOIIbI0 MHOXXECTBEHHOI'O 00y4YeHMsI TeEMaTUUeCKUX Mojesieit (aBTo-
MaTuueckyu 6e3 yumuTesist Uian IoyaBTOMaTUIeCKM C YaCTUUHBIM IIPUBJI€UeHM -
eM yuuTessi). Bo-BTOpbIX, aBTOMaTUUecKasl BaIMalMsl HOBbIX TeMaTUUYeCKIUX
MoJieJiei ¢ MCIIOIb30BaHMeM OTOOpaHHbBIX paHee XOPOILINX TeM. DKCIIepyuMeH-
Thl HA PeaJIbHbIX TAHHbBIX J€MOHCTPUPYIOT IPMMEHMMOCTb 3TOTO MOAX0/1A.
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3.3 PerynsapusaTopsl COXpaHeHMS ¥ OTCEMBAHUS TeM IJIsl YIyUIIeHUs
TeMaTU4YeCKOI MOZe/IN 3a HECKOJIbKO IIPOXOJ0B

TemaTuueckoe MopeaupoBaHMe MO CBOEN CYTU SIBJSETCS ITPo6yieMoii
MSITKOJ KjacTepu3anyu (M3BeCTHbIX 00beKTOB — TOKYMEHTOB, HaJl HEM3BeCT-
HBIMM KJjIaCTepaMy — Temamu). TO eCTb MCXOOHAs 3a7aua IOCTaBjIeHa HeKop-
PEKTHO. A TemMaTuuyecKye MOAEe/N HeYyCTOMUMBBI M HEMOJIHbI. BCE€ 3TO MpuBO-
IUT K TOMY, YTO IIPOIlecC IoMcKa XOpollei i TeMmaTuyeckoi Momaenn (momoop
rureprnapaMeTpoB, oOyueHe MOAeIM U OlleHKa KauecTBa TEM) MOKET ObIThb
OOJTUM U TPYAOEMKUM. XOUeTCsl YIIPOCTUTD ITOT IIpoliecc, caenaTh ero 6o-
Jee NeTepMMHMPOBAHHBIM 1 000CHOBAHHBIM. [IJISI 3TOTO IpeICTaB/IsIeTCsT Me-
TOM, UTEPATUBHOIO 00yUeHMS TeMaTuueckoii Mmomaenu. CyTb KOTOPOTro 3aKJ/Iio-
YyaeTcsl B TOM, UTO Cepusl CBSI3aHHBIX TeMaTUUYeCKUX mMopesieii ooyuaeTcst Ta-
KM 00pa3oMm, UTOObI Kaskaast IMocjieayoias Moaeab Obljla KaKk MMHUMYM He
Xy3Ke IMpeabIayIeii, TO eCTb COXpPaHsijia BCe XOPOoIllue TeMbl, HalileHHbIe paHee
(Xopouiye B TOM CMbICJI€, UTO OHM IIPOCTO YA OBJIETBOPSIOT HEKOTOPOMY KpU-
TEPUI0, UHTEPECYIONIEMY MCC/IeoOBaTeNsl, HAIIpUMeD, SIBJISIIOTCSI UHTEPIIPeTU -
pPYeMbIMM, WJIM KOTePeHTHBIMM, UM peJeBaHTHBIMU KaKOoii-TO APYyroi 3ama-
ye, IJIsI KOTOPO IPUMEHSIETCS TeMaTuieckoe MmogenmpoBaHue). CBSI3b MeXIY
MOZEJISIMU TOCTUTAETCS C TIOMOIIbI0 aAAUTUBHOIN perynspusauun. Pesyibra-
TOM TAaKOT'O UTEPATUBHOTO OOyUEHMS SIBJISIETCS MOC/IeIHSISI TeEMaTudecKasi Mo-
IeJib B CepUM, KOTOPYIO OyAeM Ha3biBaTb UTEPATUBHO OOHOBJISIEMOJ aITUTUB-
HO peryiasipM30BaHHOl TeMaTuueckoit mogenbio (iteratively updated additively
regularized topic model, ITAR). OKkcriepyMeHTbI, IpOBegEHHbIE HA HECKOJIbKUX
KOJUIEKIIMSIX TEKCTOB Ha €CTeCTBEHHOM $13bIKe, TOKa3aJ/iu, UTO MpeaJjosKeHHast
Mogenb ITAR paboTaeT ayuiiie APYrux MOMY/SIPHBIX TeMaTUUYeCKMUX Mopenei
(LDA, ARTM, BERTopic), e€ TeMbI pa3HO06pa3Hbl, a epruiekcus (Mepa - yauB-
JIeHUST” MO el IIpy BUAe JaHHbBIX) YMepeHHasl.
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3.3.1 BBeneHue

TemaTuueckoe MmogenMpoBaHue — 3TO HallpaBjieH/e B 00/1acTy aHa/In3a
TEKCTOB, 1[eJIbI0 KOTOPOTO SIBJISIETCS TIOUCK CKPBITHIX (JIATEHTHBIX) TeM B O0JIb-
X 06bEMax HeCTPYKTYPUPOBAHHbBIX TEKCTOBBIX TAHHBIX, UTO JAET BO3MOX-
HOCTb aBTOMAaTUYECKM OXBaTbIBATh, IOHMMATh OOJbIIIME TEKCTOBbIE KOJJIEK-
uuu [57]. IlpenmonaraeTcsi, YTO KaskAblii TEKCT HA €CTeCTBEHHOM S$I3bIKe CO-
OEePXUT TeMbl — KaK MHTepIIpeTUpPyeMble UeJIOBEKOM ITOHSITHS, OTHOCSIIME-
CS1 K KaKMM-JIM00 06/1aCcTSIM peayibHOCTHU. [lToMMMO moMcka TeM, TeMaTuieckast
MOZeJIb OLleHMBAaeT BePOSITHOCTU IIPUHALIEKHOCTU JOKYMEHTOB K KasKI0M U3
HalileHHbIX TeM. TakuM 00pa3oM, TeMaTuueckue MOMAeIM TakKkKe Ipeijara-
I0T MHTEPIIpETUPYEMOe TIpeLiCTaB/IeHMe JOKYMEHTOB B COOTBETCTBUMU C TeMa-
MU [39], KOTOpOe MOXKeT ObITh MUCIIOIb30BAHO B IPYTMX 3aJauyax, CBSI3aHHbIX C
00pabOoTKOI eCcTeCTBEHHOTO SI3bIKa, HAIIpUMep, IPY pe3I0MMUPOBAHUY TEKCTOB
M aHa/IM3e TOHAJIbHOCTU TeKCTa. bosee TOro, NpMMeHMMOCTb Pe3yabTaTOB Te-
MaTMUUYECKOTO0 MOJIeIMPOBAaHMS PacIIpOCTPaHsIeTCsl M Ha Apyrue ob6jacTu, Ha-
IpuMep, COLIMoIoTMUecKme ucciemoBanmsi [154], MoounbHbIe ceTu [155], 3apa-
BooxpaHeHMe [156], IMcKypcC B cpeAcTBax MaccoBoit mHpopmatyu [157], 61o-
MHbOpMaTUKYy [3], uctoputo [158]. [lomnmo aHanm3a TeKCTOB Ha €CTECTBEHHOM
s13bIKe, TeMaTU4YeCKOe MOAEeIMPOBAHME MOXET IIPUMEHSTHCS U B COBEPILIEHHO
IOpPYTUX, Ka3aJ10Ch Obl, MIPUJIOKEHUSIX, T/Ie YUaCTBYIOT COBEPIIEHHO JIpyTue CyIii-
HOCTMU, HO C TeMU >Ke OTHOIIEHUSIMM, UTO €CTh MeXIy CI0BAMU U JOKYMEHTa-
MU. TakKMMM CyIIHOCTSIMU MOTYT ObITh, HAITPUMeEP, IMTOKYITKU B UCTOPUSIX OTle-
pauuit KaMeHTOB 6aHKa [7] win reHbl B 6Monornyeckux obpasuax [159]. Tema-
TUYECKOe MOeIMPOBaHMe — 3TO KaK yKe CJIOKUBILIASCS, TaK U BCe ell€ aKTUB-
HO pa3BMBAaOIIAsICsA 00/1acTb aHanm3a TekcToB [160]. B aToit paboTe MbI cocpe-
IOTaYMBAEMCS Ha BEPOSITHOCTHOM T€MAaTUUYEeCKOM MOAETMPOBAHUMN, T€ TEMbI
IIPeACTABIISIIOTCSA KaK BePOSITHOCTHBIE pacIipelie/ieHVs HA MHOXKeCTBe CJIOB.

3ajaya TeMaTM4yeCcKoro MopaenuMpoBaHusi GopmMyampyeTcsi Kak 3ajada
MaTPUUYHOTO pasioKeHUs] — MOIMycKaioiasi 6eCKOHeYHO MHOTO pellleHuit —
II03TOMY 3aJiaya IMoCTaBjieHa HeKOPPEeKTHO [39]. C 1esbio orpaHnYeHnUs KO-
yecTBa pelleHuil BBOIITCS peryiasipusaTtopbl. Kpome 3TOro perynsapmusaTopsl
MOTYT CIYXXUTb [IJISI TOTO, YTOOBI MOMyUYaTh TeMaTHUUeCKye MOJenu C Xkejae-
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MbIMM CBO¥icTBamu. Hampumep, peryaspusaTop paspeskuBaHMs CIIOCOOCTBY-
eT TOMY, YTOOBI BEPOSITHOCTHOE pacrpeiesieHye TeMbl ObIIO COCPeIOTOYEHO B
HeOO/IbIIIOM UMC/ie (JIOB, @ He pa3Ma3aHo M0 BCceMy coBaplo. PerynsipusaTtop
IeKoppeaupoBaHMs CIIOCOOCTBYET ITOy4eHI0 60iee OTIMUHBIX APYT OT ApY-
ra TeM [36]. OgHaKO He BCe IoslyyaeMble ¢ TOMOIbI0 TeMATUYECKOM MOIeIn
TEMbI SIBJISIFOTCSI XOPOIIMMU (YO 0BJIETBOPSIOIIMMMU OIpene/IEHHOM KPUTEPUIO,
B 00IIIeM C/Iyuyae — MHTepIpeTupyemMbiMiu). KpoMme Xopolnx, TeMbl ObIBAIOT
IUIOXMMM (HaIllpuMep, KOTaa camblie BEpOSITHbIE CJI0BA TEMbI HA CAMOM Jiejie C
TOUKM 3PEHMS UeI0BeKa HMKAK He CBSI3aHbI APYT C APYrOM, UM KOIaa cpeau
CaMbIX YaCThIX CJIOB TEMbI BCTPEUAIOTCS ~ CTOI-C/I0BA” (CIyskeGHbIe) min * ¢ho-
HOBBIE” (JIOBA (He HeCyIye HMKAKOI0 CMbIC/IA, KPOMe ' CBSI3KM” [IJIs S3bIKA)).
Taxkske MOKHO BBIJEIUTD IPYIITY HUKAKMUX” T€M: TAKMUX, KOTOPbIE He SIBJISIOT-
CSI HY XOPOIIMMM, HU TJIOXMMM; TEMbI, KOTOpbIE MCC/IeI0BATeNI0 ObIJIO ObI He
KaJIKO MIOTepSITh (Harpumep, TyOoauKaThl ke HaliIeHHbIX XOPOILINX TEM).

[TpuponHasi HEKOPPEKTHOCTD 3a[1auyM TEMATUUYECKOr0 MOJEeIMPOBaHMUS,
BbITEKAIOI[/e U3 He€ HeIlOJIHOTA U HEeYCTOMUYMBOCTb TeMaTUUYEeCKUX MomeJiein
[9; 161] u HanMMUMe TUVIOXUX TeM Cpeny HaXOLVMbBIX MOJebI0 IIPUBOLIT K TO-
MY, UTO SKCIIEPUMEHTBI C TeMaTUUYECKUMU MOAEISIMU MOTYT IPOXOAUTD TOJITO
1 6eccucTeMHO. Bbi6Op rurepnapaMeTpoB Mopesin, o0ydeHue, oljeHKa Kaue-
CTBA MO/, aHa/In3 TeM MoJe/M (aBTOMaTUYeCKU WM ToJlyaBTOMaTHU4ye-
cKkuit). Eciu Mmonesnb He yCTpamuBaeT, TO BCE IOBTOPSIETCS 3aHOBO. [Ipu aToMm
HalileHHble XOpollue TeMbl mepsitomcs. I Tak MoXeT ObITh MHOI'O pa3, MoKa
He OyIyT HaiaeHbl MOAXOASIINe IUIepIiapaMeTphl.

OCHOBHOI1 MJieei TaHHO pabOoTHI SIBSETCS BhICTpauBaHMe ICHOTO U CH-
CTEMHOTO MyTU OT UCXOAHOM TeMaTU4eCKOM Monenun n0 xXopoiueil. He yxons
OT HEeOOXOIVMOCTY 00yUYeHMsI HECKOJbKMUX MOesieil 10 MoayueHus JTydliei,
MbI TIpefjiaraeM ooy4aTb MOAENU C8s13aHHbIM 00pa3oM, OOHY 3a Apyroi. Tak,
YyTOOBI B KaXKI0¥ IOCaenyoIleil Mogenu GuKkcuposalucy, Bce Xopoline TeMbl,
HalileHHbIe paHee, a IVIOXe — 0MCeusalucsb, TO eCTh YTOObI Cpeliyi OCTaBIIMX-
CsI TeM YTOOBI He ObLJIO YyKe HalJeHHbBIX paHee IIOXUX TeM. DTy I10CaeI0Ba-
TeJIbHOCTb 00yuyaeMbIX APYT 3a IPYrOM TeMaTUUeCKUX Mogeseii (a Takke B 3a-
BMCUMMOCTM OT KOHTEKCTa M CaMyl0 MOCIeqHI00, UTOTOBYI0, MOJe/b B I1OC/Ie-
I0OBATeJIbHOCTH) MbI Oy/IeM Ha3bIBaTb UMepamugHoli memamuueckoti Mooevio.
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Takum 06pa3om, B ITOM KOHTEKCTe MTepaLusi” — 3TO 00ydeHme OgHOo Moze-
JIN.

Il pelieHMsT 3aJauy 10 COXPAaHEHUIO XOPOIIUX M OTCEMBAHUIO ILJIO-
XX TeM WCIIONb3YIOTCS aOauUTUBAsI peryasipusalus TeMaTUuyeCKUX Mome-
neit ARTM. TTogxom ARTM criocoOCTByeT ONTMMM3alUMKU MOJesei Mo cyMMme
HeCKOJIbKUX KpuUTepues [162], UTO MOMOTaeT yYUThIBATh 0COO€HHOCTY KOJIJIeK-
LM TEKCTOB U OTPAHUYNUTD KOJIMUYECTBO PEIIeHN 3a1au TEMaTUUYECKOTO MO-
IenMpoOBaHMSI.

[aBHbBI BK/IaA, pab0Thl MOXKHO Pe3IOMMPOBAThH CJIeAYIOIIMM 06pa3oM:

— IlpencraBiieHa UTepalMOHHO OOHOBJISIEMasl aiIUTUBHO PEry/aspu30-
BaHHAas TeMaTuuyeckasi MOJieJb.

— BBeneHbI peryasipusaTopbl 110 COXpaHeHMIO (puKcauyn) U yaaaeHUIo
(oTceMBaHMIO, PUIbTPALINN) TEM.

— DKCIIepMMEeHTaMM [0 CPaBHEHMIO IIpeijiaraeMoil Monein C psiaoM
OPYTUX TeMaTU4YeCKUX MOJeneil Ha HEeCKOJbKUX KOJUIEKIUSX ecTe-
CTBEHHOTO SI3bIKa [TOKA3aHO, UTO UTepaTUBHAS TeMaTU4eCKasi MOJeb
criocoOHa HaKaIJIMBaTb HAaMOOJbIINIA ITPOLIEHT XOPOIIMX TeM, KOTO-
pble IIPU 3TOM Pa3JINYHBI.

3.3.2 CssizaHHBIE PAaOOTHI

BepOHTHOCTHoe TeMaTn4YeCKoe Moade/IiMmpoBaHe

B pabote [37] mpeacTaBieHa caMasi IpocTasi TeMaTuueckasi Mojiesib PLSA,
pelraroas rno CyTu 3aauyy MaTPUUHOTO Pa3JIOKeHUS U3BECTHBIX YaCTOT CJI0B
B JOKyMEHTax B By MPOM3BeaeHMs] MaTPUL, BEPOSITHOCTYU CJIOB B TeMax @ u
TeM B JOKYMeHTax @ 6e3 KaKuxX-JIM00 JOIOJHUTEIbHBIX OTpaHNUYeHUI, KpoMe
TOT'0, UTOO CTOJIOIBI MAaTPHIL, BEPOSITHOCTEN B CAMOM Jiejie ObIM CTOXacTuUde-
CKUMM. ABTODBI [57] mpenyioxuan Mmoaesib LDA, cTaBIIyi0 BOOCIEACTBUM OUEHb
TIOITYJISPHOI, TIe pellaeTcsl BCE Ta Ke 3aj1aya MaTPUUYHOTO Pa3jIOsKeHMs, HO C
IOTOJTHUTE/IbHBIM OI'PaHMUYEHMEM Ha CTOJIOLbI MaTpULl BEPOSITHOCTE CJIOB B
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TeMax U TeM B JOKYMEeHTaX: IIpeaIiojiaraeTcs, YTO OHM MOPOXKAAIOTCS paciipe-
nenenueM Ivpuxiie.

ApauTUBHAA peryasipusanmsi TeMaTUuuYeCKUX Mopeinen

Pa6ora [39] siBnsieTCs OTIIPaBHOI TOYKO B pa3BUTUM T€OPUM aAAUTUB-
HOJ peryJsipu3aluy TeMaTU4eCKuX Mopesei, B pycjie KOTOPOi HaXOOUTCS U
naHHas pabora. B pamkax ARTM nogxonma peanusyioTcs u PLSA, u LDA mo-
nenu. Kpome 3TOro, peryaspmusaTopbl MPeaoCTaBISIOT YIOOHBI MHCTPYMEHT
IJIST TOTO, YTOOBI ITOyYaTh TEMATUUECKMe MOJENN C JKeJlaeMbIMM CBOJMCTBA-
MM, TAKMMMU KaK: pa3pekeHHOCTb TeM, pa3/IMYHOCTh TEM, pa3ge/ieHue TeEM Ha
npeaMeTHbIe U OHOBbIE. B paboTe [135] npeajioskeHa TeMaTudeckasi MOJI€e/ib,
obOyuatoiasicsi 6e3 MaTpUIIbl BEPOSITHOCTEN TeM B IOKYMEHTax, U B KOTOPOIA
TeMbl cpa3y (6e3 IOMOMHUTENbHON peryaspusalum) mosydyaroTcs pa3speskeH-
HBIMMU.

HejiipoceTeBbie TeMaTHMUECKIE€ MO/

B HacTosiiiee Bpems 00JbIlloe BHMMaHMe yeseTcss BO3MOKHOCTU MUC-
I0JIb30BaHUS HelpoceTei OJil TeMaTUu4eCKoro MopenupoBanusd [163]: npen-
JaralTcsl HelipoceTeBble TeMaTudeckue monenu [113; 164; 165], 6onbiine
SI3BIKOBbIE MOZEJIN TAKXKe MCIIONb3YIOTCS [IJIST OLIEHKM KauyeCTBa MOydaeMbIX
B IIpolLiecce MoenpoBaHys teMm [114].

B KauecTBe HeIpOCETEBOI MOAEIM, C KOTOPOII Mbl cOOMpaeMcsl CpaB-
HUBATb BEPOSITHOCTHbIE TeMaTU4eCKue MOMEeNN, peaiM30BaHHbIe B paMKax
APTM, Bei6pana BERTopic [113], ucronb3yioiiast SMOeIIMHTU CJIOB, TTOTYYeH-
Hble 13 mozeny BERT [166]. Monens BERToOpic cOCTOUT 110 CyTU U3 HECKOIbKUX
“6110K0B”. TlepBblIi1 6/IOK C IMOMOILBIO HeiIpoceTeBOi 3MOeIIMHT MOIEeIN CO-
30a€T sMOenaAMHTY AOKYyMeHTOB. Crnenytoniuii 610K ¢ omoiibio UMAP [167]
TTOHMKAaeT pa3MepHOCTb 3TUX dIMOeNAMHIOB Mepe[ KiacTepusaiueii. 3aTeM
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MIPOXOJIUT COOCTBEHHO KjIacTepu3aliusi JOKYMEHTOB C ITIOMOIIbIO aJropMUTMa
HDBSCAN [168]. 1 nakoserj ¢ momoiibio TF-IDF [169], korma B KauecTse “I10-
KYMEHTOB” BBICTYIAIOT IOJIyYeHHbIe paHee KIaCcTepbl — IPYIIILI JOKYMEHTOB
ogHoii TeMmbl, BERTopic ornipenensieT TOM-c10Ba KaXXI0M TeMbl.

BHyYTpeHHMe KPpUTEPUM KaueCTBa TeMaTUUYeCKUX Mojeneit

[TonysisipHBIM OKa3aTeseM KayeCTBa TeMAaTUUEeCKO MOIeIu SIBJSIeTCs
nepriekens (14). YacTo repruiekCuio gaxke MCIIONb3YIOT OJi OmnpeneieHus
“ONTMMaNbHOTO” UMC/Ia TEM B TEKCTOBO Ko/utekiyy [119]. YUeM mMeHbIile Tiep-
TIEKCHSI, TEM MeHbIIle MOJIe/Ib VCIIbITIBAeT M3YMJIeHMsT” IIPU BUJIe JaHHBIX.

Cnenymomiuii KpUTepuii KauecTBa, KOTOPbI Mbl CUMTaeM OCOOEHHO BaXK-
HbIM U OyJleM MCIOJIb30BaTh B MAaHHOM paboTe, SIBISETCS pA3JUYHOCMb TEM.
CumTaeTcst, YTO B XOPOIIIEe TeEMAaTUUECKO MOJIEIM TeMbI JOIKHbBI ObITh pa3-
nuuyHbIMU [5; 116]. B kKauecTBe METPUKM [ OLLEHKM Pa3IMYHOCTY TE€M B 1aH-
HOJ1 paboTe GymeM MCIoNb30BaTh AuBepreHuyio Mencena — lllenHona [117]:

div(®) = (Tl) q;d) \/%(KL@,- | 6)+KL; 1l 6) (28)
2 ¢i,ij>jejé>

B pa6otax [100—102] mpeacraByiieHa KozepeHMHOCMb TeMbl (16) — Kak
GyHRIMS COhyyp (F) AJISL OLIEHKM MHTEPIPETUPYEMOCTM TEMBI 110 COBCTPeYae-
MOCTSIM TOII-CJIOB.

B pabore [6] 1 OlleHKM KavyecTBa TeM IpeJioKeH Apyroi Moaxo, Ha-
3BaHHBIN 6HYMPUMEKCMOB0U KO2epeHMHOCMbI0. ABTOPBI BbIABUTAIOT TUIIOTE3Y
O CerMEeHTHOM CTPYKType TeKCTOoB [170], KoTopas I1acuUT, YTO C/I0BA TeM BCTpe-
YyaloTCS B TEKCTE He BIIepeMellIKy, a TpyIinamMu, cerMmeHTaMu. Takum o6pasoM,
eCJIM TeMa XOPOoIllasi, TO OHA COIJIaCyeTCsI C TUIIOTEe30M O CerMeHTHOM CTPYKType
U CpeoHss ONUHA cezMeHma CJIOB 3TOV TeMbl OyeT 60sbliie, YeM IIMHA CEIMEeH-
TOB CJIOB IIJIOXMX TeM. BHYTpUTEKCTOBast KOrepeHTHOCTD coh;, i, KaK pa3 oLe-
HMBaeT CPeIHION IJIMHY CeTMEHTa TeKCTa, COCTOSIILEro U3 cJIoB TeMbl. CI1ocob
TaKOTO0 IO CUYETA BhIpaskaeTcsl He POpMYJI0ii, a CKOpee aJITOPUTMOM, B Pe3yiIb-
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TaTe KOTOPOTO BCSI KOJIJIEKIIMSI ITPOCMaTpMBaeTCsl OT Havasa g0 KOHIa. JTO, B
YAaCTHOCTH, JIeJIaeT BHYTPUTEKCTOBYIO KOT€PEHTHOCTDb 00jiee BbICUC/IUTETbHO
3aTPaTHOJ 0 CPaBHEHMIO C KOT€PEHTHOCTBIO I10 TOM-CI0BaM (1151 ObICTPOTO
BBIUMCJIEHVSI KOTOPOJ JOCTAaTOYHO OAMH pa3 3apaHee MPOTH M0 KOJIJIEKLIVH,
YTOOBI COCTAaBUTh MaTPUILy pa3mepa W x W COBCTpPeYaeMOCTEe CJIOB).

I/ITepaTMBHbIﬁ nmoaxoa K TeEeMaTu4eCKOMy MOASJIMPOBAHNUIO

MTepaTuBHOE OOGHOBJIEHME TEeMATUUECKOI MOMIEIN — 3TO He UTO-TO HO-
Boe. Tak, camo pelleHue 3a4a4M TEMAaTUYECKOTO MOLEIMPOBAHUS TIPeCTaB-
JIsIeT c060¥ UTePALMOHHbINA aIrOPUTM. (XOTS B JAHHOM KOHTEKCTe “mTeparys”
O3Hauaer JIUIIb OgHO 06HOBIeHMe MaTpull ® 1 ©.) Kpome 3Toro, B mpusioske-
HUSIX TeMaTU4YeCcKue MOAEeIN MOTYT UCII0/Ib30BaThCS IJIST aHA/IM3€ KOJIJIEKIIMIA,
MEHSIOLIMXCS CO BpeMeHeM: HOBOCTHbIe ITIOTOKM, HayuHble cTaTbhy [171] — roe
TpebyeTcsl OOHOBJIEHME YykKe 00yUeHHOM MOIe/IM Ha BHOBD ITOCTYITMBIIMX TaH-
HBIX.

IlaHHas ke paboTa CKOHIIEHTPMPOBAHA HAa OOHOBJIEHUM TeMaTU4yeCcKoi
MOJIeJIV TIPU CTaTUUHO Kojutekiyuu. Takum 06pa3om, 3TO B HEKOTOPOM CMbIC-
ne “068pTKa” Hag, IPOLeCCOM OOYYeHMST TeMaTUUeCKoil Momenu. B 3Toit ¢Bs-
31 JaHHasi paborta 6osee Bcero 6mn3ka [9; 161]. Tak, B [9] aBTOpamMmu BBOOUTCS
nousaTue TopicBank — KojeKiust XOpoumx pa3anudHbIX TeM, KOTOpbIe HaKa-
JIMBAIOTCS B MpOliecce MHOKECTBEHHOTO OOyueHUsI TeMaTUueCKux Mojeseii.
ABTOpBI IIpeaJiaraloT UCroib3oBaTh TopicBank Kak crmoco6 oleHKM KavyecTBa
BHOBb 00YUEeHHbBIX Mojiejieit. Xopoliei ske TeMaTUuecKoil MO/IeIbio OH He 00s1-
3aH SIBJISITHCSI, TAaK KaK HM3Kasl MepIIeKCHs ero Kak MOe/In He BXOau/Ia B Kpy-
Tepuit IIpy HAKOIJIEHUM TeM B OaHKe.
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3.3.3 MeTog,

UTepaTuBHasA agAUTUMBHO perysipu3oBaHHasA TeMaTHU4YeCKass MOjellb
OcHOBHas umes IpeAjaraeMoii UTepaTMBHO OOHOBJISIEMOI MOIENIN COCTOUT
B TOM, UTOOBI, MMesI OOHY MOAe/b, ITOTYUYUTDb CJIeYIOIIyI0, KOTopast 6bI Oblyia
rapaHTMPOBAHHO KaK MMHMMYM HeE XyKe I10 KOJIMYECTBY XOPOUIUX TeM, YUeM
rpenbiayias (CM. puCyHOK 30). 9TO LOCTUTaeTCs UCIIOIb30BaHMEM [IBYX pery-
JSIPMU3aTOPOB: GUKCAILUM ¥ OTCEMBAHMUS TEM (IeKOPPeISILiUM C OTIOKEHHBIMU
xopowmu T, ¥ noxumMu T_ TeMamMu, CTONOLbI KOTOPBIX COOMPAIOTCS B MaT-

puy ®):

ARE‘M
Z(0,0) + Rsparse(q)) + Rdecorr(q))

~ ~ - 29
+ R (®, B) + Reter(®, ®) + Reiteer (@, ®) — max 2
bad good .0
ITAR

PerynspusaTtop puxkcauyuy TeM — IeMCTBYeT KaK peryasipusaTop Criia-
>kuBaHMs (10), TOMbKO Terepb BMeCTO paBHOMepHOro pacrpenenenus (KL-
OVBEPreHIMI0 C KOTOPBIM Peryjasipu3aTop CTPEeMUTCS YMEHbIIUTb [JIS BbI-
OpaHHBIX TEM) BBICTYIIAE€T TO, KOTOPOE XOTUM COXPAHUTh:

Rix(@.®)| ;=7 3, D by Ind,, — max (30)

teT, wew

PerynspusaTop OTCeMBaHMS TeM — IeMCTBYeT KaK peryaspusaTop Je-
KoppenupoBaHus (11), ToIbKO Terepb TeMbl 00y4aeMOil MOJIeI TeKoppeIm-
PYIOTCSI He IPYT C APYTOM, a C OTJIOS(KEHHbIMU T€MaMU:

R filter ((I), &))|1>0 =7 Z Z Z ¢wt$um - mq‘;:lx (31)

bad/good t€T! s€T_IT, weW

rie T’ = T ~ T, — cBOGOJHbIE TeMbl B HOBOJI MOfen (KOTopble He UKCH-
pyem). [lekoppenmpoBaTh IpeajiaraeTcs ¢ OTI0KeHHbIMU U IIJIOXUMU, U XOPO-
MU TeMaMi. Vnes gekoppensuum C II0XUMU KaKeTCs MOHSITHOM: He XO-
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T, To T T, 2T,

,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,,

filter
PucyHok 30 — Mpest uTepalluOHHOTO MOAXO0AA K YIYUIIIEHUIO TeMaTUYeCKOM
Mozenu. TeMbl MCXOQHOI MOLenn M, aBTOMaTU4YeCKU UIIN
TIOJTyaBTOMAaTHYeCKY pa3MeyvaloTcst Ha xopouue T, ioxue T_ 1 “HUKakue”
T, (Takue, KOTOpbIe He XKaJIKO II0TePsTh, He IUIOXMe, HO M He pejleBaHTHbIe
IJ1s1 ICCIIe[,0OBaHMSl, HAIIpUMep, 9TO MOTYT ObITh Ly6nukatsl TeM u3 7', ). [Janee
obOyuaeTcsl HOBasi TeMaTuueckasi Mofenab M, TaKk UTOObI B Hell COXpPaHUIUCh
Bce TeMbl T, a TeM T_, HA000POT, 4TOOBI He 6b110. TakMM 06pa3om Mozenb
M 110 KOIMYeCTBY XOpOIUX TeM 7| TIONy4aeTcsl KaK MUHVMYM He XYXKe

moznenu M, a, BOSMOXHO, 1 aydmte: T, D T,.

TUM, YTOOBI B HOBOJ TeMaTUYeCKOI MO/ CHOBA MOSIBUJIMCH YK€ BUIEeHHbIE
paHee IIoXMe TeMbl. JJeKoppesuus ke ¢ XOpOIIMMU UMeeT TOT CMbIC/I, YTOO
MO[ieJib He IIbITa/JIaCh ITOBTOPHO HAMTU Te Ke CcaMble XOpOoIlle TeMbl (XOTUM
pasiMyHbIe XOpoline).

[ToripaBka OT peryasipusaTopa JeKOppearpoBaHus C OTIIOKeHHBIMU I1J10-
XUMM TeMaMu Ha M-1iare:

a ~
¢wt_RfﬂteI‘ = _T[t S T’]¢wt 2 ¢LUS

ad)“}f bad se€T—

rIe BbhipaskeHue [f € T'] o3HauaeT OyJIeBCKMII MHOMKATOP, TO eCTh [t € T'] =
= (1ifr € T’ else 0).
BunHo, uTo 3¢ eKT TaKoro peryiasipusaTopa Ha caMoOM Jiejie — IeKOp-

pensLus co “CpefHeit IIoXoi” TeMoit Y. ¢,,.! XOTs 1o repBoHaYaIbHOI 3a-
seT—

OYMKe XOTeJIOChb, YyTOOBI HOBAsI TeMa O6yan'IaCb HEII0XOKei HU Ha OaHy n3 OT-
JIOKEHHDbIX ITJIOXUX. HOSTOMY MBI ITpeacTaB/IgeM ene O HY BEepCUIO OTCEeNBAIO-
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IIIETO TEMBI peryasspu3aTopa, IPM3BaHHOTO UCIIPABUTD 3TOT HEAOCTATOK:

2

R fiterz (@, D)|,50 = —% Z Z Z GuiPuws | — max (32)

bad/good t€T’ s€T_IT, \weWw

burgg—Riers = ~elt € TV Y, s Y, bubs
wt  bad seT_ uew

MOXKHO 3aMeTUTb, YTO 3HAUEHUSI, TIOCUMTAHHbIE 10 BTOPOI BEPCUM pPery-
asipu3aTtopa (32), MOayYarTCs Ha IOPSAKM MeHblile, YeM 3HAaUeHUS peryJisipu-
3aTopa nepBoy Bepcun (31) (3TO 3HAUUT, UTO AJISI OOUHAKOBOTO 10 BeJIMUYMHE
sdpdexra HA Mozgeb KO3bGUIIMEHT T BTOPOTO pery/sipu3aTopa JOIKeH ObITh
Ha MOPSIIKM OOJblle, YeM 7 IIEPBOTO).

WTepaTBHYIO MOZEJIb C UCII0JIb30BaHMEM I1€PBOI BepCUM OTCEUBAOIIE-
ro peryasipusaropa (31) mbl 6yaeM o603HauaTh Agajiee kak ITAR, a MoJielb CO
BTOPOI Bepcueir persinsatopa (32) — kKak ITAR2.

3.3.4 OJKCHepuMMEeHT

MeToponoruss B 5KcriepyMeHTAJIbHOM 4aCTU Mbl XOTUM IIPOBEPUTH CIedy-
I0I[/i€ MOMEHTHI: 1eMCTBUTEIbHO JI KOJIMUECTBO XOPOIINUX TeM B IIPeIJIOKEeH-
HOJ MOJIeJIV YBeJIMUMBAETCS UTePATUBHO? ITPEBOCXOIUT JIM UTepaTUBHAS MO-
Ileib Ipyrue TeMaTuueckue MOAeIn [0 UTOTOBOMY UMC/TY XOPOIIUX TEeM?
MeTononorus cienyoinas. FimeeTcsa HeCKOIbKO TeMaTUUYeCKMX MOJeel.
VX mpenrionaraeTcss CpaBHUTh 10 KOJIMYECTBY XOPOIIMUX T€M Ha HECKOIbKUX
KOJIJIEKLMSIX TEKCTOB. Takke B paMKax OT/Ie/IbHBIX SKCIIEPUMMEHTOB OymeM 00y-
yaTth Mozem Ha T = 20u T = 50 TemM (CunMTaeM, 4TO XOpollIMe TeMaTudeckue
MOZe/IV OO/KHBI ITOJIyYaThCs TP IPOU3BOIbHOM uucie TeM [10]). s kaxkmon
MOJIeJi IIPOBOAUTCS HECKOJIbKO (a MMeHHO 20) 00yueHMii C pa3HbIMM Haualb-
HBIMM MHUIIManu3auusiMu. [Ipu 5ToM uTepaTuBHASI MOJEeIb OOHOBJISIETCS OT
MUTepalyy K UTepalyu, OCTa/IbHbIE K€ MOJIe/IM Ha KayKI0i UTepaium 00yJaroT-
CsI LIeJIMKOM 3aHOBO. MITorosast utTepaTuBHasi MOAE/Ib — MO/IeJIb Ha MOC/IefHe N
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UTepauyuu, UTOTOBAs He UTepaTUBHAS MOJeNb — JIydllas 10 YUCTY XOPOIIUX
TeM U3 BCeil CepUn.

XOpoLNMMMU CUMTAIOTCS TEMBbI C BBICOKOM KOTepeHTHOCTBIO [6; 102]. [Topor
BbICOKOJ KOT€PEHTHOCTU HaXOOUTCSI TaKKe 3KCIIepUMEHTAJbHO IYTEM IIep-
LIEHTW/ILHOIO aHa/IM3a BCEX TeM, IOJYYEHHbIX OT HeUTepPaTUBHBIX BEePOST-
HOCTHBIX TeMaTudeckux mopmesnei (80% — MPUHSIT 3a MOPOTr 0 KOTE€PEHTHO-
CTU, YTOOBI CUMTATh TeMy Xopoiieii; 20% — IMOPOT AJIs TOTO, UTOObI CUMUTATh
TeMy TIJI0XO0¥; 151 KasKI0ro JaTtaceTa U AJ1s1 KaskIoro uucia TemM B Mmogenn ao-
COJIIOTHBIE TIOPOTOBbI€ 3HAUEHUS KOTrepeHTHOCTeN MOAyYaIucCh pa3sHbiMu). B
KayeCTBe OKHA COBCTPEUAEMOCTU IIPU pacyeéTe KOrepeHTHOCTU (16) B maHHOM
paboTe 1Cnob30BasICsa ofuH NokyMeHT [100]; KolM4ecTBO TOM-CI0B ObLIO BbI-
6paHo paBHBIM k = 20; Takke, BMECTO 06bI4HOI PMI” [172; 173], uCIoIb30-
BaJIaCh €€ TOJIOKUTeNbHas Bepcus (positive PMI [174]):

p(w;, w;) 0)

PMI, (w;, w;) = max | In ,
+(w1 wj) < p(wl)p(wj)

OKCIIeEpMMEHT ObIJ Ipou3BeAEH Ha si3bike Python ¢ mcmonb3oBaHuem
6MOMMOTEK C OTKPBITHIM MCXOTHBIM KomoM TopicNet® [8] 1 BigARTM’ [39].

W cxomHbIi KO, IIpeaCcTaBI€HHOM UTePAaTUBHOM TeMaTUUYeCKOM MOen,
a TaKKe MCXOOHBIV KO M Pe3y/lbTaThl MMPOBEIEHHBIX SKCIIEPMMEHTOB TaKXKe

HaXoaAaTCAa B OTKPBITOM ,ZLOCTYI'IQ.8

HaHHble VICIO/Nb3yeTCs HEeCKOJIBKO TEeKCTOBBIX KOJIJIEKIMI: 4aCThb HA pycC-
CKOM, YaCTb Ha aHIJIMIACKOM SI3biKe (cM. Tabnuily 9). Bce maTaceTsl yske ObLIU
3apaHee mpeno6paboTaHbl (BbifeleHe MOATbHOCTEN, JeMMaTu3anus, yna-
JleHye cTor-c1oB). 20Newsgroups’ — O4eHb M3BeCTHBII aTAceT 110 TeMaTHde-
ckomy MomenvpoBanmio. Komnekiys PostNauka Oblia BriepBble MCII0/Ib30BaHa
B [6; 175], RuWiki-Good u ICD-10'" naTaceTs! co6paHbI 1 IIpeCTaBIeHbI aBTO-
pamu [8]. RTL-Wiki-Person 6b11 BriepBbie UCIOAb30BaH B [71; 103].

®https://github.com/machine-intelligence-laboratory/TopicNet.
Thttps://github.com/bigartm/bigartm.
8https://github.com/machine-intelligence-laboratory/OptimalNumberOfTopics.
http://qwone.com/~jason/20Newsgroups.

Ohttps://en.wikipedia.org/wiki/ICD- 10.
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EnvHcTBeHHAas 1mpenobpaboTka, KoTopast IIPOBOANUIACH C JaTaceTaMy —
bunpTpaius croBaps. Tak, JaHHbIe, KaK MPaBUIO, ObBUIM MY/IbTUMOIA/IbHbBIE
(Harpumep, OOBIYHBIN TEKCT, OMIPAaMMBbI, 3ar0JI0BOK), HO B SKCIIEPMMEHTAX
MCII0/Ib30BaJIach JIMIIIb OJJHA OCHOBHASI MOJAIbHOCTh (OOBIUHbIN TeKCT). Kpo-
Me GuIbTpaluy o MOAAIbHOCTHU, IIPUMeHsIach GUIbTpalNs TOKEHOB 10 Ya-
crore: df i, = 5, df,.x = 0.5 g RuWiki-Good; df;, = 2, df,.x = 0.5 onsa
RTL-Wiki-Person u gjst ICD-10 (roe df — yacToTa 1mosiBjieHusI TOKeHa B JOKY-
MeHTaxX KOJIJIeKIMM, abCo/MI0THAs (CKOJIbKO JOKYMEHTOB) MJIM OTHOCUTE/IbHAS
(DoJIs1 HOKYMEHTOB)).

Bce ncrnonb30BaHHbIe AJaTaCeTbl HAXOOATCA B OTKPbITOM ,I[OCTYI'[e.11

Tabnuia 9 — JlaTaceTbl, KOTOPbIE UCIIO/Ib30BaINCh B 9KCIIEPMMEHTAX

(D — KonnuecTBO JOKYMEHTOB, Len — cpenHss IJIMHA JOKYMEHTa,

W — pasmep wioBaps (Iocjie OTCeEMBAHUS OYeHb pPeIKMX M OUeHb YaCThIX
10B), Lang — 361K, BOW — MHOMKaTOp, O3HAYAKIIMIT HAJIMUMeE TEKCTa B
Bag-of-Words dopmate, NWO — MHAMKATOP, O3HAYAIOIIMIT HaIMUMe TeKCTa C
eCTeCTBEeHHbIM MopsiakoM c1oB). 3 20Newsgroups maTaceTra UCIIOIb30BaIacCh
TOJIbKO 00yuaroIiasi oAaBbIOOPKA TOKYMEHTOB.

Dataset | D Len W |Lang|BOW NWO
PostNauka 3404 421 19186 | Ru v v
20Newsgroups 11301 93 52744 | En v v
RuWiki-Good 8603 1934 61688 | Ru v
RTL-Wiki-Person | 1201 1600 37739 | En v

ICD-10 2036 550 22608 | Ru v

Mopenu [Iyig cpaBHEHUS C UTE€PATMBHON TeMaTUUYECKOIl Mozesblo (29) mc-
TO/Ib3YIOTCS CJIeAyIole TeMmaTuueckue mongenu. PLSA, momenb ¢ eqUHCTBEH-
HbIM runepnapametpom T [37]; LDA, y KoTopoii cTon61bl @ 1 © MOpOXKaaloT-
cs1 pacripenenenusamu upuxne [57]; Sparse — Monenb ¢ aaAUTUBHON peryJs-
pusauuen [39], cocrosiiein B paspexxuBaHuu u ciaxkupanuu tem (10) (crma-
KBaHMe MPUMEHSIeTCS JIMIIb K OAHOM OOMOJHUTE/IbHO TeMe — (POHOBOIA);
Decorr — mopenb ¢ aIUTUBHONM peryiaspusaliein, COCTOSIEN B TeKOppean-
poBaHuu (11) u crnaxkuBanuu (10) Tem (roe crinakuBaHMe CHOBA IIPUMeEHSIeT-
CSI TOJIBKO K OJHO¥ JOIOJIHUTENIbHOM, (OHOBOI, TeMe); TLESS — mopmenb 6e3

Uhttps://huggingface.co/TopicNet.
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MaTpuUllbl ®, C TeMaMM, KOTOPbIE 10 YMOJTYAHUIO TOYYAOTCS pa3pekeHHbI-
mu [135]; BERTopic — HelipoceTeBas Tematudeckas mogens [113]; TopicBank —
UTepaTMBHO OOHOBJIsIeMast MOAesb, HO 6e3 peryasapusatopos [9].

Bce monenu, kpome BERTopic, peanusywoTcs: B pamkax TopicNet/ARTM
dbpeliMmBOpKa.

ba3oBast Mmogesnb, KOTOpasi 00y4aeTcst C pa3HbIMM HaYaIbHBIMM ITPUOJIN-
SKeHUSIMM Ha urtepanusix npu ooyuenuu ITAR mogenu — 3to ARTM mogenb
C pa3peXMUBarIlM, CIVIaKMBAIOIIMM U OeKOpPeIUpPYIOIIUM pery/isipu3aTopa-
MU, U elll€ C AOIOJHUTEIbHBIMM perynspusaTopamu purcupoanus (30) u ot-
ceuBaHus TeM (29) (o momenu [TAR oTcemBawImii peryasipusaTop orpee-
nsetcs cootTHoueHuem (31), pist momgennu ITAR2 — coorHomeHuem (32)).

Bce mopenu, kpome PLSA, 06;1a5a0T OGHMM MM HECKOJIBKMMMY HaCTpau-
BaeMbIMM ruriepriapamerpamMmu. ['mrmeprnapameTpbl MOAeJeil C peryasipu3alm-
ei1 (Sparse, Decorr, ITAR, ITAR2) — 3To o cyTu juiib KO3(pPuUiiMeHThbI pery-
napusauuu . KoadduiieHTs! perynsipusainmu ajst Mojaesneit Sparse u Decorr
MICIIOJIb30BA/IVICh OTHOCUTEIbHBIE U MMOAOMpanInch 1o cetke: {—0.05, 0.1} mis
paspexxkuBaHus, {0.05,0.1} mas crmaxkuBanus, u {0.01,0.02,0.05,0.1} mas me-
Koppensiuu (Bbioupancsi KoaDOULMeHT, IIPUBOASININI K MOJENIN C MUHU-
MaJIbHOJ nepiuiekcueit). KoapduiimeHnt perynspusauum GUKCUPYIOIIETO pe-
rynsipusatopa mogesneit ITAR u ITAR2 6b11 mosioskeH paBHbIM abCOTIOTHOMY
3HaueHMo 10° st Bcex matacetos, kpome RuWiki-Good (mi1st KoToporo kosd-
uLMeHT 6bI1 BbICTaB/IeH paBHbIM 10'2). JIjst oTceMBaloLIero peryisapusaTopa
KO3DDULIMEHTDI peryaspusanum noompaanuch Takxke abCoOMIOTHbIE, IO CETKE:
{10,100, ...,10'°} ms perynsipusaropa momenu ITAR (31), u {10,100, ..., 10'2}
s perynsipusatopa mogenu ITAR2 (32) (BbiGMpancss MMHMMAaJIbHbIV K03hdu-
IIMEeHT, KOTOPbIV MPUBOAUI K 3aMeTHOMY, HO He oueHb 00JbIIOMY (TIOpSiAKa
10%), yxyniieHuio nepiiekcun). B pesynbraTe 061N 3aduCMpPOBaHbI CJIeAYIO-
e KoapduumeHTsl peryaspusannum: ¢ = —0.05 s paspexkuBanusi; ¢ = 0.05
ISt crnakuBadus; © = 0.01 Oji meKoppenuunumn; ¢ = 10° IJISI OTCeMBaHUS TeM
B monenu ITAR ans matacetroB PostNauka, 20Newsgroups, ICD-10, u ¢ = 10°
st natacetoB RuWiki-Good u RTL-Wiki-Person; = = 10® gy oTcemBanms Tem
B Monenu ITAR2 nns matacetoB PostNauka, 20Newsgroups, ICD-10, ¢ = 1010
mist nataceta RuWiki-Good, u r = 10° ms RTL-Wiki-Person. [Iyis mogenyu LDA
MCII0JIb30BAJIMCh CUMMETpPUYHbIE allpMOPHbIE pacnpeneneHus (CpaBHEHME UX
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C aCMMMEeTPUYHBIMM [65] He ToKa3a/I0 3aMeTHO pasHMIIbI;  IBPUCTUYECKYEe”
ke alpMopHbIe pacmpeneneHus [176] puBenn gaske K HECKOJIbKO 60IbIIeMYy
3HAUYEHUIO IePIVIeKCUN).

Mopenb BERToOpic oTiM4yaeTcs Tem, 4YTO B Heli HeT BO3MOKHOCTHU SIBHO 3a-
IaThb HY>KHOe uncio TeM. Ho uncio TeM mog6mpanoch 6JiM3KMUM K JKeJlaeMOMY
(20 mm 50) ¢ TOMOILBIO ITOAMO/IY/ISI ITO OMHOYPOBHEBOI * TNIOCKOM” KJIacTepu-
saryu 6ubmorek HDBSCAN. 2 Takym 06pa3om, mpy MHMLIMATM3AIN MOJie-
nu BERTopic mombupascs u 3a1aBajicsi TOJbKO mapaMeTp ¢ (KOTOPbIi OTBevasl
32 ITOTOBOE YNMC/IO TeM B Mogienn). > OcTabHble 3HAYeHVS TUIIepIIapaMeTpOB
TIPMHMMAJIM 3HaUeHMe 110 YMOJIYaHUIO.

Mopenb TopicBank ucnonb3yetcsi B IByX Bepcusix: TopicBank — Kak B
OpUTMHAaJbHOV cTatbe [9], u TopicBank2 — Korma npu co3gaHuy 6aHKa TeM UC-
MOJIb3yeTCsl MHOKeCTBeHHOe 00yueHne mogeneit ARTM (paspexkuBaHue, cria-
SKBaHMe U fekoppensinusi), a He PLSA. [Tomumo n3MeHeHMsI 6a30BOi MO e,
B TopicBank2 3MeHEH MOPOT KOTePEHTHOCTH 10 OTOOPY TeM B OAHK: BMECTO
90% TIepILeHT/IN 10 3HAUEHNIO KOTepeHTHOCTEe TeM BHOBb 0O0YUeHHOI Moje-
v [9] Mcmosib30BasICs TAKO e MOPOoT, Kak Ipu oToope Xopoiinx TeM Ajist ITAR
MOJIeNN.

Ha kaxkmoit uTepaiium ooydeHus Mpy MHULIMAIU3a1UY MOfesieil BbICTaB-
JISITICST HOBBIN seed, paBHBII HOMepPY UTepaluu (3TOT IapaMeTp oIpenesseT
mHuumanmsaumo ® marpuinbl gasa APTM mogpeneii, n noBegeHne UMAP niis
mopaenu BERTopic).

3.3.5 Pe3ynbTaThl M 00CYKIEHUE

KorepeHTHOCTB 110 TOII-CJIOBAM  JDKCIIEePMMEHTHI IT0Ka3aJin, YTO UTEePATUB-
Hasi MOJIeJib COIEPKUT O0JIbIlle BCETO XOPOINnX TeM. IIpy 9TOM XOpOoLuMu MO-
T'yT OBITH O0sIbIlle 80% TeM UTepaTUBHOIM Mozden (CM. pUCYHOK 31). IIpu aTom
€€ TeMbl Pa3jIMuyHbl, a TIepPIVIeKCUS BCe MOAe/in, XOTb U He caMasi MajJleHbKast
cpeny pacCMOTPEHHBIX MOJiesieii, HO yMepeHHas (CM. ITOAPOOHbIe pe3yIbTaThl
110 HEeCKOJIbKMM JaTaceTam B Tabnuile 10, ¥ TOMbKO MPOLIEHT XOPOILINX TEM B

L2https://github.com/scikit-learn-contrib/hdbscan/pull/398.
13cluster_selection_epsilon.
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MOJeIu ISl BCcexX maTtaceToB — B Tabnmuiie 11). To, 94TO meprjiekcust uTepaTms-
HOJ MOJe/IM Bblllle MMHUMAJIbHOM, 00BSICHMMO, TaK KaK 3TO MOZe/Ib, O0yUeH-
Hasl C IOIOJIHUTE/IbHBIMM OTpaHMYeHUsIMU (C peryasipusauyein). MuHuMasib-
HOJ1 JKe TepIrieKcueit 061agaoT cambie TIpocTbie Moaeny PLSA u LDA.

OTHOCUTEBHO perysipusaiyy 6bUI0 TaKKe 3aMedeHo cienyioiiee. Tak
Kak puKcalyus TeM B UTepaTUBHOM MOV BCE OOIbIlle OTPAaHNUYMBAET €€ CBO-
6oy (110 Mepe TOro, KaK XOPOIINMX TeM CTAHOBUTCS BCE OOJIbIIE), MOKET HACTY-
IIMTh MOMEHT, KOIZ1a XOPOIIMUX TeM CTAHOBUTCS TaK MHOTO, UTO OCTaBILIMECS
CBOGOIHbBIE TeMbI BbIPOXKIAIOTCS”, CTAHOBSICH HY/IeBbIMMU. UTOOBI 3TOrO M30e-
’KaThb, B 00yUeHMe UTepaTUBHOM MO OB 3a/10KEH KpUTEPHii OCTAHOBA 110
YMCTY HAKOIJIEHHBIX XOPOIINUX TeM: ITpU 00yueHum Mmomaenu Ha T = 20 cunura-
JIOCh, UTO HaKOIUIEHME Y3Ke XOTS ObI 20 —2 = 18 XOpOILINUX TeM JOCTATOYHO; IIPU
obyueHuu mogenu Ha T = 50 TeM JOCTaTOUHBIM JIJIsi OCTaHOBA YMCIOM XOPO-
VX CUUTANIOCh 50—5 = 45 TeM (TakuM o6pa3oM, 1o 90% TeM B 000UX CTydasix).
Ho B UTepaTMBHOI MoOeIM MOIJIO IMOMYUYUThCS M Oombliie 90% XOpOLINX TeM,
Beb Ha UTepaly UX MOKET ObITh 00aBJIEHO HECKOJIBKO.

AonssumoHHoe uccienoBanue (Ablation Study) lrepatuBHOe 06HOBJIe-
HUe MoJenyu obecreunMBaeTCs IIpUMeHeHMeM HeCKOJIbKUX Peryiasipu3aTopoB:
dbukcanum xopoiux teM (30), ZeKoppesiun ¢ OTA0KEeHHbIMU TIoXuMu (31)
M OTJIOKEHHBIMM XOPOIIMMM TeMaMmi. Ho KaKOB BKJIa I, Kask[IOTO U3 Pery/spu-
3aTOPOB B UTOTOBOE KAa4eCTBO Momenn? Bce iu rmepeuncieHHbIe peryiasipusa-
TOPBI OJITHAKOBO Ba)KHbI?

YTOOBI 3TO BBISICHUTH, ObLJI TPOBEIEH OTHE/bHbIN SKCIIEPUMEHT, 3aKJII0-
YaBIIMIICSA B TOM, 4TO Kpome 11o/HOoi” ITAR Mozeny co BceMu peryisipmu3aro-
pamu 6bIIO 0OYUEHO eIllé HeCKOIbKO UTePAaTUBHBIX MOJIeJIel, B KasKI0i 13 KO-
TOPBIX OB “BBIK/IIOUEH” OOVH WM IBa Peryisapusaropa. IlosyyeHHbIe pe3yiib-
TaThl )i mataceta PostNauka nipu T = 20 nipuBeneHbl B Tabnauile 12. OTKyna
BUIEH BKJIaJ KaXXI0ro U3 peryaspu3aTopoB: ¢puKcalus XOpOoIIux TeM YBeIu-
YMBAET UTOTOBBIN MPOLIEHT XOPOIINUX TEM, a TAKXKe MePIIEKCUIO; TeKOppes-
1IMSI C TJIOXMMM CHIKAeT YaCcTOTY MOSIBJIEHUS TIJIOXUX TeM B MOJESIX, oOyuae-
MbIX Ha OTHEJbHbIX UTEPALMSIX; TEKOPPEISIIUS C XOPOIIMMHU IIPUBOIUT B 60-
Jlee pa3JIMuYHbBIM TeMaM.
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PucyHok 31 — IIpo1ieHT XOpOoummx TeM B MOJe/I B 3aBUCUMOCTY OT UTepalun
(1). B urepannonnbsix momensax (TopicBank2, ITAR, ITAR2) kaskmast
rocaenyoIiasi Mojie/ib 06yuaeTcsl Ha OCHOBe MpeablayIieii, OTCona 1
MOHOTOHHA$ 3aBUCUMOCTD (B OT/IMUME OT HEUTEPATUBHBIX MOJEJIEN).

BHYTpMTEKCTOBaH KOrepeHTHOCTb ITogcuer BHYTpMTGKCTOBOf/I KOTrepeHT-
HOCTHU IIpearliojaraeTca IIpoBOAUTb Ha TEKCTe C eCTeCTBEHHBbIM ITOPAAKOM
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Ta6nuia 10 — HekoTophle CBOMCTBA UTOTOBBIX MOJIEJIEN : TTepIIeKCUsI

(ppl, |), cpenHsIst KOTepeHTHOCTDb TeM (coh, 1), MPOLIEHT MHTEPIIPETUPYEMBbIX
teM (T,, 1), pasnuunocts TeM (div, 1). PostNauka, mogenn Ha 20 Tem (cieBa);
RuWiki-Good, momenu Ha 50 TeMm (cripaBa). BumHo, 4To uTepaTuBHbIE MOIEIN
ITAR 1 ITAR2 nmetroT HambombpINIi IpoLeHT Xopoumux Tem (T.,). ITpu aTom
TeMbI pa3andHbl (div), a mepriekcus Bceit Momenu ymepeHHast (ppl). Ins
mopesneit BERTopic, TopicBank 1 TopicBank2 B cTonb611e [1Jisl ieprijiekcum
NpuBeIeHO IBa 3HaueHus B popmare ppl, / ppl,: BTOpOE ppl, — ato
“yecTHas” mepIUIeKCHs, TIOCYMTAHHAS KaK /I TeMaTU4eCKO MOZEIN C
POBHO TaKMMM TeMaMu, Kak B 00yueHHbIX BERTopic, TopicBank 1 TopicBank2
COOTBETCTBEHHO. [lepBoe ke 3HauUeHNe nepruieKCum ppl; MoCYMUTaHO Npn
no6aBJIeHMM K TeMaM YIIOMSIHYThIX Mojiesieli ellé ofHo (POHOBOJ TeMbl
(3aBeIOMO IIJIOXO¥, HO KOTOpast He OepETCsl B pacCUET IPU BBIUYMCICHUN
IPYrux MoKasaresieil KauecTsa moaenn). ITo naet moaensam BERTopic,
TopicBank 1 TopicBank2 60osbliie cBOOOIBI, IT03BOJISISI JOCTUTATh OoJiee
HM3KOI1 nepriekcuu. TakuM 06pa3om, cpaBHeHMe 10 MePIVIeKCUM C APYTUMU
MOJeJISIMM IT0/TyYaeTcs 6oj1ee “MHTepeCHbIM” (KOHKYPEHTHBIM).

Model PostNauka (20 topics) RuWiki-Good (50 topics)
ppl/1000 coh T,,% div | ppl/1000 coh T, % div
plsa 2.99 0.74 20 0.60 3.46 0.81 26 0.66
sparse 3.33 0.84 40 0.66 3.85 0.85 28 0.68
decorr 3.15 0.79 40 0.61 3.62 0.86 30 0.67
tless 3.65 0.75 30 0.75 4.98 0.71 24 0.72
lda 2.99 0.73 25 0.58 3.48 0.83 24 0.65

bertopic 4.26/593 1.16 75 0.67 | 3.17/5.06 1.34 70 0.67
topicbank |4.22/6.11 0.98 30 0.60 | 7.39/12.94 1.33 20 0.68
topicbank2 | 4.12/8.11 1.10 70 0.67 | 6.09/11.30 1.16 44 0.69
itar 3.79 1.02 90 0.76 4.62 1.12 86 0.77
itar2 3.75 1.00 90 0.74 4.53 1.23 96 0.77

CJIOB [6], MO3TOMY Cpely BCex maTaceToB (CM. Tabnuiy 9) MCIoib30BaauCh
TOJIbKO Te, T7le ObII JOCTYIIEeH JeMMaTMU30BaHHbII TEKCT B €CTECTBEHHOM IT0-
psinke.

[Ipu o1leHKe XOpOoIlIeCcT TeM MO 3HAUEHUSIM UX BHYTPUTEKCTOBOM KO-
TepeHTHOCTU UTepaLMOHHAs MOJeJIb TaK)Ke MOHOTOHHO Y/Iy4IllaeTcs, OLHAKO
10 UTOTY OKA3bIBaeTCSA CpaBHMMA C JIYYLIMMU He UTePaALVMOHHBIMU MOLEISIMU
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Tabmmua 11 — IMpouenT xopomux tem (T, 1), COOTBETCTBYIOLIMX UTOTOBBIM
MOJeJISIM Ha Ka>kKOOM M3 UCCIeqyeMbIX JaTaceToB. Ijisi KpaTKOCTU BBEeIeHbI
cienytoiye HoBble 0603Hauenus: PN (PostNauka), 20NG (20Newsgroups),
RWG (RuWiki-Good), RTL (RTL-Wiki-Person) u ICD (ICD-10).

Model 20 topics 50 topics

PN 20NG RWG RTL ICD |[PN 20NG RWG RTL ICD
plsa 20 25 35 35 25 120 24 26 24 20
sparse 40 30 40 40 35 |34 26 28 28 26
decorr 40 30 30 35 30 |32 28 30 30 26
tless 30 35 20 15 35 |34 36 24 24 50
lda 25 25 35 35 25 |26 24 24 26 20

bertopic 75 55 75 40 90 | 68 22 70 52 88
topicbank | 30 20 15 20 30 |16 22 20 16 22
topicbank2 | 70 45 45 50 75 |48 46 44 42 28
itar 90 95 95 95 90 {92 90 86 80 92
itar2 90 95 95 95 100|88 92 96 88 90

(CM. pUMCYHOK 32). [leJio B TOM, YTO 3HaYe€HMe BHYTPUTEKCTOBOI KOTE€PEHTHO-
CTU TeMbl, B OT/IMUME OT €€ KOrepeHTHOCTHU I10 TOII-CJI0BaM, 3dsucum om opy-
2ux mem. Takum o6pasom, huKkcaiusi XOpoUIuX TeM 0 BHYTPUTEKCTOBOI Kore-
PEHTHOCTU (TaKUX, KOTOPbIe BCTPEUAIOTCS B TEKCTE B BUe OJIUHHbBIX OTHOPO/I -
HBIX CEI'MEHTOB) €elll€ CU/IbHee OTpaHMYMBaeT CBOOOIY MOie/N, ueM huKcalys
TeM, OTOOPAHHBIX 10 COBCTPEUAEMOCTSIM TOII-CJIOB (TaK Kak pa3Mep KOJIek-
111 GUKCHUPOBAH, TO IIPOCTO HE MOXKET ObITh CJAUIIKOM MHOTO TE€M C OO0 IbIIM
KOJIMYECTBOM JIMHHBIX CETMEHTOB, Ile KaXAbI/i CETMEHT OTHOCUTCS JIUIIID K
OLHOI TeMe).

BblJIO0 3aMeueHO, UTO YCUIMBAIOLIASICS peryasapusanms (Koroa GUKCUpy-
eTCsl BCE O0JIbIlle M GOJIbIle TeM) MOXKET IIPUBOAUTh K TOMY, UTO BHYTPUTEK-
CTOBAsl KOTEPEHTHOCTD [10 HEKOTOPBIM TeMaM OKa3bIBAETCS HYJIeBO (3TO 3HA-
YUT, UYTO HY IJISI OJHOT'O CJIOBA B TEKCTe MAaKCUMMYyM BepOsSITHOCTeN p(t | w) He
MIPUXOOUTCS Ha 3TU TeMbl [6]). [loaToMy, mMOMUMO KpUTepusi OCTAHOBA I10 YMC-
JIy XOPOIINX TeM, KaK B dKCIIepMMeHTe C KOrepeHTHOCThbI0 HpioMaHa (Cm. pa3s-
men 3.3.5), MpUMeHSUICSI CJIEAYIOIIMii: 00yueHMe UTepaTUBHOM MOAEeIM OCTa-
HaBJIMBAJIOCh, €CJIM Y XOTS Obl OJTHOJ TE€Mbl BHYTPUTEKCTOBAsI KOT€PEHTHOCTD
CTAaHOBWJIAChb PaBHOM HYIIIO.
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Tabnuia 12 — BausHue pas3Hbix uacteit ITAR Mmomenn Ha UTOTOBbIN pe3yibTaT
Ha nmpumepe nataceta PostNauka ripu o6yuennn mopeneit Ha 20 Tem ®opmat
MMeHM: “itar [ecTb Jiut pMKCALVS XOPOLIMX]-[€CTh Y JeKOPPEISLIMS C
TUTOXUMM]-[eCTb JIU JeKOPPesIus ¢ xopouimu]”. B cTonbiie “# iters”
ITOKa3aHo, CKOJIbKO UTepaluii 3aHsI0 oOyuyeHMe (B IIPOIleHTax OT
MaKCcuMaJbHOTro umcia B 20 utepanmii). B ctonbiie T_ B IMpolieHTax OT YMca
TeM B O4HOM Mopenu (20) rpencraBjaeHO CyMMapHOe UMCIIO IIJIOXUX TeM,
HaliIeHHbIX UTePaIlMOHHOM MO/IE/IbIO 3a BCe UTepaluy o0yueHus, OT IepBoit
1,0 TIocneHei (B oTanume ot crosnbua T, , rae nokas3aH NPOLEHT XOPOIIUX TeM
B MOJle/IM Ha nocnenHelt duHanbHoi nrepaumn). Crondbust ppl, coh, T, div
MIMEeIOT TaKoi e cMbICI, Kak B Tabmuie 10. ITo T, BuIHO, 4TO dDuKcanms
XOPOIIUX TeM OXUIAEMO YBeJIMUMBAET AOJI0 XOPOILIMX TeM B Momenn; T _
TI0Ka3bIBAET, UTO AEeKOPpPeSINs C INIOXUMU CHUKAET YaCTOTY IOSIBJIEHMS
IJIOXMX TeM; a div IeMOHCTPUPYET, UTO JeKOPPEISILMS ellé U C XOPOUIMMMU
IIPUBOAUT B 60Jiee pa3jIMUHbIM TeMaM.

PostNauka (20 topics)
Model  iers, % ppl/io00 coh T,,% T, % div
itar 50 3.79  1.02 90 100 0.76
itar 0-0-1 85 3.30 0.81 35 275 0.66
itar 0-1-0 60 3.31 0.86 50 350 0.71
itar 0-1-1 85 3.31 0.93 50 325  0.71
itar 1-0-0 70 3.56 0.90 60 230 0.69
itar 1-0-1 90 3.65 095 75 200 0.72
itar 1-1-0 90 3.75 1.05 95 95 0.75

B skcnepumMeHTax ¢ pasHbIM YUGIOM TeM B Mopesisx (20 u 50) oTHOCU-
TeJIbHbIEe [TOPOTrY KOTePEHTHOCTH, [0 KOTOPBIM OIIpenesisyiCh XOPpOollne U I10-
XJe TeMbI, OCTAaBa/IMCh HEM3MEHHBIMM (CM. CeKLMIo 3.3.4). OmHako abCcomoT-
HbI€e ITOpOory ObUIM pa3Hble. IIpyu 9TOM 1715 BCceX B cyiydae KorepeHTHOCT Hbio-
MaHa JJis Bcex maTtaceToB (3.3.4) Hab/MIOAAI0Ch yBeInueHre abCoMIOTHBIX I10-
pOroB IIpU M3MEHEeHMM unciaa TemM B mozesax ¢ 20 go 50, B cjiyyae ke BHYTpU-
TEeKCTOBOJ KOrepeTHOCTU — yMeHbIlleHue. IlociemHee 0ObSICHSIETCS TEM, UTO
TeMbI B MOJJISIX IIPeIio/iaraoTcs paBHOCWIbHBIMY [40], 1 yBennueHue ymucia
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TeéM B MOOeJIN IIPUBOOAUT K YMEHBIIEHMIO pa3Mepa TEM,14 OTCIOOa M YMEHbIIIe-

Hle CpemHeN IJIMHbI cerMeHTa TeMbl. [IoBbinieHNe ke HbloMaHOBCKOM Kore-
PEHTHOCTY MOKHO OOBSICHUTD TaK. YMeHbIIIeH/e TeM — OTYaACTU O0bSICHSIETCS
pacierieHeM 00bIINX TeM Ha 60siee masieHbKMe [9]. Y korepeHTHOCTD Hblo-
MaHa ITOBBICUTCS, el ofgHa Oosbliasi HeogHOpoAHAs TeMa (Y KOTOpOJi COB-
CTPeYaeMOCTH TOII-CJIOB He OUeHb BbICOKME) PACIIeNUTCSI He HeCKOJIbKO 6oJiee
MaJIeHbKIX, HO YK€ OIHOPOOHBIX (TaKMX, Y KOTOPBIX TOII-C/IOBA pacpeneneHbl
B TeKCTe 60/iee KOMMNAKTHO, O6/1M3KO0 APYT K APYTY).

MHTepecHO 6bIIO MPOBEPUTDH HaMUMeE CBSI3M MEKIY KOrepeHTHOCTSIMMU
110 COBCTPEUYAEMOCTSIM ¥ BHYTPUTEKCTOBOI. B pabore [9] 6b1/10 MOKa3aHO, UTO
9TU KOT€PEeHTHOCTH CBSI3aHbI: B pe3y/abTaTe 0TOOpA TeM 10 3HAUEHUSIM OTHOI
KOTepeHTHOCTU, B UTOre Cpeay OTIOKEeHHBIX TeM POC/IO CpefHee 3HAauYeHMe
IpyToii, TO €CThb 3HaUeHMs] IBYX KOrepeHTHOCTei KoppenupyloT. [Ipu obyue-
HUM Xe UTepaTUBHOIM MOMeNy TOoxe MPOUCXOOUT SIBHBII OTOOP TeM I10 3Ha-
YeHMSIM BbIOpaHHOM KOTepeHTHOCTM (Hampumep, BHYTPUTEKCTOBOI). Ho To-
I1a MOKHO ITOCMOTpPEeTh, CKOJIbKO Cpeay TaKMM TeM B CpefHeM COLepP>KUTCS
TeM, KOT€pPEeHTHBIX IO OPYroil MeTpuKe KOrepeHTHOCTU ([0 COBCTpevaemMo-
cTsiM). Ecyiu cBSI3b MeXXIy KOTepeHTHOCTSIMM CYIIIeCTBYET, TO €€ MOXXHO OymeT
OLIEHUTD 110 TAKOI “KOHIEHTpaLuu” OGHUX TeM cpenu apyrux. [Ipemcrasiis-
IOTCSI JB€ BeJIMYMHBI OJIS1 OLeHKM HaJIMYUS CBSI3U MEXIY KOTepPeHTHOCTSIMMU.
OmHocumenvHass NJIOMHOCMb MeM, XOpOWUX N0 Ko2epeHmMHOCmu no coecmpeud-
eMOCmsM mon-cnoe cohy,y,, cpedu mem modenu. Hampumep, eciv B MOZENN Ha
20 TeM eCTb 2 XOPOIIMUX TEMbI, TO IIJIOTHOCTh XOpollux Tem oymet 2/20 = 10%.
ECIu M3BEeCTHO, UTO B CpelHEM B 00ydyaeMbIX MOJE/ISIX MJIOTHOCTh XOPOIINUX
TeM cocTasisieT 20%, TO OTHOCUTEIbHAS IVIOTHOCTDH XOPOIINX TeM LJIs1 MO e
13 mpuMepa coctaBuT 10/20 = 0.5. Takum 00pa30M, eIyt OTHOCUTEIbHAS IJIOT-
HOCTb XOPOIIIMX TEM BbIIlIe eIUHULIbI, TO 3TO 03HAYAEeT, UTO B JAHHOM MOJe/n
XOPOIINX TEM COAEPKUTCS B cpeHeM O0Jiblile, UeM BO BCeX MCCIeayeMbIX Te-
MaTuueckux Mmogessix. Cnenyrouias BeJIMumMHa — OMHOCUMelbHask NJI0MHOCMb
XOpouwux OMmHOCUMeNbHO KO2epeHmMHOCMU No C08CmMpeuaemMocmsm mon-cioe mem
cpedu mem, XOpouwiux no BHympumexcmogoli kozepeHmuocmu. Harpumep, eciu B
Moger Ha 20 TeM eCTb 2 XOPOIIMX 110 BHYTPUTEKCTOBOI KOT€PEHTHOCTU TEMBI,

“Pasmep Tembl, MM 06BEM TeMbl (topic capacity) — 3TO KOMMYeCTBO TeKCTa, 3aHSTOro Temoii [40]: n, =
= Y cp Nabig- CylllecTBYeT TakKe HeCKOJIbKO MHOJ €riocob onpefenieHus pasmMepa TeMbl, KOTOPbIN Herocpes-
CTBEHHO CJIeflyeT 13 0603HaueHMii, BBeJIeHHBIX B pasgene L.1:n, =Y,y = X ucp Xwed NawPraw-
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13 KOTOPBIX JIUIB | IBJISIETCS TaKXKe XOPOIllel 110 KorepeHTHOCTU HbtomaHa, To
3HauYeHye rfpk@imra IS 9TOI MOZeNM cocTaBuT (1/2)/0.2 = 2.5. AHAIOTUYHO,
yeM JIaHHas IJIOTHOCTDb BbIllle eIMHUIIbI, TeM OOJibIlle Cpelyi BHYTPUTEKCTO-
BO KOT€PEHTHLIX T€M COLEPKUTCS TeM, KOTepPEeHTHBIX TaKXke IO COBCTpeuae-
MOCTSIM TOI-CJI0B. VICXOnS1 M3 TTOCTAaHOBKYU 3KCIIepUMeHTa (CM. paszen 3.3.4),
Cpe[HWii TIPOLIEHT TeéM B MOJE/IM, XOPOUIMX IO OLEHKe CON,,., COCTABISIET
20%, a cpegHee 3HaUeHMe ffpk paBHO 1.0. B uTOre mokasaHo, 4To UTepalMOH-
Hble MOJIe/ii, 00y4eHHbIe C TeM, UTOObI HaKaIUIMBaTh MHTEPIIpETUPYEMbIE 110
BHYTPUTEKCTOBO KOT€PEHTHOCTU TEMBbI, COIepsKaT B MUTOTe OOIbIION ITPOLIEHT
M KOrepeHTHbIX M0 HbioMaHy TeM (cm. Tabnuiry 13). Bosiee TOro, Takux TeM He
IIPOCTO MHOTO B 11€JIOM BO BCE€l MOZEJIM, HO BBICOKUI MPOLIEHT KOTePEeHTHBIX
1o HbioMaHy TeM COOEep>KUTCS U Cpeayu CaMUX BHYTPUTEKCTOBO KOTepPeTHbIX
TeM (CM. Tabnuiry 14). DTO yKa3bIBaeT Ha IOJOKUTENbHYIO CBSI3b MEXKIY IBY-
M MepaMM COTJIaCOBAHHOCTU TeM: I10 COBCTPeYaeMOCTSIM TOII-CI0B M BHYTPU-

TEeKCTOBOI — pa3/IMUHbIMU ITIOAXOO4AdMMU K OII€HKE MHTEPITPETUPYEMOCTIU TEM.

3.3.6 3akiaueHue

B pabore mpexncTaBieHa UTepaTUBHO OOHOBJISIeMasl TeEMaTHUUYeCKask MO-
IeJib Kak cepust o6yuaeMbIX ITOC/IeA0BATEIbLHO APYT 3a IPYrOM CBSI3aHHBIX Te-
MaTuueckux Mojeseii. IIpoiiecc ycTpoeH Tak, YTOObI B UTepalMiOHHAsI MOJIe/Tb
HaKaIUIMBaJia yyke HalieHHbIe 1 *MCKaja” HOBbIe XOpolle TeMbl. ViTepaTus-
HOe OOHOBJIEHME MOe/N (Iepexol OT TOJAbKO YTO 00yYeHHOI K BHOBb 00yJa-
eMoi1) peann3oBaHo B pamkax APTM mozxona: 3a HakOIUIeHMe TeM OTBeya-
eT peryasipusaTop GUKCUPOBaHMS TeM (Peryasipu3aTop TuUIla CIIaXUBaHMUs), a
3a MOMCK HOBBIX XOPOIIUX — PEryjsipu3aTop JeKOPPeIUPOBaHUS C OTIOKEH-
HbIMU TemMaMM (PeryiasipusaTop Tulia aekoppenupoBanus). Takum obpa3om,
CBSI3b MEXYy MOJE/ISIMU OCYILECTBJISIETCS C TOMOIIBIO Peryasspusanumn, OTCIO-
Ila M Ha3BaHMe: UTepaTUBHAS aOdAUTUBHO PEryjaspu3OBaHHas TeMaTuyecKas
Mopenb (iterative additively regularized topic model, ITAR).

Ha HeCKOMbKMX KOIEKIMUSIX TEKCTOB €CTECTBEHHOIO SI3bIKa IPOBEEHbI
3KCIIePUMEHTHI 110 cpaBHeHMt0 Mogenu ITAR ¢ npyrumu TeMaTnyeCKMMMU MO-
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Tab6nuia 13 — CBsI3b MeKIy KOTepeHTHOCTbIO 110 COBCTPEUaeMOCTSIM
TOI-CJIOB ¥ BHYTPUTEKCTOBOJ KOr€peHTHOCTBIO. [J1s1 MTepalMOHHbIX
mopeneii (TopicBank2, ITAR, ITAR2) nj1s1 mepBoii 1 Toc/ieAHeN UTepalnii
o0yJeHMsI TpeICTaB/IeHbI CJIEAYIOIIMe [TOKa3aTeIn: rff)pk (1) o3Hayaer
OTHOCUTEJIbHYIO IIJIOTHOCTb T€M, XOPOIIMX 10 KOTePEeHTHOCTH 110
COBCTPEYAEMOCTSIM TOTI-C/I0B COhy, i, CPeivt TeM Mopenu. [anee,

rfpk@imra (1) 03HaYaeT OTHOCUTEIbHYIO IJIOTHOCTh XOPOIINX OTHOCUTEIbHO
KOT€PEeHTHOCTU I10 COBCTPEYAEMOCTSIM TOI-CJIOB TEM Cpeay TeM, XOPOIIUX IO
BHYTPUTEKCTOBOJ KOrepeHTHOCTU. [10 pe3ysibTaTamM 3KCIIEpUMEHTA, CpeHee

top
3Ha4eHue 7,

k Uit TeM Mogesieit paBHO 1.0 + 0.3 (TouHas MOrpenHoCTb
3aBMCHUT OT JaTaceTa M KOJIMYeCTBa TeM B MOJe/IIX, TO eCTb OHA YHMKa/JIbHA
IJ1s1 KasKIOTO 9KCIIepyMeHTa; OJHAKO MO0 pe3ybTaTaM HabJ0IeH Ui BBIIILIO,
uT0 0.3 B CpefHeM MOXKET CJIYKUTb XOpOlilei OlleHKOM MOTPeIHOCTU) — TO
eCTb COBIIaZaeT C TeOpeTUYEeCKMM 3HaYeHMeM B IIpeesax IMOrpelrHOCTH.
TopicBank2 nMmeeT HM3KYI0 HaUa/IbHYIO IVIOTHOCTD rff)pk B OCHOBHOM II0TOMY,
YTO ITOC/Ie TIEPBOI UTEepaLy B OaHKe TeM OObIYHO HAXOIUTCS eIlé OUeHb
Hebonblioe uncio Tem (TopicBank kak TemaTuueckast Mofeib HaKariMBaeT

TEMBbI, OT UTE€pallN K UTepalnn, ITIOCTECIIEHHO YBeJIMUNMBAA UX KOJII/IIIeCTBO).

Model First iteration Last iteration
ode topk  topk@intra topk  topk@intra
T, T, T, T,
PostNauka (20 topics)
topicbank2 | 0.5 0.5 1.7
itar 1.5 3.3 2.8 2.1
itar2 ’ 2.5 2.1
20Newsgroups (50 topics)

topicbank2 | 0.4 0.6 1.7
itar 1 2.2 1.7 2.1
itar2 14 1.7

nenssmu. [lokazaHo, 4TO IpeacTaBiasgeMast UTepaTUBHAs MOLEb [IPEBOCXOOUT
BCe OCTaJIbHBIE T10 KOJIMYECTBY XOPOIIMX TEM — Te XOPOILIeCTb TeMbI OIpee-
JISIeTCS 110 3HAUEHUIO €€ KOTePeHTHOCTY Ha OCHOBE COBCTPEeUYaeMOCTH TOI-CJIOB
(PMI) — 1ripu 3TOM €€ TeMbl pa3/IMUHbI, a [IepIrUIeKCUsl yMepeHHas.
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Tab6nuia 14 — CBsI3b MeKIY KOTepeHTHOCTbIO II0 COBCTPEUaeMOCTSIM
TOI-CJIOB ¥ BHYTPUTEKCTOBOJ KOT€pPEHTHOCTbhIO, OLIeHEHHAS I10 00I1ei
COBOKYITHOCTU T€M BCeX Mogene. [Ijs naTaceToB C eCTeCTBEHHBIM MOPSAKOM
CJIOB M KOJIMYECTBOM TeM T' B OIHOI MOJenu, rf:)pk@imra O3Hayaer
OTHOCUTEJIbHYIO IIJIOTHOCTh KOT€PEHTHLIX 110 TOI-CJIOBAM TeM Cpeau
BHYTPUTEKCTOBO KOrepeHTHbIX TeM. OgHAKO B TaHHO Tabsuile 3HaUeHUST
3TOM IVIOTHOCTU IIPUBEAEHbI He JIOKAJIbHbIE, TIO TeMAaM OTHE/IbHBIX MOoesei
(kaK B Tabnuile 13), a 2100a1bHble: OLIEHEHHBIE TI0 BCEM HaKOILJIEHHBIM TeMaM
BCeX MojeJieit, KOTOpbIe UCIIOIb30BAINICH IIPY BBIUMC/IEHUM aOCOMIOTHBIX
TIOPOrOB KOIrePEeHTHOCTEN AJIS1 Onpeae/eHNs IIPUMHAIJIeSKHOCTY TeMbI K YUCTY
XOPOIIMX MM TIJIOXUX (CM. pasgen 3.3.4). Okugaemoe 3HaUeHMe I7I00aIbHOI

topk
IINIOTHOCTU T+ P KOIrepeHTHBIX I1O TOII-CJIOBaM TeM Cpeay BCeX TeEM TaKKe

cocrasiisieT 1.0. [IocunTaHHbIE JKe SKCIIepUMMEeHTalTbHO 3HaYeHUS rf:)pk
coctasisatoT: 1.00 £ 0.07 onga T = 20, u 1.00 + 0.05 g T = 50. (IlorpemrHocT
OlleHEeHbI IyTEéM MHOTOKPATHOI'O COMILJIMPOBAHMS 13 00Ieli COBOKYITHOCTH
TeM, ITOJTyYEeHHbIX OT BCeX MOesiell, HeCKOJIbKUX B KOJIMUEeCTBe TT’“ " OLleHKe
IVIOTHOCTY Ha 3TOJM COBOKYIIHOCTU, TIe TT”“ eCTb 00IIee UMCJIO TeM,
KOT€PEeHTHBIX 10 COh;(r,.) TaKMM 06pa3om, 3HaUEeHUS Tf’pk@imra BBIIIIE
eIVIHULIbI CBUIETEbCTBYIOT O TOM, YTO Cpeay BHYTPUTEKCTOBO KOT€PEeHTHBIX

TeM B CpeadHeEM COOEePKUTCA O0JIbIIIOE YMCIIO TeM, KOI'epeHTHBbIX I10 HbIOMaHy.

20 topics 50 topics
Dataset topk@intra
Ty
PostNauka 2.11 1.73
20Newsgroups 1.18 1.71
ICD-10 1.53 1.85

3.3.7 OrpannyeHus

CTOUT OTMETb HECKOJIbKO OIpaHMYEHN, TOIYIIEeHHBbIX B IpOLecce UC-
CJ1elOBaHUS V/VJIU TIPUCYIIUX TI0JIyYEHHOMY pe3yJibTaTy.

[IpumMeHeHMe UTEepPalMOHHOTO MOAXOHAa K YIYUYIIEeHMIO TeMaTU4eCKOM
Mope/nu IpenrionaraeT ucionb3oBanme APTM @peiimBopka. Tak, Bompoc o
BO3MOXHOCTU UTepaTUBHO ynydiinuTbh monenb BERTopic He mccnemoBacs.
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Tem He MeHee, MOXXeM OTMeTUTb, UTO BERTopic Bcé-Takyu MMeeT HEKOTOpbIE
BO3MOXXHOCTHU 18 (TI0JTY)KOHTPOJIMPYEMOTO TEMATUUYECKOTO MOEIMPOBAHMSI.
Hanbosiee moxosxkeit Ha IpedjoXXeHHbII B paboTe peryaspusaTtop pukcaumn
tem 11 momenu ITAR saBisercs “HampaBieHHOE TeMaTUYeCcKoe MOZIeIUpO-
BaHue” (“guided topic modeling”). 910 TexHMKa, KOTOpasl IMO3BOJISET UCCIIe-
IOBaTeII0 HaIpassaTs” Mozenb BERTopic B HY)KHOM HampasieHun (OTCIoa
M Ha3BaHMeE) C IIOMOIIbIO ITOauM Ha BXOI MOMAEIM Habopa TaK Ha3bIBa€MbIX
“HavanbHbIX TeM” (“seed topics”), IpUMUEM TeM MMEHHO KaK IOC/Ieq0BaTE/lb-
HOCTeEJ CJIOB, a He KaK BepOSITHOCTHBIX pacripeneneHnii Ha cjioBaxX. OHAKO 3TU
HavasIbHbIe TEMbI B UTOTOBOJT MOZIeM He (CTPOT0) COXPaHSIOTCS. |

He 110 BceM KputepusiMm BO3MOXKHO HaKoIJieHue TeM. MiTepaTuBHasI MO-
nenb 3Q@eKTUBHA, eC/iM KPUTEePHil XOPOIIeCTU TeMbl He 3aBUCUT OT APYIUX
TEM.

[TonyuyeHMe UTepallMOHHOM MOAe TpedyeT MHOXKEeCTBEHHOT'O 00yUeHMsT
Mopesneii. Eciu paTaceT 60bIi0i, TO 3TO MOKeT ObITh He 3¢ dekTuBHO. ([Iaxke
eI gaTaceT He O0JIbILIOI, 9TO BCE PaBHO He OUeHb yI0OHO.)

B KauecTBe OIIEHOK XOPOIIECTU TeM MCIIONb30BaJNCh TOJIbKO aBTOMa-
TUUYECKU BbIUMCISIeMble Mepbl KOrepeHTHOCTU. OIHAKO yeioBedyecKasi OlleHKa
MHTEPIPEeTUPYEMOCTH TeM SIBJIsIeTCs 60see HaaexHoi. (Ho B TO ke BpeMst OHa
IIOPOXKe U e€ TpyaHee MMOJYUYUTh).

He BoisgBieHO BuaumMoi pasHuiibl mexay [TAR u ITAR2 monensamu. Bo
BCEX paCcCMOTPEHHBIX C/Tydasix 00e IMoKa3bIBa/IM ITOX0XME pe3yabTaThl (TaKUM
o0pa3oM, K UCIIOIb30BaHMIO MOXXHO PEeKOMEeHI0BaTh 6osiee MPOCTYI0 MOJIE/b
ITAR). OmHaKO KaskeTCsl, UTO MPM OOJIbIIIOM UMC/Ie OTIOKEHHBIX IIJIOXUX TEM
perynsipusaTop (31), yuactBytouinii B 06yueHun ITAR momenu, He cMOXeT 3¢-
(eKTUBHO OTCEMBATD IVIOXE TEMbI.

M3 cka3aHHOI'0, MOKHO OTMETUTb HECKOJIbKO BO3MOSKHBIX HallpaBIeHU
OabHeMNIINX UCCIeS0BaHMi 10 pa3BUTHUIO TOAXoAa. bosee TijaTenbHoOe U CU-
CTeMHOe cpaBHeHMe 3(PPeKTUBHOCTY OTCeMBaHMUS IJIOXMX T€M Pery/sipu3aTo-
pamu (31) u (32). YckopeHme 00yueHMSI UTepaTUBHOI Moienu (B uaeane — BO-
00111e 3a OgHY UTepalnio). MicciemoBaHue BO3MOXKHOCTY MCIIOIb30BaHMS IPY-
TUMX KpUTepueB [jis 0TOOpa TeM (HaIlpumep, Ue/IoBeUecKyl OLIeHKY MHTep-
IIPETUPYEMOCTU WU OLIEHKY, IOJyYeHHYI0 ¢ nmomolnbo LLM [114]). Ucnons-

15 https://maartengr.github.io/BERTopic/getting started/guided/guided.html.
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3oBaHue Twitter, Reddit mim gpyrux 60JbIINX IATACETOB, C TEM YTOOBI MO-
HSITh, HACKOJIBKO IIPMMEHMMBI IIpe/IJIO’KeHHbIe MOAE/N /I aHa/IM3a O0JbIINX
IAaHHBIX, HAKOIIJIEHHBIX I10JIb30BaTe/IsIMU B MIHTepHeTe. YBe/lnueHue cpegHein
KOTepeHTHOCTU HaKaIljiMBaeMbIX B UTePaTUBHOM Mopenau TeM. MicciieqoBaHue
BO3MOKHOCTY CHUKEeHMSI ePIIJIEKCHM 00yUeHHOM UTepaTUBHOM Moenn. M3y-
YyeHye BOIIPOCa O BO3MOXHOCTU MonyunThb Bce 1009% Xopolux TeM B MOZLEJIN.
Co3aHne BHYTPUTEKCTOBOM KOTE€PEHTHOCTU, CYUUTAIOIIENCS OJIS1 TEM He3aBU-
CUMO (W1In, IO KpaiHel Mepe, He TaK 3aBUCUMO, KaK IIpejIoxKeHo B [6]).
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PucyHOK 32 — IIpOLieHT XOPOILIMX TEM MOJEN B 3aBUCUMOCTU OT UTEpaALIUA
(1). Xopot1iecTb TeMbI ONIpeneseTCs 110 3HaUeHUI0 €€ 6HyMpumeKkcmosoli
KOTepPeHTHOCTU. TaK KaK OLleHKM KayeCTBa PasHbIX TeM I10 BHYTPUTEKCTOBOM
KOT€PEeHTHOCTU He SBJSIOTCS He3aBUCUMbBIMMU, B JAHHOM CJ/lydae
UTEPATUBHON MOZENN CJIO)KHEe HaKaIuIMBATh XOpollue TeMbl. (B UéM MOKHO
yoenuThest Ha rpaduke ajst ITAR2 momeny, Korma 60J1bIle IOJIOBUHBI
MUTepaluii IpoIIo BOoOIe 6e3 mobaBieHNs HOBbIX TeM; Bojiee TOro, BUIHO,
yTOo Mojenb TopicBank2 MoskeT monyunTthbes aydiile, yeM ITAR2, moToMy UTO B
crygyae TopicBank Mofenn Ha pa3HbIX UTepalMsIX 00y4aroTCs He3aBUCUMO
IPYT OT Ipyra, a IOTOMY M HaKOIUIEHHbIE XOPOIllMe TEMbI He OKa3bIBalOT
BJIVSTHUS Ha OLI€HKY KauecTBa HOBBIX TeM; B ITAR2 ke rnmpumeHsieTcs ele u
ronapHasi IeKoppesiys C OTA0KEHHBIMY XOPOIIMMMU, UTO eIllé 60/Iblile
cy>kaeT 06/1aCTh MMoMcka HOBbIX TeM. I'paduk ke mj1st ITAR nipepbiBaeTcst (0
OOCTUKEHMSI MaKCUMMaJbHOM UTepalyun), IOTOMY UTO XOPOIIUX TEM
HaKOIIMJIOCh TaKoe KOJIMUYeCTBO, UTO UX (PUKCALMS C TTOMOIIbIO
peryysipusanuu nmpuBesa K BbIPOXKIEHUIO OCTABIINXCS TEM).
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3ak/jIIoueHue

OCHOBHbIE Pe3y/IbTaThl paOOTHI 3aK/TIOUAIOTCS B CJIEAYIOIIEM.

1. IlpegyioskeHa BHYTPUTEKCTOBASI KOT€PEHTHOCTh KaK METOH OLIeHKU
MHTEPIIPETUPYEMOCTHM TEMBI IO pacIpeieIeHNIO e€ CJIOB B TeKcTe. B
OT/IMYMeE OT YaCTO MCIIO/Ib3YeMOI Ha IMPaKTUKe KorepeHTHOCTU Hblo-
MaHa I10 CaMbIM YaCThIM CJIOBAM T€Mbl, BHYTPUTEKCTOBAsSI KOTePEHT-
HOCTb IIPY OLIEHKE MHTEPIIPETUPYEMOCTU TEMbI NOJIHOCMbI0 YIUTHIBA-
eT e€ pacIipeesieHye 1o TEKCTY KOJ/UIEKIIMH, UTO AejIaeT eé 6ojee Ha-
IEKHBIM BHYTPEHHUM KPUTEPMEM KaueCcTBa TeMaTUUeCKUX MOIEJIeN.

2. Peann3oBaHbl aJITOPUTMbI BbIUMC/IEHNSI KOT€PEHTHOCTU U OOYUeHUS
VMHTePIIPeTUPYEMBIX TeMAaTUUYECKUX MOJeeii B paMKaxX OMOIMOTeK
TopicNet. KorepeHTHOCTh — B KQUeCTBe CKOpa”, a/IfOPUTMbI 00yUe-
HISI — B KQUeCTBe peLienToB” B pasjeie cooking machine” 6m6/mo-
TeKu. [ToMMO KOrepeHTHOCTH, TaKKe B paMKax padboThl Haf, 016I1M0-
TEeKOJ TopicNet OIyOJMKOBAaHbI HECKOJIBKO JAaTAaceTOB €CTeCTBEH-
HOTO SI3bIKa Ha PYCCKOM M aHIJIMIICKOM — C LIeJIbI0 ITPeoCTaBIeHUs
BCEM >KeJIaIoIIMM BO3MOXKHOCTM IIPOBOIUTH COOCTBEHHbBIE DKCIIEPU-
MEHTBI 110 TeMaTUUYECKOMY MOJEIMPOBAHMIO (KaK B paMKax 0ub/mo-
TeKU TopicNet, TaKk C IOMOIIbIO APYTUX MHCTPYMEHTOB).

3. Pa3paboraHa 6mbnmnoTeka OptimalNumberOfTopics OJS OLEHKU
KauecTBa TeMaTHUYeCKUX Mojesieli 10 BHYTpeHHUM Kputepusm. Ha
MOMEHT ITyONMKaLyuy 6MOIMOTeKa copepskajia camMblili OOJBIINON Ha-
O00p AOCTYIHBIX KPUTEPUEB Cpedy BCEX aHAJTOTUYHBIX OMOIMOTEK C
OTKPBITBIM KOIOM. OTOEJIbHO CTOUT OTMETUTh BO3MOXKHOCTBH OIle-
HMBATh Ka4eCTBO TeMaTUUECKMX MOZeJIeil 10 BHYTPUTEKCTOBO KO-
TePeHTHOCTY ¥ 110 BbaHKy TeM” — [OCTYIHbIe VICK/IIOUUTEIbHO B
OptimalNumberOfTopics.

4. IlpencraBieH mMeTond TopicBank OLIEHKM KauyecTBa TeMaTUMUYECKMUX
MoJiesieli ¢ YUETOM MX HEYCTOMUMBOCTM M HEMNOJIHOThI. Peann3oBaH
KaK 4acTb 6MOaMoTeKM OptimalNumberOfTopics. OCHOBHOE €ro
HasHauyeHue, ITIOMMUMO OIpeaeIeHus  ONTUMAJIbHOIO YKuciIa TeM” —
ToJTyaBTOMAaTHYeCKasl OIleHKa KaueCcTBa TeEMAaTUUeCKUX MOJIeJIe.
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5. TlpenJioskeH M peann30BaH MHOTOMPOXOAHON aJTOPUTM YIydIIeHUS
TeMaTUYeCKOi MO/Ie/IN C IIOMOIIbI0 06PaTHO CBSI3M OT I10JIb30BaTe s
ITAR, HOBBIIIAIOIINIA YCTOMUMBOCTD M ITOJTHOTY UTOTOBOM MOJEIMN I10
CPaBHEHMIO C OOVHOYHBIMM MOJIeIIMN. [JaHHbI aJITOPUTM SIBJISIETCS
pasBuTHeM uaen “baHka Tem”. CpaBHeHreM Momenu ITAR C Ipyru-
MM TeMaTUUYEeCKMMM MOME/ISIMM Ha Psiie TEeKCTOBBIX KOJIJIEKLIVIA ecTe-
CTBEHHOTO SI3bIKa II0OKA3aHa COCTOSITeIbHOCTD IOAXO0/IA.
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